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Parisian jobseekers present an abnormally high ogkong-term unemployment, all things
being equal. It is a phenomenon specific to Pand districts closest to the centre. This is a
paradox in a job market particularly dense and weeti In this article, we propose an

explanation which combines the essentials of twoham@sms, Skill Mismatch and Spatial
Mismatch. It is because Parisian jobseekers areggguhically far from the jobs that suit

their profiles that they present a high risk of geterm unemployment. This explanation is
corroborated by a model of spatial regimes and elated errors on the lle-de-France data

and local durations of unemployment.
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INTRODUCTION

The fact is surprising yet well-established: Pansiare amongst the French the most exposed
to the risk of long-term unemployment. We count080, jobsekers of more than a year,
47.6 % of the jobseekers compared to 42.3 % feddld-rance and 43.3 % for the whole of
metropolitan France. These figures from mid-2014ken&aris the 7th highest French
department in terms of duration of unemploymehtowever, the relative situation of Paris
has improved since the crisis. At the end of 200&js was the department of metropolitan
France with the highest percentage of jobseekersaré than a year. Figure 1 presents this
statistic, calculated monthly by Pdle Emploi, fack department of lle-de-France, for the
entire region and for the whole of France during pleriod 1996-2014. The permanance of
this Parisian particularity is clear. The percentagjobseekers of more than a year is always
higer in Paris during the period. The differenceéwaen the percentage of long-term
jobseekers in Paris and in lle-de-France peakiseaénd of 2008 at 9 percentage points. It is

only 5.4 points in mid-2014, which is neverthelbggh.

Figure 1. Percentage of long-term jobseekers amongtal jobseekers
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Field: Jobseekers registered at the end of the month Rdéle Emploi and registered for more than a year i
categories A, B, C, as a total of jobseekers, fgioreand by department.
Source :STMT - P6le Emploi, DARES.

! After Aisne, the Vosges, Allier, Pas-de-CalaisyéEithe Somme and the Nord are historically theisirial
departments most affected by the crisis.



How can we explain this paradox? How can such &meadense job market go hand-in-hand
with such a feeble rate of return to employment?afewer these questions, we solicit the
hypotheses from urban economics and labour ecosomecording to which the location of
individuals and the spatial organisation of townsld complicate a return-to-work. We use
two principal mechanisms. On one side, we havedibadvantageous effect of the physical
disconnection between the place of residence aedcémtres of work (the hypothesis of
SpatialMismatchproposed by KAIN in 1968) and, on the other sideal skills mismatch in
terms of jobs on offer and jobs sought (the hypsithef Skill Mismatch, whose first
proponents for the labour market were without dodACKMAN et al. (1990). Taken
separately, these explanations do not appear reigssonvincing. A priori there is no
problem of physical distance from employment forigtans, given that its inner suburbs
appear rich in jobs. The diversity of jobs on off¢so seems to go against the idea of a skill
mismatch at a local level. But considered togethieese explanations become pertinent.
Unemployed Parisians live close to a large soufcmlms, but their characteristics do not

correspond to jobs sought. This is the hypothésiswe want to verify in this work.

This study follows previous work using applied meconomics to better analyse the
geography of unemployment in France (BOUABDALLA#t al, 2002; GASCHET and
GAUSSIER, 2004; DUGUE t al, 2009) and patrticularly follows studies specificlte-de-
France (GOBILLON and SELOD, 2007; DUGUET®t al, 2009; KORSU and
WENGLENSKI, 2010; GOBILLONet al, 2011). Compared to all these works, the
originality of ours is to focus on the questiontbé Paris singularity, which has not been
explicitly investigated by any previous study, dodattempt to validate an explanation using

a specific model.

Firstly, we offer a brief literature review — thetical and empirical- in order to understand

the potential links between spatial organizationaoterritory and unemployment-to-work



transitions. Secondly, we use an exhaustive adtratie source, the Péle Empiloi files, to
construct fairly precise spatiale flow indicatoosdescribe the return-to-work and to give us
an original overview of the Paris situation. Figailve verify empirically our hypotheses with

the help of a spatial econometrics model.

EXPLAINING THE OVEREXPOSURE OF PARISIANS TO UNEMPLOYMENT
To interpret the overexposure of Parisians to lmrgr unemployment, we favour two

hypotheses inspired by urban economics and lalmmmnognics. The first iSpatial Mismatch,
proposed initially by KAIN (1968) which explainsdal unemployment by the physical
distance of jobs. The secondSkill Mismatchwhich focuses on the local imbalance between
jobs on offer and jobs demanded. The first theanisiof the labour market were undoubtedly

JACKMAN et al (1990). We develop each hypothesis.

The Spatial Mismatch hypothesis
In a 1968 article, Kain advances the idea wherélnd in locations far from jobs has

important consequences on unemployrmefhis intuition led to the emergence of a vast
body of literature in the United States focusedt@npossible relationships between the urban
organisation of towns and the local labour marRetgether, this literature identifies two

principal mechanisms that link this hypothesisitaations experienced in the labour market

by certain residents (ARNOTT, 1998).

The first mechanism is the cost of travel. A phgbidisconnection between the place of
residence and the place of work could lead to lighel costs because certain localities are
not well-served by public transport. These costghinbe aggravated by problems of traffic

congestion or by poor public transport, a phenomeacountered in the Paris region. In this

2 Initially, KAIN's studies on this hypothesis aimed at explainihg tlifferences in employment or
unemployment rate between Blacks and Whites inhiéed States. More generally, this hypothesis eams
particular population categories considered disathged in the labour market. In this study, we db make
distinctions by sub-populations. We suppose thatgtoblem could concern all residents.



context, jobseekers residing in towns disconnefi@th employment centres are confronted
by monetary and time costs often too high in refato the wages offered (COULSONatt,
2001; BRUECKNER and ZENOU, 2003). The second meshaigomes from the differents
characteristics of the job search process. Firsthyjndividual living far from employment
centres could encounter difficulties in obtainimjormation on available work (ROGERS,
1997). IHLANFELDT and SJOQUIST (1990, 1991) showattithe physical distance from
employment tends to reduce the available informatino job vacancies. In these conditions,
seeking work far from the domicile could prove texpensive. Individuals will look for a
suitable job in a relatively restricted zone, cleséome, and will do so even if these jobs are

of poor quality (DAVIS and HUFF, 1972).

