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Abstract

We offer a novel investigation of the effect of environmental risk on cooperation in the Vol-
untary Contribution Mechanism. Our baseline is the standard setting in which the personal
return from the public good is deterministic, homogeneous, and publicly known. Our exper-
imental treatments alter this classic design by making the marginal per capita return from
the public good probabilistic. In the homogeneous risk treatment (HomR), the random draw
is made for the whole group, while in the heterogeneous risk treatment (HetR) this happens
independently for each group member. Our hypothesis is that different environmental risks
may differently affect the ex post payoff inequalities, so that other-regarding preferences (in-
equality aversion) may generate higher contributions in HomR than in HetR. Our main result
is that the environmental risk does not affect the patterns of cooperation either in the one-shot
or in the finitely repeated version of the game. This suggests that the standard experimental
methodology provides a robust and conservative measure of human cooperation.
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1 Introduction

Many economic interactions create tension between individual and collective interests. For this
reason, human cooperation has become one of the central topics in behavioral economics. Since the
pioneering work of Isaac, McCue, and Plott (1985), numerous economists have studied cooperation
using the Voluntary Contribution Mechanism (VCM in short).1 Over time, VCM has become a
widely accepted experimental testbed for studying various environmental and institutional aspects
of cooperation (Ledyard, 1995; Chaudhuri, 2011).

Strikingly, what has once evolved to become the “gold standard” in experimental economics –
that is, a version of VCM based on a deterministic, homogeneous and publicly known personal
returns from the public good – seems far off as compared not only to the seminal work by Isaac,
McCue, and Plott (1985), but also to many real world situations. Isaac, McCue, and Plott (1985)
use heterogeneous returns from the public good which are entirely private knowledge, a design that
certainly adds realism to the experimental game. For instance, the benefits that the individuals
derive from establishing public facilities for health care or education are likely to be heterogeneous,
private knowledge, and furthermore subject to randomness and variation over time.2

Yet, relatively little is still known about how the patterns of cooperation change once the
decision-making environment shifts away from the “gold standard” paradigm. Addressing this
issue seems important in terms of both the internal and the external validity of laboratory exper-
iments. First, the data from alternative settings can be informative about the robustness and the
limitations of the large body of experimental findings based on the standard VCM setup. Sec-
ond, as recently documented in a carefully crafted lab-in-the-field experiment by Stoop, Noussair,
and van Soest (2012), the usual patterns of cooperation observed in the standard VCM may not
prevail in analogous (yet richer and more uncontrollable) real world environments. Explaining
such discrepancy and rendering the findings from lab experiments applicable to naturally occur-
ring settings calls for a greater care for the ecological validity of laboratory experiments. Our
experimental is a step in that direction.

Herein, we tweak the standard VCM by incorporating two kinds of environmental risk which
may occur either at the individual or at the group level. In both cases, the personal return from
the public good is not deterministic, but probabilistic – either higher or lower than the riskless
one. Both outcomes are equiprobable, become known ex post, and the lottery is mean-preserving
with respect to the standard VCM scenario. In the homogeneous risk treatment, the random draw

1According to another early study by Isaac, Walker, and Thomas (1984), this seminal work dates back to 1980.
Ledyard (1995) lists the study by Isaac, McCue, and Plott (1985) as the first economic experimental on public
goods, along Kim and Walker (1984) (who conducted their experiments two months later).

2Of course, using the standard design has major advantages. First, it reduces the degree of unwarranted un-
certainty in the decision-making environment, thus improving the experimenter’s control over subjects’ decisions.
Second, it makes the outcomes of different experiments easier to compare and replicate, thus fostering the accumu-
lation of empirical knowledge.
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is made in each round for the whole group. In the heterogeneous risk treatment, in turn, this
happens in each round independently for each group member. Thus, our experimental paradigm
provides a simple way to capture the distinction between local and global environmental risks
that is important in various real-world public good settings. Going back to our previous example,
one’s utility from public health services may depend on idiosyncratic health hazards (such as non-
infectious diseases related to one’s genes, profession, or lifestyle), but also on the population-wide
hazards (such as large outbreaks of infectious diseases). In the similar vein, one’s benefit from
public education facilities may depend on one’s current educational needs or aspirations, but also
on global labor market fluctuations that may render education as a whole (or at least its certain
types) either beneficial or redundant.

Our experiment consists of two incentivized VCM-based tasks. In the first part, we elicit
players’ conditional contributions to the public good, their unconditional contribution in a one-
shot interaction, as well as their beliefs about other group members’ contributions. In the second
part, the participants play a finitely repeated VCM game under partner matching. We implement
the environmental risk treatments in a between-subject manner. Given the proper randomization
of social and risk preferences across experimental conditions, our investigation provides causal
evidence on the effect of environmental risk on different layers of human cooperation.

Our theoretical prediction stems from the intuition that different kinds of environmental risks
can affect behavior through the differences in the ex post group inequalities they may cause.
From this perspective, homogeneous environmental risk may lead to higher contributions than the
heterogeneous one, while the behavior in the riskless environment should lie between those two.
This hypothesis finds a rather weak support in the data. Neither the conditional contributions,
nor the unconditional contributions, nor the beliefs about other group members’ contributions
in the one shot game vary due to environmental risk. Furthermore, the correlation between
players’ unconditional contributions and their beliefs about others’ behavior remains stable across
experimental treatments. Regarding the repeated VCM game, in all experimental conditions
we observe the typical patterns of behavior: relatively high contributions in the initial round of
the game, and their gradual decay over time. Heterogeneous risk has no effect on cooperation
relative to the riskless control condition at any stage of the repeated game. Homogeneous risk
improves cooperation relative to both remaining conditions (which stands in line with our initial
hypothesis), but only in the early rounds after which this positive effect quickly fades away.
Altogether, these findings suggest that standard experimental methodology provides a robust yet
conservative measure of human cooperation.

2 Related literature

In this section, we review the economic literature which experimentally investigates how devia-
tions from the “gold standard” design - in which the marginal per capita return (MPCR) from the
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public good ought to be deterministic, homogeneous and publicly known - affect cooperation in
the voluntary contribution mechanism. We refer to those settings as non-standard VCM settings.
Typically, a non-standard setting is achieved by adding some sort of randomness to the process
that transforms decisions into outcomes. Whenever such randomness is lottery-like, i.e. it involves
a finite set of outcomes with publicly known probabilities (which is the case of the present exper-
iment), we classify it as environmental risk. Otherwise, a non-standard setting is said to involve
environmental uncertainty. All these studies use a VCM game that is being repeated over multiple
periods, with the exception of Fischbacher, Schudy, and Teyssier (2014) who use a sequence of
one-shot VCM games with varying MPCR schemes, and Björk, Kocher, Martinsson, Nam Khanh,
et al. (2016) who combine these two setups just as we do in the present study3 .

Interestingly, our literature review suggests that the earliest experiment based on the VCM
paradigm by Isaac, McCue, and Plott (1985) does not meet the “gold standard” criteria: even
though their MPCR is deterministic, it is also heterogeneous among players and remains privately
know (which, in turn, is public knowledge). However, the most prominent studies following Isaac,
McCue, and Plott (1985) are already based on the “gold standard” approach (see, for instance,
Kim and Walker, 1984; Andreoni, 1988; Isaac and Walker, 1988a,b).

To the best of our knowledge, Fisher, Isaac, Schatzberg, and Walker (1995) are the first to
experimentally compare standard and non-standard VCM settings. They build two control con-
ditions based on the the standard design which only differ in the value of MPCR (which can be
either high or low). In their main experimental treatment, MPCR comes with environmental un-
certainty: it is heterogeneous and has an unknown distribution (even though players are aware of
their own MPCR). Their main finding is that behavior is sensitive to the variations in one’s own
MPCR, but not to the presence of the environmental uncertainty about other players’ MPCRs.
In a similar vein, Boulu-Reshef, Brott, Zylbersztejn, et al. (2016) propose an experiment in which
environmental uncertainty about MPCR takes the form of an individual random draw from a
uniform distribution, so that neither personal MPCR nor other players’ MPCRs are known to any
individual at the time of decision-making. They also report that cooperation is neutral to the
presence of environmental uncertainty. Finally, in Gangadharan and Nemes (2009) the environ-
mental uncertainty is related to whether players obtain the return from the public good or not
(the probabilities of which remain unknown to players). This form of environmental uncertainty
is found to hurt cooperation as compared to the analogous “gold standard” setting. Moreover, this
result also prevails in a risky environment where the probability of not benefiting from the public
good is publicly known (Dickinson, 1998; Gangadharan and Nemes, 2009).

