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1. Introduction

We present an experiment on the preferences ofrsvateer candidates in public
elections. We are interested in two main charagtiesi that define the quality of a candidate:
competence and honestZompetence refers to the ability of a potentiabligpuofficial to
properly perform his/her job, identifying and empha the appropriate policies that enable
her to get the job done. Honesty refers to the igeéatitude of the potential public official to
fulfill the trust that the voters have placed omtor her; it usually implies a general aversion
towards dishonest practices such as bribery, kukdyaand public embezzlement which
would benefit the public official to the detrimeoftthe public; it can be understood within a
fiduciary model of duty in politics according to iwh the public official behaves honestly in
order to fulfil the trust of those who voted fomhor her (Besley, 20058).

Why may people have a preference over one of thectvaracteristics that define the
quality of a public official? From a traditional @@mic point of view, a rational and purely
self-interested voter should always select the iclatel that ensures the highest expected
return for the elector irrespectively of everythiglge. The underlying idea — well captured by
Bill Clinton’s 1992 presidential campaign stratéglames Carville in his slogan “[it's] the
economy, stupid” — is that people care only abbatéconomy and want candidates who are
able to improve it, and therefore their own finahgosition, irrespectively of everything else.
The results of this study will tell us whether tiggrue or not based on the preferences of the
voters over the characteristics of the candiddtesaddition, our experiment may help us
understand why democracies may at times suffer ffademic dishonesty and corruption at
the public level. If voters in fact display a rat&d and profit-maximizing voting behavior or a
preference for competence over honesty, the existexi corruption and dishonesty in

modern democracies might be explained by peopitisg preferences.

Voters may however be reluctant to support a diskbrandidate if, for instance,

they display what has been referred as “betrayatsian”, that is a general dislike to “being

! There are indubitably other aspects that may affecquality of a public official. However, as B&g (2005, p.

47) pointed out, “their merits are more difficldtdssess”.

21n a previous study by Caselli and Morelli (200#) authors used the same two characteristiceftoedthe
quality of a public official. Besley (2005) alsoeaasthe term honesty to identify, along with compete the
principal dimensions of the quality of politiciaand he interpreted it as “a duty of rulers to ughtble public
trust” (Besley, 2005: pp. 48-49). From a more gehgrerspective, competence and honesty can also be
associated to the two universal dimensions of huseaial cognition: competence or efficiency, on dine side,

and perceived warmth or trustworthiness, on theroside (in social psychology, see, e.g., Fiskal, 2007;
Fiskeet al, 2002; in economics, see Butler and Miller, 2014)
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betrayed beyond the mere payoff consequences” @etmal, 2008, p. 295), or if they care

more about the process by which the payoffs arergéed rather than the final payoffs (see,
e.g., Rabin, 1993). Similarly, voters may be sérsito a social norm that prescribes to
punish a candidate who proves to be dishonesta #sult, voters may vote for a candidate
who is more reliable but overall less worthwhilarihthe contender in terms of expected

payoffs.

The opposite, also plausible, possibility is thatievs may support the more competent
candidate, quite independently of the honesty efalternative candidates and the expected
returns associated to each of them. This may beake if, for instance, voters think that the
misuse of public power for personal benefit at plblic level is a fact of life and, hence,
justified (Peters and Welch, 1980) or if there asnsuch distrust in the public system that
voters believe that the election of a honest putlficial would have no impact whatsoever

on the system or only a marginal Gne.

There are other possible explanations of why vatboose a certain candidate which
abstract from the pure preferences of the votees benesty and competence. Most notably,
voters can be affected by the quality and levahtdrmation on the candidates available to
them at the moment of the vote (Peters and Wel&80Y* In this study, we do not
investigate the impact of these other factors thay affect the decision making of the voters
in elections, but we focus solely on the votergfprences over honesty and competence, in a
context where the candidates differ only over these characteristics and where the voters

are fully informed about them.

There are many examples of real-world situationscivitould be used to support
either the primacy of honesty or that of competefocevoting behavior. For instance, the
success of the anti-establishment movement ofdheedian Beppe Grillo at the general and
local elections in Italy over the 2012 and 2013 lmhige explained by a greater weight
assigned by a significant proportion of voters éodsty rather than competence. Many voters
might have voted for Grillo's party because of dsoice to propose ordinary voters as
candidates, with no experience on politics and ipubffices, but, as Grillo emphasized

3 According to the 2014 corruption perception indexblished by the Transparency Organization
(http://www.transparency.org/cpi2014), many cowsdrido indeed present very high perceived levels of
corruption in the public sector that could justfyotal disinterest of the voters in the honestihefcandidates.

4 Other important aspects that may influence thetetal choices of the voters are, for example,eleetors’
partisanship to a certain ideology or party or gbasitivity of certain electors to some attractiharacteristics

of a candidate such as beauty or charisma.



during his political campaign, much more honestntitanventional politicians (Bartlett,

2013). A dislike of voters for dishonest candidatesy also explain why, in certain cases,
candidates affected by corruption scandals fabldcelected or experience a significant drop
in voters’ support. For instance, in the electiohshe US House of Representatives Peters
and Welch (1980) and Welch and Hibbing (1997) fotimat incumbent candidates touched
by corruption allegations lost more often theirtseand received about 10% less than

incumbent candidates with no corruption accusations

A significant number of other cases seem howevaupport the opposite conjecture
that voters are motivated by their final expectagigifs or care more about the competence
of candidates rather than the honesty. For instamemy of the parliamentarians who were
involved in the 2009 UK parliamentary expenses dablimeld their seats in the 2010 general
elections and experienced only a marginal dropatens’ support (about 1.5% on average;
Eggers and Fischer, 2011). In Brazil, the formeziian President Luis Inacio Lula da Silva
won the 2006 general elections regardless of threuption scandals that plagued his
previous administration and after a mandate chanaed by steady economic growth and

decrease in poverty for Brazil (Winters and Weitafiiro, 2013).

Although these examples may provide important imsign how voters vote in public
elections, they cannot be used to infer the prafese of voters over honesty and competence
as many other factors may have played a role imgadecisions. Research is needed to
uncover these preferences and isolate them fromr atifluences. Furthermore, in modern
democratic elections, the vote is secret and anongmAs a result, real-world data on voters’
preferences is typically collected only in aggreg&irm after an election or via public
opinion polls or surveys. However, aggregate degaugually difficult to interpret due to the
lack of control over many unobservable variablagyrimis the individual characteristics of
the voters. In addition, the answers of voters uovesys and public opinion polls can be
highly affected by social pressure, especially bhseavoters are asked about sensitive topics

such as political preferences, and, thereforefullytreliable (DeMaio, 1984).

By means of a lab experiment, we are able to byfhees®e limitations. We can collect
data on individual voting behavior which is usuatlifficult to analyze with standard
empirical approaches. In our experiment, we askrgoto select a public official, based on

51n 2009, several members of the UK parliamentsusgd their permitted allowances and made inapptepri
expenses claims for personal benefits.



the competence and honesty of which their finabffaydepend. We measure the competence
of the candidates in a real effort task and thendsty by asking them to truthfully or
untruthfully report the value produced in the redfort task. We then provide this
information to the voters and ask them to seleefpiblic official. By looking at cases where
there is a competence-honesty trade-off, we canrigasure the extent to which competence
and honesty matter in electoral decisions, or wdreith the end only the expected financial
bottom line for voters matters. We find that mostevs in general tend to have a bias towards
caring about honesty irrespectively of whether thaximizes their earnings or not.

The remaining of the paper is organized as follo8extion 2 reviews the literature
related to this study. Section 3 presents the @xjetal design. Section 4 describes the
hypotheses to be tested and the theoretical backdr&ection 5 presents the results. Section
6 briefly presents the design and results of arsexperiment. Sections 7 and 8 discuss the
findings and conclude, respectively.

2. Related literature

To the best of our knowledge, there is no study ithaestigates the extent to which
competence and honesty matter in electoral dedsidhat said, one strand of related
literature is about electoral delegation. In oupexriment, a subject is chosen by some voters
to be the public official and act for them. Sevestlidies investigate the behavioral
implications of delegating a decision about outcerteanother person (e.g. Otto and Bolle,
2013; Hammanet al, 2011; Bolle and Vogel, 2010; Samuelson and Mk&ssi986;
Samuelsoret al, 1984; Messiclet al, 1983). These studies focus primarily on the ghtie's
behavior and its implications in term of welfar¢hex than the preferences of the people over
the characteristics of the potential delegates. il&ily, voting preferences on the
characteristics of the potential leaders is nobgct covered in the economic research on

leadership, whereas it is the focus of our péper.

8 A public official can be in fact seen in many resfs as a leader. The literature on leadershiplynfustuses
on the impact of leading-by-example (e.g. Gactteal, 2012; Guthet al, 2007; Pottergt al, 2007; Moxnes
and van der Hejden, 2003). Some papers compareniiiecations of having randomly selected leaderthwi
elected leaders (e.g. Lewt al, 2011; Brandt®t al, 2012; Kochelet al, 2013), leaders appointed based on
their past contribution (e.g. Gacther and Renn@d52, leaders appointed based on participant’'opmence in

a pre-task (e.g. Kumru and Vesterlund, 2010), afdsglected leaders (e.g. Rivas and Sutter, 28iHak and
Villeval, 2011). In our experiment, the “leader’aadogenously selected, as in some of this reseldmhever,

in contrast to this literature, our study is nobableadership-by-example, and we are not intedeste the
leader and followers’ behavior but on subjectsf@mences over the characteristics of the potelat#alers.
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Another stream of literature related to our stuglplbout honesty in decision making.
In our experiment, voters are asked to elect aipuiflicial who could breach the fiduciary
relationship that he or she holds with his or henstituency, and behave dishonestly by
underreporting the value of a common fund for peatobenefits. Economists have
empirically investigated dishonesty mostly usingenmental data. Some have studied lying
and dishonesty in cheap talk games where some rplaygn send true or false message
regarding some kind of private information (e.gufe@ moves) to other players (e.g. Sutter,
2009; Gneezy, 2005; Croson, 2005). In these studeseption is totally disclosed to the
experimenter. Other scholars — not only in econsmichave studied unobserved lying
behavior and lying aversion by tracing its disttibn from subjects’ reported results of a dice
roll, coin flip or matrix task (e.g. Fischbacherdarleusi, 2013; Hao and Houser, 2013;
Abeler et al, 2014; Houseet al, 2012; Bucciol and Piovesan, 2011; Mazar and IArie
2006).

Our study is also related to some research on gtoru Barrat al. (2009) and Azfar
and Nelson (2007) used a Public Servant’s Geongudy corruption in service delivery. In
this game, one subject is assigned the role ofceprovider (or executive), a second subject
the role of monitor (or attorney general), and tieenaining subjects (6 subjects) are
community members. The decision of the service igasy that is how many tiles (from a
random distribution) to allocate to the communigysimilar to the one of the public official
in our experiment. A few economists and politicakstists have also examined the extent to
which voters may support corrupted incumbents ibliptelections (e.g. Peters and Welch,
1980; Welch and Hibbing, 1997; Ferraz and Fina®82Winters and Weitz-Shapiro, 2013;
Bagenholm, 2013). These studies are to some dkt&atl to ours since corruption may be a
sign of dishonesty, particularly if the interestfstioe voters are aligned with those of the
public. These works primarily used aggregate-levepirical approaches and focus solely on
the impact of corruption on incumbents’ re-electisthout investigating the trade-off

between honesty and competehce.

There is political science research studying th@artance of the quality of the
candidates, defined as a combination of integritd @ompetence, in electoral choices
(Mondak and Huckfeldt, 2006; Mondak, 1995; Kuliskend Mondak, 1996; McCurley and

7 An exception is the political study of Winters awtkitz-Shapiro (2013), who employed a non-incentui
survey experiment to investigate the attitude daSpomdents towards hypothetical incumbent politigian
(vignettes) described in the form of qualitativatemces.
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Mondak, 1995). Mondak (1995) investigated the penae of incumbents in the US House
of Representatives in relation to the quality o hcumbents, measured as an index of
competence and integrity constructed with contematlysis. He found that high-quality US
House members remained in office longer than loatigumembers. McCurley and Mondak
(1995) combined the aggregate-level data on thditgud US House of Representatives’
incumbents with individual-level post-election seiyvdata to explore whether the skill and
integrity of the candidates affect the voters’ ewdibn of the candidates and their voting
choice. They found that the quality scores do &ffiee evaluation of the candidates. Similar
findings are provided by Kulisheck and Mondak (1P9ho investigated whether the
information concerning the quality of hypotheticahdidates influences the voting choice of
subjects in a survey experiment. Mondak and Hudkf@006) collected data from a series of
survey experiments and a national survey to sthdyaccessibility of the competence and
integrity of hypothetical candidates in the evalmatof the contenders, and how people
respond to these characteristics relative to parsisip and ideology. They found that
competence and integrity are slightly more accéssitan partisanship and ideology, and are
perceived favorably by subjects. Altogether thdadiss provide evidence that the quality of
candidates matter in national elections. Howevey tare inconclusive on which dimension
of the quality matters the most. In addition, tipegsent several features in relation to which
our laboratory experiment approach based on amiivized environment is able to provide
a significant contributiof.

3. Experimental design

To investigate the preferences of voters over tbenpetence and honesty of
candidates in public elections, we conduct a mapeement in France (Experiment 1) and a
complementary one in UK and France (Experimerit 18)the paper, we mainly focus on
Experiment 1, and only briefly discuss the othegpeziment. More details on Experiment 2
can be found in Galeotti and Zizzo (2014).

8 First, when aggregate-level empirical approachesised (e.g. Mondak, 1995; McCurley and MondaR5).9
it is usually difficult to isolate and control fahe effects of important unobservable variableghsas, for
instance, the information available upon the cazmigl In addition, one can question the subjegtiaitd
precision of the measure used to identify the ¢palia candidate, and the reliability of post-éiee surveys to
measure the voters’ support for a candidate (sge,[@eMaio, 1984; Lodget al, 1990). Finally, when survey
experiments are used (Kulisheck and Mondak, 199%ndak and Huckfeldt, 2006), the situations desdritze
the subjects are hypothetical, there are no ecanmoéntives associated with the choices, the ficusore on
attitude and perception rather than behavior, aedjuality of the candidates is identified onlyhwifualitative
statements and phrases. While these comments ate deny the value of these studies, they sughestan
experimental approach of the kind we use woulddpeeially useful to complement them.

9 Experiment 2 was a preliminary experiment whictswan before Experiment 1.
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3.1 Experiment 1
3.1.1. Outline

The experiment was conducted at the GATE (GroupEnalyse et de Théorie
Economique) research institute in Lyon, France avéiber 2014. 90 subjects participated
in 6 experimental sessions (9 or 18 subjects pesi@®)® The experiment was fully
computerized and programmed with the z-Tree so&wkischbacher, 2007). Each session
consisted of two stages and a final questionriaié.the beginning of each stage, subjects
received both computerized and printed instructidiitiese were context-free and written
avoiding any suggestive terminology. Each set structtions was followed by a control
guestionnaire whose purpose was to check subjectderstanding of the instructions.
Clarifications were given aloud for public knowledduring the experiment, payoffs were
calculated inpointsand converted to euros at the end of the expetifiepoint = 20 euro
cent). Each subject earned on average €21.71 @r2dl5 US dollars) including €5 of
show-up fee. Subjects were paid in private andashan a separate room outside the lab by a
research assistant who was not present duringxberienent and who was not aware of its
content. Each session lasted around 1 hour andiidtes. We ran 2 treatments, described
below: theNo Beliefstreatment (3 sessions), and tBeliefs treatment (3 sessions). Upon
arrival to the lab, each subject was registeredHerexperiment and randomly assigned to a
computer desk which was separated from the othgrgdstitions. Afterwards, subjects

received the instructions for the first stage.
3.1.2 The No Beliefs treatment

In both stages of the experiment, subjects playe@fficial’'s Dilemma GameAt the
beginning of each stage, each participant was radtehth two different subjects to form a

group of three members (the matching was absoluéager)'®* The computer assigned a

10 Subjects were randomly recruited with the on-koéware h-root (Boclet al, 2014). Subjects were mostly
students with different socio-demographic backgob(details are provided in the online appendix).dubject
participated in more than one session. To ensuraanlute stranger matching between subjects, sesgion
was conducted with a number of subjects equal touliiple of 9. Variations in the number of partiaids
across sessions (9 or 18) reflect differencesearstiow up rates across sessions.