Some empirical studies have tested this hypothiesid=rance. BOUABDALLAH et al.
(2002) were among the first to confirm this hypasikeby showing that the widening of the
zone of jobseeking leads to a reduction in the tthmaof unemployment. The resulting
increase in job offers compensates for the incokasests of prospection linked to the
widening of area. In line with previous work, CAVACand LESUEUR (2004) highlight the
particularly discriminating effect of spatial comtnts (such as the distancing of zones of
concentration of employment or job agencies) durthgir research into episodes of
unemployment. GASCHET and GAUSSIER (2004) also iconthe negative effects of poor
accessibility to work on the duration of unemploytinen the Bordeaux metropolitan area.
DETANG-DESSENDRE and GAIGNE (2009) show that betecessibility increases the
probability of finding work for the residents ofaan and rural fringe zones. RUPERTTal.
(2009) show that for a given wage, workers are li&sty to accept job offers far from their

places of residence.

For the Paris region, GOBILLON and SELOD (2007) ameong the pioneers. They highlight

the relationship between physical accessibilitgtgployment and return-to-work. DUGUET



et al. (2009) also find that a poor access to employneamt increase the duration of
unemployment and decrease the rate of exit frormpieeyment. More recently, KORSU and
WENGLENSKI (2010) and GOBILLONet al. (2011) also show that limited accessibility
significantly increases the risk of unemploymernatébly long-term unemployment) for the

residents of the region.

The Skill Mismatch hypothesis
The other hypothesis that we employ is thaBkill Mismatch It is based upon the theory by

which, locally, some individuals do not have thdiskand qualifications necessary to apply
for available job vacancies. This results in difftees finding a job and, where they do find
work, it is generally of poor quality and low-pafBASTOR and MARCELLI, 2000). We
then talk about a mismatch between the skills egtens of employers and the
qualifications of jobseekers (CARLSON and THEODOREQ95; DANZIGER and

HOLZER, 1997 ; GORDON,2002).

Numerous empirical studies seem to confirm thisolypsis. For the United States, BAUDER
and PERLE (1999) confirm that Blacks are disadvgedain a context where the labour
market requires higher skills but they suffer frantow level of education. MANACORDA
and PETRONGOLO (1999) particularly confirm this byipesis. The authors find that the
Skill Mismatchis not a serious problem in the labour markets BCO countries, except for
less qualified workers in Great Britain. Howevéreit work does not permit a very precise
analysis of theSkill Mismatchat town or neighbourhood level. We could also ¢he
theoretical model developed by THISSE and ZENOW®0On which the authors explore the
interactions between heterogeneous workers andg fivitin differing demands for skill levels.
In an imperfect market, they find that unemploymeatld be attributed to an imbalance
between the offer and demand for skills. STOLL @&0also verifies this hypothesis for the

suburbs of Los Angeles and Atlanta. He finds a tiegaelation between poor matching of



measured skills and the local level of employm&his mismatch is at the origin of nearly a
third of the differences in observed employmengsdietween Blacks and Whites. Finally,
HOUSTON (2005) innovates by simultaneously congndethe Skill Mismatchand Spatial
Mismatch Problems. He shows with the help of a conceptuatiehthat each cannot be
considered separately. On the contrary, they cami@ally reinforcing andn fine explain
differences in unemployment observed within methtgo areas. By combining these two
hypotheses we can find a plausible explanationdaatbe tested with the data. The intuition
is simple: Parisian jobseekers live close to a dampurce of employment but the
characteristics of the jobs on offer are not thaisthe jobs sought. In addition, the job offers
that correspond to the characteristics of the jeksis are, generally, physically far from the
centre of Paris. Given the profile of Paris jobsgekthere are suitable job offers but they are
situated in the middle suburbs of the Paris meliapo area, far from the city centre.
Physically distanced from job offers that suit théParisian jobseekers experience a longer

jobsearch than jobseekers in other towns and dapats.

M EASURING UNEMPLOYMENT DURATION AND HIS DETERMINANTS

Comparisons of the unemployment rate are basedochk mdicators that are informative but
inadequate for a complete diagnosis of the natadecauses of the problem. They need to be
complemented by labour market flow indicators, sashhe rate of unemployment entry and
exit, and the duration of unemployment.These flodigators pose a problem of definition
and observation. To calculate them, the best saosrtes historical statistics records (FHS) of
Pbole Emploi, a government source. This permits ausfotlow the individual paths of
jobseekers by recording each successive step fieimfirst registration with their Job center,

but it does not follow jobseekers after they aredhif they are no longer registered.



We use the indicators calculated by DUGUET al. (2009) in lle-de-France and in 22
metropolitan regior’s To be able to follow jobseekers over a long elopgriod, we limit
ourselves to the group of persons who registerégdasn July 1, 2001 and June 30, 2002.
July 1 is chosen because it coincides with the emgntation of a new system of
unemployment insurance. Therefore we study a homemes period in terms of benefits. The
record used is a version of FHS updated on Mar¢t23Q6. Therefore, we study this cohort

of unemployed over a period of nearly five years.

To model the unemployment duration, we use a Wegpécification where the rate of exit
from unemployment is a function of time spent irmployment as well as local fixed effects
and also depends on the characteristics of thevithdil, such as age, sex, or level of
education. The use of administrative records pasegjuestion of measuring the exit from
unemployment. By crossing two definitions of exiborh unemploymenttemoval from the
lists anddeclared return-to-workand two measures of the sustainability of théseftiomat
least one month andix months and moyewe obtain four definitions for exit from
unemployment. The choice of one or another of tliedeitions influences the number of
exits. By limiting the observation to declared ratto work, the number of exits is far lower.
In lle-de-France, it is halved (308,619 rather tH3#0,046). By limiting ourselves to
sustainable exits, we reduce the number of exitsdout a quarter (we count 258,952 exits of
six months and more with declared return to workihnex A presents the results of

estimations for the lle-de-France region.