Other implementations of environmental risk yield mixed conclusions. Like our study, these
experiments usually compare standard design with its non-standard equivalent in which MPCR

3We have come across the working paper by Björk, Kocher, Martinsson, Nam Khanh, et al. (2016) – who use an
approach similar to ours to investigate the effects of risk and ambiguity on cooperation – while finishing the present
manuscript.
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is a realization of a mean-preserving-spread lottery. Studies by Levati, Morone, and Fiore (2009);
Levati and Morone (2013) suggest that there might be a large and negative effect of what we call a
homogeneous environmental risk (i.e., MPCR is randomly determined for all group members) on
cooperation, but its occurrence depends on the way in which the MPCR lottery is calibrated. In
Levati, Morone, and Fiore (2009), the risky version of VCM is a social dilemma solely in expected
terms: conditional on the realization of the MPCR, it is either individually and socially efficient to
contribute nothing (if MPCR is low), or individually and socially efficient to contribute the whole
endowment (if MPCR is high). They report a negative effect of environmental risk on cooperation.
In Levati and Morone (2013), in turn, the risky environment preserves the social dilemma nature of
VCM regardless of the realization of MPCR. In this context, moving from the standard setting to
environmental risk to environmental uncertainty (by making the probabilities unknown to players)
does not affect cooperation. Similar phenomenon has been recently documented by Björk, Kocher,
Martinsson, Nam Khanh, et al. (2016) in both one-shot and repeated games. On the other hand,
a lab-in-the-field experiment conducted in small rural communities by Cárdenas, Janssen, Ale,
Bastakoti, Bernal, Chalermphol, Gong, Shin, Shivakoti, Wang, et al. (2017) reveals a negative
effect of what we call heterogeneous risk (i.e., each player’s MPCR is random and independently
determined) on cooperation. Finally, Fischbacher, Schudy, and Teyssier (2014) introduce another
type of environmental risk by allowing MPCR to vary within a group according to a publicly
known distribution. In their one-shot, strategy-method VCM setting they observe that this form
of environmental risk has a negative effect on both conditional and unconditional contributions.4

2.1 Our study

Altogether, we draw the following conclusions from these accumulated findings. First, deviating
from the “gold standard” design may have a negative effect on cooperation, regardless of whether
such deviation is due to environmental uncertainty or environmental risk. However, given that
this literature is relatively small and dispersed, it seems well-founded to call for a systematic
replication of the existing findings and an exploration of new non-standard VCM settings. Second,
the existing findings are quite mixed and it remains unclear why negative effects arise in some
particular decision-making contexts but not in others. This, in turn, calls for a tighter control of
the channels through which such behavioral differences may arise.

Our experiment is designed to serve both of these purposes. We build on, and extend, the study
of Fischbacher, Schudy, and Teyssier (2014). Like them, we study the effect of environmental risk
in a 4-person VCM game and use their calibration of deterministic and risky MPCR. However,
there are two important features that distinguish our design from theirs.

First, the focus on the behavioral effects of heterogeneous returns gives the environmental
4Other related studies include Stoddard (2013); Stoddard et al. (2014); Dannenberg, Löschel, Paolacci, Reif, and

Tavoni (2015); Vesely and Wengström (2017).
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risk in their experiment a competitive nature: the misfortune of some means benefits to others.
Here, we are interested in varying the level at which the environmental risk arises: either at the
individual level (heterogeneous risk treatment) or at the group level (homogeneous risk treatment).
For this reason, we implement a non-competitive environmental risk: the realizations of risky
MPCR within a group of players can be either perfectly correlated, or perfectly independent.5 To
the best of our knowledge, we provide the first experimental investigation that varies the level at
which the environmental risk is seeded. Our theoretical analysis (presented in Section 3.3) builds
on the intuition that different forms of environmental risk may generate different kinds of ex post
inequalities. Following this intuition, we draw upon the classic model of inequality aversion by
Bolton and Ockenfels (2000) and establish the following prediction: homogeneous risk may foster
cooperation relative to heterogenous risk, while cooperation levels in the riskless baseline condition
should be bounded by those observed in our two environmental risk treatments.

We empirically test our research hypothesis using a controlled lab setting which differs from
the one used by Fischbacher, Schudy, and Teyssier (2014). They use a within-subject design and
elicit players’ conditional contributions to the public good, as well as their unconditional one-shot
contributions, in a series of VCM games. Our experimental treatments are implemented in a
between-subject manner. Like Fischbacher, Schudy, and Teyssier (2014), we observe conditional
and unconditional decisions in a static setting. Moreover, following Fischbacher, Gächter, and
Quercia (2012), we enrich this design by adding belief elicitation and a finitely repeated VCM
interaction. This refinement allows us to measure how individual beliefs are formed, to establish
their link with behavior, and to trace the evolution of cooperation under various environmen-
tal risks. To enhance the experimental control, we also collect background information on risk
preferences and other-regarding preferences in our experimental sample.

3 Experimental design

3.1 Voluntary Contribution Mechanism

In the classic voluntary contribution mechanisms, a group of N individuals (each endowed with
a certain number of tokens e on their private accounts) funds the public good in the following
manner. Each individual privately decides on his level of contribution to the public good c (with
c ≤ e) and keeps any tokens which have not been contributed. The public good is defined as a
sum of individual contributions, and the marginal per capita return from the public good is α < 1.
Thus, the payoff of the individual i in this game (denoted πi) is given as:

5Whether environmental risk is competitive or not may have behavioral consequences. Krawczyk and Le Lec
(2010) study competitive and non-competitive (anologous to our heterougeneous risk) environmental risk in the
dictator game. They report that people tend to be less selfish if the realization of outcomes comes with a non-
competitive risk; however, both types of risk decrease transfers as compared to the standard, deterministic dictator
game. See also Brock, Lange, and Ozbay (2013); Krawczyk and Lec (2016).
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πi = ei − ci + α×
N∑
j=1

cj (1)

In this experiment, we are interested in two classic cases: one in which the game is played
once, and another in which it is finitely repeated (so that the number of repetitions is public
knowledge) in constant groups. In both cases, standard theory (which assumes that all players
are self-interested payoff maximizers) suggests that having 1

N < α < 1 generates a social dilemma.
Although the group welfare is maximized when all players make full contributions, the dominant
strategy of each individual is to contribute nothing (which leads to the unique Nash equilibrium
in a one-shot game, and the subgame perfect Nash equilibrium in a finitely repeated game).

Following the standard design used in numerous VCM experiments, in our baseline condition
the value of α is deterministic, homogeneous and publicly known. In our environmental risk
treatments (either homogeneous - HomR, or heterogeneous - HetR), MPCR is generated through
a mean-preserving lottery. Both αHomR and αHetR are drawn from a binary set {α, ᾱ} such that
Pr(α) = Pr(ᾱ) = 0.5 and E(αHomR) = E(αHetR) = α. The rules of this lottery are public
knowledge, but its outcome remains unknown in the decision-making stage of the game. Thus, the
timing of the events is as follows: first, each player decides about his contribution to the public
good; then, the lottery determines his MPCR. The key difference between the two treatments is
that αHomR is being drawn for the entire group, whereas αHetR is being drawn independently
for each group member. Finally, we set 1

N < α < α < ᾱ < 1 which guarantees that the social
dilemma nature of the game is maintained for all the possible values of MPCR, so that the standard
predictions extend to the game played under environmental risk.

3.2 Calibration of the experimental games

In the laboratory experiment, players form groups of four. Each player is endowed with 10 Exper-
imental Currency Units (ECU) which he allocates (in integer values) between his private account
and the public good. In the baseline treatment, each ECU invested in the public good yields the
return of 0.4 ECU to every player (which is public knowledge). In the HomR and HetR treat-
ments, each ECU invested in the public good yields either 0.3 ECU or 0.5 ECU to each player,
both outcomes being equally likely. Such calibration of the MPCR lottery is based on the study
by Fischbacher, Schudy, and Teyssier (2014). The rules of the lottery are publicly known in each
treatment, but its outcomes remain unknown when players decide about their contributions.

3.3 Theoretical prediction

In this section, we establish a theoretical prediction for our experimental games. We nest our
analysis in the classic inequality aversion model due to Bolton and Ockenfels (2000). Our intuition
is that, ceteris paribus, inequality-averse agents may behave differently in HetR treatment than
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in HomR treatment since different types of environmental risk may differently affect the ex post
inequalities in players’ payoffs. In the Equity, Reciprocity and Competition (ERC) framework
proposed by Bolton and Ockenfels (2000), decisions are driven by personal payoff maximization
and an aversion to inequality. Agent i’s utility function in an N -person game is:

Ui = Ui

(
pi,

pi
P

)
(2)

with pi denoting agent i’s personal payoff, and P =
N∑
j=1

pj is the sum of all players’ payoffs.

