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Abstract

This paper examines the effectiveness of active labour market policies (ALMPs) in
improving labour market outcomes, especially of low-skilled individuals. The empirical
analysis consists of an aggregate impact approach based on a pooled cross country and time-
series database for 31 advanced countries during the period 1985-2010. A novelty of the
paper is that it includes aspects of the delivery system to see how the performance of
ALMPs is affected by different implementation characteristics. Among the notable results,
the paper finds that ALMPs matter at the aggregate level, both, in terms of reducing
unemployment, but also in terms of increasing employment and participation. Interestingly,
start-up incentives are more effective in reducing unemployment than other ALMPs. The
positive effects seem to be particularly beneficial for the low-skilled. In terms of
implementation, the paper finds that the most favourable aspect is the allocation of
resources to programme administration. Finally, a disruption of policy continuity is
associated with negative effects for all labour market variables analysed.
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1. Introduction

This paper examines the effectiveness of ALMPsmproving labour market outcomes, especially for-low
skilled individuals. Much has been written abowg #ifectiveness of activation measures based doatians
carried out using micro data, yet not enough abiwit effectiveness at the aggregate level. Thizaisicularly
true with regards to the role of ALMPs’ implemerdat characteristics in shaping their overall efecthis
paper aims to contribute to this debate throughggregate impact approach which is better placede@asure
both, the direct and indirect effects of ALMPsfitids that ALMPs matter at the aggregate level.ifing,
employment incentives, supported employment andctlijob creation measures show the most favourable
results, both in terms of reducing unemployment,diso in terms of increasing employment and pistton.
Spending in start-up incentives is more effectiveé boly in terms of reducing the unemployment rate.
Importantly, results show that ALMPs are more dffecfor the low skilled than for the overall poptibn. In
terms of implementation, the analysis finds tha thost favourable aspect is the allocation of ressuto
programme administration. Interestingly, the sizehe coefficients arising from policy and implentation
variables, once interactions are included is nabbehigher. This demonstrates that a correct implgation of

policies enhances their beneficial effect.

Since the 1990s there has been an increased awoeptathe developed world of the need for actbrati
measures to strengthen the link between sociaggtion, labour market policies and employment. Todaese
policies are widely regarded as an important todighting unemployment. As a result, expendituréALMPs

is sizeable in most advanced economies and costitmcrease. Success of ALMPs, however, has rest be
invariably positive. Although some empirical eviderexists that points to a positive effect on thebpbility of
finding employment (e.g. Layard et al. 2009; Graeerand van Ours, 2008; Lalive et al. 2005), tfeces tend
to be relatively small, making it unclear whethee positive outcomes are enough to compensat&dotdsts.
Moreover, a central concern that remains is whe#totivation measures are suitable to address laegar

matters such as skills and employability, espgcathong the least employable jobless individuals.

Importantly, most of what we know today in termstbé effectiveness of activation measures is based
evaluations carried out using micro data. A wethbished microeconomic literature exists todaytaneffects

of these policies and their design and deliveryesys at the individual level. The overall effectsAaMPs,
however, have been less documented. Macroeconowailtiagions of ALMPs have not been carried out
systematically yet, at least not taking into acd¢dmplementation characteristics. In fact, few coety@nsive
studies centred specifically on the effects of Aldvitave been carried out since the beginning oB@seand
they point to different results with regards to #fect of ALMPs on unemployment rates. While Layat al.
(1991) find that ALMPs have a negative effect ongiderm unemployment, the OECD (1993) argues that
results are not robust enough to be conclusive eMecently, Estevao (2003) found positive effe¢taldviPs

on the employment rate of the business sectorénl®90s but not in the late 1980s. Importantlydist in
which the effectiveness of ALMPs is linked to implentation aspects are even scarcer (Schmid 20411,
Calmfors, 1994; de Koning and van Nes, 1991). Ashsexisting knowledge on the aggregate effects of

activation measures and their design remains inasive.



This paper aims to contribute to this debate inliteeature. The analysis is done by ways of a pdaiross
country and time-series analysis based on 31 addaocuntries for which detailed annual data onedffit
ALMPs (focusing on those specifically targeteddwskilled individuals) exists for the period 192810. The
study contributes to the empirical evaluation divation policies beyond what it is already knowrfour ways:
First, the paper includes aspects of the delivgsyesn in the analysis to shed light on the rolemgflementation
characteristics in explaining differences in thefgenance of ALMPs between countries. Second, fbéaised

on the labour market outcomes of low-skilled indivdls that have been among the least researched
marginalized groups. Third, it provides an update¢hef aggregate assessment approach by extenditignthe
and country coverage of the datasélnally, the estimation includes specific econainetechniques (i.e.
instrumental variables) aimed to address the enddtyeproblem that has weakened many of the ALMP
analyses. As it is argued later in the paper, thesthods yielded stable results unveiling religdgmates of the

overall net effect of activation policies in thédar market.

2. Theoretical justification and transmission mechanims

From the theoretical point of view, the traditiopastification for ALMPs has been to reduce labouarket
imbalances and counteract rigidities and distortidigs comes from the recognition that governmeatsnot
address sustainably unemployment through demandcsixpaalone (Bellmann and Jackman, 1996a). ALMPs
are therefore needed, first, to facilitate the imiaig process between the supply and demand foutadmthat a
given number of job-seekers is associated with fexaeancies; second, to maintain the level of ¢éffedabour
supply by keeping the long-term unemployed androgineups of “outsiders” tight to the labour fordeayard
and Nickell, 1986; Layard et al. 1991); third, ffeat the demand for labour therefore increasingnin@ber of
available jobs (Pissarides, 1990); and fourth,dosb the productivity of the labour force, bothotigh the direct
effect of activation measures on programme paditig but also through general productivity incesas

associated with externalities.

The direction and magnitude of these effects wal@idend on the specific type of measure put in pexckits

target group (Appendix 1). In general:

* According to Keynesian theory, measures aimed t&ramme structural labour market imbalances (i.e.
employment incentives, job-search assistance, @ybb creation and certain other direct-job-craatio
measures such as those offering hiring credits)imenease the level of employment through an income
effect and a multiplier effect. However, these nuees can lead to displacement and substitutiorcisife
when jobs created for a particular category of wksupplant jobs for other categories (OECD, 1993;
Calmfors and Skedinger, 1995).

* In the case of placement services and all typgshsearch assistance, the benefits to the labauken
result from an increased effectiveness of searchri®l et al. 2001, Bellman and Jackman 1996b, OECD,
1993). Job-search assistance might also increaseuthber of vacancies because opening posts becomes
less costly for firms (Pissarides, 1990; Calmfonsl dang, 1995; OECD, 1993), which in turn would

expand labour demand. However, some economistscpradieduction in search efforts — and a raise in

! From around 20 to 25 years and from around 2@ tad¥anced economies.
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wage pressure — since government support may ratieciear of unemployment (Bellman and Jackman,
1996a; Calmfors and Skedinger, 1995).

Labour-supply-oriented measures (including trainimgrkers’ subsidies, supported employment and
rehabilitation and job rotation and job sharing swgas), are expected to have little, if any, immgacthe
level of unemployment (Schmid, 1996). Yet, thesasoees will potentially have a stronger impact los t
structure of unemployment by reducing skill bottigke and the vulnerability of groups that are more
exposed to risks in the labour market, such asitis&illed or long-term unemployed (OECD, 1993).sThi
would have a redistributive and reallocating effeicemployment opportunities. Search effectivernass
also be improved thanks to these policies, sincacgeating on training courses can provide a pesit
signal to potential employers, reducing uncertaatiput the employability of job applicants (Bellrmeamd
Jackman 1996b; Layard and Nickell, 1986; OECD, 1988)re generally, increases in productivity are
thought to have positive externalities that wouwdtcibute to general productivity increases (OECE93)
and to general technical progress of societiesnf@as and Skedinger, 1995). However, participandy m
also reduce their search efforts in the expectdtian the course culminates (i.e. lock-in effe@&gl{man
and Jackman 1996b). Moreover, labour demand caadueed if thescale effectesulting of an increase in
the marginal productivity of labour (i.e. that $hifabour demand upwards because a fall of théwelanit
cost of labour provides an incentive to expand dupywsing more efficient units of labour) is dowied

by the substitution effecfi.e. arising since one unit of product can be poed by less units of labour)
(Calmfors, 1994).

Specifically relevant for this paper, ALMPs thattis on marginal groups (long-term unemployed, low-
qualified individuals, etc.) can be especially effee. They could raise employability, compel the
unemployed to search harder for jobs and lead i@raeservation wages, which can stimulate labour
demand and facilitate employment (e.g. Bellman damkman 1996a). However, in the absence of specific
components aimed to raise employability, ALMPs daasult in wage moderation and even in an increase
in the number of working poor (e.g. Clasen and §le2006). In general, the weaker the affiliation of
targeted group to the labour market, the lessylikelould be for activation measures to affectirthe
employment prospects (Layard et al. 2009).

In general, in times of crisis, characterized byhhievels of unemployment and low unfilled vacaacie
given level of aggregate employment needs to banzd, which would reduce the effectiveness of
ALMPs. Given the lack of new available jobs, ALM&suld lead to substitution and displacement effects
Under these circumstances, a stricter targeting bmrustified economically by its potential to affe
specific groups even if the aggregate effects oMRIs are low. In this context, redistributing emptant
opportunities in favour of disadvantaged groupg.(kaw-skilled individuals) can be a way of enhamgi
the effectiveness of ALMPs (de Koning, 2001).

In terms of the methodologies available for assgs#iie impact of ALMPs at the aggregate level, sdve

models exist, which have evolved over time. Anaysased on the flow model approach are, by farybst

commonly exploited method to carry out researdhataggregate level in the field of activation pigls. These

models study the direct effects of ALMPs on thetfoin between labour supply and demand and theitiars

from unemployment to employment (de Koning, 200he oldest attempts to measure the impact of ALbHPS



the efficiency of the labour market were carriednirthe mid-60s all through the 70s and 80s. Theonegi
version of flow-model approach has been increagiagiplied during the last decati@oday, this approach
constitutes a well-established methodology to meathe net effect of labour market policies exclakivon the
matching process (given windfall, substitution adidplacement effects on outflows from unemployment)

(Bellmann and Jackman, 1996a).

Meanwhile, some few efforts were developed in #ite BOs and beginning of the 90s that presentedra m
general model to study the impact of ALMPs on a benof critical economic and labour market variable
(Layard and Nickell, 1986; OECD, 1993). This appitoallows capturing the impact of ALMPs on the
efficiency of the matching process and on the eizthe labour force, while also taking into consat®n its
indirect effects. The model is based on the assompghat ALMPs have the ability to: (i) enhance the
employability of labour supply, facilitating rectoient; and (ii) reduce frictions between labour @ypmnd
demand, boosting employment. Indirectly, employgbiincreases also influence wage levels, whichiraga
affects the labour market and the economy moredbyoAs such, this approach is capable of shedligig on
the direct impact of ALMPs, while also taking iriocount productivity and competition effects (inssdes.
outsiders), deadweight loss, and substitution, diogrout and lock-in effects (Bellman and Jackmi®96a;
Calmfors, 1994). No other approach allows captugngpirically the overall net effect of ALMPs on tiéde
labour market.

Empirically, however, evidence from internationahgparisons on the impact of ALMPs has been coresti
Historically, a major drawback encountered by th@ppnents of this cross-country approach is thetente of
a simultaneity bias (reverse causality), stemmiognfthe fact that although the scale of ALMP primns is
meant to affect the size of unemployment, unemptmncould also drive spending on ALMPs (e.g. if

governments base their expenditure decisions om#gnitude of the problem they wish to address).

During the 90s, the quest for addressing this severausality focused on defining a medium-termcgoli
reaction function that could realistically predpzlicy spending patterns of governments. Two cjeagposed
theoretical frameworks arose with regards to th&ué. The first one assumed that governments lihséd
decisions on a fix level of ALMP spending per unemypld person, which could vary slightly over time that
could not adjust fully with unemployment (Layard at, 1991). However, measuring ALMP spending per
unemployed person would result in an endogenedblpm. Thus, under this scenario, the suggestedicolto
address the simultaneity problem was to look atageunemployment rates and average levels of spgodi
ALMPs per unemployed person over the medium-tefrthd assumed policy-reaction function were a stiali
representation, the policy stance would indeed Xmgenous in the proposed scheme. The second tloabret
framework assumed that governments committed andiaetion of GDP to ALMP spending over the medium-
term, which did not adjust with the unemploymerier€@OECD, 1993). In this situation, ALMP spendingsw~

measured as a share of GDP, which authors sustalitedot have an endogeneity problem.

2 See, for example, Anxo et al. (2001) for a regi@ymregate impact analysis of ALMPs in France Smgden, carried out by
means of an augmented matching function. Schmad. €2001) carried out a similar analysis for Genpyawith special focus on
the long-term unemployed, and de Koning and Aré2€91) for the Netherlands. More recently, Hujerakbt(2009) used this
approach for Western Germany and Dauth et al. (2fotAustria.
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Importantly, different assumptions about governsigmblicy stance yielded different results with @eds to the
effect of ALMPs on unemployment rates. While Layatéal. (1991) found that ALMPs had a reducing dftec
long-term unemployment, the OECD (1993) argued tleatlts were not robust enough to be conclusive.
Unfortunately, it is still far from clear what arcect representation of the policy-reaction funci®and it might
well be the case that whatever the representatiomuld not be the same across countries. Consabtisis
problem and of the importance of addressing endeiiether efforts arose later, which tackled thsue
mainly through fixed-effect estimators and instrumaé variables (Calmfors and Skedinger, 1995; Biitarel
Prey, 1997; Schmid et al., 2001; Estevao, 26039)wever, given the incipient knowledge about eators
capable of dealing with reverse causality and methodtest the instruments’ strength and overidgntf

restrictions, it remained far from clear whethex @mdogeneity problem was actually addressed setbiidies.