Our dependent variable is this local unemploymemation calculated from individual data.
One might suspect an endogeneity problem with atbero-demographic indicators since it
seems difficult to distinguish whether an indivitlissunemployed because he or she lives in

a particular town or if he or she lives in a parée town because they are unemployed. This

® The work of Dugueet al. (2009) also proposes a detailed explanation oétumometircs methodology used to
estimate the rate of exits from unemployment ordiliation of unemployment from the records of Hexeploi.



problem is limited in our case because i) the ezdidl mobility is rare in France, especially
for job seekers; ii) we follow a cohort of new jele&ers who were previously employed and
iii) we control for the characteristics of thesé jeeekers. Most importantly, we want to

explain excessive unemployment duration within $attich is not a deprived location.

Stylised facts: the disadvantage of Paris
Table 1 shows the disadvantage of the Paris labarkeh regarding the exit rate of

unemployment. If the comparison of unemploymenggan the first quarter 2014, between
the lle-de-France and metropolitan France, seemsheaofavorable to the first (the
unemployment rate is 8.6% against 9.7%), it isor@ér the case when one is interested in
unemployment durations disparities. Indeed, theldd-rance has the highest unemployment
durations comparatively to the rest of France. Tikidrue for both the definitions used
(removal from the lists and declared return-to-wyoldnemployment durations before a
removal from the lists and declared return-to-war& 11.4 months against 10.3 months and
51.4 months against 40.4 months, respectivelysRaione of the French departments where
job seekers have, on average, the least chaneawahy unemployment. The odds are much
lower than the French average (10.5 months) andafreealso relatively to any department of
lle-de-France. The average length enrollment togefiter is more than 13 months in Paris,

against 11 months in the departments of the regiod,9.3 months in Essonne.

Table 1. Unemployment in lle-de-France

Rate of Duration of unemployment
unemployment
(2014) gross net
Removal Return Removal Return
Obs. from from
. to work . to work
lists lists
Metropolitan France 36 566 9,7% 10,5 31,1 10,2 30
Metro France (outside
IdF) 35266 9,8% 10,3 28,9 10,3 28,9
lle-de-France 1 300 8,6% 11,4 40,4 10,1 34,5
Paris (75) 20 8,1% 13,2 51,4 10,7 40,6



Seine et Marne (77) 514 7,9% 10,8 30,6 9,9 27,3

Yvelines (78) 262 7,1% 11 32 9 29,2
Essonne (91) 196 7,4% 9,3 28,4 8,5 25,7
Hauts-de-Seine (92) 36 7,6% 11,3 37,5 10,2 34,9
Seine-Saint-Denis (93) 40 12,7% 10,9 46,8 10,2 39,2
Val-de-Marne (94) 47 8,6% 10,8 37 9,9 31,9
Val-d'Oise (95) 185 9,8% 11 38,1 10,1 33,6

Source INSEE, from historical statistical records of P&ploi.
Notes:The averages are the averages weighted by thearwfibnemployed in the towns.

We also want to check if the problem is generalf d@rparticularly affects certain categories
of jobseekers. For example, with Paris, the ovpragentation of occasional workers in the
entertainment industry is sometimes cited as aoreé® the high rate of unemployment. To
check, we estimate two total rates of local exitthaut or with control by individual
jobseekers’ characteristiésif Paris jobseekers had the same socio-demograpbiile of
those of lle-de-France, they would exit unemploytriess quickly. This is linked to the fact
that Paris jobseekers are more highly qualifiech thikners, which have a favourable effect of

the chances of exiting unemployment.

We compute the rate of survival of unemploymenthwtite help of Kaplan Meier non-
parametric estimates. The indicators obtained allswo show descriptively the importance
of locality to the duration of unemployment (anathey of rendering the rate of exit from

unemployment).

Figure 2 shows the distribution functions calculafer three classes of distance of towns
from the centre of the region. The 10% of townsdlosest to the centre (within a radius of
13 kilometres) are those where the durations ofmym@yment are highest, when one
considers the definition “Removal from lists”. TB&8% of towns the furthest from the centre
(more than 39 kilometres) also have serious diffies in terms of exit from unemployment.
Beyond a duration of unemployment of 10 months, tihe lines cross. This signifies that

long-term jobseekers are more strongly represeimtdubth towns closest to the centre and

* These variables are sex, age, nationality, masitahtion, number of children, highest educatianadlification
obtained, disability, type of work contract soughtde (ROME code), reason for entering unemploynieii|
situation.
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further from the centre. The 40% of towns withinadius of 13 and 39 kilometres are those
where the durations of unemployment observed ageldest of the groups. We will use

these three statiscal classes in order to defingpmatial regimes in the estimations.

Note that these inequalities cannot be explaineddsgible disparities in the socio-economic
composition of jobseekers because our analysiseohet durations neutralises these effects.
Highlighting a possible problem of physical distarfoom employment opportunities is not

necessarily satisfactory since the highest durateme observed for the towns closest to the

centre. Other factors must be identified to permito explain this particular pattern.

Figure 2. Net durations of unemployment and distane from centre

Density
0.50 0.75 1.00

0.256

0.00

0 5 10 15
Unemployment duration

<13 km >13km & <39 km

> 39 km

Reading:The threshold’ < 13 km” includes all the towns within a radius X8 kilometres from the
centre of Paris (10 % of the towns). The threshaidB9 km” includes all the towns beyond a radidis
39 kilometres from the centre (50 % of the towii$)e threshold “> 13 km &< 39 km” includes all the
towns between the two distances (40 % of the towlrts} distances are Euclidean.

Source:Historical statistical records of P6le Emploi.

The spatial auto-correlation issue
The local duration of unemployment constitutes\anable of interest and we are concerned

with its spatial auto-correlation. We calculate Meran auto-correlation coefficiehtfor the

11



durations of unemployment, which could be intemgulets the relation of the covariance
between contiguous observations and the total vegi@bserved in the sample (Jayet, 1993).

It is given by:

__on dijwia — ) — X)
XiXjwij X(x — %)?

Wherew;; is a weighting which permits us to take into actdhe geographical proximity of

I

spatial units and;.

Whenl > E[I] = (n — 1)1 (respectively k E[I]), the values taken by the durations are not
placed randomly but are close (respectively digtdhéor two neighbouring spatial units. The
geographically close spatial units are also stediby close (respectively distanced) and we
conclude the presence of a positive spatial auteelation (respectively negative). Wheis
close toE[l], we conclude the absence of spatial auto-coroglatin this case, we can
establish no link between the statistical proxindtyd the geographical proximity of spatial

units.