This function is such that, ceteris paribus, agent’s utility increases in the first parameter (own
payoff), and decreases as the value of the second parameter (relative standing) moves away from
the reference value of 1

N . Building on Bolton and Ockenfels (2000), Fischbacher, Schudy, and
Teyssier (2014) propose the following additively separable form of the utility function (2) in the
context of a 4-person VCM game:

Ui(πi) = πi − νi ×
(

πi
πi + 3× π̄

− 1

4

)2

(3)

with πi defined as in equation (1), π̄ denoting other players’ average payoff, and the parameter
νi ≤ 0 measuring the strength of agent’s inequality aversion.

Herein, we implement the utility function (3) in a simulation exercise that traces an agent’s
behavior under different forms of environmental risk. We assume the decision-maker to be an
expected utility maximizer who furthermore expects each player in his group to contribute an
amount c̄.6 For the riskless baseline treatment, we can easily derive utility maximizer’s best
reponse function, i.e. the utility-maximizing contribution level ci as a function of c̄.7 In the HomR
treatment, the expected utility maximization must also take into account the randomness of α
(either high or low for the whole group, both outcomes are equiprobable). Finally, in the HetR
treatment we account for all the possible combinations of α within a group of players, along with
their respective probabilities.

Figures 1a-c present the individual best response functions for different treatments and values
of νi. This exercise yields several useful observations. First, we note that for all conditions the best
response functions converge towards the 45 degree line as νi increases. Second, throughout this
process of convergence the best responses observed in HomR may be greater than those observed
in HetR, although this gap is more pronounced for small values of νi (such as 250) than for the
large ones (such as 25000). Finally, the best response function for the riskless baseline condition

6The latter assumption implies that other agents are always expected to be of the same “type”. It is a simple
way to account for the presence of strategic uncertainty due to an incomplete information in the game. More
importantly, it allows us to abstain from the inequalities that stem from the (expected) heterogeneity in group
members’ contributions, and isolate the effect of the potential inequalities due to the envionmental risk.

7In our simulation exercise, both ci and c̄ may vary between 0 and 10 in 0.25 increments.
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Figure 1: Simulated best response functions

(a) νi = 250 (b) νi = 2500 (c) νi = 25000

is bounded by those generated by HetR and HomR conditions. These observations allow us to
rank the contribution levels under different experimental conditions so as to state our research
hypothesis:

Research hypothesis. Ceteris paribus, the contribution levels in the HomR treatment dominate
those from the HetR treatment. The contribution levels in the riskless baseline condition are
bounded by those observed in the HetR and HomR treatments.

4 Experimental procedures

212 students (49.53% males, average age 21.5) were recruited using hroot (Bock, Baetge, and Nick-
lisch, 2014). We had 72 participants (in 18 groups) in both the baseline and the HomR treatments,
and 68 participants (in 17 groups) in the HetR treatment. We run a total of 10 experimental ses-
sions in June, September and October 2016 in the GATE-LAB, the experimental laboratory of
the GATE Lyon-Saint-Etienne research institute in France. All sessions were computerized using
z-Tree (Fischbacher, 2007). The usual length of an experimental session was one hour. In ad-
dition, each session was preceded by a series of online tasks that were sent to all the registered
participants one week in advance, and had to be completed at least 24 hours before the start of
the laboratory session. We chose this method to minimize the contamination between the two sets
of observations. The average payoff was 14.70 Euros; this amount includes the gains from online
tasks, as well as the payoffs earned in the laboratory experiment.
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4.1 One week before the experiment: risk preferences and other-regarding
preferences

One week before the experimental session, all registered participants received an email with a
personal code and a link to two online tasks – the risk preferences test by Gneezy and Potters (1997)
and the Social Value Orientation (SVO) Slider Measure by Murphy, Ackermann, and Handgraaf
(2011) – to be completed at least 24 hours before the laboratory session.8 These tasks were
incentivized and presented in random order. All payoffs were expressed in Experimental Currency
Units (ECU), with 100 ECU being worth 2.50 Euros. Subjects received no immediate feedback
about the outcomes, and were paid for each of them at the end of the experimental session in the
laboratory.

In the risk preferences test by Gneezy and Potters (1997), a decision-maker is endowed with
100 ECU, some (or all) of which he can invest in the following lottery: 50% chance of multiplying
the investment by the factor of 2.5 times, and 50% chance of losing the invested amount. Any
decision-maker who does not invest the whole amount is considered as being risk averse, and the
invested amount is used as a measure of risk aversion.9

In the Social Value Orientation (SVO) test by Murphy, Ackermann, and Handgraaf (2011),
a decision-maker chooses an allocation of money for himself and for another person amongst 9
possible allocations in 6 different distributional tasks. Then, these choices are transformed into an
individual score that determines the SVO profile (altruistic, competitive, individualistic, prosocial).
We use the original set of distributional tasks (all the amounts are expressed in ECU) and the
strategy method to elicit responses in the role of the decision-maker. We collect choices in the role
of the decision-maker from all the participants. We also inform them that they will be randomly
and anonymously matched in pairs at the end of the experiment, that in each pair one person
will be randomly chosen as the decision-maker, and that both players’ payoffs from this task will
correspond to the decision-maker’s choice in a randomly selected task.

Based on our measures of risk preferences and other-regarding preferences, we find that par-
8These tests were followed by an unrelated psychological questionnaire – a 17-item Spitefulness Scale by Marcus,

Zeigler-Hill, Mercer, and Norris (2014) – so as to cloud the expectations that the participants could have formed
about the tasks in the experimental session. Subjects were paid a flat fee of 2 Euros for completing this part. The
full questionnaire is provided in the Appendix B. For the sake of illustration, one of the questions looks as follows:
If I was one of the last students in a classroom taking an exam and I noticed that the instructor looked impatient,
I would be sure to take my time finishing the exam just to irritate him or her. Participants provided responses for
each item using scales ranging from 1 (strongly disagree) to 5 (strongly agree). We find similar distributions of
scores (around 20 on average) in all experimental conditions (p = 0.667, Kruskal-Wallis test).

9A potential shortcoming of this method is that it cannot serve to distinguish between risk-neutral and risk-
seeking agents, since both types should invest their whole endowment. However, this does not seem to be a concern
in the light of the existing empirical evidence: the fraction of people who invest their whole endowment is fairly
small. This is also the case in our experimental sample. See Charness, Gneezy, and Imas (2013) for a related
discussion.
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Table 1: Risk preferences and other-regarding preferences across experimental conditions

Average outcome
Measure: Baseline HetR HomR p

Gneezy-Potters test score 56.74 50.90 53.14 0.479 (F -test)
SVO profile:
Competitive 0 1 0
Individualistic 39 40 48 0.343 (χ2 test)
Prosocial 33 27 24

ticipants are properly randomized with respect to both characteristics.10

4.2 Experimental session: VCM games

The in situ stage of the experiment consists of two parts. In each part, we implement a 4-
player VCM game, and groups remain constant throughout the experiment (all of which is public
knowledge). We use neutral framing: each player can invest a certain amount in a common
group project. The common procedures for each part are as follows. The paper instructions are
distributed at the begining of each part and read aloud.11 In the baseline treatment, subjects
are also provided with a table that summarizes the individual payoff generated through different
combinations of personal and group contributions. In each of the risk treatment, a separate table
is provided for both possible values of MPCR. Finally, the participants are asked to take a short
quiz of comprehension. After answering any remaining questions, the experimental game begins.

In the first part of the experiment, subjects are endowed with 10 ECU (equivalent of 3 Euros)
and their contribution may be any integer value between 0 and 10 ECU. They play the following
one-shot VCM game. First, they are asked to make one unconditional contribution without know-
ing anything about other players’ behavior. Then, they provide eleven consecutive conditional
contributions, each of them being a response to a possible value of the average contribution from
the other group members (which are also integers between 0 and 10 ECU). Following the classic
experiment by Fischbacher, Gächter, and Fehr (2001), the rules of the one-shot game guarantee
that all choices are incentivized. At the end of the game, one player is selected at random. For
the non-selected players, we take into account their unconditional contributions. For the selected
player, we take into account his conditional contribution that corresponds to the average uncon-
ditional contribution of the remaining players. Then, we also elicit each players’ beliefs about the
average contribution to the public good of the remaining group members: they can earn 5 ECU for

10 Additional non-parametric results are provided in the Appendix C.1.
11These instructions, translated from French to English, are provided in the Appendix A.
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a correct guess (with a 1 ECU margin of error). No feedback (either on the outcome of the MPCR
lottery or about other players’ behavior) is provided at that point in order to avoid contamination
of observations in the second part.12

In the second part of the experiment, subjects play a VCM game for 10 rounds in constant
groups that have not changed since the previous part (all of which is public knowledge). The
renewable endowment in each round is 10 ECU. We provide round-to-round feedback on the
individual contribution, the sum of all group members’ contributions, the individual return from
the group project, the return from the private account, and the individual gain. One round is
drawn for payoff at the end of the experiment.