11 At the beginning of the experiment, subjects wefermed that there were two stages in the expertnsut
the details of each stage were revealed to subjetysat the beginning of each stage. This is beeave want
to minimize strategic behavior. We also made cleathe instructions that the information provideg the
subjects in each stage may be reported to othécipants at later stage of the experiment but oty will
be preserved.

2 nstructions are available in the online appendix.

B n the instructions, we refrained from using a@yrtinology (e.g. group) which could induce groueritity.
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common fundo each triad with an initial value of O pointsibffects were asked to work on a
real effort task and make a decision at the entl ®he real effort task consisted in counting
the number of 1s in a series of tables containggril 1s for 10 minutes (see, e.g., Abeter
al., 2011; Pokorny, 2008}¥.Only the work of one of the three subjects courfimdthe
earnings of each stage. This person was the pafficial.’® In particular, for each table that
the public official solved on top of the first 4@bles correctly solvetf the value of the
common fund increased by 4 poihf3iVe chose this particular real effort task becaitise
provides enough variation in performance. The taskiso simple and does not require any
particular knowledge. At the same time, it is tedi@nd, therefore, mentally costly for the
subjects. Finally, the experimenter does not befrein the output of the taskAt the end of
the real effort task, the common fund accumulateeréain value. Only the public official
knew this value. He or she was then asked to rapaot the other members of the triad,
knowing that he or she could report any number betwa minimum value of 10% and the
true value of the common fund. We imposed a mininuatae of 10% to be reported by the
public official in order to avoid observations &ra. This is an important aspect for Stage 2
as people may avoid voting for a candidate simplgalise he or she displays a zero in one of
the characteristics rather than a minimum positalee Thereported valueof the common
fund was divided equally between the three pamitip. The public official kept the

unreported value of common fund for himself or k#rs

Each subject was informed only at the end of theegrent whether he or she had
been appointed as public official in any of thegstof the experiment. This means that, in
each stage, every subject exerted a real effortn@ade a decision as if he or she were the
public official. At the end of the experiment, orthe effort and decision of the public official
were used to determine the earnings of the subjébis mechanism allowed us to collect a

measure of honesty and competence for each particip each stage. In particular, the

14 A table consisted of a 5 x 5 matrix of Os andFLs.each table, the computer randomly generatedriar of
Os and 1s in a random order. In a given sessibhalsubjects faced the same series of randomigrgéed
tables.

5 n the instructions, we used the neutral teppointed co-participanto identify the public official.

16 This number was calibrated in such a way thatyerex was able to pass the threshold of 40.

17 The purpose of this multiplier was to make thaltoutput bigger and the monetary incentives higher

18 These are all important features of our task simesvanted to minimize the reciprocity of subjetwards
the experimenter, and to ensure that our measumpetence was minimally affected by other exferna
influences (Abeleet al, 2011).

19 The underlying mechanism may be similar to the thia¢ characterized the so-called ‘zero-price ¢ffeee,
e.g., Shampanieat al, 2007). This effect has been studied in the margeesearch. In this literature, the zero
is associated with a cost and induces people tosehmore often the option with the zero (otherghibeing
equal). In our context, the zero would be assodiatith a benefit and may induce people to chooss tdten
the option with the zero (other things being equalulting in potential biased observations.

9



proportion of the common fund reported to the oth#sjects was our measure of honesty.
The number of tables correctly solved on top offitet 40 tables correctly solved was our

measure of competence.

How was the public official selected in the twogss of the experiment? In Stage 1,
the public official was randomly selected by thenpaiter. In Stage 2, it was endogenously
selected by the members of the group. In particalathe beginning of Stage 2, each subject
was informed of (a) the number of tables correstlived by each other member of the triad
in the earlier real effort task of Stage 1; thisypded a measure of the competence of each
candidate®® and (b) the proportion of the common fund thatStage 1, each other member
of the triad would report to the others in caseoheshe were to be assigned the role of
appointed co-participant; this provided a meastith@ honesty of each candidate. Based on
this information, each subject was asked to vdtat ts, to choose which of the two other
participants he or she wanted to appoint as thdiguifficial. 2! Then the computer
implemented the voting decision of one randomheateld subject within each triad; this
mechanism ensured that voting was incentive cofleatiby removing any scope for
strategic voting behavior. All of the rules for geating and distributing experimental
earnings were common knowledge for all subjectiepoint of selecting the public official:
therefore, in selecting the public official, sulipe&new that their earnings depended on the
competence (in solving tables) and the honestyeforting the value of the common fund)

of the public official.
3.1.3 Conditional Information Lottery (CIL)

To collect more data, in general and by individual, the voting behavior of the
subjects, without deceiving them, we employed tiealed Conditional Information Lottery
(Bardsley, 2000) during the selection of the puldfficial in Stage 222 This technique
consists in camouflaging one true task amongstrditigonal tasks, with the subjects fully

aware that there is a camouflage but uninformedrde- of which task is the true one

20 The performance in the real effort task may ndy die a measure of ability but also something eglab
subjects being bored or lazy. From the perspedifvihe voters, it does not matter whether the publfficial

does not perform well because he or she is unabdi® tthe job or because he or she is lazy. Bothilihaand

laziness are dimensions of the incapacity of tHaipwfficial to do his or her job well, and, hena# his or her
incompetence.

21 We did not give subjects the option not to voteisTis because we wanted to collect, for each stigeclean
measure of the extent to which people think thatelsty is more important than competencervice versa
Future studies may explore the implications ofwiim people to abstain from voting.

22 The data collected in this way also allowed uslassify the subjects based on their voting degssio
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(Bardsley, 2000). More specifically, in the selentiof the public official, each subject was
presented with ten randomly ordered situations: weed and nine fictional. In the real
situation, each subject was informed about theaha@ampetence and honesty of the other
participants within his or her group. In the ficta situations, each subject was instead
presented with fictitious information about the gmtence and honesty of the other two
participants. In particular, to make the camouflagedible and realistic, the information used
in the fictional situations came from subjects, s#m0 at random by the computer, who
participated in Experiment 2 and performed the stask (i.e. Official’'s Dilemma Game) of
Experiment 22 More specifically, to generate the fictional sttaas, the computer randomly
combined subjects from past sessions using a fetasibn procedure which followed
approximately the distribution of the cases obsgrire the Official’'s Dilemma Game of
Experiment 2. In two fictional situations, one calade strictly or weakly dominated the
other candidate in both characteristics (competandehonesty). All the other seven fictional
situations corresponded to cases where the chasticte of the two candidates were
orthogonal and differed in the extent to which tive candidates were different in terms of
expected payoffs generated for the voter. In paldic in three situations, the difference in
expected payoffs between the two candidates laidannterval [0, 5] experimental points; in
two other situations, the difference laid in theemal (5, 10] experimental points; in another
situation the difference lay in the interval (10] 2xperimental points; and in another one in
the interval (20, 50] experimental points. Thisasfred randomization allowed us to provide
to the subjects enough decoys to prevent them &patting the true situation, and, at the
same time, to collect more information on the @eadtchoices of subjects for different level
of expected payoffs of the candidates. The ordeheften situations was randomized. For
each situation, each subject was asked to chooseh walfi the two participants he or she
wanted to appoint as the public official, knowirdwat only the decision of one participant

selected at random in the real situation was impleed.

As Bardsley (2000) pointed out, the CIL procedunghnhinduce “cold” decisions
because of the hypothetical nature of the tasks Thight actually be desirable in our
experiment as voters do usually make their electdraices in a “cold” state, since they are
typically asked to vote in polling places, anytimesr a span of one or two days and after the

political campaign of the candidates. The CIL prchoe may also dilute the incentives of the

23 To generate the fictional situations, we only usebjects who had been appointed as public officiEhis is
because, in Experiment 2, subjects were informeatlirance whether or not they had been appointgdilas
officials.
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experiment, and increase the misunderstandingeoéxiperimental procedures. To minimize
these drawbacks, we limited the fictional situasiaa only ten and made sure that subjects
fully understood the instructiorislt was also important that subjects did not spet true
situation. As we have already mentioned earlier, adopted a procedure of stratified
randomization to select the fictional situationsnfrreal situations occurred in past sessions,
making very difficult, if not impossible, for theilsjects to identify the true situation. Finally,
in Experiment 2, we ran some sessions without tlhep@cedure (i.e. the Baseline treatment)
as a control to check whether any biases were peastifrom using the CIL procedure. We

find no bias.

3.1.4 The Beliefs treatment

The Beliefs treatment differs from the No Beliefsatment only in the voting phase
of Stage 2. In particular, for each voting situati@nd before choosing one of the two
candidates, subjects were also asked to indicaterhany tables they think each candidate
will correctly solve, and what proportion of thenmmon fund they think each candidate will
report. At the end of the experiment, the comptdedomly drew, for each participant, one
guess in the real situation. Subjects earned Zedros if their guess was correct. If the
guess was incorrect kytables (in the case the randomly drawn guess Wwastdhe tables
correctly solved) or percentage points (in the daserandomly drawn guess was about the
proportion of the common fund reported), subjeeaisiedmax(0,2 — 0.1x) extra euros. All

the other aspects of the experiment were identiicle No Beliefs treatment.

3.1.5 Final questionnaire

In both the Beliefs and No Beliefs treatments, raiage 2, subjects had to complete

a 4-parts questionnaire, reproduced in the onlppeadix®

3.1.6 Payments

24 As we have already mentioned early, subjectsdfilfea control questionnaire, followed by clarificas, to
check their understanding of the instructions, wily questions regarding, for instance, the meaninthe
fictional situations.

25 |n part 1, we measured the risk attitude of subjet/e employed the Ecket al (2012)'s task in the domain
of gains. In this task, subjects had to choose gemable out of six possible gambles. Each gamble was
represented with a circle and involved two payafith 50% probability of occurrence each. Movingrfro
gamble 1 to gamble 6, both expected return andmizleased. This part was incentivized. Part 2 thasStober
(2001)'s 17-item Social Desirability Scale (SDSXbre) which measures how much a person desireg to b
perceived in a positive light. Part 3 was the Ghleriand Geis (1970)’s 20-item Machiavellianism sd@ACH
score) which measures a person’s tendency to beahaeaad opportunist. In the last part of the questaire,

we collected some demographics and elicited suijbetief about the objective of the experiment.
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At the end of the experiment, the computer randodigw one of the two stages.
Subjects were paid the earnings of that stage tilasshow-up fee of 5 euros and any
additional earnings that they obtained by answetirggfinal questionnaire. In the Beliefs
treatment, they were also paid the earnings ofrandomly drawn guess.

4. Theoretical background and hypotheses

In this section, we set the theoretical backgroand present the hypotheses to be
tested. Let us calt,; the expected earnings of the generic veotdf the candidatg is

appointed. This can be defined as:
T[Tl,j = AHn]Cn]

whereA is the constant multiplier of voters profit function (equal to 4/3 in our
experiment, where 3 is the group size, and 4 is/éhee of one table correctly solved by the
candidate on top of the first 40 correct tables esubrted to the voter}i,; captures the
honesty of the candidate and is measured as tip@mian of the common fund reported by
the candidate to the votels;; captures the competence of the candidate andasured as
the number of tables correctly solved on top offitet 40 tables correctly solved in the real
effort task. The profit function is a Cobb-Douglagh profit elasticities of competence and
honesty equal to 1. Each elasticity measures thgoresiveness of the profit to a change in
competence or honesty, ceteris paribus. In padic@d 1% increase in competence would
lead to a 1% increase in profit. Similarly, a 1%réase in honesty would lead to a 1%

increase in profit.

The votern must choose among two candidates (J =2). The witiins a certain
utility if a certain candidate is elected. In peutar, the utility that voten gets if candidatg
is appointed id/,,;, j = 1, 2. Each candidate possesses two attribuasp@tence and
honesty) which are known by the voter. If the vagerational and profit maximizing, she
should choose the candidate that gives the hightdgty, and her utility should be an
increasing function of the expected earnings. Fampkcity, let the utility be a standard

Cobb-Douglas functiofl which can be defined as follows:

26 The Cobb-Douglas function has been widely usegcomomics to identify the production function ofiran
or the utility function of an economic agent (seq., Mas-Colelet al, 1995). In our context, it is particularly
useful as it allows us to estimate the weights @ahadter places on the honesty and competence aiahdidates
in a directly comparable way. In particular, theigtgs are expressed in terms of elasticities, ihabw much

13



Up,j = AHp"1Cnj*2e

wherea; anda, are the weights (elasticities) of the honesty #mel competence
respectively of the candidatein the utility function of votem. AH,;**C,;" is the known
component of the utility function, wherea$+/ is the stochastic component (unknown

componenty’

If the two attributes have the same weight in thiéw(a; = a, = a), the voter cares

only about his or her profit. We can rewrite thiditytas a function of the profit:
Un,j = T[n’]'aeen'j
Hypothesis 1If voters are rational and profit maximizing, = a, = a, witha > 0.

If « is equal to O, the utility does not depend on phefit. If « is less than O, it
negatively depends on the profit.df > a, (@, > a;), it means that the voter weight more
the honesty (competence) of the candidate overctingpetence (honesty), and over what

would be predicted by profit maximization.
Hypothesis 2If honesty matters more than competemngewill be greater thaw,.
Hypothesis 3If competence matters more than honasggywill be greater thaw; .

To test the Hypotheses 1, 2 and 3, we can takeaheal logarithm of the utility to

obtain a linear function in parameters:
ln(Un,j) =Vp; =In(4) + a1 Hyj + a3Cyj + €p
Knowing that the probability that votarchooses candidateverj is:
Pn; = Prob(V,; >V, ;) = Prob(V,; — V,; > 0)

We can derive the logit choice probability assumingt the error termef, ;) is iid

with a Type-| extreme value distribution. The edumafor the logit choice probability is:

the utility varies (in percentage) if honesty omqetence increases by 1%. In addition, it is ldgicaonsistent

with the essential elements of our experiment.driigular, it is directly linked to the profit fution used in our

experiment. More precisely, it can be reduced téuraction of the profit if the weights of honestydan
competence are identical.

27 For simplicity, we assume that the stochastic camept is non-additive.
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exp(ay ln(Hnj) + a, ln(an))
Y2_; exp(a; In(Hy;) + a,In(Cp)))

Pni=Prob(Vy; >V, ;) =

The estimation ofa; and a, is relatively straightforward through maximum
likelihood estimation as we observe the choicethefvoters and we have measures of the

honesty and competence of the candidates.
5. Experimental results

In this section, we main focus on the results opdtiment 1. We only briefly
consider some of the findings of Experiment 2 atehd of the section, and report the rest in

the online appendix.

5.1Experiment 1's results

5.1.1 Descriptives

Table 1 shows the average measures of competeddecaesty from the two stages
of the experiment. In the tablepmpetencés the number of tables correctly solved on top of
the first 40 tables correctly solved in the redbeftask; honestyis the proportion of the
common fund that a subject would report if he og slere to be the public official. Both
competence and honesty in Stage 1 were positivehelated with competence and honesty
in Stage 2 (Spearmans= 0.86 and 0.74, anpl< 0.001 for both). This indicates that both
measures were valid proxies of subjects’ behavi@tage 2. While competence significantly
increased from Stage 1 to 2 (Wilcoxon signed-raegt,ip < 0.001), honesty weakly
significantly decreaseg & 0.054). Both trends are probably explained layrimg.

[Table 1 about here]

To analyze the electoral choices of subjects, wst @ionsider the number of times
subjects voted for a candidate for each possildet@ial situations that occurred in the
experiment (Table 28 If we look at the interesting situations wherer¢hevas a trade-off
between honesty and competensabjects seemed to vote more often for the honest
candidate as opposed to the more competent onkeirNb Belief treatment and if we
consider the two treatments pooled together. We tesh more formally whether the

proportion of situations where subjects chose tlbeenhonest candidate significantly differs

28 Due to a technical problem during the voting stafi®ne session in the Belief treatment, the infation
about honesty and competence of some candidatesdiggrlayed as 0s in the computer screen of certaers.
This problem affected 12 voting choices which wepgired from the analysis.