As such, existing knowledge on the aggregate effettctivation measures remains inconclusive. Beieg
the understanding of the broader effects of ALMBshowever, all the more relevant today. First, ynan
advanced countries are under tight budgets an@ngilte mixed empirical evidence on the effectivenafs
ALMPs, spending on these policies is under carsfulitiny. Second, the last decade has seen antanpor
development of tools and methodologies to treatdeemrange of empirical problems. For instanceaaety of
econometric estimators, technical fixes and diatindssts exists today to treat the endogeneityeid&inally,
the availability of longer time series allows catiing better the sensitivity of policies to the mess cycle
(Schmid et al., 2001). As such, the potential faptaring the full effects of ALMPs and deepening th

understanding of their effectiveness has increaéte.

3. Empirical specification
3.1 Description of the model

Based on these new developments, the present isapeenewed effort to capture the overall effeftdLMPs
at a macroeconomic level. In order to assess héeetefe ALMPs are in improving labour market outcesn
especially for low-skilled individuals, this papeses a panel data model based on a structurali@guath the

following simple form:
LM = f(ALMP,IMPL,DC,STRUC,INST)

where,LM represents the selected labour market indicatockjding those relative to the low skilleALMP
denotes active labour market policy indicators BMBL, indicators relative to implementation charactersst
The remaining three groups of variables are caitfdC includes determinants of demand conditid®ERUC
the structure of the labour market (which influentiee speed of adjustment to structural changeroadéd and

supply shocks) anliNSTa range of institutional arrangements.

3 Bassanini and Duval (2006) and Scarpetta (1996) atmlyse the effects of ALMPs on unemployment f@mross-country
perspective but not as their main objective. Theirtral aim is to unveil the effects of institutidsettings on unemployment and
therefore they include ALMPs as a single varialslaan interaction.

* In fact, there are a number of studies that hameessfully used these techniques in internatiemairical analysis of labour
market policies other than ALMPs. Cahuc and Car¢@011), for example, used IV and GMM methods inirtlteoss-country
analysis of short time work arrangements during2®@8 recession to treat the endogeneity biasplhgtied their results. Both IV
and GMM methods yielded stable results, succegstolirecting the endogeneity bias. In a similadgt(using somewhat different
estimation strategies), Hijzen and Martin (2013jrads the problem of endogeneity through the usa afistrumental variable for
short-time work based on the number of years fdclwha scheme has been in existence.
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The analysis consists of an aggregate impact apprioased on a pooled cross-country and time-sgaiebase
for 31 advanced countries with yearly informatiamridg the period 1985-2010. The long time seri¢snal

increasing the number of observations and providimegter statistical power.

3.2 Selection of variables and hypotheses

Dependant variables

Seven indicators were selected as dependant vesiabhe first three measure labour market outcarhdise
overall population and include the unemploymere,riie employment-to-population ratio and the lalfotce
participation rate (LFPR). The first indicator all® measuring the effects of ALMPs on the long-tégwel of
the unemployment rate, but will not say much abduttiver its reduction is accompanied by higher eympént
or higher inactivity. To get the complete pictutiee participation rate is taken into account teeasghe impact
of policies in bringing people back to the labouarket and the employment rate to evaluate theecefin

bringing people back to employment.

Regarding the specific effects of policies on labmarket outcomes of low-skilled individuals, ashwihe first
model, | use the unemployment, employment and labmge participation rates of low-skilled individis as
dependant variables. In addition, | include thereshat low-skilled unemployed individuals as a patege of
total unemployment to take into account the effeétpolicies on the “structuralization” of lack ekills in the
labour market (Schmid et al., 2001). This is basadthe assumption that the higher the concentraifon
unemployment on the low-skilled, the higher thel nwage rigidity and the higher the persistence loé t
unemployment rate — i.e. wages at the lower endhatrélexible due to labour institutions in placedharge of
protecting low-wage incomes (Nickell and Bell, 1R9This last equation would test whether ALMPs are
providing incentives to workers for acquiring nelills or to enterprises for enhancing the demandidiv-

skilled labour.

Policy intervention

As discussed above, a correct representation opaofiey stance of governments — on which base lit ba
anchored the definition of the policy variable -the first fundamental step to tackle the endodgmebblem
that is so common in policy analyses. | assuméiis gaper that the medium-term policy reaction fiomcof
governments regarding ALMP spending is based dredl flevel of expenditure per unemployed individual
which could be somewhat adjusted based on a cydaraponent (Layard et al., 1991). This would imply
positive correlation between total ALMP spending anemployment but a negative correlation betwekeMR
spending per unemployed individual and unemploymetich is in fact the case for the panel of caestr

analysed in this paper.

Following this policy stance, the policy intervemti measure computed for the analysis is definedeak
expenditure on ALMPs per unemployed person (Heyl®93; Bellmann and Jackman, 1998nportantly,

different policies can produce different effectpeieding on their objective, design and populatiamgeted

5 The ratio of government expenditure in ALMPs to®Bas also been used in the past as discussed @B@D, 1993). In this
paper, this definition does not seem to representorrect policy stance of governments since insample of countries the ratio
of ALMPs to GDP does not remain constant over tithéeclines even when considering periods of eataagrowth only.
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(Appendix 1). To take account of these differerfe@s, total ALMP spending was broken down in three

different categories, which are explained in deta$ection 4.

Implementation
Moreover, it can be expected that the design amdeimentation of ALMPs will shape their overall affe
Indeed, the benefits of policies can be reducedanrcelled if they are badly targeted and implentgnte

regardless of the expected positive effects anddgnitude of resources allocated (de Koning, 1993)

With this in mind, three different aspects of impkntation have been included in the analysis. ,Riisclude
the magnitude of resources allocated to the impheatien of policies (proxied by public expendituoa
programme administration, PES). It is to be expkth@t policies will be more effective in countrigmt have
higher spending on programme administration permph@yed individual, since that would imply that
programmes are better resourced and that theiméstnaition is better equipped to deliver employnesvices

efficiently.

In addition, continuity and timing of implementatibave been included in the analysis. Continuitjtens since
large fluctuations in public spending (i.e. excegdcyclical swings) are likely to compromise thabslity

needed for implementation, which would be detrirabimt terms of effectiveness (Schmid, 1996). Thartg is
important too and higher effectiveness could beeetgul from policies that are implemented in a cenaytlical
manner (i.e. spending on ALMPs that runs in oppaditection of the economic trend and parallelliarges in

the unemployment rate).

Demand conditions

Moreover, it is assumed in the literature thatdkierall and low-skilled unemployment rates are wheiieed by
demand conditions, which | illustrate in the papgrthe growth rate of GDP. It is expected that rasreasing
demand should reduce the level of unemployment t@aat slow down its growth, although the effeeymot

be immediate.

Structure of the labour market

The structure of national labour markets is tak#n account as well since it can influence striadtohanges
and the speed of adjustment to shocks. Two chaistate of the labour market are especially intengsfor this

analysis. First, | include the concentration of plogulation on a particular skill level, measurgctioe share of
the population with tertiary education. It can Issuaned that the higher the concentration of thie-blgjled, the

easier it would be for policies to be effectivecgirhighly educated individuals have more probédidlito find a
job. Moreover, | include the middle- and high-sddll unemployment rates to control for the effectdacfe

unemployment differences across skill grofips.

Institutional arrangements

Controls for differences in institutional arrangen®ethat can affect wage bargaining and macroecinom

performance were also included in the estimationiot) density (the proportion of workforce unionizad)

5 However, results were not robust when both ram®wsed in the analysis, thus the middle-skilleenployment rate was
dropped to avoid the presence of multicollinearity.



included to control for insider power in wage bangay, which may push wages upwards at a cost weto
employment especially for groups whose labour sujgpmore elastic (e.g. low-skilled workers) (Layaat al.
2009). Moreover, the OECD index for the strictnes&PL for the layoff of temporary workers was undéd.
Temporary layoff regulation can reduce search #tffecess of the unemployed since workers who lbsé t
jobs can be recalled, with detrimental consequemceshe level of employment (Bellmann and Jackman,
1996Db).

Pure control variables

Finally, EU countries have a relatively integratalour market due to a relative freedom in the muouet of
workers. To control for this special feature of teropean labour market, a dummy variable was atideadg

the value of 1 for countries that are members @fEhropean Union.

3.3 Empirical strategy

Seven different models were estimated to measweettectiveness of ALMPs. The first three measte t
effects of ALMPs on labour market outcomes of tierall population and the other four the effectstioa
specific target group of this analysis, the lowlski” For each specification, fixed effects, random effeand
pooled ordinary least squares (OLS) models wergnatdd. The suitability of the random- or fixedesffs
specification was examined by the Hausman testcdriain cases (employment rate, LFPR, low-skilled
employment rate and low-skilled LFPR) a correlatiérthe entities’ error terms with the regressors feand,

which invalidated the use of random effects. Firfféct models were used in these four cases.

Moreover, serial correlation is usually expectednacro panels with long time series like the onedus this
paper, especially as a result of omitting varialies change gradually over time (Lusinyan and Bmn2007). |
use the Lagrange-Multiplier test (Wooldridge, 20@#ukker, 2003) and the Arellano-Bond post-estiomati
technique (abar) (Roodman, 2006) to test for sepalelation in the idiosyncratic error terms. lhaases the
null hypothesis was rejected, concluding that the daffered from first order autocorrelation. Iisthontext,
OLS, random- and fixed-effects models are biaseloarinconsistent, since they underestimate stahdaprs
of the coefficients. To account for this, an addiil estimator was used in all specifications: asifde
generalized least squares model (GLS) fitted forepaata. This estimator allows for the assessrimeiite
presence of AR1 autocorrelation within panels, sectional correlation and heteroskedasticity scpanels.
Results of the pooled ordinary least squares m@le$), GLS (either fixed- or random-effects), ar@LfS with

ARL1 correction are detailed in columns 1, 2 anck8pectively, of the tables presented in Appendix 5

In addition, as discussed above, given the spatific of the models and the shape of the policiabées, it can
be expected that the different estimations wilfesufrom reverse causality. Indeed, it is not oAlyMPs that
affect unemployment but it may also be the casedhanges in unemployment could influence expenrglito
ALMPs. In this event, it has been widely demonstiahat coefficients estimated through OLS and Glight

be inconsistent and biased. Some authors havewligalthis problem by either normalizing ALMPs tdizged

" The augmented Dickey-Fuller test was used to obfar the non-stationarity of dependent variablesall cases (but one) the
tests rejected the null hypotheses of non-statitynatr 1 and 5 per cent levels. The exception wasvariableshare of low-skilled
unemployed individual&hich did not pass the test and can be there&menaed to be non-stationary.
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fraction of GDP over the medium-term or by usingiroy-specific averages of ALMP expenditures over t
period analysed. Neither solution is optimal in wigw: the former assumes a policy stance that isarairrect
representation of reality (at least in the panet@intries used for this study, as discussed almwt)Xhe latter
eliminates the time varying property of the vargbbf analysis, something that seems incorrechgithie long
period studied. To address the specification pralaused by endogeneity and take account of tiseipce of
heteroskedasticity, a final estimation was caroed instrumenting (i.e. finding variables correthteith the
endogenous variables, but not correlated with tiher éerm) policy variables through a 2-stage lestgiares
(2SLS) estimator. The complete discussion of tetimation and the tests and options used are dieduis

section 5.3 and presented in Appendix 6.

4. Data and descriptive statistics

4.1 Construction of the database

The variables used in the analysis draw from dfféisources of information. The exact definitiond aources
can be found in Appendix 2. Labour market varialfgaployment, unemployment, labour force and working
age populatioh for the overall population for the 31 countriegalysed in this paper were collected from the

Labour Force Survey dataset of OEED.

The low-skilled unemployment raendemployment-to-population ratidraw from the Eurostat database for the
23 European countries for which information is &lzle in this dataset. To draw information for the-skilled
unemployment rate of the remaining countries, Hu&®© databasédor Australia, Canada, Israel, Mexico and
the United States; and national sources for Japamea and New Zealand. Regarding the low-skilled
employment rate, | used OECD Education at Glancieatols (2004—2012) to gather information for Aak#,
Israel and Mexico, and national sources for Canddpan, Korea, New Zealand and the United States. T
LFPRwas calculated on the basis of the unemploymentamgoyment rates. Finally, the share of low-skilled
unemployed individuals as a percentage of totalmpieyment was gathered from the World Bank World
Development Indicators database, which containgrmimdition for the whole sample of countries, altHoumgt

for all years — e.g. the latest year for which infation is available is 2008.

Skill level is measured by the level of educatiomdainment as defined by the International Stashdar
Classification of Education (ISCED) (UNESCO, 199As such, the low-skilled in this paper include
individuals with pre-primary, primary and lower sedary education (levels 0-2 of ISCED); the midskdled
those with upper secondary and post-secondary ertinry education (levels 3-4); and the high-sKilkhose
that have finalized tertiary education (levels 5-H)e definition of the variable in countries whaméormation
was gathered from national sources varies slighilyJapan, low-skilled individuals are those withingary
school, junior or senior high school; middle-sldllthose with junior college; and high-skilled inidivals that
have coursed college or university, including getdischool. In Korea, low-skilled are middle-schg@duates

and below, middle-skilled are high school graduated high-skilled are college and university gradsaln

8 All variables obtained from OECD were gathered fOECD.Stat, which is an online repository of datd aretadata for OECD
countries and selected non-member economies.

9 KILM (Key Indicators of the Labour Market) and IL&xat.
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New Zealand, low-skilled are individuals with ndheol qualification, middle-skilled those with eithgchool
qualification or post school but no school quadifion and high-skilled those with post school antosl
qualification. Finally, the low skilled category @anada and the United States includes individuéls mo

schooling and persons who received some schoolindithtot obtain a secondary or high-school diploma

Policy intervention variables derive from OECD Emphent Outlook databases. Policy categories uséusn

paper thus follow the OECD classification and ddifimis. These categories include:

e Training: Consists of targeted training programmes inclgdimstitutional, workplace and integrated
training and special support for apprenticeships.