In fact, the calculation of the Moran indéxs sensitive to the definition of the matrix of
spatial weightingV(w;;). There are effectively several criteria to deteenthe spatial units
that will be considered as neighbours: contiglitfosest neighbours, distance. Given the
clusters of homogeneous towns, we choose to catstraontiguity matrix, where the towns
have links with their immediate neighbours. We prgsin Table 2 the auto-correlation
coefficients (Moranl) of the net durations of unemployment obtained ddferent types

spatially weighted matrices.

Table 2. Global spatial auto-correlation of duration of unemployment

Distance-
Matrix W Moran | type p-value
Queen 1 0,5101 0,0193 0,001
Queen 2 0,3295 0,0133 0,001
Queen 3 0,1954 0,0111 0,001

® With moves of the typ®ueen Bishopor King, inspired by the game of chess.
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Distance < 6 km 0,4908 0,016 0,001
Source :Historical statistical records of Péle Emploi.
Notes :E[l] = -0,0009.

Whatever the type of matrix used, we see that tmatin of unemployment presents a
significant positive spatial auto-correlation thaitrelatively high. Then, the geographically
neighbouring towns are also neighbours in termdusétion of unemployment. To consider
the spatial auto-correlation problem in our date, must use an appropriate model. We use
the matrix of congituity of the typ®ueento the order 1 because this presents the highest

value for spatial auto-correlation.

Skill and Spatial mismatch indicators

To construct the others variables, we use two diffesources of data. Firstly, we use census
data produced by INSEE dating from 1999, becaus® liefore the period covered by our
Pdle Emploi data. Secondly, we use the Déclarattomuielles de Données Sociales- annual
declaration of workplace data (DADFSEN exhaustive source of information on companies
and their employees. Our DADS database containg5886irms in lle-de-France between
2002 and 2005, including 86,342 questioned on de dates of the survey. They are part of

1149 towns in the region.

To test theSpatial Mismatchhypothesis, we use two different indicators. Oe tiand, we

compute the Euclidean distance between the towtheofresidence and the centre of Paris.
Even if towns such as Roissy, Cergy or Saint-Queattiract more and more workers, Paris
remains the most important centre of employmeritetde-France and so we consider it as
the sole reference. On the other hand, we use @icaior on the density of accessible

employment within a radius of 20 km from the centraf the towns:

® Formalité déclarative & laquelle doit s'astreininate entreprise employant des salariés.
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E.
DE; = L
Where DE; is the density of jobs calculated for the towrk is total jobs,PA is the total

workforce,j is the total towns within 20 kilometres of a givemwni.

To measure th8kill mismatchwe adapt the indicator of Jackmeinal. (1990) that measures
the difference between the relative proportionsimémployed by qualification according to
the town. This indicator is theoretically interpieet by these authors as the share of structural
unemployment having problems of skill mismatchcdtresponds to the semi-variance of the
ratio between the rate of unemployment by skills (manual workers, employees,
intermediate professions, and managers) and tlaé rate of unemploymenu) within the

town:

1 ,u

A high value for this indicator means that some ydafpons encounter more problems of
unemployment than others, which shows that loctiy jobs do not necessarily meet the
needs of local populations and that mismatch emplaan important part of local

unemployment.

We include also control variables to account fdfedences in duration of unemployment
observed between the towns of the region. Firstlycontrol for potential differences in the
socio-economic composition between towns, we coosta typology of towns from a
principal component analysis then from an ascendimgarchical classification (Ward
criteria). These methods are based upon the vagaiflthe 1999 census which measures the
proportion of each socio-professional category,riiative distribution of education degrees,
as well as the proportion of single-parent famibesl foreigners residing in each town. The

classification allows the creation of four grougga@wvns that are relatively homogeneous in

14



population: towns with a majority of the populatibighly qualified, populated essentially by
managers (type 1), towns with qualified populationgh a proportion of single-parent
families and foreigners above the average (typediyns where the majority of residents are
manual workers with low educational qualificatioftype IIl), and towns where the

proportion of manual workers, single-parent farsiléand foreigners is high (type V).

In addition to the location of existing jobs, thasfejobs created or disappeared are equally
important to explore the hypothesisSpatial MismatchThe towns that are dynamic in terms
of creating or destroying jobs are those whereutiemployed are more likely to experience
short-term unemployment, because the turn-aseto the advantage of jobseekers. To
measure the creation and destruction of jobs, vee amual employment flow indicators
inspired by DAVIS and HALTIWANGER (1990), createabin DADS. The gross creations
of jobs correspond to the positive variations betwemployeed on two successive dates,
and the gross destruction of jobs to negative tiaria. The volume of gross creation of

employmentC,; in the towni between the datesl andt is:

Cee = Z ANgct

eect
whereC™ is the sub-total of companies e of the towns ivibich the number of jobs at the

end of the period is more than the number of jobgsha beginning of the period of
observation, and operates the difference betwekh et t. Similarly, the volume of gross

destruction of job®,; is:

D¢t = Z IANectI

eec™
whereC~ is the sub-total of companie®f the towng that experience a negative variation in

employment during the year.

Descriptive statistics

15



In Table 3, we present some statistics on the @tdis used for our analysis in taking into
account the different spatial regimes used preWousrstly, we come back to fact already
highlighted by Figure 2: the net duration of uneoyphent varies strongly depending on
locality and notably on the distance from the cerdf Paris. The Parisian arrondissements
(central city districts) as well as the closestwsbb are effectively those which record the
longest net durations of unemployment, with an agerduration of around 11.2 months.
Conversely, the most favourable towns are thosetsitl the furthest but not on the fringe of

the region.

On average, the towns are located at 40 kilomdtoas the centre, but almost half of the
sample is at more than 39 kilometres. We could extsghat these towns suffer from a
particularly poor accessibility to jobs, accordtogthe idea that jobs are mostly concentrated
in the centre. Actually, the density of employmeaties strongly according to the distance
from the centre. The indicator is less than onepioximity to Paris because of the
concentration of population and so its densityasywhigh. For the year 2007, Paris and its
inner ring counted more than 6,500,000 inhabitgb&% of the total population of the
region), whereas the land area is 762 km? agaiosg¢ tthan 12,000 km? for the whole of the
region (about 6%). On the other hand, the ratibigher than one for the towns at a good
distance from the centre, which is beyond 13 kilbese This means that the competition
within the labour force to find a job is possibls$ strong. At the same time, the indicator
does not allow us to know if it is high becauseadarge reservoir of jobs or a low level of

workforce, which does not give us the same reality.