15



from 50%. The result of a binomial test indicathattthe proportion of situations where
people voted for the more honest candidate is fegnily different from 50% in the No
Belief treatment (about 59%, = 0.002), and in the two treatments pooled togefabout
54%,p = 0.075), but not if we consider the Belief treattnalone § = 0.584)* Of course,
this very preliminary analysis of the voting betwawloes not take into account the number of
cases in which competence and trustworthiness ctgely are associated to profitability. In
our case, it underestimates the bias towards hpnestibout 73% of the cases, the more
competent candidate was in fact also the more tptidé. This means that many people did
not vote for the more competent candidate whenrtshe was the more profitable one, and
preferred instead the less profitable and more $tonandidate. The proportion of these
voters is equal to 40.45%. If we instead consither cases where the more profitable
candidate was the more honest one, only 11.17%tefs did not vote for the more honest
candidate3® The difference is statistically significant (Wikon signed-rank testp <
0.001)3! This suggests that many voters had a strong bits/or of honesty. This bias could
also be stronger if those people who selected tbee mompetent candidate did it simply
because he/she was more profitable and not bedeiske was more competent. We will

explore this possibility later in the analysis.

Subjects who participated in the Beliefs treatnsagsions might have been induced
to rely less on the information provided to thend d&cus more on their beliefs about the
characteristics of the candidates to cast thees:df we look at the bottom of Table 2 where
we construct the possible electoral situations dbasethe beliefs of the subjects, we find that
the proportion of situations where people voted floe more honest candidate is not
significantly different from 50% (about 53%, = 0.324). However, the more competent
candidate tends to be the more profitable onewalsmn we base the analysis on the beliefs of
the voters (as before, in about 73% of the cases)this, as we mentioned earlier, prevent to
correctly evaluate the preferences of subjects rdsvdnonesty and competence. If we

consider the cases where the more profitable catelidlas the more competent (honest) one,

2 Since we have multiple observations for each siibjieie to use of the CIL technique, there may be
correlation between the observations and so thdtsesf these tests should be taken with cautich @my
considered as very preliminary evidence.

30We have also one case of profit equality betwdentivo candidates. The vote went for the more hHones
candidate.

31 We control for the non-independence of the obsiEms at individual level, by comparing, for eaddter, the
proportion of votes for the more profitable and petent candidate and the proportion of votes ferriore
profitable and honest candidate. Each proportiaalisulated as the mean of a binary variable whiphals 1 if
the candidate was voted, and O otherwise.
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39.57% (11.59%) were willing to sacrifice monetggyoffs to vote for the more honest
(competent) candidaf®.The difference is statistically significant (Wikan signed-rank test,

p < 0.001). This suggests that people had a strastbward honesty also when we consider
their beliefs about the competence and honestlyeotandidates.

[Table 2 about here]

If we look at the other situations where there astrade-off between honesty and
competence, in a very small proportion of cases2(4) subjects displayed what we refer
as aninconsistent voting behaviothat is they voted for the candidate who wasctbyri
dominated in both characteristics (honesty and &temze) by the other candidate. This
proportion is very small in the No Belief treatméht72% of cases with inconsistent voting
behavior), and larger in the Belief treatment, bdthwe consider the actual levels of
competence and trustworthiness (7.62% of cases inithnsistent voting behavior) or the
beliefs (9.36%)* The behavior of these subjects (from now on, w# label them as
inconsistent subjedtgs difficult to characterize and interpret. It likely that they made
random choices during the experiment or did noé tdde experiment seriously. Hence, we

will control for their behavior in the remaining tife analysis.

We can also look at how the probability that a cdaie i is elected evolves as a
function of the difference irtompetenceand honestybetween candidate and her rival,
candidatej (Figure 1). To make competence and honesty gralphicomparable, we
standardized them, that is we subtract the mean &ach value and divide the result by the
standard deviation. The graph suggests first thagjests seemed to behave quite rationally as
the probability of being elected was close to 1 nvhiee candidate was superior in both
characteristics compared to the contender (uppeecof the first graph), and was close to 0

when the candidate was inferior in both charadiesigbottom corner of the first graph).

32\We have also 7 cases of profit equality betweento candidates. The vote went for the more honest
candidate in 5 cases (71.43%).

33 More precisely, 8 subjects (2 in the No Beliefatreent, 6 in Belief treatment) out of 90 displaytbis
behavior (8.89% of subjects). If we consider théelfe of subjects, 11 subjects out of 45 (24.44%plhyed
inconsistent voting behavior. However, only 4 arth(8.89%) were inconsistent both based on théigfbend

the information provided to them about the compegeand honesty of the candidates. The proportion of
inconsistent subjects is significantly smallertie No Belief treatment compared to the Belief treatit only if

the inconsistent voting behavior in the Belief treant is based on the beliefs of the subjects éFistexact test,

p = 0.014).

34 A possible explanation of why there was more isistent voting behavior in the Belief treatment paned

to the No Belief treatment is that task was morgniovely demanding in the Belief treatment (sulgec
expressed their beliefs and selected a candiddéninonsecutive voting situations), and, therefiineas more
likely to make a mistake.
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Second, the subjects seemed to prefer more anthmaredidate to a competent one since the
probability of being elected increases more steggign the difference in honesty between
two candidates increases than when the differenc&ompetence increases. We will

investigate this in more detail in the regressioalysis.
[Figure 1 about here]

We now consider the expected payoffs that eachidaredprovided to the voters. We
begin by assuming that subjects had adaptive exfpaas, that is they took the measures of
honesty and competence from the earlier stagestimae what expected payoffs would be
had by each candidate if elected public officiak ¥hall relax this assumption later. First, we
look at the probability of electing the more honemtdidate as a function of the difference in
expected payoffan between the more and less honest candidate (FR)umestricting the
analysis to the observations where there was &-wédoetween honesty and competence.
The probability is obtained by computing the wegghtrunning means of a dichotomous
variable taking value 1 when the honest candidaddcted and O otherwise. Fot < O (i.e.
the more honest candidate is also the less priitabrofit-maximizing subjects should vote
for the less honest candidate as he or she isiassevith higher expected payoffs. Hence,
the area below the smoothed means measures the txtehich subjects voted for the more
honest candidate when this was not the more pbbditeandidate. Foin > O (i.e., the more
honest candidate is also the more profitable),ipnofximizing subjects should vote for the
more honest candidate as he or she is associatkdcigher expected payoffs. Hence, the
area above the smoothed means measures the extehich subjects voted for the more
competent candidate when this was not the moreitphtd candidate. Note that the
theoretical predicted probability under rationalf-sgterest would follow a step function
where the voter never chooses the more honestdatedin the region whergr < 0, and

always chooses him or her whan > 0.
[Figure 2 about here]

As Figure 2 shows, choices follow fairly a patteased on the rational self-interested
prediction, in some preliminary support of Hypoike&. However, the area below the
weighted running means fa < O is bigger than the area above the weightedingrmeans
for Axr > 0. This preliminary evidence strongly supportgbthesis 2: subjects seemed more

likely to vote for the less profitable candidate emhthis was the more honest one. This
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evidence appears to be stronger in the No Belkgettitnent, and in the Belief treatment when

we construct the voting situations based on thietsebf subjects.

To look at this further, we consider how often sabg voted for the more honest
candidate when the latter was the less profitabke and how often subjects voted for the
more competent candidate when the latter was g pgeofitable one. Figure 3 reports the
proportion of cases where the voters selectedetbgeprofitable candidate for each interval of
absolute deviation in expected payoffs between tthe candidates? This proportion
identifies therate of counterintuitive voting behaviand measures the proportion of cases
where subjects are willing to sacrifice their expedcmonetary payoffs in order to select the
more honest or competent candidate. Both in agtggegad for most of the intervals of
difference in expected payoffs, the proportion @fse&s where subjects voted for the
unprofitable and more honest candidate was signfigdarger than the proportion of cases

where subjects voted for the unprofitable and ntorepetenent candidate.
[Figure 3 about here]

This is preliminary evidence of the fact that vetaveighed honesty more than
competence, particularly when the candidates dmrtgd a similar amount to the expected
payoffs of the voters. In terms of the theoretiogbotheses presented earlier, this suggests
thata; is greater thaw,, especially when the difference in expected paybétween the two

candidates is small enough.
5.1.2 Regression analysis

We now make our analysis more rigorous using regrasanalysis. We identify the
candidate chosen by each voter with a dummy varidldte’ (= 1 if the candidate is chosen,
0 otherwise). For each situation faced by a genarieri, we have two observations and for
only one of the two the variable ‘Vote’ is equal toBased on the theoretical background

presented in a previous section, we estimate tbleahility that a subject votes for a certain

35 These were the same intervals that were usectinébign phase of the experiment to generate ¢hitidiils
situations.

3¢ Since the observations are not independent withich subject, @2 test would not be valid. To solve this
problem, we compute, for each voter and each iatesf/ absolute deviation in expected payoffs betwtde
candidates, the average vote (calculated as tha ofembinary variable which is equal to 1 if trendidate was
voted, and O otherwise) for the less profitable amate competent candidate, and for the less phbiditand
more honest candidate respectively. We then comfimreach voter, these two average votes usingleoXon
signed-rank test (thg-values are reported in Figure 3). Note that, fatain intervals of absolute deviation, we
do not have enough observations. As a result, titéstical power may be very low or the test may be
feasible. The results do not change if we exclheédriconsistent subjects.
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candidate based on the characteristics of thenaliee candidates. In particular, we estimate
an alternative-specific conditional choice modehc® we have multiple observations per
individual, we employ robust standard errors clesteat individual level. The dependent
variable is the dummy ‘Vote’. In Regression 1, théependent variables include the logs of
measured honesty and competence of the candidat@gohesty) and log(competence). In
Regression 2, we also add interaction terms ofthasables with a dummy varialke| > 5,
which takes value 1 when the absolute deviatiorexpected payoffs between the two
candidates is larger than 5 experimental pointsRégression 3, we also control for the
demographic, psychological and behavioral charaties of the voters and treatment effects
by interacting them with log(honesty) and log(cotepee)®’ In particular, we control for the
nationality of the subjects (not from France), thgénder, their age, whether they study
economics or not, and whether they are undergraditatients or not. In addition, we control
for the risk attitude of the subjects, and theorss in the SDS17 and MACH questionnaires.
We also control for the sessions where we elicsidojects’ beliefs. Additionally, we control
for the behavior of the voters in the first stagette experiment (own competence and
honesty) by interacting the log of competence amebkty of each voter with the log of the
honesty and competence respectively of the caretid&inally, we control for the behavior
of the inconsistent subjects by including an inteom of whether a subject was categorized
as inconsistent with log(honesty) and log(competgnespectively. Regressions 4-6 are like
Regressions 1-3 except that we focus only on tHefBsessions, and we measure honesty

and competence with the beliefs of the subjectblelra displays the results of the regressions.
[Table 3 about here]

In Regressions 1 and 4, both the coefficients efitly of honestyd;) and the log of
competence ¢, ) are positive and significant. The coefficient lofg(honesty) is also
significantly larger than the coefficient of logfapetence) o€ test, p < 0.001 in both

Regression 1 and 4). We can present the first aoohsl result.

Result 1. Subjects tended to weigh honesty more than canpet as predicted by

Hypothesis 2.

37 Note that since our model is alternative-spectfie, characteristics of the voters do not vary dlerchoices
of the voters, and, therefore, they would be drdppet from the model. The only way to get arouni th
problem and account for the individual charactmssof the voter is to add interaction terms betwéee
alternative-specific variables and the voter-speeidriables as we do in our regressions.
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Result 2. The bias towards caring about honesty remaimgeifissume that subjects

decisions were driven by their beliefs about thedsty and competence of candidates.

Did the bias occur only when the difference in etpd payoffs between the
candidates was small enough? Once we control fadlsand large differences in expected
payoffs between the two candidates (Regressionsd25g the coefficient for log(honesty)
remain significantly larger than the coefficient fog(competence) both for small and large
differences #? test,p = 0.031 for Regression 2, and 0.002 for Regress)oin other words,
the bias towards caring about honesty seems tocteaze both situations where the
difference in expected payoffs between the cand&listsmall and large.

Result 3. Subjects tended to weigh honesty more than canpeteven when the

difference in expected profits between the two cdatds was large.

Results 1-3 also hold in Regressions 3 and 6 wivereontrol for the demographic,
psychological and behavioral characteristics of sbjects, and treatment effects from
eliciting the beliefs of the subjects. In partiaulthe coefficient for log(honesty) is about
twice as large as the coefficient for log(competdnand the difference is statistically
significant §? test,p < 0.001 for Regression 3, and 0.016 for Regress)jéh

So far we have assumed that subjects displayediaelagxpectations, that is they
formed their expectations about how the potentidllip official will behave in the future
based on the information provided to them regardiegpast competence and honesty of the
candidates. It is possible that subjects displaytinal expectations. This means that the
subjects’ expectations about the future honestycanapetence of the public official matched
exactly the true expected values of future honasty competence of the public official. In
the online appendix, we replicate the analysis ootetl so far by assuming that subjects
display rational expectations. The results are itpisdely similar to those presented in the

paper, if anything with stronger evidence of andsgin bias. It might also be possible that our

38 Among the controls, in Regression 3, the only ficiehts statistically significant are the interiact terms
between Inconsistency and log of honesty and caanpetrespectively (negative coefficients, p-valués071
and 0.031), background in economics and log of signfnegative coefficient, p-value = 0.084), andevs
honesty and log of honesty and competence respéctinegative coefficients, p-values = 0.081 ar@49). In
Regression 6, the only coefficients statisticaligngficant are the interaction terms between baokgd in
economics and log of competence (positive coefiicigp-value = 0.086), and MACH score and log of
competence (positive coefficient, p-values = 0.088) sum up these additional findings, inconsisgitjects,
as well as more honest voters, tended to rely tessneasured competence and honesty. Subjects with a
background in economics put a slightly smaller Weign honesty and a slightly larger weight on theliefs
about competence compared to other subjects. Sshjdo scored high in the Machiavellianism scaeded

to weigh more believed competence.
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results are driven by extreme cases, namely sinmtivhere the difference in expected
profits between the two candidates is very largende¢, we replicate the analysis by dropping
those cases. The results are reported in the oappendix and replicate those presented in

the paper.
5.1.3 Types classification

We now classify subjects based on their pattermotihng behavior. We can do this
since we collected multiple observations of votirehavior for each subject. We identify 7

categories of subjects, and Table 4 summarizesethdts of this classification.
[Table 4 about here]

‘Profit-maximizing’ voters These subjects always selected the more praditabl
candidate irrespectively of his or her competenugé laonesty. In terms of our theoretical
specification, the utility of the ‘profit-maximizgi voters is characterized lagf = @, > 0. In
a first classification, we only consider those sglg who were profit-maximizing based on
adaptive expectations. In a second classificatim also consider those subjects who were
profit-maximizing based on rational expectatiéhSubjects that do not fall in the ‘Profit-

maximizing’ subjects category are classified akiol

‘Unconditional competence’ votersThese subjects always selected the more
competent candidate irrespectively of the expegiegfits. The utility function of these

subjects is characterized by > 0 anda, = 0.

‘Unconditional honesty’ votersThese subjects always selected the more honest
candidate irrespectively of the expected profitseil utility function is represented loy =
0 anda, > 0.

‘Conditional competence’ voterJhese subjects selected more often the competent
candidate than the honest candidafene behavior of these subjects is captured bytiéity u

function characterized by, > a; > 0.

3933.3% of the subjects who are classified as profikimizing based on rational expectations, alsinfithe
category of the subjects who are profit-maximiZiraged on adaptive expectations.

40 To identify these subjects, we computed, for emdbject, the average vote for the honest candidates
these were the least profitable, and comparedtit thie average vote for the competent candidates wiese
were the least profitable. If the difference wasifiee (i.e. the subject more often voted for tassl profitable

and honest candidate than the less profitable awdpetent candidate), the subject was categorized as
‘Conditional honesty’ subject. If the difference svaegative (i.e. the subject more often voted far less
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‘Conditional honesty’ votersThese subjects selected more often the honedidzde
than the competent candidate. The behavior of tlsedgects is captured by an utility

function characterized by, > a, > 0.

‘Profit-minimizing and Inconsistent’ voterhese subjects tended to select the less
profitable candidates or displayed a random votefpavior. This category includes the
inconsistent subjects (i.e. subjects who seledtedlidss profitable subjects when the latter
was strictly or weakly dominated in both charastizs by the other candidate) and subjects
who displayed a negative Spearman rank correlabefficient between their voting decision
and the difference in expected profits betweemibee and less profitable candidate (in other
words, they display qualitatively the opposite gattof the theoretical prediction of Figure 2).
In terms of the parameters of the utility functiotise behavior of the profit-minimizing

subjects is captured lay, a, < 0.