» Job rotation and job sharingncludes measures that promote the full substitudf an employee by an
individual (unemployed or not) from another targebup for a fixed period. Job sharing schemes
include all measures that encourage the partialtisutizn of employees by an individual (unemployed
or not) from another target group.

* Employment incentivetncludes recruitment and employment maintenancerntives.

» Supported employment and rehabilitaticBonsists of subsidies for the hiring of individualith a
long-term or permanently reduced capacity to warld for the vocational rehabilitation of peoplehwit
a reduced working capacity.

» Direct job creation:Includes measures aimed to create additionalffmbthe long-term unemployed or
individuals otherwise difficult to place. Jobs demhare usually of community benefit and are uguall
located in the public or non-profit sectors. THissld not include support for lifetime protectedrivin
a non-productive environment.

» Start-up incentivesincludes measures that encourage entreprenewasiopg unemployed and other
target groups.

Measures included in the analysis are restrictet@rgeted policies. This excludes measures thagamerally
available such as in-work benefits for all emplayaehose income fall below a threshold, or trainamg
apprenticeship programmes that are generally dlaita employed adults or youth. Appendix 3 illagés how

country-specific policies fit the ALMP categoriessdabed above.

For each category, the variable computed was défiseeal expenditure per unemployed person, failpwhe
policy stance analysis discussed above. For corfliyaacross countries, expenditures were condette
international dollars using purchasing power parfBPP) exchange rates. In order to deal with the
multicollinearity arising between policy variables,cluster was computegdlicy clustef bringing together

training, employment incentives, supported emplaynaad rehabilitation, and direct job creation piels.

One of the novelties of the analysis presentetighgaper is the inclusion of implementation-redatariables in
the analysis of the effectiveness of ALMPs. Thregfggmance indicators were constructed capturirrgeth
different dimensions of implementaticailocation of resources to the implementation dfgies, continuity and

timing in the implementation of programmes. Theatfidimension is measured by the overall expendibure
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programme administratidhas a percentage of total expenditure in ALMPsoBecfollowing Schmid (1996),
continuity in the implementation of programmes is measurethbydynamics of ALMP expenditure, i.e. large
annual variation in spending (fluctuations thatemda cyclical swings) would be the antithesis ofticity in
implementation. This variation was captured by tliference between the fluctuations (measured by the
standard deviation) in real GDP growth and the gnosaite of ALMP spending. Third, as explained abdke
variabletiming measures whether policies are implemented in atearyclical or pro-cyclical manner (Schmid,
1996). To assess this, the regression coefficiegttween ALMP spending and both output and unempdoym
were calculated. A dummy variable was then cretgkithg the value of 1 if expenditure on ALMPs rarailel

to changes in the unemployment rate and counteredomomic trend (i.e. policies that were implemédnte

counter-cyclically) and O otherwise.

Regarding thedemand conditionyariable, GDP was drawn from the National Accousgstion of OECD
Economic Outlook dataset. In addition, as explaiabdve, two aspects of the labour market are ieclum
control for the structure of the labour markettki@share of the population with tertiary educatismas gathered
from the World Bank World Development Indicatorgatmse; (iijthe middle- and high-skilled unemployment
rates follow the same sources used for the low-skillatbraployment rates. Finally, the two institutional
arrangement variables (i.e. union density andteg&s of employment protection for temporary emplent)
are drawn, respectively, from the ICTW&&nd EPL databases of the OECD. EPL is measur&tetsjon 1 of
the indicator given that it contains annual infotiora since 1985 (although this version does nabriperate all

the data items included in Version3).

The analysis is based on data for 31 OECD countries the 25-year period 1985—-2010, which yieldstal of
806 observations. Yet, information is not usualixaitable for all countries for every year so mostttoe
regressions are based on a smaller data set. Borpéx, the number of countries is reduced to 27nwigng
the FGLS estimator with correction for first-ordmutocorrelation (i.e. the preferred specificatiope to the
unavailability of information abouunion densityand EPL for temporary workersfor Israel, Estonia,

Luxembourg and Slovenia.

4.2 Evolution of ALMPs

Since the 1990s there has been a growing intemeattivation measures. Today, expenditure in ALNH’s
sizeable in most advanced economies and contimuggtease. Between 2004 and 2009, ALMP expenditure
grew continuously at an average annual rate opbr8cent, reaching an accumulated growth of 32r&cpet
and a total spending of US$176.5 billion (PPP)he five years to 2009. Only in 2010, this expansi@s
interrupted and ALMP spending fell by close to per cent (Figure 1).

19 \Which is defined by governments’ expenditure imlRUEmployment Services and includes: (i) pubkpenditure in placement
and related services, (ii) benefit administratiang (iii) other services and activities, includingth, the budget of institutions that
manage placement and related services and ALMPslbatthe budget of institutions that administeemployment and early
retirement benefits. It is important to note thatsome countries the share of expenditure in PE®smonding to the latter two
subcategories might be significant. For examplegiBet, Italy, New Zealand and the United States res@nificant share of (ii)

in their total PES. Moreover, Canada, Czech RepubBliance, Mexico, Poland, Portugal, Slovak Republid 8pain, have a

significant portion of (iii); and in Ireland the rof both categories represents the biggest share.

1 visser (2011).

2 This is, item 16 (authorisation and reporting feements for TWAs) and 17 (equal treatment for TVWorkers)
(www.oecd.org/employment/protectipn
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ALMP spending per unemployed individual has alsoeased in a sustained manner — by an accumul&téd 2
per cent between 2004 and 2008. In 2009 and 2@l@eVer, this upward trend ended abruptly due taitfeein

the number of unemployed as a consequence ofigig. cr

Figure 1. Evolution of total expenditure on ALMPs,2004-2010
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In terms of the distribution of expenditure by typé policy, an important share of spending on ALMPs
(excluding PES and administration) remained comagd in training measures, which represented ¢to$®
per cent of the total in 2010 (Figure 2). Spendimg@mployment incentives, direct job creation angported
employment and rehabilitation measures also reptedegprominent shares with 22.2, 16.8 and 15.7cpat,
respectively. Meanwhile, the share of expenditarstart-up incentives was much lower — at 6.2 pet of total
expenditure — and that of job rotation and job istyggprogrammes was negligible. Relative to 2004, different
types of policies have maintained their relativepdmiance, with minor exceptions. For example, allsma
decrease in the share of spending in supportedogmpht and rehabilitation measures seems to haea giay

to an increase in spending in direct job creation.

The overall growth in expenditure on ALMPs durihg fperiod 2004—-2010 was driven by training, inespita
decrease in its share in 2010. It accounted fortling of the total increase in ALMP spending (exthg PES
and administration) during the period. Employmemtentives and direct-job-creation measures aresé¢hend
and third sources of growth in ALMP expenditurecamting for around 27 and 24.5 per cent of thaltot
increase, respectively. Conversely, spending in adeg employment and rehabilitation fell during feriod,

thus its contribution to growth only accounted 7or per cent.

In sum, training continues to be the preferred toblgovernments to address labour market problems i
advanced countries. Meanwhile, employment incestialed direct-job-creation measures have become more
prominent. The remaining of this section will tegbether targeting spending towards these prioriticies

would be the most effective way to address laboanket challenges and imbalances.
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Figure 2. Share of the expenditure by type of ALMAn 2004 and 2010 and in the
change between 2004-2010 (percentages of total ALMRpenditure*)
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4.3 Descriptive statistics

A summary of basic descriptive statistics of theialdles used in the analysis are presented in Appehd
Importantly, as shown by the pairwise correlatiomsplementation variables are closely related tdicpo
intervention ones. This is to be expected sinceetifiect of policy interventions depends on the iyabf
implementation. To avoid a misspecification arisingm the omission of these relationships, a numifer
interaction terms were tested through individual oint tests for the non-significance of interanog terms.
Three interactions proved significant indicatingeythshould be added to the model to ensure a correct
specification:cluster * PES allocationcluster * timing cluster * continuity"® Finally, an additional interaction
term was added between the varialilgsleandtiming to capture the fact that countercyclical policiegsynbe

more or less effective depending on the momerti@etonomic cycle

13 Omitting relevant interaction terms would consirgtie partial derivatives of bofolicy Clusterand the three implementation
variables to be constant rather than varying, eg Would be for the equation including the intei@acterms (Baum, 2006, p. 125).
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5. Econometric results

5.1 Description of results

Tables 1, 2, 3 and 4 below report the effects oMiRIs expenditures on thenemploymentmploymenand
labour force participation rate§LFPR) of the overall and low-skilled populatiomdaon theshare of low-skilled
unemployed individualsAll models presented in these tables report tesestimated by FGLS with AR1
correction, which is the preferred specificationr Each parameter, interactions were added ona@dyoocheck
whether results change with each addition. Thiswall flagging the size of variations due to the us@n of

interaction terms, which in most cases are coedlatith the underlying explanatory variabtés.

Effects on the unemployment rate

Estimates relative to the unemployment rate aregmied in Table 1. Results show that ploécy cluster(i.e.
public expenditure in training, employment inceatiy supported employment and rehabilitation anectiob
creation measures) has a significant negative teffie¢he total unemployment rate and the unemploymrate
of the low-skilled. The effect of start-up incems/on the unemployment rates of both groups is redgative
and significant. Finally, job rotation and job shgr has a negative but non-significant effect oe th
unemployment rate of these groups, which mightueetd the fact that expenditure in these policsesmall in
relative terms. Interestingly, in general, ALMPgseto be more effective in reducing the unemploymatet of

the low skilled than that of the overall population.

These findings are consistent with empirical evéms carried out using micro data, which suggkeat job-
search assistance and classroom and on-the-jolintyaare especially effective (Card et al., 201 et al.,
2008). In fact, job-search assistance appears todye effective than training in the short termilgthin the
medium term the effect of training tends to inceedge to gains to human capital (Card et al., 2Blbdz et al.,
2006). Subsidized employment programmes can alseffeetive, sometimes even exceeding the effects of

training (Kluve, 2010), but this is not systemalticéhe case in the literature.

Importantly, implementation seems to matter tooisiRg theshare of PES in total ALMP expenditunas a
reducing effect on the unemployment rate of botlputetion groups, although this effect is signifidgnt
different from zero only in the case of the overalemployment rate. This finding supports the casiohs
from a number of micro-econometric studies caroed in OECD countries that show consistently pesiti
outcomes from investing in PES (Martin and Grub80D). The variabldiming, which measures whether
policies are implemented in a countercyclical aygyclical manner, matters too, implying that couryelical
policies (iming=1) have an unemployment reducing effect. Findhg, effect of policycontinuityis significant
only in the case of the low-skilled and has a negatffect as well but only once tlegcle-timinginteraction is

included.

The interaction ofiming with thepolicy clusteris also significant and has a positive effectt@unemployment

14Note that the analysis is based on 27 countriesellsvas dropped from all regressions due to totalailability of information
about union density. Estonia and Luxembourg weoppled because not enough temporal information asladole on EPL for
temporary workers to carry out the analysis. Thaesaccurred with Slovenia but with two variablesiom density and EPL for
temporary workers. This is relevant for all equasipresented in tables 1, 2, 3 and 4.
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rate of both population group3lt suggests that when policies are implemented ountercyclical manner
(timing=1), the unemployment reducing effect of the potityster is lower? This implies that policies that are
implemented procyclically have a stronger unempleynreducing effect during booms but also a stronge
unemployment enhancing effect during crises. Thisfibns the argument in favour of policy continuityat
advises investing in ALMPs during booms when resesirare available but also during crises when the
unemployed need that support the most. This arguieexiso confirmed by theycletiming interaction, which

is also significant for the low-skilled. It showkat when policies are implemented countercyclicathe
elasticity of the unemployment rate to the cycléoiser. Finally, the interaction between tbelicy clusterand
theshare of PESs also significant for the low-skilled group, aeibonly at the 10 per cent level. It shows that th
unemployment reducing effect of tpelicy clusterbecomes stronger as more ALMP resources are dktote
PES and administratior.

Interestingly, the size of the coefficients arisingm policy and implementation variables once rattions are
included is noticeably higher. This demonstrates ¢haorrect implementation of policies (e.g. namedyht

timing and theallocation of resources to PE8nhances the unemployment reducing effect opdtiey cluster

Other control variables — such as of union dengftg, share of the population with tertiary educatithre
strictness of employment protection for temporaoykers and the unemployment rate of low-skilledvithials
— also show significant effects. As explained abwvenore detail, these variables have been includettie
analysis to control for the structure of the nagldabour markets (which may affect the speed gisiohent to
shocks) and for differences in institutional arrangats (that can affect wage bargaining and macrmenic
performance). Their coefficients will not be analgsin this paper since their individual effects éae least

partly) already taken up by the other explanatanyables'®

Effects on the employment rate

Table 2 presents the results of the employmentasttmations of the two population groups. By aarge, these
findings show the mirror image of the unemploymeneé’s results. Thpolicy clusterhas a significant positive
effect on the employment rate of the overall and-$tvlled populations. The effect of start-up in¢ess is also
positive but this time is only significant for tlowerall population. Job rotation and job sharing hgain a
negative but non-significant effect on both emplewtrates. Finally, in line with previous resultd, MPs seem

to be more effective in boosting the employmer# wdtthe low skilled.

Likewise, the impact of implementation variableswh the mirror image of unemployment rate estimatiém

15 The graphic interpretation of the different inttran effects of all estimations is available upequest and in Table 2 of the
Extended Appendix.

18 Given the equation of the interaction effect: zne + bl cluster + b2 (cluster*timing) + b3 timirge, the effect of the
interaction term when timing=1 is given by unr = (b b2)*cluster + b3 and the effect of the intei@ttterm when timing=0 is
given by unr = b1*cluster.