5 Results

In this section, we summarize our main empirical results from the one-shot and finitely repeated
VCM games. Altogether, we find very limited support for the research hypothesis put forth in
Section 3.3. All outcomes remain fairly stable across our experimental conditions, and echo the
standard patterns of behavior previously documented in numerous experiments using the standard
VCM setting.

5.1 Conditional and unconditional contributions in the one-shot VCM

Result 1. The patterns of conditional contributions do not vary significantly across our three
experimental conditions.
Support. Figure 2a summarizes the patterns of average conditional contributions in our exper-
imental treatments. In all three treatments, conditional contributions follow a standard pattern:
they tend to increase in the value of the other group members’ average contribution, but are far
from reaching it. Moreover, F -test does not reject the null hypothesis that the average conditional
contributions are the same in all three treatments for almost every value of other group members’
average contribution. The sole exceptions are the values of 2 (p = 0.048) and 4 (p = 0.031); how-
ever, this result does not survive the Bonferroni correction for multiple comparisons. Therefore,
we conclude that conditional contributions do not vary significantly across our treatments.13

Furthermore, in all treatments we find a similar scope of pure free-riding (that is, contributing
zero regardless of what others do): 27.78% in the baseline treatment, 19.12% in HetR and 33.33%
in HomR. χ2 test does not reject the null hypothesis that these outcomes come from the same
distribution (p = 0.162). The mean conditional contribution curves after excluding those players
(Figure 2b) remain similar across our three experimental conditions.14 �

12Both parts of the experiment are always presented in the same order. Fischbacher, Gächter, and Quercia (2012)
report an absence of order effects in such design.

13Additional non-parametric results are provided in the Appendix C.2.
14Once again, we do not detect any significant differences between the mean outcomes observed in the three
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Figure 2: Distribution of players according to their actions

(a) Whole sample (b) Free-riders excluded

Result 2. Neither the unconditional contributions, nor the beliefs about other players’ behav-
ior, nor the correlation between these two outcomes vary significantly across our experimental
conditions.
Support. Table 2 summarizes the average unconditional contributions and the beliefs about
other players’ behavior in each experimental treatment. F -test does not reject the null hypothesis
that the average unconditional contributions are the same in all experimental conditions. We
report the same outcome when testing for the symmetry of beliefs across treatments. Finally,
in all treatments we find a strong and positive correlation between unconditional contributions
and beliefs: all correlation coefficients are found to be statistically significant at the 1% level,
but not statistically different one from another (Jennrich’s test yields p = 0.117). Additional
non-parametric results are provided in the Appendix C.3. �

Our Result 2 echoes the previous findings from VCM experiments (see, for instance, Weimann,
1994; Croson, 1996; Neugebauer, Perote, Schmidt, and Loos, 2009; Fischbacher and Gächter, 2010)
that (i) the beliefs about others’ contributions tend to be above the individual contribution levels,
and that (ii) these two variables are positively correlated. Importantly, neither the data on con-
ditional contributions presented in Figures 2a and b, nor the data on unconditional contributions

treatments. The mean conditional contribution associated with the other group members’ average contribution of
2 and 4 are (weakly) significantly different (p = 0.058 and p = 0.037, respectively), but this result does not survive
the application of the Bonferroni correction.
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Table 2: Unconditional contributions and beliefs across experimental conditions

Average
Measure: Baseline HetR HomR p

Unconditional contribution 3.60 4.06 4.26 0.445
Beliefs about others 4.40 4.78 4.48 0.584
Pearson’s r 0.448 0.557 0.684 0.117

Note. p-values correspond to F -test for the equality of means scores (lines 1 and 2), or to Jennrich’s test for correlation
coefficients (line 3; all coefficients are significantly different to zero at the 1% level).

summarized in Table 2, corroborate the direction of treatment effects outlined in the research
hypothesis in Section 3.3.

In addition, regression models summarized in Table 6 investigate the link between the out-
comes reported in Table 2 and the individual characteristics reported in Section 4.1. Individual
characteristics are described by two variables, 1[Prosocial] (either prosocial or not, based on the
SVO slider measure), and GP score (the Gneezy-Potters test score). We estimate two sets of linear
regression models, separately for each of the experimental conditions. In the first set of models,
we regress the dependent variable of interest – either one’s beliefs about other group members’
average contribution to the public good (models M1-M3), or one’s unconditional contribution (M4-
M6) – on the explanatory variables described above. In the second set of models (M7-M9), we
take one’s unconditional contribution as dependent variable, and include one’s beliefs about other
group members’ average contribution to the public good as an explanatory variable, alongside the
individual characteristics dummies. Two main results prevail across all conditions. First, individ-
ual characteristics related to other-regarded preferences and risk preferences play a marginal role
in explaining the variation in unconditional contributions or the variation in beliefs about other
players’ contributions to the public good. Second, the beliefs one holds about other people’s be-
havior are an important predictor of individual contributions (echoing the data reported in Table
2) once we control for individual characteristics.

5.2 Cooperation in the repeated VCM

So far, we have presented systematic evidence suggesting that the environmental risk does not affect
the patterns of contributions observed in the static VCM. In this part, we turn to investigating
the effects of environmental risk in the dynamic setting of a finitely repeated VCM.15

15Players’ choices in the first round of the repeated VCM game are consistent with their unconditional contri-
butions in the static VCM game. For all treatments, two-sided paired t-test does not reject the null hypothesis
that the mean difference between the two contributions equals zero. The results are as follows. Baseline treatment:
mean unconditional one-shot contribution of 3.60 vs. mean round 1 contribution of 3.60 (p = 1.000); HetR: 4.06
vs. 3.81 (p = 0.534); HomR: 4.26 vs. 4.44 (p = 0.634). Non-parametric signed-rank test yields consistent results.
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Table 3: Unconditional contributions, beliefs and individual characteristics: regression analysis

Dep. variable: Beliefs Unconditional contribution
Model: M1 M2 M3 M4 M5 M6 M7 M8 M9
Treatment: Base HetR HomR Base HetR HomR Base HetR HomR
Intercept 4.364a 3.733a 4.305a 2.049b 2.644a 3.060a -1.319 -0.367 -1.811b

(0.519) (0.534) (0.566) (0.871) (0.814) (0.915) (1.108) (0.921) (0.894)
Beliefs — — — — — — 0.772a 0.807a 1.132a

(0.184) (0.162) (0.140)
1[Prosocial] -0.014 0.320 -0.025 1.077 0.337 1.540c 1.087 0.080 1.569b

(0.435) (0.474) (0.538) (0.731) (0.722) (0.870) (0.654) (0.619) (0.626)
GP score 0.001 0.017 0.004 0.019 0.025c 0.013 0.018 0.011 0.009

(0.007) (0.009) (0.009) (0.012) (0.013) (0.013) (0.011) (0.012) (0.010)
N 72 68 72 72 68 72 72 68 72
R2 0.000 0.063 0.003 0.058 0.056 0.052 0.257 0.320 0.515
Prob > F 0.993 0.121 0.916 0.128 0.160 0.160 0.000 0.000 0.000

Note. a/b/c indicate statistical significance at the 1%/5%/10% level. Dependent variables are: player’s beliefs about other
group members’ average contribution to the public good (M1-M3), and player’s unconditional contribution to the public good
(M4-M9). In all the models, the set of explanatory variables includes individual characteristics: 1[Prosocial] (dummy variable
set to 1 if an individual’s type in the SVO task is prosocial, and 0 otherwise), and the Gneezy-Potters test score (GP score).
In addition, models M7-M9 also include individual’s beliefs about other group members’ average contribution to the public
good as an independent variable.

Figure 3 depicts the dynamics of mean contributions in the repeated VCM games. Once again,
we observe standard patterns of behavior. In all three treatments, the initial contributions are
relatively high (around 40% of the endowment on average), and then collapse, reaching similar
levels (around 10% of the endowment on average) in the final (tenth) round of the game. The curves
from the baseline treatment and the HetR treatment have similar slopes and run closely to each
other in a standard manner. In both cases, we observe a steady fall of contributions over time. The
evolution of cooperation in the HomR treatment is slightly different: players manage to maintain
cooperation in the first three rounds of the game, but then it collapses exactly as in the remaining
treatments. Due to this early-stage gap, the average contribution in that treatment is found to be
higher than elsewhere. Importantly, this effect nicely meshes with our initial research hypothesis.
However, we remain cautious about this result and do not overstate its magnitude, given that it
only stems from an early and fugitive deviation from the usual dynamics of cooperation.