‘Non-classifiable’ voters These subjects are neither profit maximizing, nor
unconditional, nor profit-minimizing/inconsistenThey sometimes voted for the less
profitable candidate. However, we do not enouglentagions to establish whether they are
conditional honestyr conditionally competenceoters?! The behavior of these subjects is

captured by an utility function characterizeddyy+ a, > 0.

Table 4 shows that the majority of voters displagedonditional honesty behavior.
About two thirds of voters had a preference for fiomest candidate (‘Unconditional and
Conditional honesty’ voters), and possibly asdittls 10% preferred a competent candidate
(‘Unconditional and Conditional competence’ votetsThis evidence provides additional
support on what we presented earlier, that is rpesple tend to have a bias towards caring
about honesty. In terms of our theoretical speaiitn, this means that the majority of the
subjects present a utility function characterizeg dy > a, > 0 . Obviously, this
classification should be considered with caution amly as complement of the previous

analysis as it is based on few electoral situatpmrssubject.

profitable and competent candidate than the lesfitaile and honest candidate), the subject wasgosized as
‘Conditional competence’ subject.

41 This is either because we have only observatiohsrev more competence (or more honesty) is always
associated to more profitability or because theaye vote for the honest candidates when these tvereast
profitable is equal to the average vote for the pet@nt candidates when these were the least pefita

42 Note that this does not mean that these voterswdiccare about expected payoffs. As shown by Table
sacrifices of payoffs often need to be small enoigbrder for the bias towards honesty or competeioc
emerge.
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6. Experiment 2
6.1 Experimental design

We conducted this experiment at the University astEAnglia (UK) between March
and June 2013, and at the GATE research institutgon (France) in October 2014. In total,
240 subjects participated in the sessions ran ik 48 in those ran in France. Experiment
2 acts as a robustness check of Experiment 1 amddes some complementary results.
Specifically, it verifies whether, if we replace hanesty task with a trust game in the early
part of the experiment, the resulting measuredtwashiness of the public official is
weighted more than competence in the choice opthmic official when an honesty task is
still played later. This is an acid test of the &wveight placed on competence because,
obviously, the predictive power of a behavioral swea of trustworthiness in one task will be
less good in predicting behavior in a honesty task if a behavioral measure in the same
type of honesty task is providé8iExperiment 2 also provides a test of the robustrds
results to the use of a CIL procedure and to thee afsa different cultural sample (U.K.

relative to France).

Most of the experimental procedures of Experimemte2e similar to Experiment 1.
Here we only highlight the main differences. Moedails about the experimental design of
Experiment 2 can be found in the online appendid Bn Galeotti and Zizzo (2014). In
Experiment 2, competence and trustworthiness werasared in two separate tasks, a real
effort task and a trust game, which were then fadid by an Official’s Dilemma Ganfé.
The real effort task was counting 1s in a serigsioles (see Experiment 1), and provided, for
each subject, a measure of competence calculatibeé asimber of tables correctly solved on
top of the first 40 tables correctly solv&dThe trust gamevas a modified version of the
standard one-shot trust game proposed by Beaf) (1995). The reason we used this game is
because it is the most standard way of measunusgworthiness. Each subject was randomly

matched with another participant. For each paisufjects, one participant was randomly

43 A possible reason why the two notions, honesty &odtworthiness, may be connected is provided by
Besley's (2005) fiduciary model of duty in politicéccording to this model, the public official beles
honestly in order to fulfil the trust of those whaoted for him or her.

44 In half of the sessions we counterbalanced therastithe real effort task and trust game.

4 This number was calibrated based on the resultowfe pilot sessions so that our measures of cempet
and trustworthiness displayed a similar degreeisgatsion and everyone was able to pass the tHoesehdO.
Only 2 subjects out of 240 did not solve more th@rtables in the first stage of the experimentpanticular,
one subject solved 36 tables and the other onalés.
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assigned the role of truster, while the other tbke of trustee. The truster received an
endowment of 30 points and decided whether to fearms not the entire endowment to the
trustee (it was a binary choice: transfer all/dd mansfer at all). If the truster decided to
transfer the 30 points to the trustee, these warkiptied by 3 and the trustee received 90
points. The trustee could then decide to give baick amount to the truster between a
minimum of 9 points and a maximum of 90 points.c8ithe roles were revealed only at the
end of the experiment, each subject made a dedisiboth role€ using a strategy method.
In particular, each subject first decided how manints he or she wished to return to the
truster if he or she were to be assigned the rbteustee and the truster were to transfer the
30 points to the trustee. Then, each subject décmesther he or she wanted to transfer the
30 points or not to the trustee if he or she wessgaed the role of truster. This mechanism
allowed us to collect a measure of trustworthiniesseach participant. In particular, the
proportion of points sent back to the truster bgheaubject in the role of trustee was our
measure of trustworthiness. Note that, in ordenimmize reciprocity in the following stage,
the subjects could not rematch with the same pdedenin the experiment. In addition, we
imposed a minimum amount of 9 points (10% of thaljao be returned by the trustee in
order to avoid observations at zero like for thdid@fl's Dilemma Game of Experiment 1.
Finally, we asked people to make a decision firdhe role of trustee and, then, in the role of

truster?

The real effort task and the trust game were tlodovied by an Official’s Dilemma
Game where the public official was chosen by thenbmers of the triad (like in Stage 2 of
Experiment 1) based on the competence (in sohabtes$) and the trustworthiness (in the
trust game) of the candidates. Differently from Emment 1, subjects were immediately
informed after the voting phase whether or not thag been appointed as public official.

We ran 3 treatments: the Baseline treatment inUtie. (14 sessions), the CIL
(Conditional Information Lottenytreatment in the U.K. (6 sessions) and the Célatiment in
France (4 sessions). In the CIL treatments we eyeplothe Conditional Information Lottery
like in Experiment ¥® whereas in the Baseline we did not. The purposthefBaseline
treatment was to check whether any biases weraipealdfrom using the CIL procedure. The

46 Only one of the two decisions counted for the isgs1depending on the role assigned.

4 This is because we wanted to minimize the possittihat the decision in the role of truster afsttthe
decision in the role of trustee, as the latter jutes our measure of honesty, whereas we are roesied in the
truster’s decision as such in this experiment.

48 Except that, in Experiment 2, we had 7 situati@gctional and 1 real) instead of 10.
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comparison between the U.K CIL sessions and theder&IL sessions enables us instead to

verify whether there is any cross-cultural differerbetween the countries.
6.2 Experiment 2's results

In this section, we briefly consider the main fimgs of Experiment 2. First, we can
look at the probability of electing the more trustihy candidate as a function of the
difference in expected payoffgr between the more and less trustworthy candidaggei(& 4),
restricting the analysis to the observations whénere was a trade-off between
trustworthiness and competence. As for Figure @,iobability is obtained by computing
the weighted running means of a dichotomous vagigding value 1 when the trustworthy
candidate is elected and 0 otherwise. ko< O (i.e. the more trustworthy candidate is also
the less profitable), profit-maximizing subjectoshi vote for the less trustworthy candidate
as he or she is associated with higher expectedffsayHence, the area below the smoothed
means measures the extent to which subjects votetid more trustworthy candidate when
this was not the more profitable candidate. &or> O (i.e., the more trustworthy candidate is
also the more profitable), profit-maximizing suligeshould vote for the more trustworthy
candidate as he or she is associated with highmoted payoffs. Hence, the area above the
smoothed means measures the extent to which ssibyeted for the more competent

candidate when this was not the more profitablelickate.
[Figure 4 about here]

The pattern in Figure 4 is similar to that obseriredrigure 2 for Experiment 1. In
particular, the area below the weighted running meefar Ar < 0 is bigger than the area
above the weighted running meansAar> 0. This is particularly remarkable for the sessi
conducted in France, while, for the UK sessionssaems to only charaterize small

differences in expected payoffag] < 5).

We now report the results of a regression anabisilar to the one presented earlier
for Experiment 1. In particular, we estimate thelability that a subject votes for a certain
candidate based on the characteristics of thenaliee candidates using an alternative-
specific conditional choice model. Since in the Gkssions we have multiple observations
per individual, we employ robust standard erroustered at individual level. The dependent
variable is the dummy ‘Vote'. In Regression 1, théependent variables include the logs of
measured trustworthiness and competence of theidsdad log(trustworthiness) and
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log(competence), and the interaction terms of tvasbles with the location (1 = France, O
= UK) where the session was rttin Regression 2, we also add the interaction tewitts a
dummy variablgm| > 5, which takes value 1 when the absolute denat expected payoffs
between the two candidates is larger than 5 expatiah points. In Figure 4, we identify a
different response to small and large absoluteadievis in expected payoffs depending on
the location where a session was conducted. Taadot this, we also include two three-
way interactions between each characteristic ofctredidates, the dummy varialptg > 5,
and the location of the session. In Regression &,algo control for the demographic,
psychological and behavioral characteristics ofvbiers and treatment effects by interacting
them with log(trustworthiness) and log(competenda). particular, we control for the
nationality of the subjects (UK and Chirfd)their gender, their age, whether they study
economics or not, and whether they are undergradiatients or not. In addition, we control
for the risk attitude of the subjects, and theorss in the SDS17 and MACH questionnaires.
We also control for the sessions where the ordéhefeal effort task and the trust game was
counterbalanced, and the sessions where we empltbgediL. Furthermore, we control for
the behavior of the voters in the real effort tadkge and the trust game stage (own
competence and trustworthiness) by interactinddgeof competence and trustworthiness of
each voter with the log of the trustworthiness armmpetence respectively of the
candidates? Finally, we control for the behavior of the incimtent subjects by including an
interaction of whether a subject was categorized@msistent with log(trustworthiness) and

log(competence) respectively. Table 3 displayséiselts of the regressions.
[Table 3 about here]

In Regressions 1, both the coefficients of thedbgyustworthinessd; ) and the log of
competenced;) are positive and significant. The coefficientlog(trustworthiness) is very

similar to the coefficient of log(competence) ahd tifference is not statistically significant

49 We cannot compute the log of the competence irel&2toral situations— where one candidate (real or
fictional) did not solve more than 40 tables — ofithe 614 situations characterized by a tradebetiveen
trustworthiness and competence. This is equivdtemnly the 1.95% of the relevant electoral sitoagi. The
value of competence (tables correctly solved al#@/eorrect tables) for these few situations isaict zero. We
thus drop these few observations from the regressialysis. Note that these 12 electoral situatoamse from
two subjects from the sessions run in UK who ditl s@ve more than 40 tables in the Baseline sessiod
that were also randomly selected as fictional adeieéis by the computer in few other situations ef @iL
sessions.

S0Wwe did not include a dummy for French/non-Frenatiamality. In the UK sessions, no subject was Enen
In the France sessions, all but 2 subjects werachrdf we control for the French nationality, tregression
does not converge due to the high correlation betvrench nationality and location of the session.

51 By doing that, we lose two additional observationsresponding to the two voters that did not sohae
than 40 tables in the Baseline sessions, and fahwie cannot compute the log of competence.
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(x® test,p = 0.975). The interaction term of log(competeneih the dummy for the sessions
run in France is negative and statistically siguaifit. Also, the size of the coefficient is such
as to offset the coefficient for log(competence)asymuch as 50% for the subjects from the
UK sessions. If we compare the weight that subjécis the France sessions put on
trustworthiness ., rrustworthiness) T Blog(Trustworthiness) x rrance ) With - the weight they put on
COMPEteNCe Aoy competence) T Prog(competence x rance)» thE first is statistically significantly higher
than the secongd test,p = 0.005).

Once we control for small and large differencesxpected payoffs between the two
candidates (Regressions 2), the coefficient forttagtworthiness) becomes significantly
larger than the coefficient for log(competence) fmnall differences when we consider
subjects from the UK sessiong test,p = 0.079). In other words, for small differences i
expected payoffs, we obserxe > a,, and, thus, we reject Hypothesis 3 in favor of som
gualified support for Hypothesis 2. Subjects frbrance put a significantly lower weight on

competence compared to subjects from UK when tifereince in expected payoffs is large.

Result 4. Subjects from the UK sessions tended to weighviarshiness more than
competence when the difference in expected prbétsveen the two candidates was small
enough, as predicted by Hypothesis 2, but, as tifierehce increased, people cared only
about their expeted payoffs, as predicted by Hygmthl.

Result 5. Subjects from the France displayed a generalihidavor of trustworthy

candidates.

Results 4-5 also holds in Regression 3 where wdraofor the demographic,
psychological and behavioral characteristics ofghigiects, and treatment effects from using
the CIL method. In particular, with respect to ®db$ from UK, for small differences in
expected payoffs, the coefficient for log(trustvinimess) is almost twice as large as the
coefficient for log(competence) and the differensestatistically significanty€ test,p =
0.041). With respect to subjects from France, theffcient for log(trustworthiness) is
significantly larger both if we consider small aladge differences in expected payoffg (
test,p = 0.021 and 0.030). Among the controls, we findttMale subjects weighed less
trustworthiness than female subjects, more compstdrjects relied more on both measured
competence and honesty, while inconsistent subjestisd less. The coefficients of the

interaction terms between the CIL treatment andldageof trustworthiness and competence
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respectively are positive and (weakly) statisticalpnificant = 0.051 and 0.066). They are
also very similar in sizeyf test,p = 0.965). This means that subjects in the CIL isass

relied more on both measured competence and trabsiwess, but without any distortion in
favor of one or the other attribute. The full reggien is contained within the online

appendix?
7. Discussion

We investigated how voters weigh the competencetlamdhonesty of the candidates
in public elections. Although the focus of this pajs on political elections, the results of our
study may also be applied to more general contexish as elections within organizations
(e.g. elections of Chair of a Management Boardgl, amore broadly, to any principal-agent
relationship where a principal can select an agenong different agents based on their
competence and honesty. Our controlled experimemélonment enabled us to rule out all
the other influences that may affect the electohaices of voters. In particular, since, in our
experiment, candidates differ only on their levEhonesty and competence, we are able to
study the pure preferences of voters for honestycampetence, and the extent to which they
only care about what they expect to go in theirket& By and large, we find that most
voters (66.7%) tend to be biased towards honesity,tlis is confirmed in our regression
analysis where we controlled for several covariaiéss also holds irrespectively of whether

we assume that voters display adaptive or ratiexpéctations.

One could argue that the bias of the voters towasdsg about honesty that we
observe in our experiment may not be the resultthadir preferences but of their
misunderstanding of the instructions or systematistakes>® This interpretation is not
plausible for several reasons. First, we made thatesubjects understood the instructions by
asking them to complete a computerized questioaniagfore starting each task, where
subjects had to solve some exercises and calcinateffects, in terms of payoffs, of their
actions. Before the start of each task, subjects wwited to ask questions if something was
not clear and clarifications were offered aloudthem if they had any doubts about the

procedures and the calculation of the earningsor®k@ lack of understanding or incentives

52 As for Experiment 1, the results are qualitativeimilar to those presented in the paper — if dngtlwith
stronger evidence of a trustworthiness bias — ifag&ume that subjects displayed rational expentato if we
replicate the analysis by dropping the extremesase

53 Subjects may have voted more often for the momesibcandidate either because they did not understa
well the implications, in terms of payoffs, of theictions or because they committed more systemasitakes
when the difference in expected profits betweentite candidates was small enough and the incentives
select the profitable candidate smaller.
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would have resulted in random mistakes in bothctimas. This however was not the case as
the bias occurred systematically in one directidnird, in the data analysis, we controlled for

the behavior of those (few) inconsistent subjedts displayed a more random behavior and
could have failed to understand the instructiontaken the experiment less seriously.

Another possible criticism of our experiment istteabjects were provided only with
ex-ante measures of competence and honesty whach,the standpoint of the subjects, may
not necessarily capture the ex-post behavior ofptiigic official. As a result, people may
have formed certain beliefs about the ex-post coemoe and honesty of the public official
which could have not reflected the information pded to them during the voting phase. We
are able to control for this possibility in fourmplementary ways. First, even if subjects
scaled up or down the information about the honektire candidates provided to them, this
does not change our results since the voting chbiebrings the highest utility is the same
irrespectively of how utility is scaled (or the rdgtites are scaledf.Second, we found a
significant correlation between early and later soe@s of honesty and competence which
would not justify such behavior unless subjects evextremely naive. Third, we also
analyzed the data assuming that the subjects hagctbeliefs and predictions of the future
behavior of the public official (rational expectats). Fourth, in the Belief treatment, we find
a significant and persistent bias towards honeggnaevhen we base our analysis on the

elicited beliefs of the subjects.