Table 3. Indicators according to locality

Distance to centre

13 km
lle-de- >&< 39
Variables France <13 km km > 39 km

Net duration of unemployment (in 10,759 11,192 28,2 11,101
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months)

1,285 0,788 1,292 1,215
Spatial Mismatch
Distance to centre (in km) 40,291 8,19 26,749 5,71
21,006 3,313 7,459 13,26
Job density (radius : 20 km) 1,406 0,951 1,265 8,58
0,298 0,079 0,259 0,212
Skill Mismatch
JLS Index 0,018 0,011 0,015 0,021
0,014 0,007 0,013 0,014
Skill Mismatch for NQ 0,134 0,139 0,118 0,145
0,054 0,063 0,05 0,052
Local dynamisme
Creation rate (standardised) 1,027 1,537 0,993 10,52
4,727 2,121 1,953 1,299
Destruction rate (standardised) 1,089 1,873 1,089 ,620
3,635 2,645 2,633 1,193
Observations 1075 110 429 536

Sources Ble emploi FHS, DADS 2002-2005, population cens2@91(INSEE).
Notes:The differences types are presented in italice. Sthtistics concern the 1075 towns for which the
duration of unemployment could be calculated.

The JLS indicator takes a higher value for the ®¥ar from the centre. This may be a first
indication of a mismatch of skills for some categsrin these towns. The measure of the
difference between the rate of people without degrand local unqualified employment
dynamism in the towns reveals a logic that isditdifferent. The indicator is higher for the
towns in the centre and those that are relatively The difference is lower for the towns at a
middle distance, which tends to show that the 8duoathere is more favourable for the

unqualified.

Finally, we observe that the dynamism of the towgrstrongly linked to their proximity to the
centre of the region. The rates of creation andrdetson (standardised) are the highest in the
centre and the lowest in the furthest towns. Theively high values for these two indicators
show large movements of manpower and so a highmeroier. Therefore, we can suppose
that the weak dynamism for the towns most at timgér could be a brake on a rapid exit from

unemployment.

All these facts show the value of “cutting up” tbeuntry. It is highly probable that each of

these indicators produces differentiated effectpedding upon the zone. The following
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section presents the results of different estimativom the three spatial regimes previously

defined.

Model specification
As a starting point, we consider the following mioieexplain the duration of unemployment

in towns where it can be calculated:

Y; = a + BX; + YSP; + 6SK; + ¢; (1)
WhereY; is the duration of unemployment for a given towrX; is the vector of control
variables. It includes certain information relatiteelocal dynamism in terms of employment
and relative to the socio-economic composition hed town.SP; is a vector of variables
measuring the accessibility of jobs for each towrihe regionSK; is a vector of variables

relative to the local mismatch between skills ofmndividuals and those required for

employment.

In presence of spatial auto-correlation, this mockh not be estimated by the standard
Ordinary Least Squares (OLS) method, because thaiance between the observations is no
longer nil. According to the literature, two tradital models could be identified to take auto-
correlation into account (LESAGE, 1998; LE GALLOO@): a SAR model in which the
dependent variable follows a spatially autoregkesgirocess or a SEM model in which
spatial dependance relates to err@dxspriori, both models are applicable. With the SAR
model, the spatial auto-correlation of observatisnsaptured by an endogenous variable that
is spatially offset (W) and reflects the idea according to which the tlomeof unemployment

in the town is influenced by those of neighbouriogns. With the SEM model, we consider
the spatial dependance as a statistical nuisaatedin be explained by problems of incorrect
specifications (variables omitted, wrong geograptgele, etc.). In our case, spatial auto-
correlation could result from two different sourc@n one hand, it is probable that there is a

problem of variables omitted, because we use @vydxplicative variables to concentrate on
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the problems oSpatialandSkill Mismatch.On the other hand, there could be a problem due
to the scale of the analyis retained. The way pagial data is aggregated could have an effect
on the measure of spatial auto-correlatiowe suppose that the scale used during the
collection of data (the town scale) is aggregasedi could effectively not correspond to the
scale of the process that we are studying. Thiesgise to measurement errors. In this case,
the model used must be the SEM. We use the follpwpecification, where the parameters
of the equation are estimated by the Maximum-Li@bd method (ML) or by the

Generalised Method of Moments (GMM):

Y;=“+BX1+YSP1+85K1+51 (2)
with ¢ = AWe +u etu -~ N(0,021)

whereA is the parameter representing the intensity ofgbatial dependance between the

residuals of the regression. This dependanceesresf to as spatial dependence nuisance.

We start with the hypothesis that the problemSdtialand Skill Mismatchdo not have the

same effect depending on the locality of jobseekéts could imagine that the problems of
accessibility of jobs affect more the inhabitantsawns further from centre or more on the
fringe of the region, for example. Similarly, oneaur working hypotheses is the idea that
jobseekers located in Paris or its inner suburles canfronted by problems of mismatch
between job skills offered and demanded, rathar frablems of distance from employment

centres.

We consider that there is a discrete spatial hgégrity that takes the form of different spatial
regimes relative to the distance from the centriefregion. This aspect could be considered

under the form of group heteroscedasticity or/ andtructural instability between the

"It is a “Modifiable Areal Unit Problem” (MAUP)I(E GALLO, 2002). This includes two potential problems:
(i) the spatial auto-correlation by the level ofjeggation used. We talk about the scale effetTtie way of
dividing a zone into several subdivisions createmerous spatial configurations. The auto-correfatiould be
linked to this problem of the form of spatial units
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different regimes (LE GALLO, 2004). This heterosasiicity is shown by the variability of
variances in terms of errors according to locality.ould come from missing variables or an
incorrect specification of the model. Then we egphg consider three following dichotomous

variables:

_ (lif thetowni isat a distane < 13 km fromthe centre of Paris

Dui 0 otherwise

D.. = {1 if the towni is at a distance > 13 km et < 39 km from the centre ofdari
2 0 otherwise