Below, we summarize these findings and provide their statistical support. The statistical
analysis is based on the regression models presented in Table 4.16 In models M1-M3, we regress
individual contributions on treatment dummies (one for HomR and one for HetR) using different
sets of observations: round 1 observations (M1), round 10 observations (M2), or all observations
(M3). Model M4 extends M3 by additionally incorporating round dummies (representing rounds

16Additional non-parametric results are provided in the Appendix C.4 and C.5. Furthermore, double-censored
tobit regressions yield equivalent results. These additional estimates are provided in the Appendix D.
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Figure 3: Dynamics of cooperation across treatments: mean contributions

2-3, 4-5, 6-7, 8-9, and 10) as well as their interactions with the treatment dummies. To account for
the potential within-group correlation of observations due to repeated interactions, the residuals
are clustered as the group level in models M2-M4 (there are 53 clusters in total), and the delete-
one-jackknife resampling procedure is applied to estimate standard errors so as to account for the
potential small sample bias.17.
Result 3. We find no differences across treatments both in the first round and in the final round
average contributions in the repeated VCM game.
Support. This result stems from the regression models M1 and M2 summarized in the first
two columns of Table 4. In both models, treatment dummies are neither individually nor jointly
significant at the conventional level of 5%. �
Result 4. The overall average contribution is higher in the HomR treatment than in the remaining
experimental conditions. However, this difference is mostly driven by a transient variation at an
early stage of the game: players in the HomR treatment manage to maintain cooperation in the
first three rounds of the game, while the decay of cooperation is triggered instantaneously in other
conditions.

17See Jacquemet and Zylbersztejn (2014) for a detailed description of this procedure
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Table 4: The patterns of cooperation over time and across treatments: regression analysis

Dep. variable: contribution in round t
Model: M1 M2 M3 M4
Observations: t = 1 t = 10 t ∈ {1; 10} t ∈ {1; 10}
Intercept (β0) 3.597a 1.014a 1.989a 3.597a

(0.376) (0.325) (0.275) (0.342)
1[HomR] (β1) 0.847 0.347 1.497a 0.847

(0.532) (0.518) (0.519) (0.528)
1[HetR] (β2) 0.212 0.016 0.429 0.212

(0.540) (0.477) (0.398) (0.438)
1[round2− 3] (β3) -0.861b

(0.356)
1[round4− 5] (β4) -1.431a

(0.355)
1[round6− 7] (β5) -2.049a

(0.374)
1[round8− 9] (β6) -2.410a

(0.399)
1[round10] (β7) -2.583a

(0.437)
1[round2− 3]× 1[HomR] (β8) 1.160b

(0.480)
1[round4− 5]× 1[HomR] (β9) 0.917

(0.636)
1[round6− 7]× 1[HomR] (β10) 0.986

(0.690)
1[round8− 9]× 1[HomR] (β11) 0.438

(0.684)
1[round10]× 1[HomR] (β12) -0.500

(0.681)
1[round2− 3]× 1[HetR] (β13) 0.243

(0.446)
1[round4− 5]× 1[HetR] (β14) 0.291

(0.498)
1[round6− 7]× 1[HetR] (β15) 0.416

(0.538)
1[round8− 9]× 1[HetR] (β16) 0.233

(0.519)
1[round10]× 1[HetR] (β17) -0.196

(0.534)
N 212 212 2120 2120
R2 0.013 0.004 0.041 0.122
Prob > F 0.256 0.769 0.021 < 0.001

Note. a/b/c indicate statistical significance at the 1%/5%/10% level. In all models, the set of explanatory variables includes
treatment dummies. In M4, it also includes (pairwise) round dummies and their interactions with treatment dummies. In
M2-M4, residuals are clustered at the group level (53 clusters), standard errors are computed using the leave-one-out jackknife
procedure.
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Support. This result stems from the regression models M3 and M4 summarized in columns 3 and
4 of Table 4. Model M3 suggests that the aggregate average contribution in HomR is significantly
different than in the baseline treatment (p = 0.006) and in the HetR treatment (p = 0.047).
However, model M4 indicates that these differences are mainly driven by different dynamics in
rounds 1 to 3. First, the model confirms that contributions in the baseline treatment decrease
over time in a monotone way: the coefficients β3 to β7 are all significant and we strongly reject
the null hypothesis of their equality (p < 0.001). The insignificance of coefficients β13 to β17, in
turn, suggests that this pattern is preserved in the HetR treatment. However, the same cannot be
said about the HomR treatment. The significance and the size of coefficient β8, coupled with the
insignificance of coefficients β9 to β12, points to the conclusion that the treatment effect reported
in model M3 is merely due to the fact that the decay of cooperation in the HomR treatment is
delayed by two rounds relative to the baseline and HetR treatment.18 �

5.3 Past randomness and present behavior

In the last set of regressions, we investigate the link between the exposure to random realizations
of MPCR in the past and present contribution decisions. Clearly, a rational decision-maker should
not condition his future choices on any random outcomes observed in the past. However, an
important body of behavioral research has documented that in many contexts (such as lotteries
or sports betting) people may misperceive randomness and make biased choices, for instance by
following the “law of small numbers” (see Rabin, 2002). In this part, we want to show that our
results are not driven by this kind of misperception of randomness in the game.

For each treatment, we estimate a regression model that explains individual contribution at
time t with the following set of variables. To integrate information about one’s past experience
with random MPCR, in models M1 and M3 we include a dummy variable indicating whether the
realization MPCR in t − 1 was high (1[ᾱt−1] = 1) or low (1[ᾱt−1] = 0). Then, in models M2
and M4 we also take into account the relative frequency of high MPCR in all rounds preceding
t− 1 (variable Freq(ᾱ)(1;t−2)), as well as an interaction between these two variables. Finally, we
account for the general decay of contributions over time by adding round dummies, as well as
individual characteristics: 1[Prosocial] (SVO profile, either prosocial or not) and GP score (the

18One might suspect that this short-lived bloom of cooperation in HomR may be driven by “lucky” outcomes of
the MPCR lottery. However, descriptive statistics from rounds 1 and 2 do not support the hypothesis that “lucky”
groups feel more encouraged to cooperate than the “unlucky” ones. To see this, let us compare the evolution of
contributions between rounds 1 and 2 in those groups that experienced ᾱ in t = 1 (12 groups, 48 subjects) with
those that experienced α in t = 1 (6 groups, 24 subjects). Not surprisingly, in both groups we observe similar
average contributions in t = 1 (4.563 and 4.208, respectively) in which decisions are made before the first MPCR
lottery takes place. Then, these contribution levels are maintained in t = 2 regardless of the the value of α drawn
for those groups in the previous round (4.958 and 4.250, respectively). Therefore, groups do not seem to condition
their behavior in t = 2 on the realization of α in t = 1. Related evidence is provided in Table 5.
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Gneezy-Potters test score). These models are estimated separately for each of the environmental
risk treatments using the econometric procedure outlined in the previous section. The results of
this exercise are presented in Table 5. Across all the models, none of the coefficients γ1 to γ3 is
found to be significant at the conventional level of 5%. This suggests that players’ decisions are
not biased by the past realizations of random MPCR. These models also yield some (yet limited)
evidence on the role of individual characteristics in a repeated game played under environmental
risk. Models M1 and M2 suggest that players with prosocial profile in the SVO slider measure
tend to contribute significantly more than others under heterogeneous risk. However, as shown in
models M3 and M4, this result does not extend to the homogeneous risk treatment. Furthermore,
our econometric exercise detects no effect of differences in risk aversion on contributions in either
treatment.

6 Concluding remarks

This paper offers a novel study of the effects of environmental risk on cooperation in the VCM
game. Our main result is that moving from the standard environment with a deterministic MPCR
to the environments in which MPCR is risky does not affect the patterns of cooperation.

More generally, this study extends the previous literature and furthers our understanding of the
effects of environmental randomness on cooperation in the following ways. First, the behavioral
reaction to environmental risk seems to be different for competitive and non-competitive risks. In
the light of the combined evidence from Fischbacher, Schudy, and Teyssier (2014) (in which the
risk involves within-group competition) and our study (in which the calibration of the VCM game
is the same, but the risk, whether homogeneous or heterogeneous, always has a non-competitive
nature), it seems that the presence of competition might be detrimental for cooperation under
environmental risk. This observation echoes the previous work by Krawczyk and Le Lec (2010)
who show that competition undermines sharing in the dictator games with risky outcomes. Put
together, this body of evidence suggests that social interactions under risk are sensitive to compe-
tition which may partially mute other-regarding concerns.

Second, our study contributes to the recent experimental investigations of the effects of en-
vironmental randomness on the provision of public goods. Together with the recent studies by
Levati and Morone (2013), Boulu-Reshef, Brott, Zylbersztejn, et al. (2016) and Björk, Kocher,
Martinsson, Nam Khanh, et al. (2016) (but notwithstanding Levati, Morone, and Fiore, 2009;
Cárdenas, Janssen, Ale, Bastakoti, Bernal, Chalermphol, Gong, Shin, Shivakoti, Wang, et al.,
2017), the results of our experiment point to the robustness of the standard patterns of coopera-
tion not only across different domains of (non-competitive) risk, but also across different domains
of (non-competitive) randomness: risk, ambiguity and uncertainty.