Experiment 2 was conducted in France and the Uikitegdom with subjects with a
variety of different backgrounds. It provides amdaest of the lower weight on competence
since there is only obviously an indirect link beem the trustworthiness measure and the
honesty of the public official. It is therefore thore striking that we find a higher weight on

trustworthiness than competence in the French sanplke findings are more nuanced in the

54 This argument applies more generally every tinselgect considers the information he or she reseimut
honesty and/or competence imprecise, and, as #,reswr she re-scales it. To illustrate this, suge that a
votern believe that a unit of ex-ante honesty is equivalet units of ex-post honesty. As long as this bekef i
the same for all the candidates (which is reasen@bbur case since voters are only informed atmihonesty
and competence of the candidates and nothing dlse)yoting choice of the voter does not changerevio
formally, the probability that votem chooses candidaieis the same irrespectively of how the attributes a
scaled:

P,; = Prob(Uy; > Uy ;) = Prob(Up; — Uy, ; > 0) = Prob(A*(tT)“Cp** — A* (T, ))*1C,;% > 0) =
Prob(A Ty "1 Cp® — AT, ;1 C; % > 0)

In terms of our regression analysis, it means tthatbeliefs that change the scale of the attrib(itesesty and
competence), do not change the estimation of thenpetersy; anda,.
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British sample, but still along the lines of a tiugrthiness bias when the payoff loss from
not choosing the expected profit-maximizing optisnsmall enough. Future research may

wish to explore the extent to which our findingddhacross other different countries.
8. Conclusions

Our results show that voters tend to care abouhdmesty of candidates. While only
very few subjects rely exclusively on the infornoatabout honesty to cast their vote, most of
them care about honesty conditionally on what tigey in their pocket. Measures of
trustworthiness can also be used to predict honesgti both our British and our French

samples, though with a stronger trustworthiness ini&rance than in the U.K.

These findings are useful to understand how vatersde in public elections. They
do not support the idea that what ultimately matfer the voters is just what they get in their
pocket. On the contrary, they indicate that theonmiation about the honesty or
trustworthiness of the candidates can become drtaidetermine which candidate will be
elected, and so it 3ot just“the economy, stupid”. The experimental desigrsprged in this
paper could be extended in a number of directibmsexample to look at cross-cultural
differences, at repeated elections and the effeabaumbency, at the weighting given to
political ideologies and same-group affiliations, at the degree of noisiness of signals of

quality by different candidates.
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Figuresand Tables
Figure 1: Probability that a candidates elected
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Notes P(i) is the probability of electing a candidatie electionk. This is computed using a locally weighted linesgression on the dichotomous variable taking value
when the candidateis elected and 0 otherwise. “Delta C” is the d#fece in standardizecompetencdetween candidateand candidatg in the situation (electioni.
“Delta H” is the difference in standardizédnestybetween candidatieand candidatgin the situation (electior. The standardized values are obtained by subtgtitie
mean and dividing by the standard deviation. Eacbaghed value of the locally weighted surface isipated using neighboring data points defined witha span of 0.6

(60% of the data).
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Figure 2: Probability of electing
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Notes P(T) is the probability of electing the more hsheandidateAr is the difference in expected payoffs
between the more and less honest candidate. Tméngumeans are weighted to give more importanasetry
points than far, and computed using a bandwith.6f(60% of the data). The data correspond to cabese
there was a trade-off between honesty and competenc
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Notes The orange bar identifies the proportion of casdwre the voters elected the more honest
candidate when the latter was the less profitabe ®he blue bar identifies the proportion of caskere
the voters elected the more competent candidata wieelatter was the less profitable one. The vatsr

in the x-axis are in experimental poinhe data correspond to cases where there waseadfadetween
honesty and competence. We omit cases of perfefit pguality, one from the No Belief treatment (20
of votes to the more honest candidate), and sewen the Belief treatment based on beliefs (71.43% o
votes to the more honest candidate). Stars idetitd significance level of Wilcoxon signed-ranktte
where the unit of observation is the average vo#dcylated as the mean of a binary variable which i
equal to 1 if the candidate was voted, and O otisejwcasted for the less profitable and more coemtet
candidate, and the less profitable and more harsstidate respectively.f< 0.1, **p < 0.05, ** p <
0.01, NA = p-value not available due to small numiifandependent observations.
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Figure 4: Probability of electing the more honest candid&beperiment 2)
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Table 1. Competence and Honesty

Competence Honesty
Mean St. Dev. Mean St. Dev.
Stage 1 40.17 15.83 0.45 0.30
Stage 2 51.44 17.80 0.39 0.28

Table 2: Voting choices

Treatment Situation Honesty Competence Votesfori Votesfor j Tot.
Strictor weak Ti>Tj Ci>Cj 114 2 116
dominance Ti>Tj Ci>Cj (98.28%) (1.72%)  (100%)
No Belief ) — . . 196 138 334
Trade-off Ti>Tj Ci<Cj (58.68%)  (41.32%) (100%)
Equality Ti=Tj Ci=Cj . : :
Strictor weak Ti>Tj Ci>Cj 97 8 105
Belief dominance  Ti>Tj Ci>Cj (92.38%) (7.62%) (100%)
(based on actual B . . . . 161 172 333
nformation) | ooe ot T GG g 35 (51.65%)  (100%)
Equality Ti=Tj Ci=Cj . : :
Strictor weak Ti>T]j Ci>Cj 211 10 221
dominance Ti>Tj Ci>Cj (95.48%) (4.52%) (100%)
Total 357 310 667
Trade-off Ti>Tj Ci<Cj (53.520%)  (46.48%) (100%)
Strictor weak Ti>T]j Ci>Cj 155 16 171
. dominance  Ti>Tj Ci>Cj (90.64%) (9.36%)  (100%)
Belief 140 123 263
(_base?d on Trade-off Ti>Tj Ci<Cj (53.23%)  (46.77%) (100%)
subjects’ beliefs)
Equalit Ti=Tj  Ci=Cj 4 0 4
quality = - (100%) (0%)  (100%)
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Table 3: Alternative-specific conditional logit regressgon

Regression 1

Regression 2

Regressior 3

b se b se b S¢€
log(Honesty) 5.28** 0.89 5.42* 271 11.33** 2.65
log(Competence) 3.04*** 0.5 3.71* 2.07 6.28*** 217
log(Honesty) x#d|>5 0.65 2.77 0.19 2.12
log(Competence) x|>5 -0.42 2.08 -1.13 1.72
Interactions \_/vith demographic, behavioral, No No Yes
psychological and treatment variables
Obs 1334 1334 1334
Pseudo R 0.212 0.217 0.271
Df 2 4 28
Prob > F 0 0 0
Regression 4 Regression 5 Regressior 6
b se b se b se
log(Honesty) 5.88** 0.974 11.68** 3571 9.62** 2.
log(Competence) 3.53*** 0.687 9.08*** 3.063 4.2 8.5
log(Honesty) x#d|>5 -5.53 3.823 -3.73 4.25
log(Competence) |>5 -5.58*  3.102 -4.09 3.4
Interactions \_/vith demographic, behavioral, No No Yes
psychological and treatment variables
Obs 526 526 526
Pseudo R 0.259 0.273 0.365
Df 2 4 26
Prob > F 0 0 0

Notes Alternative-specific logit regression with clustd robust standard errors. Regressions 1-3 aexl s
actual honesty and competent, and use all the Ragressions 4-6 are based on the beliefs of ttezsvand use
only the data from the Belief treatment. The tatdports the beta coefficients and the standardrerithe
demographic variables are age, gender (= 1 for),memonomics background (= 1 if applicable), nadldp
(Not French = 1 for non French subjects), and Uity status (= 1 for undergraduate students). Gdtevioral
variables are the competence and honesty of ther wotStage 1, and whether the subject is clagsiig
inconsistent. The psychological variables are igleattitude, the SDS17 score and MACH score. Taatinent
variable is the Belief treatment. The psychologaradl behavioral variables (except the variable wic&ptures
inconsistency) and age are centered at the meami@n to control for high correlation between thddpendent
variables (see Marquardt, 1980). The data corrabpmeases where there was a trade-off betweenshpaad
competence. The full regressions are containedmilie online appendix. p < 0.1, **p < 0.05, ** p < 0.01.
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Table 4: Subjects’ classification based on their votingdngor

Type Utility wglelzcts onBlE)lgﬁifs ratior:ar\}cel;g«iag?ations
Unconditional competence a: ; 8 1.11% (1) 0% (0) 1.27% (1)
Unconditional honesty al Z 8 5.56% (5) 4.44% (2) 6.33% (5)
Conditional competence ai 2>>a(1) 8.89% (8)  4.44% (2) 6.33% (5)
Conditional honesty Z‘i;fa 61.11% (55) 40% (18) 68.35% (54)
Non-classifiable (‘2 2¢>"‘5 4.44% (4)  8.89% (4) 5.06% (4)
sty @St seme 1mE  S0@
eining o = 75990

Profit minimizing & Inconsistent a; , <0 12.22% (11) 28.89% (13) 13.92% (11)

Total 100% (90)  100% (45) 100% (90)
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Table5: Alternative-specific conditional logit regressgofExperiment 2)

UK sessions Regression 1 Regression 2 Regression &
b se b se b se
log(Trustworthiness) 1.47%%* 0.25 3.69%** 111 4.87*** 1.34
log(Competence) 1.46%** 0.23 2.82%** 0.81 3.16%** 1.01
log(Trustworthiness) x France 0.22 0.45 2.73 2.41 2.32 2.55
log(Competence) x France -0.79** 0.38 2.4 1.79 1.56 2.08
log(Trustworthiness) »t|>5 -2.29** 1.02 -2.17** 1.09
log(Competence) »|>5 -1.24 0.79 -1.27 0.84
log(Trustworthiness) x France x |p|>5 -2.41 2.25 -2.67 2.4
log(Competence) x France x |p|>5 -3.45* 1.79 -3.12 2
Interactions with demographic,
behavioral, psychological and No Yes
treatment variables
Obs 1204 1204 1106
Pseudo R 0.27 0.295 0.39
Df 4 8 36
Prob > F 0 0 0

Notes Alternative-specific logit regression with robustandard errors clustered at individual level. Tdiae
reports the beta coefficients and the standardsridie demographic variables are age, gender {er Inen),
economics background (= 1 if applicable), natidgalUK = 1 for UK subjects, and China = 1 for Chiee
subjects), and University status (= 1 for undergete students). The behavioral variables are thgpetence
and trustworthiness of the voter. The psychologieaiables are the risk attitude, the SDS17 scondeMACH
score. The treatment variables are the CIL sessims the sessions where the trust game stagepiack
before the real effort task stage. The psycholégiod behavioral variables and age are centeréueatean.
‘China’ identifies subjects from China, Taiwan ooty Kong. The data correspond to cases where Wesea
trade-off between honesty and competence. Thadglessions are in the online appendix £ 0.1, ** p <

0.05, ** p< 0.01.
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Competence versus Honesty: What Do Voters Care About?
By Fabio Galeotti and Daniel John Zizzo
Online Appendix

Experimental instructions

Final questionnaire

Background information on participants
Full regressions of Tables 4 and 5

Analysis with rational expectations

nmoow>»

Analysis without outliers

A. Experimental instructions

A.1 Experiment 1 (instructions are translated freranch)

I nstructions

| ntroduction

This is an experiment on decision making. The utdions are the same for all participants.
During the experiment, you are not allowed to comitate with other participants. Please
raise your hand if you have any questions at amytgluring the experiment. If you have any
guestions, the experimenter will come to you answem your questions privately. If the
guestion is relevant to everyone, the experimestiérepeat the answer aloud.

The experiment consists bfo stages. In addition to these two stages, you will be askeme
individual questions at the end of the experiméutthe beginning of each stage you will
receive the corresponding instructions. The infdromayou provide in each stage of the
experiment may be reported to other participantatat stages of the experiment. However,
all of your decisions and answers will remaironymous.

During this experiment, your earnings depend orr giegisions and the decisions of the other
participants. It is therefore important that yoadehe instructions with care. Your earnings
from the experiment will be computed ipdints”.

At the end of the experiment one stage will be ehoast random, and you will be paid the
points that you earned in that stage. The poirds ybu earn in that stage will be converted
into euros at an exchange ratelgfoint = 20 cents. In addition to this, you will also be paid a
show-up fee of 5 euros and any additional earnthgs you may obtain by answering the
guestions at the end of the experiment. You wilph®l individually and in cash in a separate
room by a person who is not present during the xyeat and who is not aware of the content
of this experiment.



First stage

In this stage of the experiment, you will be mattherandom with two other participants. You
will never interact with these persons again inrdreainder of the experiment. You and these
two participants will be referred to as-participants The three of you will have @mmon
fund At the beginning of the task, the value of thenawon fund will be set to 0 points.

Every co-participant will individually work on agk. The task is to count the number of 1s in
a series of tables containing Os and 1s. The fighosvs the kind of screen you will see later:

Stage: 1 Remaining time [sec]:éoow

Number of tables correctly solved:

0

Points currently earned:

0

1 0 1 0 0

0 0 0 0 0

1 1 1 0 0

0 1 0 0 0

1 1 0 1 0

Your answer is : li'

You will have to enter the number of 1s into the lb@low the table and click tH&ubmit
button. After you have submitted your answer, a tede will be generated. You will have 10
minutes to complete this task. Your remaining timk be displayed in the upper right hand
corner of the screen.

Only one co-participant’s work will count for tharaings of this stage of the experiment. This
co-participant will be referred to as tlappointed co-participantAfter the appointed co-
participant correctly solves 40 tables, each aoldliti correct answer of the appointed co-
participant will increase the value of the commond by4 points. The greater the number of
tables the appointed co-participant solves coyextéer and above the first 40 correctly solved
tables, the larger the value of the common fundl vl

At the end of the task, the common fund will hacewnulated a certain number of points
equal to four times the number of tables that fhy@oated co-participant correctly solved on
top of the first 40 correctly solved tables. Oniye tappointed co-participant will know the
number of tables that he or she correctly solved &o the value of the common fund). He or
she will be asked to report the value of the comfood to the other co-participants. He or she
can report any number between a minimum value &6 40d the true value of the common
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fund. This number corresponds to tieported value of the common fund. The reported value
of the common fund will be split equally betweere tbo-participants. That is, each co-
participant (including the appointed co-participamill receive 1/3 of the reported value of the
common fund. If applicable, the appointed co-pgréint will also earn the whole of timen-
reported value of the common fund, that is the value of the comrumd not reported. Note
that the appointed co-participant will be freedpart or not the true value of the common fund.
Moreover, the other co-participants will only bé&irmed of the reported value of the common
fund.

Example: Suppose the appointed co-participant solvestd2saorrectly (hence 12 tables over
and above 40 correctly solved tables); the valuéhefcommon fund is 12 x 4 = 48. The
appointed co-participant however reports a valug3ofThe non-reported value of the common
fund is 48 — 33 = 15. The earnings are therefore:

* 33/3 =11 for each non-appointed co-participant;
 33/3+ 15 = 26 for the appointed co-participant.

How is the appointed co-participant selected? The computer will randomly assign the role
of appointed co-participant to one of the threepadicipants. Each co-participant will be
informed whether he or she is or not the appoimegbarticipant only at the end of the
experiment. Hence, at this stage, every co-padntipvill have to solve tables and make a
decision as if he or she were the appointed cagizant.

The results and earnings for this stage will berooimicated to you at the end of the experiment
and will depend on whether you have been assidreetbte of appointed co-participant or not.
If you arenot assigned the role of appointed co-participant, your world atecision will be
ignored; if you aressigned the role of appointed co-participant, your workl aecision will
determine your and other co-participants’ earniogshis stage.

In summary

* You will be randomly matched with two other panpiants you will never interact with
in the remainder of the experiment. You and thesegarticipants will be referred to
asco-participants The three of you will have a common fund withimitial value of O
points.

e The computer will randomly assign to one of yourible ofappointed co-participant
Each co-participant will be informed whether hesbe is or not the appointed co-
participant only at the end of the experiment. Hgrat this stage, everyone will work
and make a decision as if he or she were the ajgubao-participant.

* Everyone will work for 10 minutes on the task whadnsists in counting 1s in a series
of tables containing Os and 1s. If a co-participargssigned the role of appointed co-
participant, for each table that he or she coryestilves on top of the first 40 correctly
solved tables, the value of the common fund in@eéy 4 points.