Da: = {1 if the towni is at a distance > 39 km from the centre of Paris
3t 0 otherwise

We also estimate the following model with permissta incorporate the three spatial regimes

and a group heteroscedasticity:

Y,1 [@q[D; 0 0 BiliX, 0 O71 al(SP, O 07 [&1[SKy, 0 01 [&
[Yzl = az 0 DZ 0 + BZ 0 XZ 0 + )/zl |: 0 SPZ 0 l+ 62 0 SKZ 0 + gzl
Y.l lasllo o bpryd [gllo o X lwsllo o sellsdlo o skl les

with & = AWe; +u; etu; -~ N(0,071;), fori = 1,2,3. The classification of towns in the
three regimes allows us to test the hypothese ®@rdhstancy of the parameters of the model
between the different regimes with the help ofistial tests of structural instability (Chow
asymptotic test). The parameters are estimateché&yMaximum-Likelihood method (ML)

and by the Generalised Moments Method (GMM).

Finally, recourse to aggregated regressions pergstdo show up the spatial relations
contributing to the formation of unemployment @bwan level. Using net durations permits us
to control for possible effects of composition obgeekers (for example, a town with a high
proportion of low-qualified jobseekers has a higiemployment rate because, all things
being equal, there are more unemployed). We reasoif each town had the average

composition for the region.

ESTIMATIONS RESULTS
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Firstly, we present the results of the estimatmithout distinguishing between the different

spatial regimes (Table 4). The first column preséhé results of an OLS model with the use
of the matrix of variance-covariance correctedHeteroscedasticity by the White procedure.
The Breusch-Pagan test (White test) effectivelyeads the presence of heteroscedasticity in
the model and requires us to take it into accb(ite Jarque-Bera test shows, for its part, that

the residuals of the model follow normal distrilouti

Firstly, we observe that the socio-economic contsdetermines the chances of exit from
unemployment in the towns. Towns that are constléhe most disadvantaged by their
characteristics are the localities the most disathged for a rapid exit from unemployment.
Conversely, the most advantaged towns by compasitigpes | and Il) are those where the
observed durations of unemployment are lowest. Weweconcerning these indicators, two
limitations must be kept in mind. Firstly, we cahsay which characteristics of this summary
indicator contribute the most to explain unemplogi@uration. Secondly, it is difficult to

say if it is the specific characteristics of eanividual that have an effect (for example, the
fact of being a manager) or more the external factue to the composition of the

neighbourhood (the fact of having managers as beigis).

Concerning thespatial Mismatchndicators, we see that the distance to the centreases
the average duration of unemployment. So the fattk@vns from the principal centre of
employment are equally those confronted with thegést durations. This fact suggests that
poor accessibility to jobs is effectively a brake the exit from unemployment because it
impedes the process of finding a job. This ressilini line with those already found by

GOBILLON and SELOD (2007), DUGUE®t al(2009). The density of jobs (understood as

® The null hypothesis is that of homoskedasticitye Wject the null 'hypothesis if the test statigtiR?) is higher
than the value obtained in the Khi-deux table. Septer 8 in the book MVOOLDRIDGE (2002).

° The null hypothesis is that the residuals of thedeh follow normal distribution. To know if we aqatethis
hypothesis, we compare the Jarque-Bera statisticthvét in the Khi-deux table at two degrees oédiem. If the
estimated value of the Jarque-Bera statistic i®tpwe accept the null hypothesis.
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the ratio between jobs and labour force) in a mditi20 kilometres shows no significant
effect. The relative abundance of jobs locally andihe potential competition in the
workforce does not seem to have an impact on teeage duration of unemployment. The
indicators used to measure t8kill Mismatchproblem show the same thrust. However, we
observe an effect both positive and significanguely for our indicator of poor matching of
skills for the unqualified (NQ). If there is a pteln of matching between skills offered and

demanded, it essentially concerns the unqualified.

Finally, we find that local dynamism has a sigraht impact on unemployment duration
disparities. Living in a town where the rate of joteation is high tends to decrease the
duration, while a high rate of destruction increage This can be explained by weak local
dynamism that decreases the chances of finding.aTjbe two others columns in Table 4
present the results of the SEM model. The secomdthind columns present the results
estimated by the Maximum-Likelihood method (ML) abg the generalised method of
moments (GMM) respectively. Whatever the methodsee thafl is positive and significant
at the 1% level. This shows the importance of aatwelation problem in what concerns error
terms and so the necessity of taking it into actouour estimations. Globally, the results are
the same as in the model estimated by OLS. Welsgdlte indicator inspired by Jackman,
Layard and Savouri to measus&ill Mismatchis now significant. The problem of mismatch
does not only concern the unqualified, but all leneels of qualification. It is likely that its
effect is partially absorbed by the effect of thegualified’s own mismatch. Finally, let us
note that the effect of local dynamism is sensitovéhe method of estimation used because, if
the signs and the sized observed do not change, significativity varies from one

estimation to another.

Table 4. Explaining the durations of unemployment

Variables OLS-White SEM-ML SEM-GMM
Constant 10,124**  10,281***  10,278***
0,305 0,331 0,306
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Typology(Ref. Type IV)

Type | -0,555*** -0,328** -0,339**
0,166 0,119 0,124

Type Il -0,613** -0,248** -0,266**
0,165 0,118 0,112

Type llI -0,248 -0,212 -0,216
0,202 0,148 0,138

Spatial Mismatch

Distance to centre (in km) 0,014*** 0,014** 0,014**
0,003 0,005 0,005

Jobs density 0,029 -0,074 -0,073

(radius : 20 km) 0,175 0,19 0,161

Skill Mismatch

JLS Index 3,34 5,505** 5,431*
3,008 2,392 3,259

Skill Mismatch for NQ 3,537*** 1,322* 1,430**
1,019 0,691 0,635

Local dynamism

Creation rate (standardised) -0,075** -0,027 -0%029
0,035 0,022 0,016

Destruction rate (standardised) 0,060** 0,025 0026
0,028 0,018 0,013

A 0,767*** 0,778***

0,022 0,022

R2 0,111 0,089 0,092

Log likelihood -1 383,87

AIC 2787,742

Tests

Jarque-Bera 3,061

Breusch-Pagan 26,458**

Observations 1075 1075 1075

SourcesPdle emploi FHS, DADS 2002-2005, population ceri989 (INSEE).