Altogether, we find strong support for the “gold standard” approach to studying human coop-
eration by means of the Voluntary Contribution Mechanism paradigm in which the marginal per
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Table 5: Present contributions and random MPCR in the past: regression analysis

Dep. variable: contribution in round t
Model: M1 M2 M3 M4
Treatment: HetR HetR HomR HomR
Intercept (γ0) 2.441a 1.954a 4.064a 3.823b

(0.390) (0.662) (0.872) (1.417)
1[ᾱt−1] (γ1) 0.236 0.147 -0.246 -0.557

(0.195) (0.440) (0.517) (0.779)
Freq(ᾱ)(1;t−2) (γ2) — 0.156 — 0.603

(0.667) (1.371)
1[ᾱt−1]× Freq(ᾱ)(1;t−2) (γ3) — 0.395 — 0.205

(0.847) (1.688)
Round (dummy variables):
3 (γ4) -0.389 – 0.001 –

(0.352) (0.380)
4 (γ5) -0.611c -0.214 -0.514 -0.442

(0.344) (0.309) (0.468) (0.440)
5 (γ6) -0.809b -0.418 -1.124c -1.085c

(0.382) (0.290) (0.556) (0.590)
6 (γ7) -1.101b -0.697 -1.152b -1.106c

(0.429) (0.446) (0.496) (0.603)
7 (γ8) -1.293b -0.898c -1.666a -1.602b

(0.493) (0.490) (0.539) (0.703)
8 (γ9) -1.762a -1.359a -1.971a -1.869b

(0.509) (0.467) (0.482) (0.650)
9 (γ10) -1.703a -1.292a -2.624a -2.510a

(0.384) (0.261) (0.570) (0.782)
10 (γ11) -2.346a -1.941a -3.406a -3.295a

(0.361) (0.270) (0.537) (0.748)
1[Prosocial] (γ12) 1.656a 1.562a 0.887 0.870

(0.359) (0.394) (0.804) (0.820)
GP score (γ13) 0.003 0.003 0.010 0.008

(0.005) (0.005) (0.008) (0.008)
N 612 544 648 576
R2 0.154 0.142 0.111 0.108
Prob > F 0.000 0.000 0.000 0.001

Note. a/b/c indicate statistical significance at the 1%/5%/10% level. Observations come from rounds 3-10 in M1 and M3,
and from rounds 4-10 in M2 and M4. Residuals are clustered at the group level (17 clusters in HetR, 18 clusters in HomR),
standard errors are computed using the leave-one-out jackknife procedure.
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capita return from the public good is deterministic, homogeneous and publicly known. We reckon
that standard methodology provides a robust and conservative measure of human cooperation.
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A Experimental instructions (translated from French)

Instructions: Baseline Treatment

Thank you for participating to this experiment in economics. Please turn off your phone and do not com-
municate with the others unless we ask you to. If you have any questions, you can press the red button at
the left of your desk at any time, we will come to answer you in private.
During this experiment, you are going to make decisions. These decisions can make you earn money. During
the whole experiment, we will not talk about Euros, but about Experimental Currency Units (ECU). Your
earnings will be computed in ECU, then converted in Euros at the time of the payment. The conversion
rate is the following: 10 ECU = 3 Euro. At the end of the session, you will receive your payment. You
will be paid in Euros, in cash and in private in a separated room.
This session comprises 2 parts. Your total gain for this session will be the sum of your gains in both parts.
The instructions below describe the content of Part 1. The instructions for Part 2 will be distributed at
the end of Part 1. During the whole session, your decisions are anonymous.
Preliminary part:
In order to match your answers of the online questionnaire and your answers at this session, please indicate
the code we sent you by mail. If you have doubts, please press the red button on the left-hand side of your
desk.
Instructions for Part 1:
In this first part, the computer program will randomly form groups of 4 people. At the beginning of the
part, each member of the group has 10 ECU. Each group member can invest a part of this amount in a
common group project. The amount must be between 0 and 10 ECU. Then the sum of the amounts in-
vested in the common project is multiplied by 1.6 and equally redistributed between the 4 group members.
For all the group members, the amount that is not invested in the common project is stored on a personal
account. Thus, if a group member stores X ECU on his/her personal account, he/she will recover exactly
X ECU.
Your gain is computed in the following way:

Your gain = [10− (amount invested)] +
1, 6× sum of amounts invested

4
(4)

Your task consists in (i) choosing successively 2 "types of amount" that you wish to invest in the common
project and (ii) estimating the amount invested by the other group members.

• On the first screen, you need to enter an "unconditional amount". This is the amount you want to
invest in the common project independently of the amounts invested by the 3 other group members.
Once this amount is chosen, confirm by clicking on the OK button.

• On the second screen, you need to enter "conditional amounts". These are the amounts you want to
invest for each average amount invested by your group members. Once these amounts are chosen,
confirm by clicking on the OK button.

• On the third screen, you need to estimate what will be the average amount invested in the project
by your three group members.
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How is your gain computed?
The computer program will randomly select a member of your group:

• If you are not the randomly selected group member, the amount taken into account to compute your
gain will be your unconditional amount.

• If you are the randomly selected group member, the amount taken into account to compute your
gain will be the conditional amount corresponding to the average of the unconditional amounts of
your 3 group members, rounded up to the nearest whole number.

If you estimate exactly the average amount plus or minus 1 ECU, you will receive 5 ECU. Otherwise,
you will not receive anything. You will be informed about your earnings for this part at the end of the
experiment.
Note that the conditional and unconditional amounts can have an impact on your payment.
The table displayed in these instructions shows your gain in ECU depending on your level of contribution
to the project as well as the average level of contribution of your group members.
Before beginning Part 1, you have to reply to a questionnaire that will be distributed.
Please read these instructions again. If you have any questions, please push the red button on the left-hand
side of your desk and we will come to answer you in private.

25



Average contribution of other group members
0 1 2 3 4 5 6 7 8 9 10

0 10 11.2 12.4 13.6 14.8 16 17.2 18.4 19.6 20.8 22
1 9.4 10.6 11.8 13 14.2 15.4 16.6 17.8 19 20.2 21.4
2 8.8 10 11.2 12.4 13.6 14.8 16 17.2 18.4 19.6 20.8
3 8.2 9.4 10.6 11.8 13 14.2 15.4 16.6 17.8 19 20.2
4 7.6 8.8 10 11.2 12.4 13.6 14.8 16 17.2 18.4 19.6

Your contribution 5 7 8.2 9.4 10.6 11.8 13 14.2 15.4 16.6 17.8 19
6 6.4 7.6 8.8 10 11.2 12.4 13.6 14.8 16 17.2 18.4
7 5.8 7 8.2 9.4 10.6 11.8 13 14.2 15.4 16.6 17.8
8 5.2 6.4 7.6 8.8 10 11.2 12.4 13.6 14.8 16 17.2
9 4.6 5.8 7 8.2 9.4 10.6 11.8 13 14.2 15.4 16.6
10 4 5.2 6.4 7.6 8.8 10 11.2 12.4 13.6 14.8 16

Table 1: Your gain depending on your contribution and on the average contribution of your three
group members when the multiplier factor is equal to 1.6
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Instructions for Part 2: This part lasts 10 periods.
During this whole part, you belong to the same group as in Part 1. At the beginning of each period, each
group member has 10 ECU. Each group member can invest a part of this amount in a common group
project. The amount must be between 0 and 10 ECU. Then the sum of the amounts invested in the
common project is multiplied by 1.6 and equally redistributed between the 4 group members. For all the
group members, the amount that is not invested in the common project is stored on a personal account.
Thus, if a group member stores X ECU on his/her personal account, he/she will recover exactly X ECU.
Your gain is computed in the following way:

Your gain = [10− (amount invested)] +
1, 6× sum of amounts invested

4
(5)

At the end of each period, each group member receives information about his/her level of contribution
to the project, the total amount invested by the group members, the return of the project, the return of
his/her personal account, as well as his/her gain.
How is your gain computed?
For this part, one period will be randomly selected and gains will be added to the gains of Part 1.
Please read these instructions again. If you have any questions, please push the red button on the left-hand
side of your desk and we will come to answer you in private.
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Questionnaire:

1. How many group members do you have?

• 1

• 2

• 3

• 4

2. After drawing lots, the average contribution of the other group members is equal to 5 ECU. Compute
your profit if your finale contribution is:

• 0 ECU

• 5 ECU

• 10 ECU

In the following questions, we consider some randomly obtained amounts of a fictional participant.