* At the end of the task each co-participant willds&ed to report any number between
a minimum value of 10% and the total value of toemmon fund generated by his or
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her work in case he or she were to be assignerbtbef appointed co-participant. If
the co-participant is indeed the appointed co-pigdnt, this number constitutes the
reported valueof the common fund. At the end of the experiméhg other co-
participants will be informed only about the regorivalue of the common fund.

e Thereported valueof the common fund will be divided in equal pagag¢h worth 1/3
of the reported value) between the co-participaimisluding the appointed co-
participant). If applicable, the appointed co-pap@ant will also earn the whole of the
non-reported valuef the common fund, that is the value of commardfoot reported.

Second stage

In this stage, you will be randomly matched witlotather participants you have never been
matched with before. As in the first stage, you #rase two participants will be referred to as
co-participants This second stage is identical to the first oxeept for the selection of the
appointed co-participant.

How isthe appointed co-participant selected in the second stage? Before starting the task
of counting 1s in a series of tables, each co-@pent will be placed in 10 situations. Only one
of these will be real, the others will be fictional

In each situation, each co-participant will be mfed of:

» the number of tables correctly solved by each otlbeparticipant in the first stage of
the experiment;
» the proportion of the common fund that each otloeparticipant reported in the first
stage of the experiment if he or she were to bapipeinted co-participant in that stage.
However, only in the real situation, the informatiorovided is about your actual current co-
participants. In the fictional situations, the imfation provided is about people who
participated in past sessions of this experiment.

For each situation, each co-participant will beealsko choose which of the two other co-
participants he or she would like to select asagointed co-participant for this second stage.
Only the decision of one randomly selected co-p@dint in the real situation will be
implemented and count towards your earnings ofdtaige. Note that, for all you know, each
situation could be the real one, in which case Ahfbrmation you are given about it is true,
and only the real one may have any effect on wigmisg to be the appointed co-participant
in this second stage. Hence, it is in your bestrast to treat each situation as if it is real tand
choose, for each situation, the co-participant @i really want as the appointed co-
participant in this second stage.

Then the task of counting 1s in a series of tabiéisstart. At the end of the experiment, the
computer will inform each co-participant whether rast he or she is the appointed co-
participant for this second stage based on theomgoof the real situation.

{In squared parenthesis, part included only in BEEltreatment}



[Guesses. For each situation, before you choose who yout Wwaselect as the appointed co-
participant for this second stage, you will alscaked to indicate how many tables you think
each co-participant will correctly solve, and whpabportion of the common fund you think
each co-participant will report at the end of thekt At the end of the experiment, the computer
will randomly draw one of your two guesses about ofh your co-participants in the real
situation (i.e. tables correctly solved or propmutof the common fund reported).

You will be paid for this randomly drawn guess aléofvs:

If your guess is correct, you will earn an extraL2os;

if your guess is incorrect by 1 table (in the cserandomly drawn guess is about the
tables correctly solved) or 1 percentage pointtliim case the randomly drawn guess is
about the proportion of the common fund reportedpectively, you will earn 1 euro and
90 cents;

if your guess is incorrect by 2 tables or 2 peragatpoints respectively, you will earn 1
euro and 80 cents;

if your guess is incorrect by 3 tables or 3 peragatpoints respectively, you will earn 1
euros and 70 cents, and so on: you earn 10 cestfoleeach additional table or percentage
point by which you are incorrect;

if your guess is incorrect by a number of tablepencentage points respectively greater
than or equal to 20, you will earn O euros.]

In summary

* You will be randomly matched with two other papi@ants you have never been
matched with before. You and these two participamilé be referred to aso-
participants The three of you will have a common fund withrital value of O points.

» [Each co-participant will choose whom he or she wdnt select asppointed co-
participant for this second stage between the other two cbegaants in different
situations. Only one of these situations is thd oeege. The decision of one co-
participant selected at random in the real sitmatll be implemented. Each co-
participant will be informed whether he or shersot the appointed co-participant for
this second stage only at the end of the experinigrice, at this stage, everyone will
work and make a decision as if he or she were pp@iated co-participant for this
stage.

» Everyone will work for 10 minutes on the task whadnsists in counting 1s in a series
of tables containing Os and 1s. If a co-participarassigned the role of appointed co-
participant for this second stage, for each taide he or she correctly solves on top of
the first 40 correctly solved tables, the valu¢hef common fund increases by 4 points.

* At the end of the task each co-participant willds&ed to report any number between
a minimum value of 10% and the total value of thenmon fund generated by his or
her work in case he or she were to be assignemlbd®f appointed co-participant for
this second stage. If the co-participant is indéedappointed co-participant for this
second stage, this number constitutesréported valueof the common fund. At the
end of the experiment, the other co-participant8 ke informed only about the
reported valueof the common fund.



* Thereported valueof the common fund will be divided in equal pagsac¢h worth 1/3
of the reported value) between the co-participaimisluding the appointed co-
participant for this second stage). If applicalthes appointed co-participant for this
second stage will also earn the whole ofriba-reported valuef the common fund,
that is the value of common fund not reported.



A.2 Experiment 2

» Baseline (in half of the sessions, the order ajsth and stage 2 was inverted)

I nstructions

I ntroduction

This is an experiment on decision making. The utdions are the same for all participants.
During the experiment, you are not allowed to comitate with other participants. Please
raise your hand if you have any questions at amytgluring the experiment. If you have any
guestions, the experimenter will come to you answam your questions privately. If the
guestion is relevant to everyone, the experimenilerepeat the answer aloud.

The experiment consists tiree stages. In addition to these three stages, you will beeds
some individual questions at the end of the expanimAt the beginning of each stage you will
receive the corresponding instructions. The infdromayou provide in each stage of the
experiment may be reported to other participantatat stages of the experiment. However,
all of your decisions and answers will remammonymous.

During this experiment, your earnings depend orr giegisions and the decisions of the other
participants. It is therefore important that yoadehe instructions with care. Your earnings
from the experiment will be computed ipdints”.

At the end of the experiment one stage will be ehoat random, and you will be paid the
points that you earned in that stage. The poirds ybu earn in that stage will be converted
into pounds at an exchange ratd gbint = 20 pence. In addition to this, you will also be paid
a show-up fee of 2 pounds and any additional egsnihat you may obtain by answering the
guestions at the end of the experiment. You wilph®l individually and in cash in a separate
room by a person who is not present during the iexygat and who is not aware of the content
of this experiment.

First stage

In this stage of the experiment your task will bedunt the number of 1s in a series of tables
containing Os and 1s. The figure shows the kinsccoéen you will see later:



Stage: 1 Remaining time [sec]:éoow

Number of tables correctly solved:

0

Points currently earned:

0

1 0 1 0 0

0 0 0 0 0

1 1 1 0 0

0 1 0 0 0

1 1 0 1 0

Your answer is : li'

You will have to enter the number of 1s into the lb@low the table and click thH&ubmit
button. After you have submitted your answer, a tedble will be generated.

You will only earn money after correctly solving #bles. Specifically, you will receive 1
point for each table you correctly solve on topheffirst 40 correctly solved tables. The greater
the number of tables you solve correctly over dmla the first 40 correctly solved tables, the
more points you will earn.

You will have 10 minutes to complete the first gtag the experiment. Your remaining time
will be displayed in the upper right hand cornetha screen.

Second stage

In this stage of the experiment, you will be matthé random with another participant. You
will never interact with this person again in tleenainder of the experiment. One of the two
will be randomly assigned the rolepdrticipant A, and the other the role péarticipant B.

Participant A will receive an endowment3ff points. He or she will decide whether or not to
transfer all the 30 points to participant B. Thare two scenarios:

1. If participant A decidesiot to transfer the 30 points to participant B, participant A
will earn 30 points and participant B 0 points.

2. If participant A decidedo transfer the 30 points to participant B, these points get
multiplied by 3 before they are received by participant B. Heneatiggpant B will
receive 90 points overall. Participant B then w#cide how many points to keep and
how many points to return to participant A. Spesgifiy, he/she can return to participant
A any amount between a minimum of 9 points to aimarn of 90 points.



You will be informed about your role (participantok B) only at the end of the experiment.
Hence, at this stage, you will have to make degssio the roles of both participant A and
participant B:

* As participant A, you will have to decide if you mtdo transfer the 30 points or not to
participant B.

* As participant B, you will make a decision withdumowing if participant A has chosen
to transfer or not the 30 points to you. Specificalou will have to decide how many
points you would wish to return to participant Apdrticipant A were to transfer his or
her 30 points to you.

At the end of this stage, if participant A has @rasot to transfer the 30 points, participant
B’s decision will be ignored and earnings will b& Boints for participant A and O for
participant B. If participant A has chosemtransfer the 30 points, participant B’s decision
will determine the earnings of both participants.

The results and earnings for this stage will berooimcated to you at the end of the experiment
and will depend on the role that you have beergassito.

Third stage

The task in this stage of the experiment is to tdgnn a series of tables as in the first stage
of the experiment. However, new rules are now iaatf which did not apply in the first stage.

Specifically, you will be randomly matched with twther participants you have never been
matched with before. You and these two participaiitsiow be referred to aso-participants
The three of you will have aommon fundAt the beginning of the task, the value of the
common fund will be set to O points. Every co-paptnt will individually work on the task
for 10 minutes (the remaining time will be displdye the upper right hand corner of the work
screen). However, only one co-participant’'s work wount for the earnings of this stage of
the experiment. This co-participant will be referte as theappointed co-participantAfter
the appointed co-participant correctly solves 4f)ets, each additional correct answer of the
appointed co-participant will increase the valu¢hef common fund b# points.

At the end of the task, the common fund will hacewmnulated a certain number of points
equal to four times the number of tables that fhy@oated co-participant correctly solved on
top of the first 40 correctly solved tables. Oniye tappointed co-participant will know the
number of tables that he or she correctly solved &o the value of the common fund). He or
she will be asked to report the value of the comfood to the other co-participants. He or she
can report any number between 0 and the true vallube common fund. This number
corresponds to thegported value of the common fund. The reported vahfethe common
fund will be split equally between the co-participa That is, each co-participant (including
the appointed co-participant) will receive 1/3 bétreported value of the common fund. If
applicable, the appointed co-participant will aéson the whole of theon-reported value of

the common fund, that is the value of the command fuot reported. Note that the appointed



co-participant will be free to report or not thadrvalue of the common fund. Moreover, the
other co-participants will only be informed of theported value of the common fund.

Example: Suppose the appointed co-participant solvest2saorrectly (hence 12 tables over
and above 40 correctly solved tables); the valuehefcommon fund is 12 x 4 = 48. The
appointed co-participant however reports a valug3ofThe non-reported value of the common
fund is 48 — 33 = 15. The earnings are therefore:

* 33/3 =11 for each non-appointed co-participant;
» 33/3+ 15 = 26 for the appointed co-participant.

How is the appointed co-participant selected? Before starting the task, each co-participant
will be informed of:

« the number of tables correctly solved by each otlbeparticipant in the first stage of
the experiment where the task was to count 1siesa

« the proportion of points that each other co-pagstiot in the role of participant B
returned to participant A in the second stage efetkperiment.

Each co-patrticipant will then be asked to choosghwbf the two other co-participants he or
she would like to select as the appointed co-ppéid. The decision of one randomly selected
co-participant will be implemented. Hence, it is your best interest to choose the co-
participant that you really want as the appointegbarticipant.

Afterwards, the computer will inform each co-papgant whether or not he or she is the
appointed co-participant. Then the task of counliagn a series of tables will start.

In summary

* You will be randomly matched with two other papi@ants you have never been
matched with before. You and these two participamilé be referred to aso-
participants The three of you will have a common fund withratal value of O points.

» Each co-participant will choose whom he or she wdnt select asppointed co-
participant between the other two co-participants. The degisioone co-participant
selected at random will be implemented.

» Everyone will work for 10 minutes on the task whadnsists in counting 1s in a series
of tables containing 0s and 1s. However, only thekvof the appointed co-participant
will count for the earnings. Specifically, for eaelle that the appointed co-participant
correctly solves on top of the first 40 correctbhived tables, the value of the common
fund increases by 4 points.

* At the end of the task the appointed co-particigaant report any number between 0
and the true value of the common fund to the otteeparticipants. This number
constitutes the reported value of the common fdine other co-participants will be
informed only about the reported value of the comrumd.
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* The reported valuef the common fund will be divided in equal pagac¢h worth 1/3
of the reported value) between the co-participgimisluding the appointed co-
participant). If applicable, the appointed co-pap@ant will also earn the whole of the
non-reported value of the common fund, that isvidae of common fund not reported.

» Stage 3 of CIL treatment

Third stage

The task in this stage of the experiment is to tdgnn a series of tables as in the first stage
of the experiment. However, new rules are now fieatf which did not apply in the first stage.

Specifically, you will be randomly matched with twther participants you have never been
matched with before. You and these two participaiitsiow be referred to aso-participants
The three of you will have aommon fundAt the beginning of the task, the value of the
common fund will be set to 0 points. Every co-papiant will individually work on the task
for 10 minutes (the remaining time will be displdye the upper right hand corner of the work
screen). However, only one co-participant’'s work wount for the earnings of this stage of
the experiment. This co-participant will be referte as theappointed co-participantAfter
the appointed co-participant correctly solves 4f)es, each additional correct answer of the
appointed co-participant will increase the valughaf common fund b# points.

At the end of the task, the common fund will hagewmulated a certain number of points
equal to four times the number of tables that fh@ated co-participant correctly solved on
top of the first 40 correctly solved tables. Oniye tappointed co-participant will know the
number of tables that he or she correctly solved & the value of the common fund). He or
she will be asked to report the value of the comfood to the other co-participants. He or she
can report any number between 0 and the true wailube common fund. This number
corresponds to thegported value of the common fund. The reported vahfethe common
fund will be split equally between the co-participa That is, each co-participant (including
the appointed co-participant) will receive 1/3 bétreported value of the common fund. If
applicable, the appointed co-participant will aéson the whole of theon-reported value of

the common fund, that is the value of the commanl fnot reported. Note that the appointed
co-participant will be free to report or not thadrvalue of the common fund. Moreover, the
other co-participants will only be informed of theported value of the common fund.

Example: Suppose the appointed co-participant solvest2saorrectly (hence 12 tables over
and above 40 correctly solved tables); the valuehefcommon fund is 12 x 4 = 48. The
appointed co-participant however reports a valug3ofThe non-reported value of the common
fund is 48 — 33 = 15. The earnings are therefore:

* 33/3 =11 for each non-appointed co-participant;
 33/3+ 15 =26 for the appointed co-participant.
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How is the appointed co-participant selected? Before starting the task, each co-participant
will be placed in 7 situations. Only one of thes# ke real, the others will be fictional.

In each situation, each co-participant will be mfed of:

» the number of tables correctly solved by each otlbeparticipant in the first stage of
the experiment where the task was to count 1siesa

» the proportion of points that each other co-pagstiot in the role of participant B
returned to participant A in the second stage efetkperiment.

However, only in the real situation, the informatiorovided is about your actual current co-
participants. In the fictional situations, the imfation provided is about people who
participated in past sessions of this experiment.

For each situation, each co-participant will beealsko choose which of the two other co-
participants he or she would like to select asagiyointed co-participant. Only the decision of
one randomly selected co-participant in the remlasion will be implemented and count

towards your earnings of this stage. Note thatafioyou know, each situation could be the real
one, in which case ALL information you are giveroabit is true, and only the real one may
have any effect on who is going to be the appoictegarticipant. Hence, it is in your best

interest to treat each situation as if it is rew 80 choose, for each situation, the co-partidipan
that you really want as the appointed co-partidipan

Afterwards, the computer will inform each co-papgant whether or not he or she is the
appointed co-participant based on the outcomeeofdhl situation. Then the task of counting
1s in a series of tables will start.

In summary

* You will be randomly matched with two other papiants you have never been
matched with before. You and these two participamis be referred to aso-
participants The three of you will have a common fund withrtial value of O points.

» Each co-participant will choose whom he or she wdnt select asppointed co-
participant between the other two co-participants in differgitations. Only one of
these situations is the real one. The decisiomefam-participant selected at random in
the real situation will be implemented.

» Everyone will work for 10 minutes on the task whadnsists in counting 1s in a series
of tables containing Os and 1s. However, only thekvof the appointed co-participant
will count for the earnings. Specifically, for eaelle that the appointed co-participant
correctly solves on top of the first 40 correcibpved tables, the value of the common
fund increases by 4 points.