171t is important to note that although thelicy cluster*PES allocatiomndcycle*timinginteractions are non-significant for the
overall unemployment rate, they have been includebe specification given the results of the jaidt of interaction coefficients
in favour of their inclusion (i.e. interaction tesrare jointly significant). In this circumstancemésspecification would occur when
considering a reduced version of the model withibese interactions (Baum, 2006).

18 |n particular, these control variables show sigaiit results when used as explanatory variabléseofwo main policy variables
policy clusterandstart-up incentivesThese results are available upon request andbiteT of the Extended Appendix.
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increasedllocation of resources towards PHBr example, has a positive effect on the empleytmate of both
population groups but this effect is significanlijferent from zero only in the case of the oveppulation’s
employment rate. Moreover, the effect of polomntinuityis positive and significant for both populatiorogps
suggesting that ALMP spending stability would havboosting effect on the employment rates of theraly

and low-skilled populations.

The interaction term between tpelicy clusterand the allocation of resources to PES is alsoifgignt in the
case of the low-skilled and is positively corretht€he analysis of this interaction illustratest th& more ALMP
resources are allocated towards PES and admimsirdhe favourable effect of th@olicy clusteron the low-
skilled employment rate becomes stronger. In amfditivhether policies are implemented in a countdical or
procyclical manner also influences the magnitudénhefeffect of thepolicy clusteron the employment rate of
both population groups (i.e. interaction term be&mpolicy clusterandtiming). This interaction term has a
negative significant effect on the employment maftdooth population groups, implying that when piglicare
implemented in a countercyclical manngm{ng=1), the employment enhancing effect of thaicy clusteris
lower. The interpretation of these effects reméiressame as in the case of the unemployment raie effect is
again confirmed by theycle-timinginteraction, which is significant only for the @a# population. It suggests

that when policies are implemented countercyclcdltie elasticity of the employment rate to theleys lower.

Effects on the labour force participation rate (LRP

Likewise, ALMP intervention has significant effedts the LFPR of the overall and low-skilled popidas.
Table 3 presents these parameter estimatespdliey clustervariable is positively and significantly correldte

with the LFPR of both population groups, albeityoai the 10 per cent level for the low-skilled.

Implementation variables also have some level gifiicance. Policycontinuity has a positive and significant
effect on both participation rates. Moreover, iBsiag theallocation of resources towards PHE@&s a positive
effect on the LFPR of both population groups bu ffect is significantly different from zero orily the case

of the overall population.

The interaction term between tpelicy clusterand theallocation of resources to PES also significant in the
case of the low-skilled participation rate and @sipively correlated. As it was the case with thev-skilled
employment and unemployment rates, the analysisi@interaction’s parameter illustrates that ase®LMP
resources are devoted to PES and administratiorfattoeirable effect of theolicy clusteron the low-skilled
participation rate becomes stronger. Similarly, thester-timinginteraction is significant only for the low
skilled and has a negative effect, in line with tbe-skilled employment rate’s findings. The an@yand
interpretation of this effect is the same as in¢hse of the employment and unemployment ratesliyitiae

effect of ALMPs is enhanced when interactions aotuided in the analysfg.

Effect on the share of low-skilled unemployed iioldials

Table 4 presents the parameter estimates forsiiage of low-skilled unemployed individuaiowing that

19t is important to note, that in the case of th&R of the overall population individual and joiests for the non-significance of
interactions terms could not be rejected so adlraxttions were dropped from the equation.
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ALMPs have also the potential for reducing the tigga'structuralization” of unemployment on weakgoups
of the labour market, in this case the low-skill¥et, unlike the other models, only tpelicy clusterand the

timing of the intervention show significant results, riagain both cases.

A note of caution is in order regarding the robasmof this last model since results did not alweld across
the different estimations, mainly in the case dinestions that did not include country dummies.sTimight be
explained by the fact that the structure of uneymplent is particularly heterogeneous across cowmt@euntry
dummies were thus included in the OLS and FGLS (d®timations to account for the unexplained cqututy

country variation. Adding country dummies, howevaas the risk of saturating the model, as it casden by

the size of variance in model (1).

5.2 Interpretation of results

To provide an interpretation of the magnitude & #ifects discussed above, | use the coefficiemtghe first
columns of tables 1 to 4 (which show effects ofqyoVariables before adding the interactions) agsomr some
calculations. According to the results, increasamgadditional standard deviation in thelicy cluster(US$4.8
thousand [PPP] per unemployed) would reduce theaiuenemployment rate by around 2 percentage point
and the low-skilled unemployment rate by close foeBcentage points. Importantly, the effect wouldniere
important for the low-skilled since this increase spending would be accompanied by a decreasebof 1.
percentage points in the share of low-skilled uneygd individuals (in total unemployment). In termof
employment, raising one standard deviation the mdiere on these policies would boost the overall
employment rate by around 2.1 percentage pointgtemeémployment rate of the low-skilled by 2.7 pertage
points. Finally, this would be associated with acréase in the LFPR of the two groups by 1.6 and 1.7
percentage points, respectively. Importantly, inegal, ALMPs seem to be more effective in improvialgour
market outcomes of the low skilled. This seemsitivly correct, first, because most policies aaegeted
towards this more disadvantaged group; and sedm@muduse higher-skilled individuals are expecteoetdetter
equipped to find jobs by themselves and so politéegeted to them appear less effective due a paltent

deadweight loss.

The effect of start-up incentives is also non-rgghle, albeit less significant in the case of tbe Iskilled. An
increase by one standard deviation (US$140 [PPPJupemployment) in expenditure allocated to start-up
incentives would be accompanied by a 0.43 and peB@entage points decrease in the unemploymerst oéte
the overall and low-skilled populations, respedyivén terms of employment, this increase in spegdvould

raise the employment rate of the overall populatipi®.29 percentages points.

Importantly, as shown above, implementation hae algnificant effects. For example, an increaseohg
percentage point in the share of PES (in total AL&Penditure) would be associated with a decrea$e30
percentage points in the overall unemployment ratel an increase by 4.2 and 3.5 percentage pairttsei
overall employment and participation rates, respelst Moreover, a disruption of policy continuitis
associated with a reduction of 0.17 and 0.14 péagenpoints in the overall and low-skilled employineates,
respectively. It would also affect negatively thee@ll and low-skilled labour force participatioates by 0.11

and 0.16 percentage points, respectively.
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The size of effects arising from policy and impleradion variables, once interactions are includedigher.
This means that the interaction of the cluster dicjgs with the right implementation measures (agmely
right timing of policies and the share of PES spegdenhances their unemployment reducing effebesé
effects can be attributed to the benefits of irdlialised service delivery in the case of more garejob search
conditions (Gaure et al. 2012; Kluve, 2010), whslentinuity in implementation can generate mutuaktr
between labour market actors and employment seragencies. Moreover, some of the implementation

variables become significant only once these iotemas are in place.

In more detall, these results suggest that a cpwvith a 10 per cent rate of unemployment (suckrasce or
the United States in 2010) would need to spendnakrduS$25,000 (PPP) in policy cluster-type meastoes
every fewer unemployed — i.e. reducing 0.4 for gv&r unemployed would cost US$10,000 (PPP) in atrpu
with an unemployment rate of 10 per cent. Followihg same logic, this same country would need emdp
around US$3,300 (PPP) in start-up incentives fergfewer unemployed. According to thigart-up incentives
would be more effective in reducing unemploymentttize policy cluster This finding is in line with results
from micro-econometric analyses showing that gtprincentives are associated with a “double diveief
subsidized firms create more jobs in the futureli@do and Kinn, 2013; Schmid, 2013). Unfortunately
countries usually spend less on start-up incentivepart because it is commonly believed that éhgalicies
benefit more the higher skilled who also need @mgernment assistance. This lower expenditure wmddn
that attaining efficient levels of spending per mpéoyed individual would probably be more challengi
France, for example, would need to raise its experaliper unemployed individual — relative to its @01
expenditure — by over 270 and 565 per cent, resedgctin thecluster of policiesandstart-up incentivesf the
country is to attain the necessary levels for tipedieies to be the most effective. Importantlycagnition of the
benefits of supporting new entrepreneurs has isegeadrance and the United Kingdom, for examplee meew
start-up incentives in place following the 2007 remmic crisis (NACRE and Start Up Loans Scheme,
respectively), which focus on offering longer-terfmancial, mentoring and follow-up assistance to

entrepreneurs looking to start or rescue a business

To put these numbers in perspective, one could canpa efficient levels of spending in ALMPs presehn
above with costs for alternative options governmembuld have for supporting unemployed individu&er
example, the annual median labour cost per employ&eance in 2010 was around US$38,500 (PPP),hwhic
would suggest that spending in ALMPs would be hmtbnomically and socially more efficient than havihg
government employ these people directly. Moreokeeping these unemployed individuals attached ¢o th
benefit system has also costs for the governmenfargbciety as a whole. Specifically for Franae2D10 the
cost for socie§ of having one unemployed under the out-of-worknteiance and support income was around
US$12,800 (PPP) per participant. In addition, theegament spent over US$7,300 (PPP) per participant

2010 in income support measures, principally for tiiemployed that had exhausted their entitlement to

2 This mainly includes the cost of the unemploymigisurance system, but also the 50 per cent of pleeial employment
assistance programme (AEPE) bared by the unemplatyimgurance system; and the 40 per cent spedifidasity allowance and
pension equivalent allowance financed by the sdtilaontributions of State employees (Author’satédtions based on Eurostat,
2013b).
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unemployment benefife.Importantly, the longer individuals are unemployke less likely it is for them to find
jobs without assistance. As such, activation messwill be nevertheless needed to facilitate tigrmeto work

of these long-term unemployed individuals.

The story is different, however, for a country wah20 per cent unemployment rate such as Spaithisn
country, the necessary expenditureluster policiedo reduce by one the number of unemployed wouldves
US$50,000 (PPP), which is above the annual mediaour cost per employee at around US$33,400 (RPP) i
2010. In this case, start-up incentives would agdiier a “bigger bang for the buck” (around US$®4BPP]
for one fewer unemployed). Yet, this level of exgiéure would entail an increase of 1,650 per cérgmain’s

2010 expenditure in start-up incentives per uneggaldndividual, which seems unlikely.

2L This includes the cost of the partial unemploynsafiteme (transferred to enterprises), the tempolelay allowance (ATA), the
50% of the special employment assistance (AEPEdday the Central government; and the 60% of spesdfidarity and pension
equivalent allowances financed by the State bubiet).
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Table 1.Regression results on the unemployment rate addingne interaction at a time

Unemployment rate

Low-skilled unemployment rate

No interaction Only first Only second Only third Complete No interaction Only first Only second Only third Complete
(1) interact. (2) interact. (3) interact. (4) model (5) (1) interact. (2) interact. (3) interact. (4) model (5)
Cluster (Policy 1) -0.387*** -0.321*** -2.073%** -0.394*** -2.023*** -0.568*** -0.331** -3.130%*** -0.584*** -2.968***
y (0.0373) (0.0701) (0.239) (0.0372) (0.245) (0.0825) (0.165) (0.493) (0.0808) (0.515)
Job rotation and job sharing -0.736 -0.834 -0.830 -0.716 -0.905 0.245 -0.0957 00160 0.320 -0.231
Policy 57 5 .55 5 .554 1.257 1.1 1.241 1.164
(Policy 2) (0.576) (0.580) (0.558) (0.589) (0.554) (1.257) 2pb) (1.106) (1.241) (1.164)
Start-up incentives (Policy 3) -3.065*** -3.137*** -2.158*** -2.998*** -2.320%** -4.423** -4.926%** -2.866* -5.257*** -3.856**
P y (0.768) (0.767) (0.750) (0.782) (0.740) (1.802) (1.771) (1.652) (1.785) (1.725)
. -0.323 -0.315 -1.015 -1.089*
Cluster * PES allocation (0.291) (0.278) (0.634) (0.601)
Cluster * Timing 1.707*** 1.722*** 2.617*** 2.675***
(0.240) (0.238) (0.494) (0.494)
PES allocation -3.298*** -2.897** -4.564*** -3.451 % -4.096*** -2.005 -0.601 -3.865* -2.200 -2.633
(1.008) (1.063) (0.967) (1.005) (1.018) (2.228) 368) (2.096) (2.183) (2.251)
Continuity in implementation 0.0102 0.0112 0.00602 0.000672 0.000143 0.0104 0.0210 0.0247 -0.192%** -0.155**
y P (0.0146) (0.0145) (0.0138) (0.0155) (0.0146) (0.0437) (0.0442) (0.0435) (0.0641) (0.0607)
Correct timing of policies -1.432* -1.394* -3.110%** -1.166 -2.930%** -2.558* -2.500* -6.097*** 0.0230 -3.625**
gorp (0.828) (0.837) (0.770) (0.772) (0.810) (1.335) 37(D) (1.533) (1.428) (1.543)
Cvele * Timin -2.73e-06 -3.10e-06 -1.90e-05*** -1.79e-05***
y 9 (2.02¢-06) (2.01e-06) (4.54¢-06) (4.37€-06)
Growth rate of real GDP -0.0528* -0.0523* -0.0580** -0.0512* -0.0569** -0185 -0.0245 -0.0365 -0.0304 -0.0354
(0.0266) (0.0265) (0.0258) (0.0273) (0.0253) (0168 (0.0654) (0.0596) (0.0673) (0.0622)
Population with tertiary education 0.0125 0.0126 0.0211** 0.0155 0.0240** 0.0145 0.0156 0.0338 0.0398* 0.0592***
P y (0.0111) (0.0111) (0.0104) (0.0111) (0.0107) (0.0228) (0.0227) (0.0222) (0.0231) (0.0224)
Union densit 0.0431*** 0.0416*** 0.0245* 0.0345** 0.0212 0.0497* 0.0409 0.0342 0.0338 0.00771
Y (0.0152) (0.0154) (0.0136) (0.0143) (0.0145) (0326 (0.0274) (0.0274) (0.0256) (0.0259)
EPL for temporary workers -0.117 -0.137 -0.0755 -0.0957 -0.101 -1.277%* -1.242%** -1.095%** -1.186*** -1.079%**
porary (0.171) (0.172) (0.159) (0.167) (0.161) (0.334) (0.334) (0.325) (0.326) (0.313)
EU 3.404*** 3.433*** 3.821*** 3.319%** 3.620*** 6.293*** 6.339*** 6.716*** 6.124*** 6.752%**
(0.755) (0.764) (0.665) (0.704) (0.709) (1.164) 2(D) (1.234) (1.125) (1.117)
ST 7.357** 7.313*** 9.041*** 7.385*** 8.991*** 13.24%* 13.09%** 15.78*** 8.788*** 11.64***
(1.255) (1.262) (1.163) (1.196) (1.189) (2.340) (2.362) (2.385) (2.511) (2.459)
Observations 452 452 452 452 452 336 336 336 336 6 33
Number of countries 27 27 27 27 27 27 27 27 27 27