Notes : ***, ** and * denote significance at the 1%, 5% crl0% levels respectively. Standard

deviations presented in italics.

Table 5 presents the result of our estimations wittpatial regimes model. We recall that
each regime is determined by its distance fromcdetre (see previous section for more
details}°. The estimations are done by the Maximum-Likelihdtethod and the Generalised
Moments Method. The typology of the towns is ndtdduced here because the distribution
within the different types of towns conflicts withe arrangement of spatial regimes. We

show in Annex D that the results are not reallyeetéd by the introduction of our socio-

economic composition indicator.

1% We have tested different spatial regimes to vetify robustness of our results. With only two rezgmwe
have on one side the towns whose distance isHass39 kilometres from the centre (50% of our sa&nahd on
the other the towns whose distance is more (al€b)50he results are globally close to those we fimd

distinguishing the three regimes.



Overall, although few of the variables show sigrdfit effects, we observe a certain number
of differences between the regimes and so theit@sabf the towns. It would appear that the
problems ofSkill Mismatch(for the whole population or only the unqualifiegjclusively
concern the towns near the centre of Paris. Theddgms no longer arise when we look at
the third regime, which includes the 50% of therieviurthest from the centre. Conversely, if
the proximity to the principal employment centreedonot seem to be an advantage for
jobseekers living there, it does however repreaemét disadvantage for the residents of the
most distant towns. For the towns beyond a radilB9&ilometres, we can note that going a
little further increases the duration of unemplopmeé-inally, local employment dynamism
also influences the average duration of unemployntert exclusively for the furthest towns.
We could suppose that the rates of creation antfudéi®n have only minor importance for
the residents of towns close to a considerablecsoaf jobs. On the other hand, this is an
important factor for those concerned by poor phalsaccess to jobs and/or who have more

limited job opportunities than others.

Table 5. Explaining durations of unemployment — Andysis by spatial regime

SEM-ML SEM-GMM
Variables D, D, D, D4 D, D,
Constant 11,420**  9,896***  9,684** 11,333** 9 06*** 9 678***
1,149 0,634 0,679 0,492 0,586 0,528
Spatial Mismatch
Distance to centre (in km) -0,058 0,019 0,022** 082 0,015 0,021**
0,081 0,024 0,009 0,047 0,019 0,008
Jobs density -0,172 -0,542 0,048 -0,173 -0,520 79,0
(radius: 20 km) 0,947 0,511 0,217 0,393 0,515 0,159
Skill Mismatch
JLS Index 4,42 10,285***  -0,694 3,786 10,503** 869
16,074 3,147 3,798 12,733 4,557 4,757
Skill Mismatch for NQ 3,143 3,27 0,291 3,409*  F1+* 0,354
2,508 0,926 0,811 1,96 0,892 0,756
Local dynamism
Creation rate (standardised) 0,021 -0,024 -0,037 ,0240 -0,027 -0,039**
0,078 0,034 0,031 0,049 0,029 0,018
Destruction rate (standardised) -0,036 0,017 07067 -0,035 0,018 0,069**
0,068 0,026 0,034 0,037 0,022 0,026
A 0,748*** 0,754%**
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0,023 0,024

a? 0,384 0,741 0,647

R2 0,169 0,172

Log likelihood -1 373,35

AIC 2 788,70

Tests

Chow 29,930** 51,179%**
Observations 110 429 536 110 429 536

SourcesPdle Emploi FHS, DADS 2002-2005, population cerk®89 (INSEE).
Notes: *** ** and * denote significance at the 1%, 5% crl0% levels respectively. Standard
deviations in italics.

Using these estimations with spatial regimes pertoithighlight the differentiated effects of
the explanations of unemployment duration dispesitThe problems @&kill Mismatchseem
to affect more the towns close to the centre ofisPavhereas the problems &patial
Mismatchare more evident for the towns the furthest frdms tentre. We must bear this

distinction in mind when we suggest public poliojusions.

CONCLUSION

The residents of central Paris are confronted wath abnormally long duration of
unemployment. In the middle of the 2000s, the domabf unemployment was 14 months in
Paris compared to 11.5 months in the Paris regmhl®.5 months for France. Paris was the
French department where the proportion of jobseekémore than a year among the total
jobseekers was the highest before the crisis. Banist an optimal location from the point of
view of return-to-employment, all things being elqéafringe location, in the inner ring or on
the edge of the metropolitan area, but without gdioo far, is preferrable for reducing the

duration of unemployment of a jobseeker.

The objective of this work is to explain this owgwsesure of Parisians to long-term
unemployment. It is to find a factor that affeclistlae categories of jobseeker, whatever their

age, sex, nationality, level of educational quedifions, marital situation, number of children,
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type of contract sought, trade sought, reason fiersmg unemployment, all the control
variables we use to measure the durations of urgmant. We also seek a sufficiently
important factor to have a significant effect oe thdividual durations of unemployment of
110,000 Parisian jobseekers, and sufficiently derad exercise an effect over the last 30

years.

The explanation that we offer combines two theoattmechanismsSpatial Mismatchand
Skill Mismatch Parisian jobseekers live close to a high-volurnaree of jobs but the
characteristics of the jobs offered do not correspim those of jobs sought. However, the job
offers that do effectively correspond to the chteastics of jobseekers are generally
physically far from the centre of Paris, in theemmediate ring of the Paris metropolitan area.
Then, Parisian jobseekers experience a longer gotis¢ime than jobseekers of other towns

and departments.