* At the end of the task the appointed co-particigaant report any number between 0
and the true value of the common fund to the otteeparticipants. This number
constitutes the reported value of the common fdink other co-participants will be
informed only about the reported value of the comrumd.

12



The reported valuef the common fund will be divided in equal paga¢h worth 1/3

of the reported value) between the co-participgimisluding the appointed co-
participant). If applicable, the appointed co-pap@ant will also earn the whole of the
non-reported value of the common fund, that isvidae of common fund not reported.

B. Final questionnaire

Note: In squared parenthesis, parts of the finasjionnaire related to Experiment 2. In Part
1 of Experiment 2, appointed and non-appointedaxigpants were asked different questions
(see below).

[Part 1 (only for non-appointed co-participants)

In this part of the questionnaire, we would likeiryo answer the following questions regarding
your predictions about stage 3. You will be padextra point for each correct prediction.

1) Do you think the appointed co-participant underrggabthe value of the common
fund?

Yes or No

2) Do you think the other co-participant who was neiested as the appointed co-
participant voted for the same co-participant as?yo

Yes or No

3) How do you feel the appointed co-participant waskeal among the three co-
participants in terms of number of tables correstived in stage 1?

He/she was ranked first (i.e. he/she correctly stlthe largest number of tables)
He/she was ranked second
He/she was ranked third (i.e. he/she correctlyemlthe smallest number of tables)

4) How do you feel the appointed co-participant waskeal among the three co-
participants in terms of number of points returt@g@articipant A in stage 2

He/she was ranked first (i.e. he/she returned dingdst number of points)
He/she was ranked second

He/she was ranked third (i.e. he/she returned thallest number of points)

Part 1 (only for appointed co-participants)

1) Do you think both the other two co-participantsedfor you as the appointed co-
participant?

Yes or No

13



2) Do you think that the co-participant, selectedcaadom, who voted for you thought
that you were going to underreport the value ofcbamon fund?

Yes or No

3) How do you feel you were ranked among the thre@articipants in terms of
number of tables correctly solved in stage 1?

| was ranked first (i.e. | correctly solved thedast number of tables)
| was ranked second
| was ranked third (i.e. | correctly solved the siest number of tables)

4) How do you feel you were ranked among the thre@articipants in terms of
number of points returned to participant A in sta@e

| was ranked first (i.e. | returned the largest manof points)
| was ranked second

| was ranked third (i.e. | returned the smallestnier of pointg)

Part 1[2]

You will now be asked to select from among sixeléint gambles the one gamble you would
like to take. The figure shows the kind of screen will use to select the gamble.

Final questionnaire

Please select your preferred gamble by clicking on it. When you are happy with your choice, click the red button.

05 175
points | points
with with

50% 50%
chance |chance

7 7
points | points
with with

50% 50%
chance | chance

Gamble 6 Gamble 1

6 9

points | points
with with
50% 50%

chance | chance

3 15

points | points
with with
50% 50%

chance |chance

Gamble 5 Gamble 2

4 13
points | points
with with

50% 50%
chance |chance

5 11
points | points
with with

50% 50%
chance | chance

Gamble 4 Gamble 3

Confirm your choice
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Each circle represents a different gamble. Eadiiecis divided in two parts. Each part is a
possible outcome of the gamble. For every gamialeh @utcome is equally likely, that is it

has a 50% chance of happening. The number of pthatsthe gamble will give for each

possible outcome is written inside the circle.

At the end of the experiment, you will roll a sixted die to determine which outcome of your
selected gamble will occur:

* Ifyourollal, 2, or 3, you will receive the ptsron the left part of the circle.
* Ifyourolla4,5, or 6, you will receive the ptsron the right side of the circle.
Note that, no matter which gamble you pick, eadc@mme has a 50% chance of occurring.

To select a gamble you have to click on it withtth@use. You can revise your choice as many
times as you want. When you are happy with youiagcclick the Confirm your choicé
button to confirm.

Example: Suppose you select gamble 4 and later you rbll23 or 3, your earnings will be 4
points. If you roll 4, 5, or 6, you will earn 13ipts.

Part 2[3]

A list of statements will be displayed. Please readh statement carefully and decide if that
statement describes you or not. If it describesglmk the wordtrue if not, choose the word
false After each response a new statement will apésare are sixteen statements.

1. | sometimes litter.

2. | always admit my mistakes openly and face titenqtial negative consequences.
3. In traffic | am always polite and consideratetifers.

4. | have tried illegal drugs (for example, marijaacocaine, etc.).

5. | always accept others' opinions, even when tlueyt agree with my own.

6. | take out my bad moods on others now and then.

7. There has been an occasion when | took advanfaganmeone else.

8. In conversations | always listen attentively &tdbthers finish their sentences.
9. I never hesitate to help someone in case ofganey.

10. When | have made a promise, | keep it--ncaifigls or buts.

11. I occasionally speak badly of others behindt thack.
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12. 1 would never live off other people.

13. I always stay friendly and courteous with otheople, even when | am stressed out.
14. During arguments | always stay objective anttenaf-fact.

15. There has been at least one occasion wheled fai return an item that | borrowed.
16. | always eat a healthy diet.

17. Sometimes | only help because | expect somgihineturn

For each statement, subjects were asked to selaetadr False.

Part 3 [4]

A list of attitude statements will be displayed ckRaepresents a commonly held opinion and
there are no right or wrong answers. Read eactrnséat carefully. Then indicate the extent to
which you agree or disagree. First impressionsuatglly best in such matters. After each
response a new statement will appear. There argystatements.

1. Never tell anyone the real reason you did somegtinless it is useful to do so.
2. The best way to handle people is to tell themtwihey want to hear.

3. One should take action only when sure it is horeaght.

4. Most people are basically good and kind.

5. It is safest to assume that all people haveiaus streak and it will come out when they are
given a chance.

6. Honesty is the best policy in all cases.

7. There is no excuse for lying to someone else.

8. Generally speaking, men won't work hard unlaeg'te forced to do so.

9. All'in all, it is better to be humble and honesin important and dishonest.

10. When you ask someone to do something for ytoig, best to give the real reasons for
wanting it rather than giving reasons that carryeneeight.

11. Most people who get ahead in the world leadrglenoral lives.
12. Anyone who completely trusts anyone else isngdior trouble.

13. The biggest difference between most criminats@her people is that criminals are stupid
enough to get caught.
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14. Most men are brave.

15. It is wise to flatter important people.

16. It is possible to be good in all respects.

17. Barnum was very wrong when he said that tharstecker born every minute.
18. It is hard to get ahead without cutting corrfeese and there.

19. People suffering from incurable diseases shibale the choice of being put painlessly to
death.

20. Most men forget more easily the death of tfatrer than the loss of their property.

For each statement, subjects were asked to selextobd the following options: strongly
disagree, somewhat disagree, slightly disagreeppiaion, slightly agree, somewhat agree,
strongly agree.

Part 4 [5]

In this part of the questionnaire, we would likaiyto provide some personal information if so
you wish.

What is your genderFémale or Mal@

What is your country of origin?

Are you a native French [English] speakereg or N

Your age?

Which course are you registered on?

Did you attend a course in Economics during youdisis? Yes or N®

Level of current degree?ifcense, Master, Doctorat, Othésr the sessions ran in France;
INTO, Undergraduate (e.g.BSc, BA, LLB, MBBS), Rasligate Taught (e.g.MA, MSc),
Postgraduate Research (e.g. MPhil, PhD) or Otfugrthe sessions ran in UK)

*If you ticked the "Other" in the question abovegse specify if you wish

What is your religion or beliefNo Religion, Buddhist, Christian, Sikh, Muslim, Gaman,
Hindu, Jewish, Atheist, Other or Prefer not to)say

*If you ticked the "Other" in the question abovegse specify if you wish

What is your relationship statusBifigle, Engaged, In a relationship, Married, Civil
Partnership, Widowed, Seperated/ Divorced or Prefarto say
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How many times have you participated in previoyseexnents?(, 1, 2, 3 or More than)3

Have you ever participated before in an experimérdre the task was to count 1s in a series
of table containing Os and 1s like in this expenifle (Yes or N®

What do you think this experiment is about?
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C. Background information on participants

C.1 Experiment 1

Characteristics n=90
Gender
Female 49 (54.44%)
Male 41 (45.56%)
Age
Mean 22.07
St. dev. 5.09
Min. 18
Max. 46
Level of current degree
License 49 (54.44%)
Master 29 (32.22%)
Doctorat 1(1.11%)
Other 11 (12.22%)
Background in economicst
No 10 (11.11%)
Yes 80 (88.89%)
Country of origin
Algeria 1(1.11%)
Cameroun 1(1.11%)
China 1(1.11%)
France 82 (91.11%)
Ivory Coast 1(1.11%)
Morocco 1(1.11%)
Senegal 2 (2.22%)
Ukraine 1(1.11%)
Native French speaker
No 5 (5.56%)
Yes 85 (94.44%)
Relationship Status
Engaged/In a relationship 0 (0%)
Concubinage 9 (10%)
Married 2 (2.22%)
Prefer not to say 5 (5.56%)
Separated/ Divorced 2 (2.22%)
Single 72 (80%)
Religion or belief
Atheist 23 (25.56%)
Agnostic 3 (3.33%)
Buddhist 0 (0%)
Christian 39 (43.33%)
Hedonistic 1(1.11%)
Muslim 6 (6.67%)

1 The question was: “Did you attend a course in Beaios during your studies?” Yes or No.
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No Religion
Prefer not to say

17 (18.89%)
1(1.11%)

Participation in previous experiments (n.)

Never 20 (22.22%)
1 17 (18.89%)
2 16 (17.78%)
3 11 (12.22%)
4 or more 26 (28.89%)
Participation in a similar real-effort task
No 86 (95.56%)
Yes 4 (4.44%)
C.2 Experiment 2
Characteristics UK France
n. n = 240 n =48
Gender
Female 150 (62.50%)22 (45.83%)
Male 90 (37.50%) 26 (54.17%)
Age
Mean 23.30 24.08
St. dev. 4.43 6.19
Min. 18 19
Max. 65 50

Level of current degree

Undergraduate (e.g.BSc, BA, LLB, MBBS) / LicenskE22 (50.83%) 11 (22.92%)

Postgraduate Taught (e.g.MA, MSc) / Master

95 @HE 26 (54.17%)

Postgraduate Research (e.g. MPhil, PhD) / Doctor&lt9 (7.92%) 1 (2.08%)

Other 4(1.67%) 10 (20.83%)
Background in economics?
No 130 (54.17%) 9 (18.75%)
Yes 110 (45.83%) 39 (81.25%)
Country of origin
Bahrain 1 (0.42%)
Bangladesh 1 (0.42%)
Brazil 1 (0.42%)
Bulgaria 1 (0.42%)
China, Taiwan or Hong Kong 98 (40.83%)
Egypt 1 (0.42%)
France . 46 (95.83%)
Germany 4 (1.67%)
Greece 2 (0.83%)
Hungary 1 (0.42%)
India 2 (0.83%)
Indonesia 1 (0.42%)
Iran 2 (0.83%)
Ireland 2 (0.83%)

2 The question was: “Did you attend a course in Bagins during your studies?” Yes or No.
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Italy 1 (0.42%)

Japan 1 (0.42%)
Jordan 1 (0.42%)
Kazakhstan 2 (0.83%)
Latvia 1 (0.42%)
Lithuania 3 (1.25%)
Malaysia 4 (1.67%)
Maldives 1 (0.42%)
Mauritius 4 (1.67%)
Morocco . 1 (2.08%)
Netherlands 1 (0.42%)
Nigeria 4 (1.67%)
Norway 1 (0.42%)
Palestine 1 (0.42%)
Philippines 1 (0.42%)
Poland 5 (2.08%)
Portugal 1 (0.42%)
Romania 1 (0.42%)
Russia 2 (0.83%)
Somalia 1 (0.42%)
Sri Lanka 1 (0.42%)
Tanzania 1 (0.42%)
Thailand 2 (0.83%)
UK 67 (27.92%)
USA 4 (1.67%)
Vietnam 12 (5%) 1 (2.08%)
Native English/French speaker
No 160 (66.67%) 2 (4.17%)
Yes 80 (33.33%) 46 (95.83%)
Relationship Status
Civil partnership . 1 (2.08%)
Concubin . 7 (14.58%)
Engaged 3 (1.25%) .
In a relationship 81 (33.75%) 81 (33.75%)
Married 9 (3.75%)
Prefer not to say 7 (2.92%) .
Separated/ Divorced 1 (0.42%) 1 (2.08%)
Single 139 (57.92%) 39 (81.25%)
Religion or belief
Atheist 20 (8.33%) 22 (45.83%)
Agnostic 1 (0.42%) 3 (6.25%)
Buddhist 16 (6.67%) :
Christian 43 (17.92%) 10 (20.83%)
Sikh 1 (0.42%)
Daoism 1 (0.42%) :
Muslim 18 (7.5%) 1 (2.08%)
No Religion 123 (51.25%) 8 (16.67%)
Other 4 (1.67%) .
Prefer not to say 13 (5.42%) 4 (8.33%)
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Participation in previous experiments (n.)
Never
1
2
3
4 or more

8(3.33%) 9 (18.75%)
25 (10.42%) 5 (10.42%)
16 (6.67%) 3 (6.25%)
15 (6.25%) 3 (6.25%)
176 (73.33%)28 (58.33%)

Participation in a similar real-effort task
No
Yes

146 (60.83%) 48 (100%)
94 (39.17%) 0 (0%)
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D. Full regressionsof Tables4 and 5
Table D1: Conditional Logit Regressions (Experiment 1)

Regression 3 Regression 6
b se b se
log(Honesty) 11.33*** 2.65 9.62** 4.2
log(Competence) 6.28*** 217 4.2 355
log(Honesty) x |p|>5 0.19 2.12-3.73 4.25
log(Competence) x |p|>5 -1.13  1.724.09 34
log(Honesty)xBelief -0.68 1.49
log(Competence)xBelief 0.09 0.96
log(Honesty)xInconsistency -4.19* 2.32-2.93 3.88
log(Competence)xInconsistency -2.82** 1.310.42 2.13
log(Honesty)xMale -0.7 1.47 0.52 3.6
log(Competence)xMale -0.74 09805 2.16
log(Honesty)xAge -0.1 0.1 -0.19 0.28
log(Competence)xAge -0.05 0.080.04 0.21
log(Honesty)xEconomics -3.70r 214209 291
log(Competence)xEconomics -0.73 1.68.27* 2.49
log(Honesty)xUndergraduate 0.21 1.560.87 2.13
log(Competence)xUndergraduate -0.2 0.96.52 1.14
log(Honesty)xnon-French 2.07 2.831.1 4.2
log(Competence)xnon-French 0.75 1.8 -0.05 233
log(Honesty)xMACH score -0.01 0.050.2 0.13
log(Competence)xMACH score -0.03 0.090.14* 0.08
log(Honesty)xSDS17 score -0.39 0.340.21 041
log(Competence)xSDS17 score -0.19 0.2 043 0.27
log(Honesty)xRisk choice 0.6 0.520.23 1
log(Competence)xRisk choice 0.3 0.320.34 0.48
log(Honesty)xVoter's competence -2.62 1.772.08 2.98
log(Competence)xVoter's competence-1.07 1.02 -0.07 1.14
log(Honesty)xVoter's honesty -1.90* 1.090.72 1.7
log(Competence)xVoter's honesty -1.22**  0.620.35 1.11
Obs 1334 526
Pseudo R2 0.271 0.365
Df 28 26
Prob > F 0 0

Notes * p< 0.1, *p < 0.05, **p < 0.01.
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Table D2: Conditional Logit Regressions (Experiment 2)