Notes for all tables: Standard errors are in paesgs. Significance levels: *significant at 10 pemt; **significant at 5 per cent; ***significant d per cent. All models have been estimated by $@&ith
ARL1 correction (preferred specification). The moaghtive to the share of low-skilled unemployediuduals also includes country dummies.
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Table 2.Regression results on the employment rate adding ennteraction at a time

Employment rate

Low-skilled employment rate

No interaction Only first Only second Only third Complete No interaction Only first Only second Only third Complete
() interact. (2) interact. (3) interact. (4) model (5) (1) interact. (2) interact. (3) interact. (4) model (5)
Cluster (Policy 1) 0.436*** 0.390*** 1.396*** 0.463*+* 1.167%* 0.563*** 0.190 1.701 %+ 0.685*+* 1.850%**
y (0.0527) (0.100) (0.314) (0.0529) (0.346) (0.110) (0.199) (0.644) (0.118) (0.712)
Job rotation and job sharing -0.883 -0.826 -0.773 -1.056 -0.832 -1.264 -0.696 -0.999 -1.926 -0.908
(Policy 2) (0.711) (0.725) (0.682) (0.745) (0.724) (1.389) 30p) (1.300) (1.609) (1.497)
. . . 2.085** 2.198* 1.559* 2.282% 1.898** 1.146 1.762 0.558 1.929 1.577
Sl e IEehiies (Pl o) (0.947) (0.963) (0.923) (0.975) (0.967) (1.891) (1.889) (1.800) (2.134) (2.030)
. 0.220 0.297 1.672* 1.826**
*
Cluster * PES allocation (0.381) (0.378) (0.754) (0.799)
Cluster * Timin -0.979%** -0.791** -1.189* -1.638**
9 (0.311) (0.330) (0.638) (0.682)
PES allocation 4.153%+* 3.911%+ 4.658++* 4.043%+* 4.120%+* 3.103 0.870 3.745 4.182 2.443
(1.232) (1.328) (1.215) (1.256) (1.351) (2.673) 812) (2.591) (2.944) (3.012)
Continuity in implementation 0.172%* 0.174%** 0.159%** 0.213%* 0.191%* 0.135% 0.125* 0.121* 0.236%+* 0.183*
y P (0.0387) (0.0388) (0.0377) (0.0392) (0.0385) (0.0629) (0.0626) (0.0627) (0.0874) (0.0828)
Correct timina of policies -2.901 % -2.989%* -1.448 -5.943%+* 4. 247 -4.50% -4.743% -2.591 -6.666*+* -4.052*
gotp (0.943) (0.942) (1.022) (1.061) (1.240) (2.074) 0vx) (2.328) (2.074) (2.277)
Cvele * Timin 0.00109%+* 0.000891*** 7.53e-06 5.26e-06
y 9 (0.000251) (0.000267) (6.25e-06) (6.15e-06)
6.30e-06** 6.52e-06** 5.51e-06** -0.00108*** -0.088*+*
Cycle (2.80e-06) (2.81e-06) (2.77e-06) (0.000251) (0.6892
Growith rate of real GDP -0.0265 -0.0273 -0.0204 -0.0355 -0.0283 0.0699 0.0684 0.0813 0.0450 0.0587
(0.0377) (0.0380) (0.0361) (0.0397) (0.0380) (0.0747) (0.0737) (0.0697) (0.0873) (0.0796)
Unemployment rate of the high -0.773% -0.771% -0.712% -0.832%** -0.768% - 0.585%** -0.563% -0.523%* -0.540%** -0.433%
skilled (0.0797) (0.0801) (0.0797) (0.0816) (0.0825) (0)170 (0.169) (0.170) (0.185) (0.182)
Union densit 0.0622*** 0.0647*** 0.0642*** 0.0692*+* 0.0730%+* 0.0872** 0.100* 0.0907** 0.0945** 0.117*+*
y (0.0173) (0.0176) (0.0174) (0.0161) (0.0168) (0.0408) (0.0411) (0.0425) (0.0379) (0.0395)
EPL for temporary workers -0.655%* -0.655% -0.677* -0.453* -0.516* 2.151+** 2.149% 1.880** 2.639%* 2.381 %
porary (0.203) (0.203) (0.200) (0.206) (0.206) (0.445) 442) (0.438) (0.457) (0.445)
EU -8.606*** -8.651*** -8.712%** -10.08*+* -9.932%+x -9.361*** -9.570%** -9.365%+* -9.761%+* -10.10%+*
(0.763) (0.760) (0.773) (0.764) (0.783) (1.870) (1.872) (1.995) (1.673) (1.744)
Constant 76.90%* 76.96%+ 75.15%+ 80.71%** 78.57% 51.43%%* 51.60%* 49.64%+* 52,11 % 49.36%+*
(1.422) (1.421) (1.495) (1.594) (1.783) (3.163) 14®) (3.387) (3.216) (3.354)
Observations 364 364 364 364 364 352 352 352 352 2 35
27 27 27 27 27 27 27 27 27 27

Number of countries

22



Table Regression results on the labour force participatio rate (LFPR) Table 4Regression results on the share of low-skilled

addioge interaction at a time unemployed individuals d@ihg one interaction at a time
LFPR Low-skilled LFPR Share of low skilled unemployed individuals
No interaction No interaction Only first Only second Complete No interaction Only first Only second Complete
Q) Q) interact. (2) interact. (3) model (4) (1) interact. (2) interact. (3) model (4)
Cluster (Policy 1) 0.340*** 0.346*** -0.00243 1.569** 1.360* -0.315** -0.723** -1.574* -1.995**
y (0.0535) (0.105) (0.192) (0.666) (0.695) (0.157) (0.296) (0.924) (0.955)
Job rotation and job sharing  -1.481* -0.571 -0.0946 -0.559 -0.0841 1.967 2.486 1.781 2.287
Policy N4 1.31 1. 1.34 1.404 . . 1. .
(Policy 2) (0.786) (1.319) (1.360) (1.348) (1.404) (2.006) 0PB) (1.988) (2.008)
Start-up incentives (Policy 0.587 -0.0873 0.729 -0.576 0.223 -2.711 -1.121 -1.409 0.175
3) (1.126) (1.998) (2.050) (2.056) (2.130) (3.513) (3.656) (3.594) (3.734)

. . 1.681** 1.736* 1.861 1.816
Cluster * PES allocation (0.736) (0.755) (1.161) (1.153)
Cluster * Timin -1.202* -1.345** 1.261 1.284

9 (0.657) (0.665) (0.907) (0.903)
PES allocation 3.540** 1.171 -0.773 2.321 0.550 2.574 0.190 1.739 -0.586
(1.377) (2.570) (2.757) (2.657) (2.867) (4.302) 574 (4.288) (4.553)
Continuity in 0.112*** 0.157*** 0.152** 0.160*** 0.155* -0.153 -0.140 -0.150 -0.137
implementation (0.0265) (0.0610) (0.0607) (0.0608) (0.0606) (0.133) (0.133) (0.131) (0.132)
Correct timing of policies -3.748%** -4.362** -4.750%* -2.979 -3.246 -12.50** -13.69** -14.98** -16.20**
gorp (0.794) (2.091) (2.044) (2.219) (2.172) (6.159) 168) (6.367) (6.392)
Growth rate of real GDP -0.0705* 0.0438 0.0380 0.0416 0.0341 0.185 0.186 0.188 0.189
(0.0428) (0.0725) (0.0738) (0.0741) (0.0762) (0.119) (0.119) (0.118) (0.118)
Population with tertiary 0.0494*** -0.0472 -0.0475 -0.0554* -0.0572* -0.8% -0.0117 0.00846 0.00387
education (0.0139) (0.0298) (0.0298) (0.0302) (0.0304) (004 (0.0413) (0.0426) (0.0425)
Unemployment rate of the -0.201** -0.0954 -0.0517 0.0135 0.0714 -0.651*** -0.609*** -0.795%** -0.756***
high skilled (0.0840) (0.167) (0.169) (0.178) (0.180) (0.232) (0.233) (0.255) (0.256)
Union densit 0.0999*** 0.127*** 0.140*** 0.133*** 0.148*** 0.154 0.169* 0.170* 0.185*
y (0.0156) (0.0402) (0.0398) (0.0396) (0.0390) (@19 (0.0971) (0.0976) (0.0976)
-0.873*** 1.383*** 1.465*** 1.417%* 1.525%* 1.630** 1.705** 1.581* 1.652**
SFL B IR IELY HEE o (0.435) (0.435) (0.437) (0.437) (0.785) (0.784) (0.780) (0.779)
EU -7.094x** -7.905%** -8.230%** -8.390*** -8.806*** -26.76*** -26.91*+* -27.90%** -28.07***
(0.691) (1.874) (1.830) (1.840) (1.784) (5.949) 917) (5.991) (5.960)
Constant 76.04*** 58.87*** 58.91*** 57.23*** 57.05*** 58.00*** 59.20*** 59.78*** 60.95***
(1.461) (3.436) (3.397) (3.510) (3.470) (6.389) (6.417) (6.469) (6.493)
Observations 336 326 326 326 326 306 306 306 306
Number of countries 27 27 27 27 27 27 27 27 27
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5.3 Sensitivity analysis

This section discusses the robustness checks thet been carried out to evaluate the sensitivitythef

parameters presented in tables 1, 2, 3 and 4, loasadumber of alternative specifications andstest

The use of different samples (i.e. overall and &kiled populations) in each labour market equatiag
discussed in the previous section, can be considesehe first robustness check. Results hold aathgo be
coherent between the two population groups analybémteover, robustness of results was checked by
excluding key countries (in terms of the relatiimef their ALMP expenditure), namely Denmark, iNatands
and Sweden, and by running the regressions on Ebkroesionly. With some exceptions, changing thepam
does not seem to alter the big lines of the estimaesults? The window of time was also modified to see
whether results held when studying only the lasade. Overall results seem to hold, with two exoept first,

the policy clusterreveals a loss of significance in affecting thershaf low-skilled unemployed. Second, the
allocation of resources to PE&hd thetiming of policies no longer affect directly the unemptont rate but

through the interaction with trmolicy cluster

Reduced estimations were also carried out, althaeghlts are not provided in this paper. In particula
estimated three reduced models for each dependeable: the first model estimates only the infloemf the
three policy interventions; the second model testy implementation variables; and the third modklthe

variables. The description of results was concédran the estimations of the full model only.

Along with these additional specifications carriedt, a number of tests were included in the main
specifications. First, the augmented Dickey-Fulest was used to control for the non-stationaritdependent
variables. In all cases (but one) the tests rajettie null hypotheses of non-stationarity at 1 &nper cent
levels. The exception was the varialeare of low-skilled unemployed individualhich seems to be non-
stationary. Moreover, the different models were waled for heteroskedasticity using the robust apti

available. Robust results did not differ much froom-robust results.

The problems of serial correlation, heteroskedi#gtiond endogeneity have been taken especiallpssyi and
have been dealt with through a number of testsaalditional estimation techniques. First of all, ttegrange-
Multiplier test (Wooldridge, 2002; Drukker, 2003hchthe abar post-estimation technique (Roodmang)200
were used to test for serial correlation in theosgincratic error terms. Given that the resultshefse tests
confirmed the presence of first order autocorrefgtall specifications were run with a FGLS estonatvhich
allows the assessment in the presence of AR1 awébation within panels, cross-sectional correlatend

heteroskedasticity across panels.

Moreover, in an effort to address the reverse diygaoblem, a final estimation was carried outtinmenting
(i.e. finding variables correlated with the endogenwariables, but not correlated with error termd of the

three policy variablespplicy clusterand job rotation and job sharing® and the implementation-related

2 These results are available upon request andhte Beof the Extended Appendix.

2 The variablestart-up incentivesvas not included among the endogenous variablesulse the results of the C test of exogeneity
did not favour its inclusion. Indeed, when the ogbnality conditions of the model including thisriable as exogenous were
tested, the C test indicated robust results.
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variables continuity and timing through a 2-stage least squares (2SLS) estimatoaddition to the other
exogenous variables of the model, | used two skisstruments in the analysis. The first one isea af
macroeconomic and structural variables includisgal deficitor public debt(depending on the specificaticff),
inflation, the share of the population with tertiary educatiandtotal expenditure in passive labour market
policies Moreover, theifferencedunemployment ratevas included in the models explaining the emplayme
rate and the two LFPR and the variatdems of tradden the models explaining the unemployment rates- lo
skilled employment rate and LFPR. The second istaokgovernability-related indicators. This secaad of
instruments includes two indicators of the colouthaf party?®> a dummy variablereform, taking the value of 1
if a reform to ALMPs was put in place in that yéathe country and 0 otherwié&and a continuous variable,
durable, illustrating the number of years that have pasiede a change in governability was implemented in
the country (Marshall et al., 2013 eformwas excluded from the models explaining the emplent rate, and
the two LFPR because its addition proved to be r@aninDurable was also excluded from the two LFPR

equations for the same reason.