This explanation does not exclude other factoryiptaa role, without us being able to
furnish empirical evidence. For example, the Pstosk of public housing could contribute to
limiting the geographic mobility of jobseekers. Acding to the City of Paris, this stock
includes 183,500 dwellings subsidised by the cégaernment, the City and the region, to
which we add 56,000 intermediate dwellings mandgegroviders of social housing, but the
annual offer is limited to 13,000. Therefore itvisry difficult to accede to public housing in
Paris, which gives it a higher importance and pr@sg@eographical immobility, which then
reduces the perimetre of a jobsearch and incraseésiration. The welfare policies of the
City of Paris, informal work in the hotels-caféstaurants sector and in culture, or even the
problems of employment policy in Paris, constitateer factors that could also contribute to

lengthening the Parisian duration of unemployment.
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Annexes

Annex A. Individual determinants of exits from unenployment

Removal from list Return to work

Coefficient Student Coefficient Student
a 0,917 2252,53 0,843 1148,88
Age (years) -0,018 236,17 -0,036 234,27
Permanent contract réf réf
Limited-term contract -0,382 125,96 -0,491 87,52
Seasonal -0,104 37,21 -0,168 31,29
Degree level VI réf réf
Level | et Il -0,001 0,40 0,364 59,17
Level llI 0,032 11,30 0,361 66,17
Level IV -0,030 13,02 0,186 40,06
Level V -0,051 30,29 0,074 19,93
Without children réf réf
One child -0,077 41,31 0,017 4,50
Two children -0,079 37,41 0,224 56,22
Three or more children -0,055 22,75 0,235 47,71
Man réf réf
Woman -0,062 40,20 -0,223 77,02
Non disabled réf réf
Disabled -0,274 98,01 -0,621 94,96
Single, widowed réf réf
Divorced, separated 0,031 12,44 -0,009 1,83
Married, de facto married -0,003 1,51 -0,011 3,21
ROME : Serv persons and community réf réf
Administrative and sales 0,024 10,00 0,039 8,01
Hotels restaurants 0,313 105,82 0,499 84,00
Sales and distribution 0,124 52,34 0,151 30,27
Arts and entertainment -0,523 102,18 -1,013 86,48
Initial and continuing education -0,073 13,71 -@07 7,56
Social work devt local employment 0,042 11,06 0,022 2,93
Paramedical 0,205 37,32 0,315 31,95
Medical 0,025 2,16 0,144 7,26
Managers admin/ communic. information -0,060 15,70 -0,090 12,47
Managers sales -0,028 6,21 -0,004 0,50
Agriculture and fisheries 0,102 24,17 0,229 27,35
Public works and extraction 0,190 55,82 0,323 45,34
Transport and logistics 0,010 3,66 0,096 16,82
Mechanical electrical electronic 0,049 14,74 0,094 14,20
Processing -0,088 20,16 -0,010 1,20
Other manufacturing 0,005 0,97 0,113 9,89
Personal artisanal 0,206 45,12 0,309 34,14
Industrial management 0,117 8,61 -1,873 153,72
Industrial technician 0,037 8,31 0,002 0,20
Management technical industries 0,069 12,28 0,080 ,258
Technical managers outside
manufacturing 0,146 27,45 0,195 20,66
Lay-offs for financial reasons réf réf
Other lay-offs 0,053 18,65 -0,042 8,27
Resignations 0,507 153,49 0,389 63,94
End of contracts 0,292 110,40 0,421 89,42
End of temp work 0,275 86,04 0,236 39,60
First entry 0,568 166,56 0,363 53,66
Return to work of more than 6 months 0,489 115,46 ,309 35,25
Other cases 0,367 137,21 0,153 30,34
Manual workers réf réf

Skilled workers 0,027 11,12 0,185 36,97



Unskilled employees -0,008 3,34 -0,051 9,25

Skilled employees -0,025 10,17 0,144 27,55
Technician, supervisor -0,003 0,96 0,204 30,85
Manager -0,030 6,99 0,155 18,80
Non RMI réf réf

RMI -0,212 105,27 -0,587 114,12
Full-time réf réf

Part-time -0,226 120,70 -0,555 132,22
Nationality French réf réf

EU 15 0,066 14,39 0,094 10,35
Rest of world -0,002 0,79 -0,197 35,26

Reading Results of estimations of Weibull model by Maximluikelihood. The coefficients apply to rates of exit
from unemployment (i.e. hazard function) in relatto the modality of reference indicated in thddab
Source :Historical statistical records of Péle Emploi.
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Annex B. Results of ACP and CAH

Table B-1. Coordinates, contributions et cosines s@red of variables

Coordonates Contributions  Cosines squared
Variables Axis 1 Axis 2 Axis 1 Axis 2 Axis 1 Axis 2

Proportlon of families with 0,12 0,84 0.45 34,03 0.02 0.70
foreigner head

Proportion of single-parent families -0,08 -0,75 0,19 27,23 0,01 0,56
Proportion of pers. Low qualified -0,68 0,53 13,40 13,36 0,47 0,28
Proportion of pers.. >High school

. 0,81 0,05 19,01 0,11 0,66 0,00
diploma +2 years
Proportion of managers 0,90 -0,16 23,18 1,32 0,81 ,030
Proportion of manual workers -0,82 0,11 19,43 0,59 0,68 0,01
Average income 0,78 0,07 17,51 0,25 0,61 0,01
Unemployment rate -0,49 -0,69 6,83 23,12 0,24 0,48

Source :population census INSEE (1999).
Fields : Analysis in principal components effected on 183ns of lle-de-France region.

Table B-2. Descriptive statistics of types of towngsed for CAH.

Type | Type Il Type llI Type IV Total

Standard- Standard- Standard- Standard- Standard-
Variables Av. deviation Av. deviation Av. deviation Av. deviation Av. deviation
Proportion of families with
foreigner head 7,14 0,04 5,37 0,03 4,69 0,03 16,49 0,06 6,38 0,05
Proportion of single-parent
families 9,85 0,05 8,42 0,04 7,45 0,05 16,39 0,03 9 0,05
Proportion of pers. Low
qualified 14,34 0,04 23,22 0,03 26,54 0,04 21,16 0,03 22,99 0,05
Proportion of pers.. >High
school diplom+2 12,31 0,02 10,56 0,02 6,73 0,02 7,14 0,02 9,18 0,03
Proportion of managers 42,12 0,09 20,63 0,07 10,5 0,05 12,28 0,07 19,25 0,12
Proportion of manual workers 9,75 005 1851 0,05 3221 009 2759 007 2284 0,11
Average income 37417 13778 23487 3787 19944 3275 15545 2538 23394 8418
Unemployment rate 7,39 0,02 7,38 0,02 9,26 0,03 15,61 0,03 8,77 0,03
Number of towns 171 569 442 118 1300

Source :population census INSEE (1999).
Fields : Analysis in principal components effected on 183ns of lle-de-France region.
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