Regression 3

b se
log(Trustworthiness) 4.87** 1.34
log(Competence) 3.16*** 1.01
log(Trustworthiness)xFrance 2.32 2.55
log(Competence)xFrance 1.56 2.08
log(Trustworthiness)x|p|>5 -2.17%*  1.09
log(Competence)x|p|>5 -1.27 0.84
log(Trustworthiness)xFrancex|p|>5 -2.67 2.4
log(Competence)xFrancex|p|>5 -3.12 2
log(Trustworthiness)xUK 1.31 1.78
log(Competence)xUK 1.24 2.2
log(Trustworthiness)xMale -1.29** 0.6
log(Competence)xMale 0.52 0.51
log(Trustworthiness)xEconomics 0.7 0.53
log(Competence)xEconomics 0.25 0.44
log(Trustworthiness)xChina -0.73  0.66
log(Competence)xChina -0.61 0.53
log(Trustworthiness)xTA -0.3 0.43
log(Competence)xTA -0.03 0.42
log(Trustworthiness)xCIL 1.16* 0.59
log(Competence)xCIL 1.18* 0.64
log(Trustworthiness)xRisk choice -0.19 0.15
log(Competence)xRisk choice -0.17 0.13
log(Trustworthiness)xSDS17 Score 0.04 0.06
log(Competence)xSDS17 Score 0.04 0.07
log(Trustworthiness)xMACH Score 0 0.02
log(Competence)xMACH Score -0.01 0.02
log(Trustworthiness)xUndergraduate -0.36 0.61
log(Competence)xUndergraduate -0.32 0.52
log(Trustworthiness)xVoter's Return rate -0.06 0.33
log(Competence)xVoter's Return rate 0.14 0.39

log(Trustworthiness)xVoter's log(Competence)0.57* 0.31
log(Competence)xVoter's log(Competence) 0.84** 0.37

log(Trustworthiness)xInconsistency -2.97*0.67
log(Competence)xInconsistency -1.54*  0.67
log(Trustworthiness)xAge -0.02 0.04
log(Competence)xAge -0.02 0.05
Obs 1106
Pseudo R2 0.39
Df 36
Prob > F 0

Notes * p< 0.1, * p < 0.05, ** p < 0.01.
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Analysiswith rational expectations

In this section, we replicate the analysis of Ekpent 1 reported in the paper assuming
that subjects have rational expectations (resaitEkperiment 2 are in the online appendix of
Galeotti and Zizzo, 2014). If subjects displayaaél expectations, they are on average able to
predict the candidate that ex-post will generateenpoofit. We can construct a measure of the
expected ex-post payoffs generated to the votetseogandidates by looking at how much ex-
ante honesty and ex-ante competence of the candigathe real situation explain the ex-post
potential payoffs generated to the voters by tineeseandidates. In particular, we can estimate
an OLS regression where the dependent variabl&i@sek-post voter's potential payoff
generated by each candidate in the real situdtwinile the independent variables are the ex-
ante honesty (measured as the proportion of themmniund reported in Stage 1) and ex-ante
competence (measured as number of tables correahed on top of the first 40 tables
correctly solved in Stage 1) of each candidatdereal situation. We can then multiply the
estimated coefficients with the ex-ante honestythedex-ante competence respectively of all
the candidates (both real and fictional) to obtastatistical expected measure of the expected
ex-post payoffs generated to the voters by theidatek. Table E1 presents the result of this

estimation.

Table E1l: OLS regression on ex-post voter’'s potential pgsyof

Ex-post voter’s potential payoffs

b se
Ex-ante Honesty 0.126*** 0.026
Ex-ante Competence 6.856*** 2.07
Obs 90
Adj. R? 0.594
Df 2
Prob > F 0

Notes OLS regression. The table reports the beta aoeffis
and the standard errors. Observations are froroghdidates in
the real situation. * p < 0.1, ** p < 0.05, ** p 8.01. The
coefficients are not normalized.

The expected values of the ex-post profits areutatied using the following formula:

3 These payoffs are calculated a§; 7" = gH]ff,f POstes PO, wherei identifies the voteri the triad H7 7"

the ex-post rate of honesty of the candidagnd(;; Postthe ex-post competence of the candiglate
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ex post __ ex ante ex ante
POt = 0,13 x HEEL M 4 6.86 x CSF

whereH$}“™¢ andC{;“* are the ex-ante honesty and ex-ante competerpectasly
of the candidat¢. Having now a measure of the ex-post voter's paygénerated by the
candidates, we can study whether subjects displegtazhal expectations. In particular, we
can look at how the probability of voting for theora (ex-post) profitable candidate evolves
as the difference in ex-post payoffs between theeraad less profitable candidates increases
(Figure E1)! If subjects have rational expectations, they sthallvays select the more (ex-
post) profitable candidate (graphically, we shoolderve a straight line at P(maR(= 1).
This seems to be the tendency when the differamex-post payoffs between the more and

less profitable candidates is large. When the wffee is small, decisions are noisier.

Figure E1: Probability of electing the ex-post more profitabsndidate
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Notes P(max(t)) is the probability of electing the ex-post mgnefitable candidateAr is the difference in
expected payoffs between the more and less exppofiable candidate. The running means are wethttgjive
more importance to near points than far, and coetpusing a bandwith of 0.6 (60% of the data).

We can also study whether the voters favor theast-ponest or competent candidate.
To do so, we need to obtain a measure of ex-pastgty and ex-post competence for all the
candidates. We can estimate two OLS regressiorsfarhonesty and one for competence,

where the dependent variable is the ex-post horiestypetence) of the candidates in the real

4 The probability is obtained by computing the wégghrunning means of a dichotomous variable takalge 1
when the ex-post more profitable candidate is etkand 0 otherwise.
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situation, while the independent variable is theaerte honesty (competence) of the candidates
in the real situation. We can then multiply tharaeated coefficients with the ex-ante honesty
and the ex-ante competence respectively of aktdinelidates (both real and fictional) to obtain
a statistical expected measure of the ex-post el ex-post competence respectively.

Table E2 presents the result of these estimations.

Table E2: OLS regressions on ex-post honesty and competence

Ex-post honesty Ex-post competence

b se b se
Ex-ante Honesty  0.823** 0.035 .
Ex-ante Competence . . 1.241**  0.024
Obs 90 90
Adj. R? 0.862 0.968
Df 1 1
Prob > F 0 0

Notes OLS regression. The table reports the beta ecoeffis and the standard errors. Observations ane fr
the candidates in the real situatiomp £ 0.1, **p < 0.05, *** p < 0.01. The coefficients are not normalized.

Focusing on cases where there is a trade-off legivex-post honesty and ex-post
competence, we can look at how the probability ofing for the more ex-post honesty
candidate evolves if the difference in ex-post pisyan between the more and less honesty
candidates increases (Figure E2). Bar< O (i.e. the ex-post more honesty candidatess al
the ex-post less profitable), profit-maximizing gdbs with rational expectations should vote
for the ex-post less honesty subjects as he adsstssociated with higher ex-post payoffs. For
Am > 0 (i.e. the ex-post more honest candidate is t#ils ex-post more profitable), profit-
maximizing subjects with rational expectations stiouote for the ex-post more honest
subjects as he or she is associated with highgoskpayoffs. The figure shows that subjects
did not seem to vote for the ex-post more proféatandidate, as rational expectations would
predict, but the candidate who is ex-post more &bnEhis pattern is similar to the one

observed for adaptive expectations (see main pagad) perhaps, even more marked.
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Figure E2: Probability of electing the ex-post more honestdidate
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Notes P(T) is the probability of electing the more essp honest candidatéx is the difference in expected
payoffs between the more and less ex-post honestidate. The running means are weighted to giveemor
importance to near points than far, and computedyuesbandwith of 0.6 (60% of the data). The dataesponds

to cases where there is a trade-off between exhmossty and competence.

We can also conduct a regression analysis likeotieein the paper but using the ex-
post measures of honesty and competence. The dagevatiable is the dummy ‘Vote'. In
regression 1, the independent variables includeldigeof ex-post honesty and ex-post
competence of the candidate. In regression 2, s@ adld interaction terms of log(ex-post
honesty) and log(ex-post competence) with a dumaniaksle £|>5which takes value 1 when
the absolute deviation in ex-post expected payudfa/een the two candidates is bigger than 5
experimental points. In regression 3, we controla$i for the demographic, psychological
and behavioral characteristics of the voters amdtinent effects by interacting them with
log(ex-post honesty) and log(ex-post competePcEdble E3 displays the results of the
regressions.

5> As we already explained in the paper, since tleatiteristics of the voters do not vary over theicds of the
voters, in the regression we can only have intemaderms between the alternative-specific varigitdad the
voter-specific variables.

6 The full regressions are available upon request.
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Table E3: Alternative-specific conditional logit regressgon

Regression 1 Regression 2 Regression 3
b se b se b se
log(Honesty) 5.284** (0.888 5.424** (0.949 10.435** 1.941
log(Competence) 3.037** 0.5  3.196*** 049 4.852*** 1.335
log(Honesty) x1|>5 -0.669 1.964 -1.35 1.449
log(Competence) »[>5 -0.827 1.116 -1.101 0.77
Interactions with demographic,
behavioral, psychological and No No Yes
treatment variables
Obs 1334 1334 1334 1334
PseuddR? 0.212 0.214 0.267  0.212
Df 2 4 28 2
Prob > F 0 0 0 0

Notes Alternative-specific logit regression with clustd robust standard errors. The table reports #ia b
coefficients and the standard errors. The demodgaydriables are age, gender (= 1 for men), ecic®m
background (= 1 if applicable), nationality (NoeRch = 1 for non French subjects), and Universayus (= 1
for undergraduate students). The behavioral vatahte the competence and honesty of the voteéaged, and
whether the subject is classified as inconsisiém. psychological variables are the risk attitude,SDS17 score
and MACH score. The treatment variable is the Béleatment. The psychological and behavioral \deis and
age are centered at the mean in order to controhifgh correlation between the independent varialjéee
Marquardt, 1980). The data correspond to casesenthere was a trade-off between ex-post honestgsipibst
competence. The full regressions are available ft@vauthors upon requesipx 0.1, **p < 0.05, *** p < 0.01.

In Regressions 1-3, both the coefficients of logg@siy) and log(competence) are
positive and strongly significantly. The coeffictesf log(honesty) is also significantly larger
than the coefficient of log(competencej festsp < 0.001). This indicates that, if we assume
that voters have rational expectations, the biaatds caring about honesty carries through. If
we control for the difference in ex-post expecteayqifs between the two candidates
(Regressions 2), we find that the bias charactdxitle small and large differences. Alltogher
these results support the key finding of the pdbpat people care about the honesty of the

candidates.

Finally, we can compare how many electoral choiwwese consistent with rational
expectations and how many electoral choices wetsisient with adaptive expectations. This
information is summarized in Tables E4 and E5. Balites show that a significant proportion
of choices were consistent with either adaptiverational expectations. In addition, they
suggest that more choices display adaptive (84 f88%ll the subjects, 88.08% if we exclude
the inconsistent subjects) rather than rationaB(0% for all the subjects, 78.31% if we exclude

the inconsistent subjects) expectatioffgést,p < 0.001).
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Table E4: Electoral choices consistent with adaptive aoretl expectations

All subjects No inconsistent subjects
e)g‘gggt'l‘:; . | NoBeief  Belief  Total | NoBeiet  Belief  Total
116 111 227 106 199
NO (25.78%)  (25.34%)  (25.56%) | (24.65%) 5 (246%) (54 6305
VES 334 327 661 324 285 609
(74.22%)  (74.66%) (74.44%) | (75.35%)  (75.4%)  (75.37%)
Total 450 438 888 430 378 808
' (100%)  (100%)  (100%) | (100%)  (100%)  (100%)
exﬁ:;‘;?ii‘ns NoBelief  Belief ~ Total | NoBdief  Belief  Total
NO 125 130 255 115 109 224
(27.78%)  (29.68%) (28.72%) | (26.74%)  (28.84%)  (27.72%)
VES 325 308 633 315 269 584
(72.22%)  (70.32%)  (71.28%) | (73.26%) (71.16%)  (72.28%)
Total 450 438 888 430 378 808
(100%)  (100%)  (100%) | (100%)  (100%)  (100%)

Table E5: Electoral choices consistent with adaptive anddtonal expectations

No Belief Rational expectations
Adaptive expectations NO YES Total
NO 102 (22.67%) 14 (3.11%) 116 (25.78%)
YES 23 (5.11%) 311 (69.11%)334 (74.22%)
Total 125 (27.78%) 325 (72.22%) 450 (100%)
Belief Rational expectations
Adaptive expectations NO YES Total
NO 101 (23.06%) 10 (2.28%) 111 (25.34%)
YES 29 (6.62%) 298 (68.04%)327 (74.66%)
Total 130 (29.68%) 308 (70.32%) 438 (100%)
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E. Analysiswithout outliers

In this section, we test whether the results ofpidyeer are driven by those cases where
the difference in expected profits between the tandidates was very large. We do so by
replicating the analysis of the paper with the egidn of the extreme observations. We
consider Experiment 1 here (results for Experin2egte in the online appendix of Galeotti and
Zizzo, 2014). Outliers are detected using the @gidi (2000) median ruléln particular, we
drop the observations where the difference in ebgoeprofits between the the more honest
candidate and the more competent candidate wasrldrgn 19.52 experimental points and
smaller than -33.01 experimental points (see Figa)é

Figure F1: Histogram of the difference in expected profits
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An=1(H) - T(C)

Density = ———— Cutoffs

Notes The data correspond to cases where there wadextiff between competence and honesty. The differe
in expected profits is between the profit of therenbonest candidate and the profit of the more eiem
candidate. Outliers are located on the left antherright of the first and second vertical linepestively.

7 According to the Median Rule, outliers are theasieations above an upper cut-off paifitand below an lower
cut-off pointct. These points are calculated as:

¢’ =q, +ko(q3 — q1)

¢t =q; —k2(q5 — q1)
whereq,, q,, andg; are the first, second, and third quartile respebtj while k, is a constant based on a pre-
specified outside rate, and it is usually equalkiout 2 (Carling, 2000).
8 Similar cut-off points are obtained if we use Theckey’s Rule (Tuckey, 1977).
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Figure F2 shows the probability of electing the endronest candidate as a function of
the difference in expected payoffs between the ranteless honest candidate (as in Figure 2
of the paper). Even once we exclude the extremescéise area below the weighted running
means forAn < O is bigger than the area above the weightedingnmeans foAr > 0. We

also replicate the regression analysis of the p@pasle F1). With the removal of the outliers,

the results do not change. In particular, the ccefit of log(honesty) is significantly larger

than the coefficient of log(competence) in all thgressionsyf testsp < 0.05).

Figure F2: Probability of electing the more honest candidate
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Notes P(T) is the probability of electing the more hsheandidateAr is the difference in expected payoffs
between the more and less honest candidate. Timngumeans are weighted to give more importancesty
points than far, and computed using a bandwith®{60% of the data).
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Table F1: Alternative-specific conditional logit regressson

Regression 1 Regression 2 Regression :
b se b se b se
log(Honesty) 5.245**  (0.899 5.425* 2712 11.326** 2.7
log(Competence) 3.014**  0.498 3.706* 2.069 6.396* 2.186
log(Honesty) x#4|>5 0.633 2.763 -0.014 2.145
log(Competence) »t|>5 -0.423 2.07 -1.298 1.736
Interactions with demographic,
behavioral, psychological and treatment No No Yes
variables
Obs 1274 1274 1274
Pseudo R2 0.184 0.189 0.244
Df 2 4 28
Prob > F 0 0 0
Regression 4 Regression 5 Regression €
b se b se b se
log(Honesty) 5.797*+  0.97  11.476** 3.597 13.589* 5.674
log(Competence) 3.426*** 0.694  8.783*** 3.051 5.904 4.149
log(Honesty) x#4|>5 -5.532 3.883 -6.09 4.156
log(Competence) >t|>5 -5.432* 3.103 -5.423 3.469
Interactions with demographic,
behavioral, psychological and treatment No No Yes
variables
Obs 492 492 492
Pseudo R2 0.227 0.24 0.355
Df 2 4 26
Prob > F 0 0 0

Notes Alternative-specific logit regression with clustd robust standard errors. Regressions 1-3 aexl s
actual honesty and competent, and use all the Ragressions 4-6 are based on the beliefs of ttezssand use
only the data from the Belief treatment. The tatdports the beta coefficients and the standardreriche
demographic variables are age, gender (=1 foi,neeonomics background (= 1 if applicable), nadldy (Not
French = 1 for non French subjects), and Universititus (= 1 for undergraduate students). The befzv
variables are the competence and honesty of ther wotStage 1, and whether the subject is cladsiie
inconsistent. The psychological variables are i¢leattitude, the SDS17 score and MACH score. Téattnent
variable is the Belief treatment. The psychologieald behavioral variables (except the variable nppei
inconsistent’) and age are centered at the meandigr to control for high correlation between thddpendent
variables (see Marquardt, 1980). The data correbporcases where there was a trade-off betweerosx-p
honesty and ex-post competence. The full regressiomavailable from the authors upon reques 0.1, **p
<0.05, *** p < 0.01.
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