Results are presented in Appendix 6 and broadlfircothe findings discussed in previous sectionsc@unting
for the endogeneity of policy and implementatiomiatales leads to the same effect of fiadicy clusterand
start-up incentiveslin fact, start-up incentivedecome significant in boosting the low-skilled tiapation rate
and in reducing the share of low-skilled unemplogtné difference in the results however, is tjudt rotation
and job sharingoecomes significant in most of the equations (Withexception of the overall employment rate
and the low-skilled participation rate) but in amkavalent manner. An increase in spending in tloScp
appears to be detrimental for the unemployment emgployment rates, but positive in boosting overall
participation and in reducing the share of lowiskilunemployment. This seems intuitive given thne af these
policies, i.e. promoting a full or partial replacemt of an employee by an individual (unemployechat) from

another target group.

Moreover, the allocation of resources towards PIE® @ains in significance level in the specificaaelated to
the low-skilled when instruments are added. Theesanturs with the variableontinuity in implementation,
with exception of the low-skilled employment aneé thverall LFPR. Finally, the variabliening continues to the
significant and negatively related with the differeemployment and participation rates. A changeurs;c
however, in the sign of this variable’s effect dre tunemployment rate equations. When instrumerds ar
included, the coefficient afiming in these two equations becomes positive, implytht when policies are
implemented in a countercyclical manner they wdwde an unemployment increasing effect. This remtss
now the mirror image of the employment and partitign rates equations. The interpretation of theselts

would be the same explained above. True, polities are implemented countercyclically may havensjeo

2 To avoid correlation of the instrument with theoerterm, fiscal deficit was used in the unemplopmeate and share of low-
skilled unemployed equations and public debt inrémaining equations.

% Cabinet composition, iillustrates the percentage of right-wing or lefag parties (the variable with the lowest corrielatwith
the dependant variable was chosen for each madédital cabinet posts, weighted by days in offidenfingeon et al., 2013a).
Cabinet composition 2orresponds to the Schmidt-Index, which takeslaevaf 1 to 5 depending on whether there is a damia
of right-wing or left-wing parties in the compositi of cabinets (Armingeon et al., 2013b).

% fRDB-IZA Reforms Database (Anelli et al., year noaiable).
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unfavourable effects during booms (when pro-cytlipalicies should be implemented) but also stronger

favourable effects during crises. This confirmsadhgument in favour of policy continuity.

All 2SLS models were estimated using the gmm abdsboptions to compute efficient estimates in gmes of
heteroskedasticity and serial correlation. The ptioe was the estimation of thshare of low-skilled
unemployedvhere the robust option was not used. The modeie/ead robust results in the test for the validity
of instruments in an overidentified context (Jistat of Hansen to test for overidentifying redinas) implying
that the group of instruments used is suitablethatlit satisfies the required orthogonality coiodis. To test
whether there are sufficient valid instrumentsdenitify the model (i.e. models are not underindient) and
whether models are not relying on weak instrumehes Anderson’s canonical correlations approach weasl.
The null hypothesis was rejected in all models ymg that there are enough adequate instrumergstimate

the equations. This was confirmed as well by Shearsal R2 (Baum, 2006).

Finally, an analysis of the variance was carrietlioweach of the seven models to assess the pageeof the
variability of the result that was explained by exgtory variables and how much of that variabiligs left
unexplained. In the case of the overall unemploymate, the R-squared showed that 84.1 per cetleof
variance was explained by independent variableslewhiwas 90 per cent in the case of the low-sHille
unemployment rate. Although high, these are siithiww the rule of thumb of 90 per cent that is aateble. The
variance analysis for the employment and partiopatates showed as well shares of the variandeiwihe
limits acceptable. These figures were 74.6 per ardt49.9 per cent for the employment rates obthezall and
low-skilled populations, respectively; and 62.2 pent and 48 per cent for the LFPR of the ovenadl bw-
skilled populations, respectively. In contrast, segment of the variance explained by the explapatariables
in the estimation of the share of low-skilled unémgpd individuals was 92.8 per cent. This shows tha use

of country dummies to control for country-specifltaracteristics might be saturating the modeligItst case.

To conclude, the additional analyses carried owiadlly confirm the estimation results discussed abov
Particularly, results remain largely robust acribs&svarious specifications, including pooled OL$,S0Omodels
with robust standard errors, random-effects anddfisiects models depending on the results of theshian
test (not reported here), models with country duesnFGLS estimator to account for serial corretatas well
as the instrumental variable estimator 2SLS. Ingmtly, the results concerning the effect of ALMPshmaping
the “structuralization” of unemployment on the Iskilled remained more sensitive. Robustness chslo&s/
that results not always hold across the differstitrations, mainly in the case of estimations thdtot include
country dummies, which as explained above may rago the fact that the structure of unemployment i

particularly country specific.

6. Conclusion

This paper examines the effectiveness of ALMPsmproving labour market outcomes, especially for-low
skilled individuals. Much has been written abowg #ffectiveness of activation measures based doagians
carried out using micro data, yet not enough aliweit effectiveness at the aggregate level. Thgaigicularly
true with regards to the role of the implementatibaracteristics of ALMPs in shaping their oveedfects. This

paper aims to contribute to this debate throughggregate impact approach which is better placedeasure
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both, the direct and indirect effects of ALMPs. 98 done by ways of a pooled cross-country and-garies
database for 31 advanced countries during the ¢p&1985—2010. Different models were estimated tosmea
the effects of six different ALMPs and three dimens of their implementation (i.e. allocation osoerces to
public administration, continuity and timing in theplementation of programmes) on the unemployment,
employment and participation rates of the overalll éow-skilled populations and the share of lowleki
unemployed individuals. Controls for demand coodgi the structure of the labour market and diffees in
institutional arrangements were included as wellt Each specification, different estimators wereduso

control for cross-country heterogeneity, accounsgrial correlation and address reverse causality.

In sum, | find that ALMPs matter at the aggregateel. Public expenditure in training, employmertentives,
supported employment and rehabilitation and di@zicreation measures (i.e. the policy clusterwstite most
favourable results. In particular, tipelicy clusterappears to have a significant unemployment redueffect
and a significant employment and labour force pgudition expanding effect for the overall and ldvilled
populations (albeit a low significance level on PR of the low skilled) (Table 5). In additiomsults suggest
that spending in these policies has the potentiaédficing the share of low-skilled unemployed. Sl in
start-up incentives is effective as well but omyréducing the unemployment rate of both populagicmups and
in boosting the employment rate of the overall papoh. Results on the rest of labour market variabtedied

are non-significant.

In terms of implementation, results show that thestiavourable aspect analysed is aliecation of resources
to programme administrationindeed, while the share of PES in total ALMP exgiire has a direct and
favourable impact on labour market variables of ¢lerall population; it affects the low skilled dlugh an
interaction with the policy cluster. This effedugtrates that as more ALMP resources are devot&®ES, the
favourable effect of the policy cluster on the IskiHed unemployment, employment and participatiates
becomes stronger. In addition, a disruption ofgyationtinuitywould be associated with negative effects for all
labour market variables analysed. The effect oicgalontinuity is significantly negative in the easf the low-
skilled unemployment rate and significantly postia the case of the employment and LFPR of bofiuladion

groups. It is, however, not significant for thetrekthe variables studied.

Finally, the variabletiming, which measures whether policies are implemented countercyclical manner
revealed a significant and negative relationshighail labour market variables analysed but thdigpation
rate of the low-skilled. These results show thatntercyclical policies (timing=1) have an unempl&m
reducing effect but also an employment and partiicipaeducing effect. Importantly, once estimati@me run
through 1V, the effect on the unemployment ratednees positive showing the mirror image of the emplent
and participation rates. Moreover, the interactbtiming with thepolicy clusteris also significant for some of
the variables and has a positive effect on the pleyment rate of both population groups and negagiffect
on the employment rate of both population groups thedparticipation rate of the low-skilled. This caié
picture suggests that policies that are implemepteetyclically have stronger favourable effects dgrbooms
but also stronger unfavourable effects during srig@nfirming the argument in favour of policy donity.
Policy continuity is also supported by the cycle-timing interactianthe two variables where effects were

significant: the low-skilled unemployment rate ahé overall population employment rate. Interedyinthe
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size of the coefficients arising from policy andpiementation variables, once interactions are ireduts

noticeably higher. This demonstrates that a coimaglementation of policies enhances their benaffieffect.

Table 5.Synopsis of regression results

Policy Cluster () () (+)r (+)rex (+)rex (+)* ()
Job rotation and job sharing NS NS NS NS NS NS NS
Start-up incentives (-)x** (-)** (+)** NS NS NS NS
Cluster * PES allocation NS O* NS ()= (+)* NS
Cluster * Timing (H)** (H)** () () (=)= NS
PES allocation (-)*** NS (+)*** NS (+)** NS NS
Continuity in implementation NS () (F)** (+)** (+)* (+)* NS
Correct timing of policies (-)x*= (-)** (=) (-)* (=) NS (-)*
Cycle * Timing NS (-)x** (+)*** NS

Cycle ()

Growth rate of real GDP (-)** NS NS NS (-)* NS NS
EU (+)rex (+)rx () ()= () () ()
ST (+)r (+)r (+)r (+)rex (+)rex (+)rex (+)r
Observations 452 336 364 352 336 326 306
Table 1 1 2 2 3 3

Column 3 6 3 6 3 6 3

Notes: Significance levels: *significant at 10 gent; **significant at 5 per cent; ***significant 4 per cent.
UNR= unemployment rate; LSK= low-skilled; EMP RATEmmployment rate; LFPR= labour force participationerat/N=
unemployed; and NS means non-significant.
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Appendix 1: Expected effects of specific ALMP on té labour market

Type of ALMP Expe(.:ted Channel: Actual effect: Long- vers.us Transmission mechanisms: Ultimate effecF on the
effect: short-term: labour market:
Matchin s eRf?g (l:Jttitveean(segrch Participants may reduce their search efforts in t
- Direct job creation rocessg schgdule 9 (unintended Short-term knowledge that the employment services will fir Reduced employment
. effect) work for them (Bellman and Jackman 1996b).
Wage-setting Short-term Wage subsidies reduce workers’ wage Increased employment

- Direct job creation

- Direct job creation

- Employment incentives
and other subsidised
employment policies.

- Training

- Supported employment
and rehabilitation
(subsidisation)

- Training

- Training

- Supported employment
and rehabilitation (where
there is provision of
vocational training)

- Training
- To certain degree

supported employment ant

rehabilitation

Job creation

Deadweight
loss

Matching
process

Matching
process

Matching
process

Productivity

schedule (workers
subsidies). Labour
demand (hiring
credits).

Labour demand

Wage-setting
schedule

Wage-setting
schedule

Wage-setting
schedule

Labour demand

Job creation
(intended effect)

Deadweight loss
(unintended
effect)

Improved search
effectiveness
(intended effect)

Reduced search
effectiveness
(unintended
effect)

Facilitated
matching
(intended effect)

Increased
productivity
(intended effect)

(effects on the
labour market
on the

medium-term)

Short- to
medium-term

Short-term

Short-term

Long-term

Long-term

expectations increasing_labour supply at any givefhq effective wages.
market wage and reducing unemployment . .

(Ohlsson, 1995). Hiring credits, on the other hand!0 inflation of real
reduce the effective wage paid by employers ~ Wages in the long
shifting labour demand upwards (Neumark, 201 1§"M-

Reduced efficiency of programmes since hiring
from the target group would have occurred evel
in the absence of the programme (Calmfors anc
Skedinger, 1995; Martin and Grubb, 2001;
Cebrian et al., 2011).

Deadweight loss
lowers efficiency of
programmes if not
properly targeted

Participants in training courses provide a positive

signal to potential employers, reducing

uncertainty about the employability of job Rﬁg#f?g ment
applicants (Bellman and Jackman 1996b; Layarolu ploy

and Nickell, 1986; OECD, 1993).

Participants may reduce their search efforts

because of a potentially attractive course or @ t

expectation that the course culminates (i.e. lock Reduced employment
effect) (Bellman and Jackman 1996b; Calmfors

and Skedinger, 1995).

Training would adjust the qualifications of

jobseekers to the structure of demand (OECD,

1993) and reduce “structuralization” (Schmid et Lower unemployment
al. 2001). Specifically for the low-skilled, it withi  at least among
increase cross-sector mobility by qualifying themtargeted groups.

for work in sectors where the demand for labour is

growing (Bellman and Jackman 1996a).

Increases in productivity can have externalities

that contribute to general productivity increases Reduced
(OECD, 1993) and to general technical progres unemployment
of societies (Calmfors and Skedinger, 1995).
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(subsidisation) and direct-
job-creation measures witt
on-the-job training
components.

- Training

- To certain degree
supported employment and
rehabilitation

(subsidisation) and direct Productivity

job creation measures with

on-the-job training

components.

- Training

- To some extent, Labour suopl

subsidised employment pply

policies.

- PES .

- To some extent, Compgtltlon
. . for insiders

employment incentives

- PES Matching

- Training process

- PES Matching

process

- PES .

- To some extent, direct jol IVIrE(i)t:ehslgg

creation P

- Job rotation and job

sharing Competition

- Supported employment  for insiders and

and rehabilitation outsiders

(subsidisation)

- Job rotation and job Competition

sharing for insiders and

Labour demand

Wage-setting
schedule

Wage-setting
schedule

Wage-setting
schedule

Wage-setting
schedule

Labour demand

Wage-setting
schedule

Labour demand

Substitution
effect
(unintended
effect)

Increased search

effectiveness

(intended effect)

Increased
competition

(intended effect)

Improved search

effectiveness

(intended effect)

Reduced search

effectiveness
(unintended
effect)

Improved search

effectiveness

(intended effect)

Increased
competition

(intended effect)

Substitution
effect

Long-term

Short-term

Short-term

Short- to
medium-term

Short-term

Medium- to
long-term

Short-term

Short-term

Importantly, the labour demand can be reduced irncrease in
this scale effect of labour productivity outweighs

o . . employment and
the substitution effect arising because a given .