Screen 1: Unconditional amount
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Screen 2: Conditional amounts

Screen 3: Estimation of the contributions
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3. Suppose that the participant is randomly selected and that the average contribution of the other
members is equal to 6.6 ECU. Which amount will be selected for his/her contribution?

• 9

• 7

• 5

• 10

4. Suppose that the participant is not randomly selected and that the average contribution of the other
group members is equal to 6.6 ECU. Which amount will be selected for his/her contribution?

• 9

• 7

• 5

• 10

5. The average contribution of the other group members is equal to 6.6 ECU. Did the participant earn
the 5 ECU that depend on his/her estimation concerning the average level of contribution of his/her
group members?

• Yes

• No
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Instructions: Homogeneous Risk Treatment

Thank you for participating to this experiment in economics. Please turn off your phone and do not com-
municate with the others unless we ask you to. If you have any questions, you can press the red button at
the left of your desk at any time, we will come to answer you in private.
During this experiment, you are going to make decisions. These decisions can make you earn money. During
the whole experiment, we will not talk about Euros, but about Experimental Currency Units (ECU). Your
earnings will be computed in ECU, then converted in Euros at the time of the payment. The conversion
rate is the following: 10 ECU = 3 Euro.
At the end of the session, you will receive your payment. You will be paid in Euros, in cash and in private
in a separated room.
This session comprises 2 parts. Your total gain for this session will be the sum of your gains in both parts.
The instructions below describe the content of Part 1. The instructions for Part 2 will be distributed at
the end of Part 1. During the whole session, your decisions are anonymous.

Preliminary part:
In order to match your answers of the online questionnaire and your answers at this session, please indicate
the code we sent you by mail. If you have doubts, please press the red button on the left-hand side of your
desk.
Instructions for Part 1:
In this first part, the computer program will randomly form groups of 4 people. At the beginning of the
part, each member of the group has 10 ECU. Each group member can invest a part of this amount in
a common group project. The amount must be between 0 and 10 ECU. Then the sum of the amounts
invested in the common project is multiplied either by 1.2 or by 2 (each possibility has a 50% chance to
be realized) and equally redistributed between the 4 group members.
For all the group members, the amount that is not invested in the common project is stored on a personal
account. Thus, if a group member stores X ECU on his/her personal account, he/she will recover exactly
X ECU.
Your gain is computed in the following way:

Your gain = [10− (amount invested)] +
r × sum of amounts invested

4
(6)

where r is the multiplier factor of the common project and is worth either 1.2 or 2 depending on the
outcome of the random draw.
Your task consists in (i) choosing successively 2 "types of amount" that you wish to invest in the common
project and (ii) estimating the amount invested by the other group members.

• On the first screen, you need to enter an "unconditional amount". This is the amount you want to
invest in the common project independently of the amounts invested by the 3 other group members.
Once this amount is chosen, confirm by clicking on the OK button.

• On the second screen, you need to enter "conditional amounts". These are the amounts you want to
invest for each average amount invested by your group members. Once these amounts are chosen,
confirm by clicking on the OK button.
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• On the third screen, you need to estimate what will be the average amount invested in the project
by your three group members.

How is your gain computed?
The computer program will randomly select a member of your group:

• If you are not the randomly selected group member, the amount taken into account to compute your
gain will be your unconditional amount.

• If you are the randomly selected group member, the amount taken into account to compute your
gain will be the conditional amount corresponding to the average of the unconditional amounts of
your 3 group members, rounded up to the nearest whole number.

If you estimate exactly the average amount plus or minus 1 ECU, you will receive 5 ECU. Otherwise,
you will not receive anything. You will be informed about your earnings for this part at the end of the
experiment.
Note that the conditional and unconditional amounts can have an impact on your payment.
The table displayed in these instructions shows your gain in ECU depending on your level of contribution
to the project as well as the average level of contribution of your group members.
Before beginning Part 1, you have to reply to a questionnaire that will be distributed.
Please read these instructions again. If you have any questions, please push the red button on the left-hand
side of your desk and we will come to answer you in private.

32



Average contribution of other group members
0 1 2 3 4 5 6 7 8 9 10

0 10 10.9 11.8 12.7 13.6 14.5 15.4 16.3 17.2 18.1 19
1 9.3 10.2 11.1 12 12.9 13.8 14.7 15.6 16.5 17.4 18.3
2 8.6 9.5 10.4 11.3 12.2 13.1 14 14.9 15.8 16.7 17.6
3 7.9 8.8 9.7 10.6 11.5 12.4 13.3 14.2 15.1 16 16.9
4 7.2 8.1 9 9.9 10.8 11.7 12.6 13.5 14.4 15.3 16.2

Your contribution 5 6.5 7.4 8.3 9.2 10.1 11 11.9 12.8 13.7 14.6 15.5
6 5.8 6.7 7.6 8.5 9.4 10.3 11.2 12.1 13 13.9 14.8
7 5.1 6 6.9 7.8 8.7 9.6 10.5 11.4 12.3 13.2 14.1
8 4.4 5.3 6.2 7.1 8 8.9 9.8 10.7 11.6 12.5 13.4
9 3.7 4.6 5.5 6.4 7.3 8.2 9.1 10 10.9 11.8 12.7
10 3 3.9 4.8 5.7 6.6 7.5 8.4 9.3 10.2 11.1 12

Table 1: Your gain depending on your contribution and on the average contribution of your three
group members when the multiplier factor is equal to 1.2

Average contribution of other group members
0 1 2 3 4 5 6 7 8 9 10

0 10 11.5 13 14.5 16 17.5 19 20.5 22 23.5 25
1 9.5 11 12.5 14 15.5 17 18.5 20 21.5 23 24.5
2 9 10.5 12 13.5 15 16.5 18 19.5 21 22.5 24
3 8.5 10 11.5 13 14.5 16 17.5 19 20.5 22 23.5
4 8 9.5 11 12.5 14 15.5 17 18.5 20 21.5 23

Your contribution 5 7.5 9 10.5 12 13.5 15 16.5 18 19.5 21 22.5
6 7 8.5 10 11.5 13 14.5 16 17.5 19 20.5 22
7 6.5 8 9.5 11 12.5 14 15.5 17 18.5 20 21.5
8 6 7.5 9 10.5 12 13.5 15 16.5 18 19.5 21
9 5.5 7 8.5 10 11.5 13 14.5 16 17.5 19 20.5
10 5 6.5 8 9.5 11 12.5 14 15.5 17 18.5 20

Table 2: Your gain depending on your contribution and on the average contribution of your three
group members when the multiplier factor is equal to 2
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Instructions for Part 2: This part lasts 10 periods.
During this whole part, you belong to the same group as in Part 1. At the beginning of each period, each
group member has 10 ECU. Each group member can invest a part of this amount in a common group
project. The amount must be between 0 and 10 ECU. Then the sum of the amounts invested in the
common project is multiplied either by 1.2 or by 2 (each possibility has a 50% chance to be realized) and
equally redistributed between the 4 group members.
For all the group members, the amount that is not invested in the common project is stored on a personal
account. Thus, if a group member stores X ECU on his/her personal account, he/she will recover exactly
X ECU.
Your gain is computed in the following way:

Your gain = [10− (amount invested)] +
r × sum of amounts invested

4
(7)

where r is the multiplier factor of the common project and is worth either 1.2 or 2 depending on the
outcome of the random draw.
Your task consists in choosing the amount you want to invest in the common project.
At the end of each period, each group member receives information about his/her level of contribution
to the project, the total amount invested by the group members, the return of the project, the return of
his/her personal account, as well as his/her gain.
How is your gain computed?
For this part, one period will be randomly selected and gains will be added to the gains of Part 1.
Please read these instructions again. If you have any questions, please push the red button on the left-hand
side of your desk and we will come to answer you in private.
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Questionnaire:

1. How many group members do you have?

• 1

• 2

• 3

• 4

2. The average contribution of your three group members is equal to 5 ECU. Compute your profit if
your finale contribution is 7:

• If the sum of amounts invested in the common project has been multiplied by 1.2

• If the sum of amounts invested in the common project has been multiplied by 2

In the following questions, we consider some randomly obtained amounts of a fictional participant.

Screen 1: Unconditional amount
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Screen 2: Conditional amounts

Screen 3: Estimation of the contributions
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3. Suppose that the participant is randomly selected and that the average contribution of the other
members is equal to 6.6 ECU. Which amount will be selected for his/her contribution?

• 9

• 7

• 5

• 10

4. Suppose that the participant is not randomly selected and that the average contribution of the other
group members is equal to 6.6 ECU. Which amount will be selected for his/her contribution?

• 9

• 7

• 5

• 10

5. The average contribution of the other group members is equal to 6.6 ECU. Did the participant earn
the 5 ECU that depend on his/her estimation concerning the average level of contribution of his/her
group members?