.. wages if scale effect
output can be produced by fewer, more efficient offsets substitution
workers (usually when the labour demand is effect
elastic) (Calmfors and Skedinger, 1995). )

Maintain the unemployed active and available
during recessions, which would reduce the
number of vacancies and lower the wage press
(Calmfors and Skedinger, 1995; OECD, 1993).

Positive effect on the
effective supply of
labour.

Downward pressure on wages due to increased
competition for vacancies (Bellman and Jackma
1996b; OECD, 1993; Layard et al. 1991).

Lower wages and
Nower unemployment.

Placement services can improve the effectivene
of search (Blasco et al., 2013; Bellman and
Jackman 1996b). Some believe, however, that
positive effect depends on quality of
implementation (de Koning, 1993).

Reduced
unemployment and
reduced vacancies.

Assistance with job search might raise wage
pressure by reducing the fear of unemployment Reduced employment
(Calmfors and Skedinger, 1995).

Assistance with job search might also increase
number of vacancies because opening posts
becomes less costly for firms (Pissarides, 1990
Calmfors and Lang, 1995; OECD, 1993).

Increased labour
demand and reduced
unemployment.

Lower wages and
Programmes targeting specific groups can also lower unemployment.
create more competition for vacancies, creating But also increased
downward pressure on wages (Bellman and welfare for the
Jackman 1996b). vulnerable groups
targeted.

Substitution effect occurs when jobs created for Reduced labour
certain category of workers replace jobs for othr demand for regular
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- Supported employment  outsiders (unintended or categories (Calmfors and Skedinger, 1995; de employment. Total

and rehabilitation intended effect) Koning and Arents, 2001; Martin and Grubb, effect on employment
(subsidisation) 2001; Dauth et al. 2010). would depend on the
- Direct job creation scale of the

substitution effect.

- Job rotation and job
sharing

Targeted policies to specific groups (e.g. youth,

Reduced search long-term unemployed, low-skilled) could

- Supported employment  Labour supply Wage-setting effeptweness Short-term mitigate the fear of unemployment among the Reduced employment
o schedule (unintended L
and rehabilitation effect) targeted individuals and thus, reduce the
(subsidisation) incentives to search for jobs (OECD, 1993).
. . Matchin In general, ALMP that target disadvantaged
- Job rotation and job 9 Short-term 9 ey 9 . ntage .
. process and groups (especially when used in conjunction wil
sharing » . Increased search (effects on the ; i . .
competition Wage-setting . benefit conditionality) will put pressure on Lower wages and
- Supported employment effectiveness labour market .
o effects for schedule . unemployed people to search harder for jobs, lower unemployment.
and rehabilitation N (intended effect) on the ; . . .
(subsidisation) insiders and medium-term) which will be associated with lower wage press!
outsiders and more jobs (Bellman and Jackman, 1996a).

Reduced
unemployment. But
also increased
welfare for the
vulnerable groups

Start-up programmes improve employment and
- Start-up incentives Job creation Labour demand b cdeation Short-term income prospects, especially for disadvantaged
groups (Caliendo and Kinn, 2013).

targeted.
Reduced
Displacement Increased competition could imply that the ynemployment e
" ; HEE increased
. . Competition effect businesses set up by the beneficiaries of start-u .
- Start-up incentives L Labour demand . Long-term . : . e L employment if new
for insiders (unintended incentives drive other existing (unsubsidised) self-emploved do not
effect) businesses out of the market (Roman et al., 201 ploy

displace unsubsidised
entrepreneurs.

2" The above, however, would imply that individuale myopic in terms of the actual risks they facemémployment. If this were true, myopic individsialould compare themselves with the rest of
the population rather than with their vulnerableugr. This will give them a sense of an increasedpeition, which will reduce their wage bargain {(Ban and Jackman 1996a). Moreover, many
authors believe that state dependence underlyihgeesl search effectiveness is not a sufficientamgilon and that the assumption of myopia is otedréCalmfors and Lang, 1995; Huger et al.
2009).
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Appendix 2: Definitions and sources of variables sl in the regression analysis

Variable Definition Source

Dependent:

Unemployed persons aged 15-64 as a percentage labiber

Unemployment rate f OECD. Stat
orce

Employment-to-population ratio Employed persons ag‘?d 15-64 as a MRS péfhaation OECD. Stat
of the same age (working-age population).
Employed and unemployment persons aged 15-64 as a

Labour force participation rate  percentage of the population of the same age (Wgr&ge OECD. Stat

population).

Low-skilled unemployed individuals as a percentafythe total
low-skilled in the labour force.

Low-skilled are individuals with pre-primary, prinyaand
lower secondary education (levels 0-2 of ISCED). Eurostat, ILO and

Age definition varies according to different sourcEs-64 in National sources
the case of Eurostat data; 15+ for ILO data and gizifzered

for Canada, Japan, Korea and New Zealand; and 25164

case of OECD data.

Low-skilled unemployment rate

Low-skilled employed individuals as a percentagéheftotal
low skilled in working-age.

Low-skilled are individuals with pre-primary, primeand Eurostat, OECD

Low-skilled employment-to- lower secondary education (levels 0-2 of ISCED). and National
population ratio Age definition varies according to different sourcEs-64 in  gources
the case of Eurostat data; 15+ for ILO data and gizifaered
for Canada, Japan, Korea and New Zealand; 25-6%icdse
of OECD data; and 25+ for the US data.
Author’s

calculations based
on the low-skilled
employment and

Low-skilled employed and unemployment persons dde@4

o el Elvauriores as a percentage of the population of the sameveq#i(ig-age

participation rate

ELRRE G unemployment
rates.
Share of low-skilled unemployec Share of unemployed with primary education as agregage of World Bank, WDI
individuals total unemployment. database
Independent:

Policy intervention:

Public expenditure in training, employment inceesy
supported employment and rehabilitation, and dizt
Policy Cluster creation policies. OECD. Stat
Measured as expenditure in thousands of US$ (PRP) pe
unemployed individual.

Public expenditure in institutional, workplace antegrated
training and special support for apprenticeship.

Measured as expenditure in thousands of US$ (PRP) pe
unemployed individual.

Public expenditure in training OECD. Stat

Public expenditure in job rotation and job shasegemes.

Measured as expenditure in thousands of US$ (PRP) pe ~ OECD. Stat
unemployed individual.

Public expenditure in job rotatior
and job sharing

Public expenditure in recruitment and employmeninteaance
Public expenditure in incentives.

employment incentives Measured as expenditure in thousands of US$ (PRP) pe
unemployed individual.

OECD. Stat
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Public expenditure in supported
employment and rehabilitation

Public expenditure in direct job

creation

Public expenditure in start-up

incentives

I mplementation:

Allocation of resources for the
implementation of policies

Continuity of programmes

implemented

Timing in the implementation of

programmes

Demand Conditions:

Real Gross Domestic Product

(GDP)

Structure of the Labour Market:

Share of the population with

tertiary education

Middle-skilled unemployment

rate

High-skilled unemployment rate

I nstitutional arrangements:

Union density

EPL for temporary workers

Other controls:

Member of the European Union

Public expenditure in supported employment andbiitetion
programmes.

Measured as expenditure in thousands of US$ (PRP) pe
unemployed individual.

OECD. Stat

Public expenditure in programmes aimed to creatitiadal
jobs.

Measured as expenditure in thousands of US$ (PRP) pe
unemployed individual.

OECD. Stat

Public expenditure in programmes that promote
entrepreneurship.

Measured as expenditure in thousands of US$ (PRP) pe
unemployed individual.

OECD. Stat

Author’s
calculations based
on OECD. Stat

Difference between the standard deviation of real GDRiy  Author's
and the standard deviation of the growth rate dferpenditure calculations based
in ALMP during the whole period of analysis. on Schmid (1996)

Public expenditure on programme administration (Pd&sSa
percentage of total ALMP expenditure.

Dummy variable taking the value of 1 when policies a

implemented countercyclically (i.e. regression Goifnt Author’s

between ALMP spending and output is negative andatat  calculations based
ALMP spending and unemployment is positive); and 0 on Schmid (1996)
otherwise.

Annual growth rate of real GDP OECD. Stat

World Bank, WDI

School enrolment, tertiary (% gross). database

Middle-skilled unemployed individuals as a perceetaf the
total middle-skilled in the labour force. Eurostat, ILO and

Middle-skilled individuals are those with upper sedary and ~ National sources
post-secondary non-tertiary education (levels 346GED).

High-skilled unemployed individuals as a percentafgéne
total high-skilled in the labour force. Eurostat, ILO and

High-skilled individuals are those that have finatizertiary ~ National sources
education (levels 5-6 of ISCED).

Ratio of wage and salary earners that are tradenun@mbers

divided by the total number of wage and salary earne OECD. Stat

Strictness of regulation on the use of temporamtrects.
Version 1 (1985-2008) of the employment protectigidlation OECD. Stat
indicator.

Dummy variable taking the value of 1 if the couritna
member of the European Union and 0 if it is not.
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Appendix 3: Country specific interventions in Austria and how tey fit the different ALMP
categories

This Box presents a list of all interventions repdrby the government of Austria in 2011, groupgdype of
ALMP according to the OECD categories defined above

Training:

Institutional training Promotion of occupational mobility (course cosidacourse related cost); Promotion of
occupational mobility (living allowance); Support fisaining in institutions; Employment foundatiorigjrther training
allowance* (Institutional training).

Workplace training Support for training in enterprises (encourages@es in enterprises to participate in training
measures — support for qualification of employe¥skational training for the disabled.

Alternate training None reported

Special support for apprenticeshifPromotion of apprenticeship training and vocadiotraining; Supra-company
apprentice training.

Job rotation and job sharing:

Job rotation:Further training allowance

Job sharing:Solidarity premium model (SOL); Promotion of jaiesing during part-time parental leave.

Employment incentives:

Recruitment incentives?romotion of regional mobility and entry into emnpinent (travel allowance); Promotion of
regional mobility and entry into employment (chide allowance); Integration subsidy (EB); Allowance daterprises
without employees.

Employment maintenance incentivBsomotion of investment and restructuring.

Supported employment and rehabilitation:
Supported employmerBupport for employment of the disabled throughBB#8s; Integration enterprises (BSB).
Rehabilitation:None reported.

Direct job creation:
Socio-economic enterprises (SOB) and non-profit eyment projects (GBP); Childcare institutions.

Start-up incentives:
Business start-up programme (UGP+GB).

Notes: *Component of another program
Source: Eurostat (2013a).
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Appendix 4: Descriptive statistics

No. of Standard
Variable obs. Mean Deviation Minimum  Maximum
Dependent:
Unemployment rate 731 7.5 3.9 0.6 23.9
Employment-to-population ratio 731 66.5 8.0 46.9 84.4
Labour force participation rate 731 71.5 7.1 56.6 6.08
Low-skilled unemployment rate 511 12.2 7.7 2.1 53.4
Low-skilled employment-to-population ratio 498 47.0 12.1 13.3 71.9
Low-skilled labour force participation rate 490 52.7 11.3 24.5 74.5
Share of low-skilled unemployed individuals 520 36.6 15.5 0.5 78.4
Independent:
Policy Cluster (thousand) 652 4.29 4.83 0.04 27.47
Public expenditure in training (thousand) 659 1.71 1.95 0.00 10.32
(Ft’ﬁct))llji(;::g))enditure in job rotation and job sharing 665 0.03 012 0.00 139
Public expenditure in employment incentives (thowga 662 0.86 1.44 0.00 13.63
f’e‘;gibciIﬁ;ﬁg:\“ﬂﬁgiggr‘s‘;ppo”ed employment and 660 0.94 1.92 0.00 1431
Public expenditure in direct job creation (thousand 660 0.79 1.19 0.00 6.46
Public expenditure in start-up incentives (thougand 664 0.10 0.14 0.00 0.81
ggc?éigt? of resources to the implementation ofigieb 623 0.27 0.17 0.02 0.90
Continuity of programmes implemented 710 -15.0 14.7 -71.0 -1.2
Right timing in the implementation of programmes 806 0.8 0.4 0.0 1.0
Cycle (billions) 721 40,389 148,061 5.7 10,43,666
Real Gross Domestic Product (GDP) 690 2.8 2.9 -14.1 12.3
Share of the population with tertiary education 729 48.1 21.0 2.4 103.9
Middle-skilled unemployment rate 510 7.6 4.3 0.0 26.5
High-skilled unemployment rate 505 4.5 2.4 1.1 18.3
Union density 689 34.0 19.5 7.1 83.9
EPL for temporary workers 613 2.0 1.4 0.3 5.4
Member of the European Union 806 0.7 0.5 0.0 1.0
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Appendix 5: Regression results based on three diffent estimation techniques

Table A5.1.Regression results on the unemployment rate

Unemployment rate

Low-skilled unemployment rate

oLS GLS FGLS (AR1) oLS GLS FGLS (AR1)
1) (2) 3) 1) (2) 3)
Cluster (Policy 1) -2.469*** -2.435%** -2.023*** -2.843*** -2.797*** -2.968***
y (0.230) (0.227) (0.245) (0.483) (0.470) (0.515)
Job rotation and job -1.377* -1.386* -0.905 -1.795 -1.841 -0.231
sharing (Policy 2) (0.768) (0.764) (0.554) (1.415) (1.391) (1.164)
Start-up incentives -5.729*** -5.589*** -2.320*** -4.010** -4.268** -3.856**
(Policy 3) (0.934) (0.925) (0.740) (1.877) (1.835) (1.725)
Cluster * PES allocation -0.694** -0.650** -0.315 0.00688 -0.175 -1.089*
(0.294) (0.288) (0.278) (0.679) (0.658) (0.601)
Cluster * Timin 2.198*** 2.152%** 1.722%** 2.153%** 2.147%** 2.675%**
9 (0.224) (0.222) (0.238) (0.458) (0.446) (0.494)
PES allocation -6.935*** -6.993*** -4.096*** -3.137 -2.995 -2.633
(1.182) (1.123) (1.018) (3.148) (2.989) (2.251)
Continuity in 0.0258* 0.0256* 0.000143 0.257*** 0.138** -0.155**
implementation (0.0147) (0.0141) (0.0146) (0.0916) (0.0676) (0.0607)
Correct timing of -4 544%* -2.930%** -6.967** -3.625**
policies (1.454) (0.810) (3.331) (1.543)
Cvele * Timin -7.52e-06 -2.61e-06 -3.10e-06 -3.89e-06 -2.25e-06  -1.79e-05***
y 9 (5.87e-06)  (3.22e-06) (2.01e-06)  (9.94e-06)  (6.67e-06)  (4.37e-06)
Growth rate of real -0.107** -0.105** -0.0569** 0.0594 0.0727 -0.0354
GDP (0.0453) (0.0447) (0.0253) (0.0903) (0.0883) (0162
Population with tertiary 0.0366*** 0.0315*** 0.0240** 0.0154 0.0123 0.0592***
education (0.00950) (0.00885) (0.0107) (0.0250) (0.0219) (0.0224)
Union densit 0.0962*** 0.0759%*** 0.0212 0.0844 0.0604 0.00771
y (0.0211) (0.0180) (0.0145) (0.0588) (0.0449) (09)25
EPL for temporary -0.518** -0.487*** -0.101 -1.439%** -1.479%** -1.079%**
workers (0.200) (0.185) (0.161) (0.483) (0.436) (0.313)
EU 3.013* 3.620%** 6.180** 6.752%+*
(1.372) (0.709) (3.071) (1.117)
Constant 9.089*** 11.01%** 8.991 *** 19.47*** 19.96*** 11.64***
(1.364) (1.906) (1.189) (3.522) (4.398) (2.459)
Observations 455 455 452 339 339 336
R-squared 0.841 0.900
Number of countri€§ 30 27 30 27

Notes: Standard errors are in parentheses. Signdelevels: *significant at 10 per cent; **signdnt at 5 per cent; ***significant at 1
per cent. (1) Pooled ordinary least squares ma@leS}; (2) GLS (either fixed- or random-effects)da(8) FGLS with AR1 correction.
OLS estimates include country dummies.

2 |srael has been dropped from all regressions altmtal unavailability of information about unioermkity. Estonia and Luxembourg
were dropped from GLS (AR1) regressions becausemmigh information on EPL for temporary workers waeailable to carry out
the analysis. The same occurred with Slovenia litht two variables, union density and EPL for tengwgrworkers. This is relevant
for all equations presented in this appendix.
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Table A5.2.Regression results on the employment rate

Employment rate

Low-skilled employment rate

OLS GLS FGLS (AR1) OLS GLS FGLS (AR1)
1) 2 3 @ ) 3
Cluster (Policy 1) 2.919%** 0.917*** 1.167** 4.208*** 0.941** 1.850***
y (0.473) (0.270) (0.346) (0.930) (0.454) (0.712)
Job rotation and job -3.201** -0.846 -0.832 -9.899*** 1.214 -0.908
sharing (Policy 2) (1.590) (0.721) (0.724) (3.809) (1.252) (1.497)
Start-up incentives 5.918*** 0.914 1.898** 11.07%* -0.777 1.577
(Policy 3) (1.516) (0.848) (0.967) (3.595) (1.481) (2.030)
Cluster * PES allocation -0.381 -0.116 0.297 2.141* 1.026* 1.826**
(0.524) (0.337) (0.378) (1.245) (0.593) (0.799)
Cluster * Timin -2.154%** -0.711*** -0.791** -3.509*** -0.893** -1.638**
9 (0.442) (0.254) (0.330) (0.883) (0.426) (0.682)
PES allocation 10.35%** 2.163 4.120%** 15.48*** -3.743 2.443
(1.826) (1.432) (1.351) (4.431) (2.807) (3.012)
Continuity in 0.144%** 0.232%** 0.191*** 0.393*** 0.180* 0.183**
implementation (0.0379) (0.0477) (0.0385) (0.0916) (0.0939) (0.0828)
Correct timing of -2.662%* -4.247%** -7.335%** -4.052*
policies (1.248) (1.240) (2.159) (2.277)
Cvele * Timin 0.000595** -0.000422 0.000891**  2.16e-05***  -2.44e-05** 5.26e-06
y 9 (0.000240) (0.000563) (0.000267) (6.05e-06) (1.04e-05) (6.15e-06)
Cvele -0.000589** 0.000428 -0.000884***
y (0.000240) (0.000563) (0.000268)
Growth rate of real -0.531%** -0.185*** -0.0283 -0.590** -0.173** 0.0587
GDP (0.101) (0.0454) (0.0380) (0.247) (0.0799) (0.0796)
Unemployment rate of  -0.916*** -1.057%*= -0.768*** -0.507** -0.809*** -0.433**
the high skilled (0.0997) (0.0734) (0.0825) (0.219) (0.131) (0.182)
Union densit 0.0782*** -0.225*** 0.0730*** 0.140*** 0.142*** 0.117***
y (0.0154) (0.0242) (0.0168) (0.0370) (0.0432) (0.0395)
EPL for temporary -0.660*** -0.504** -0.516** 4.067** -0.125 2.381***
workers (0.234) (0.216) (0.206) (0.531) (0.374) (0.445)
EU -10.12%** -9.932*** -11.59*** -10.10***
(0.575) (0.783) (1.249) (1.744)
Constant 75.53%** 82.02%* 78.57%* 46.16*** 49.58*** 49.36***
(1.982) (1.331) (1.783) (3.845) (2.409) (3.354)
Observations 367 367 364 355 355 352
R-squared 0.746 0.762 0.499 0.331
Number of countries 30 27 30 27

Notes: Standard errors are in parentheses. Signde&levels: *significant at 10 per cent; **signdnt at 5 per cent; ***significant at 1
per cent. (1) Pooled ordinary least squares males]; (2) GLS (either fixed- or random-effects)dai8) FGLS with AR1 correction.
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Table A5.3.Regression results on the labour force participatiomate (LFPR)

LFPR Low-skilled LFPR
OLS GLS FGLS (AR1) OLS GLS FGLS (AR1)
1) 2 3 @ ) 3
Cluster (Policy 1) 0.561*** -0.00223 0.340*** 5.338*** 0.223 1.360*
y (0.0617) (0.0451) (0.0535) (0.978) (0.479) (0.695)
Job rotation and job -3.169* -1.184* -1.481* -4.987 0.568 -0.0841
sharing (Policy 2) (1.716) (0.674) (0.786) (3.917) (1.208) (1.404)
Start-up incentives 5.774** 1.357 0.587 8.335* 0.513 0.223
(Policy 3) (1.752) (0.889) (1.126) (4.272) (1.677) (2.130)

. , 2.730** 1.552%* 1.736**
Cluster * PES allocation (1.239) (0.580) (0.755)
Cluster * Timin -4 .957*** -0.551 -1.345**

9 (0.940) (0.446) (0.665)
PES allocation 8.395%** -2.154 3.540** 22.23%** -5.856** 0.550
(1.714) (1.381) (1.377) (4.412) (2.753) (2.867)
Continuity in 0.0852%** 0.214%** 0.112%** 0.136** 0.190** 0.155**
implementation (0.0229) (0.0439) (0.0265) (0.0580) (0.0899) (0.0606)
Correct timing of -4.681*** -3.748%** -1.006 -3.246
policies (0.673) (0.794) (2.100) (2.172)
Growth rate of real -0.560*** -0.247%*= -0.0705* -0.403 -0.204*** 0.0341
GDP (0.105) (0.0430) (0.0428) (0.246) (0.0781) (0.0762)
Population with tertiary  0.0816*** 0.0369*** 0.0494*** -0.0901** 0.00879 -@572*
education (0.0146) (0.0112) (0.0139) (0.0372) (0.0219) (0430
Unemployment rate of  -0.230** -0.479%*= -0.201** 0.291 -0.274** 0.0714
the high skilled (0.0963) (0.0616) (0.0840) (0.223) (0.131) (0.180)
Union densit 0.0848*** -0.102*** 0.0999*** 0.200%*** 0.176*** 0.148***
y (0.0142) (0.0278) (0.0156) (0.0376) (0.0516) (0m39
EPL for temporary -0.856*** -0.629*** -0.873*** 3.666*** -0.562 1.525%**
workers (0.228) (0.234) (0.204) (0.533) (0.419) (0.437)
EU -7.047*** -7.094*** -11.71%* -8.806***
(0.559) (0.691) (1.316) (1.784)
Constant 73.80*** 81.50%** 76.04%** 44.05%** 54.10%** 57.05%**
(1.492) (1.724) (1.461) (3.589) (3.175) (3.470)
Observations 339 339 336 329 329 326
Number of countries 30 27 30 27

Notes: Standard errors are in parentheses. Signde&levels: *significant at 10 per cent; **signdnt at 5 per cent; ***significant at 1
per cent. (1) Pooled ordinary least squares males]; (2) GLS (either fixed- or random-effects)dai8) FGLS with AR1 correction.
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Table A5.4.Regression results on the share of low-skilled ungtoyed individuals

Share of low skilled unemployed individuals

OoLS GLS FGLS (AR1)
(1) 2) (3)
: -3.044*** -2.431** -1.995**
Cluster (Policy'1) (1.008) (0.988) (0.955)
Job rotation and job 5.036** 4.922** 2.287
sharing (Policy 2) (2.483) (2.474) (2.008)
Start-up incentives -1.131 -1.099 0.175
(Policy 3) (4.222) (4.157) (3.734)
Cluster * PES allocation :Z"fgg?) 3'(‘?0;35) 1('18123)
_— 1.892** 1.275 1.284
*
il T (0.939) (0.920) (0.903)
. 2.203 1.831 -0.586
PES allocation (5.921) (5.734) (4.553)
Continuity in -0.140 0.0215 -0.137
implementation (0.196) (0.137) (0.132)
Correct timing of -6.246 -16.20**
policies (7.092) (6.392)
Growth rate of real 0.388** 0.318* 0.189
GDP (0.169) (0.167) (0.118)
Population with tertiary ~ -0.00589 -0.0475 0.00387
education (0.0450) (0.0411) (0.0425)
Unemployment rate of  -0.977*** -0.831*** -0.756***
the high skilled (0.273) (0.264) (0.256)
Union densit 0.252* 0.186** 0.185*
y (0.106) (0.0865) (0.0976)
EPL for temporary 3.059*** 3.342%** 1.652**
workers (0.927) (0.858) (0.779)
EU 0.235 -28.07***
(6.358) (5.960)
Constant 27.66*** 37.26*** 60.95***
(6.714) (9.422) (6.493)
Observations 309 309 306
R-squared 0.928
Number of countries 30 27

Notes: Standard errors are in parentheses. Signdelevels: *significant at 10 per cent; **sigoént at 5 per cent; ***significant at

1 per cent. (1) Pooled ordinary least squares m@ie$); (2) GLS (either fixed- or random-effectajd (3) FGLS with AR1

correction. Model (3) includes country dummies.
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Appendix 6: Results of 1V estimations (2SLS)

Low-skilled Low-skilled Labour force Low-skilled Share of low
Unemployment Employment S D ;
rate unemployment rate employment participation participation skilled
rate rate rate rate unemployed
(1) (2 (3) (4) (5) (6) (7)
Cluster (Policy 1) -0.594*** -0.776*** 0.725* 1.117%** 0.809** 1.734%** -1.636***
y (0.0872) (0.183) (0.423) (0.223) (0.325) (0.469) (0.617)
Job rotation and job sharing (Policy 2) 7.559%** 7.996** 27.01 -9.628** 30.30** 0.688 -27%*
J 9 y (2.812) (3.989) (16.59) (4.657) (13.16) (22.61) 0B}
. . . -4.099*** -11.54%** 7.809*** 4.389 2.600 19.33*** -46.79%**
SErt I Meznthies (Felisy <) (1.563) (2.227) (3.015) (2.939) (2.748) (3.983) (11.54)
. -12.17%** -21.83*** 6.399 10.13** 1.174 30.88*** -03.9%**
PES allocation (2.025) (4.328) (4.006) (4.394) (2.583) (5.527) P
et i Mol -0.487*** -0.683*** 0.568*** 0.281 0.0134 0.810** -1.956**
y P (0.0787) (0.182) (0.191) (0.235) (0.125) (0.354) (0.840)
Correct timina of policies 6.647*** 5.558** -13.75%** -20.10%** -12.63*** -15.67*** -11.41
gorp (0.986) (2.205) (3.807) (3.039) (2.831) (5.078) 289
Constant 7.932%** 15.20*** 95.74%** 56.76*** 91.01*** 56.46*** 103.6***
(1.573) (3.482) (6.976) (4.055) (3.040) (6.754) (12.32)
Observations 226 175 314 175 314 305 156
R-squared 0.422 0.478 0.320 0.690 0.068 0.359 0.134
Underidentification test
(Kleibergen-Paap rk Wald statistic) 61.5%** 30.49* 22.39%** 40.94*** 21.25%** 21.29%** 16.37***
Weak-instrument-robust inference
(Anderson-Rubin Wald test) 79.82%*+* 58.94**+* 73.12* 152.8*** 39.32%*+* 37.73%* 105.66***
Overidentification test of all instruments
(Hansen J statistic) 5.832 5.675 6.19 7.65 4.599 6712. 1.933

Notes: Standard errors are in parentheses. Signdelevels: *significant at 10 per cent; **signédnt at 5 per cent; ***significant at 1 per cent.

All models have been estimated by 2SLS, using gmdnrabust options to compute efficient estimategsrasence of heteroskedasticity and autocorrelafiba exception is (7) where the

robust option was not used.
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