• Yes

• No
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Instructions: Heterogeneous Risk Treatment

Thank you for participating to this experiment in economics. Please turn off your phone and do not com-
municate with the others unless we ask you to. If you have any questions, you can press the red button at
the left of your desk at any time, we will come to answer you in private.
During this experiment, you are going to make decisions. These decisions can make you earn money. During
the whole experiment, we will not talk about Euros, but about Experimental Currency Units (ECU). Your
earnings will be computed in ECU, then converted in Euros at the time of the payment. The conversion
rate is the following: 10 ECU = 3 Euro.
At the end of the session, you will receive your payment. You will be paid in Euros, in cash and in private
in a separated room.
This session comprises 2 parts. Your total gain for this session will be the sum of your gains in both parts.
The instructions below describe the content of Part 1. The instructions for Part 2 will be distributed at
the end of Part 1. During the whole session, your decisions are anonymous.
Preliminary part:
In order to match your answers of the online questionnaire and your answers at this session, please indicate
the code we sent you by mail. If you have doubts, please press the red button on the left-hand side of your
desk.
Instructions for Part 1:
In this first part, the computer program will randomly form groups of 4 people. At the beginning of the
part, each member of the group has 10 ECU. Each group member can invest a part of this amount in
a common group project. The amount must be between 0 and 10 ECU. Once every group member has
chosen the amount he/she wants to invest in the common project, a random draw determines the return of
the project for each group member. Each group member has a 50% chance to receive either the equivalent
of 30% of the total amount invested in the common project, or the equivalent of 50% of the total amount
invested in the common project. This random draw is individual for each group member. Thus, the out-
comes of the random draw may differ across the members of a group.
For all the group members, the amount that is not invested in the common project is stored on a personal
account. Thus, if a group member stores X ECU on his/her personal account, he/she will recover exactly
X ECU.
Your gain is computed in the following way:

Your gain = [10− (amount invested)] + p× sum of amounts invested (8)

where p is worth either 30% or 50% depending on the outcome of the random draw.
Your task consists in (i) choosing successively 2 "types of amount" that you wish to invest in the common
project and (ii) estimating the amount invested by the other group members.

• On the first screen, you need to enter an "unconditional amount". This is the amount you want to
invest in the common project independently of the amounts invested by the 3 other group members.
Once this amount is chosen, confirm by clicking on the OK button.

• On the second screen, you need to enter "conditional amounts". These are the amounts you want to
invest for each average amount invested by your group members. Once these amounts are chosen,
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confirm by clicking on the OK button.

• On the third screen, you need to estimate what will be the average amount invested in the project
by your three group members.

How is your gain computed?
The computer program will randomly select a member of your group:

• If you are not the randomly selected group member, the amount taken into account to compute your
gain will be your unconditional amount.

• If you are the randomly selected group member, the amount taken into account to compute your
gain will be the conditional amount corresponding to the average of the unconditional amounts of
your 3 group members, rounded up to the nearest whole number.

If you estimate exactly the average amount plus or minus 1 ECU, you will receive 5 ECU. Otherwise,
you will not receive anything. You will be informed about your earnings for this part at the end of the
experiment.
Note that the conditional and unconditional amounts can have an impact on your payment.
The table displayed in these instructions shows your gain in ECU depending on your level of contribution
to the project as well as the average level of contribution of your group members.
Before beginning Part 1, you have to reply to a questionnaire that will be distributed.
Please read these instructions again. If you have any questions, please push the red button on the left-hand
side of your desk and we will come to answer you in private.
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Average contribution of other group members
0 1 2 3 4 5 6 7 8 9 10

0 10 10.9 11.8 12.7 13.6 14.5 15.4 16.3 17.2 18.1 19
1 9.3 10.2 11.1 12 12.9 13.8 14.7 15.6 16.5 17.4 18.3
2 8.6 9.5 10.4 11.3 12.2 13.1 14 14.9 15.8 16.7 17.6
3 7.9 8.8 9.7 10.6 11.5 12.4 13.3 14.2 15.1 16 16.9
4 7.2 8.1 9 9.9 10.8 11.7 12.6 13.5 14.4 15.3 16.2

Your contribution 5 6.5 7.4 8.3 9.2 10.1 11 11.9 12.8 13.7 14.6 15.5
6 5.8 6.7 7.6 8.5 9.4 10.3 11.2 12.1 13 13.9 14.8
7 5.1 6 6.9 7.8 8.7 9.6 10.5 11.4 12.3 13.2 14.1
8 4.4 5.3 6.2 7.1 8 8.9 9.8 10.7 11.6 12.5 13.4
9 3.7 4.6 5.5 6.4 7.3 8.2 9.1 10 10.9 11.8 12.7
10 3 3.9 4.8 5.7 6.6 7.5 8.4 9.3 10.2 11.1 12

Table 1: Your gains depending on your contribution and on the average contribution of your three
group members if what you receive equals 30% of the value of the group project

Average contribution of other group members
0 1 2 3 4 5 6 7 8 9 10

0 10 11.5 13 14.5 16 17.5 19 20.5 22 23.5 25
1 9.5 11 12.5 14 15.5 17 18.5 20 21.5 23 24.5
2 9 10.5 12 13.5 15 16.5 18 19.5 21 22.5 24
3 8.5 10 11.5 13 14.5 16 17.5 19 20.5 22 23.5
4 8 9.5 11 12.5 14 15.5 17 18.5 20 21.5 23

Your contribution 5 7.5 9 10.5 12 13.5 15 16.5 18 19.5 21 22.5
6 7 8.5 10 11.5 13 14.5 16 17.5 19 20.5 22
7 6.5 8 9.5 11 12.5 14 15.5 17 18.5 20 21.5
8 6 7.5 9 10.5 12 13.5 15 16.5 18 19.5 21
9 5.5 7 8.5 10 11.5 13 14.5 16 17.5 19 20.5
10 5 6.5 8 9.5 11 12.5 14 15.5 17 18.5 20

Table 2: Your Your gains depending on your contribution and on the average contribution of your
three group members if what you receive equals 50% of the value of the group project
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Instructions for Part 2: This part lasts 10 periods.
During this whole part, you belong to the same group as in Part 1. At the beginning of each period, each
group member has 10 ECU. Each group member can invest a part of this amount in a common group
project. The amount must be between 0 and 10 ECU. Once every group member has chosen the amount
he/she wants to invest in the common project, a random draw determines the return of the project for
each group member. Each group member has a 50% chance to receive either the equivalent of 30% of the
total amount invested in the common project, or the equivalent of 50% of the total amount invested in
the common project. This random draw is individual for each group member. Thus, the outcomes of the
random draw may differ across the members of a group.
For all the group members, the amount that is not invested in the common project is stored on a personal
account. Thus, if a group member stores X ECU on his/her personal account, he/she will recover exactly
X ECU.
Your gain is computed in the following way:

Your gain = [10− (amount invested)] + p× sum of amounts invested (9)

where p is worth either 30% or 50% depending on the outcome of the random draw.
Your task consists in choosing the amount you want to invest in the common project.
At the end of each period, each group member receives information about his/her level of contribution
to the project, the total amount invested by the group members, the return of the project, the return of
his/her personal account, as well as his/her gain.
How is your gain computed?
For this part, one period will be randomly selected and gains will be added to the gains of Part 1.
Please read these instructions again. If you have any questions, please push the red button on the left-hand
side of your desk and we will come to answer you in private.
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Questionnaire:

1. How many group members do you have?

• 1

• 2

• 3

• 4

2. After the random draw, every group member will for sure receive the same proportion, p, of the
project?

• Yes

• No

3. The average contribution of the other group members is equal to 5 ECU. Compute your profit if
your finale contribution is 7:

• If the proportion of the common project that you receive is 30%

• If the proportion of the common project that you receive is 50%

In the following questions, we consider some randomly obtained amounts of a fictional participant.

Screen 1: Unconditional amount
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Screen 2: Conditional amounts

Screen 3: Estimation of the contributions
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4. Suppose that the participant is randomly selected and that the average contribution of the other
members is equal to 6.6 ECU. Which amount will be selected for his/her contribution?

• 9

• 7

• 5

• 10

5. Suppose that the participant is not randomly selected and that the average contribution of the other
group members is equal to 6.6 ECU. Which amount will be selected for his/her contribution?

• 9

• 7

• 5

• 10

6. The average contribution of the other group members is equal to 6.6 ECU. Did the participant earn
the 5 ECU that depend on his/her estimation concerning the average level of contribution of his/her
group members?

• Yes

• No
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B Spitfulness Scale based on Marcus, Zeigler-Hill, Mercer, and
Norris (2014)

1. It might be worth risking my reputation in order to spread gossip about somone I did not like.

2. If I am going to my car in a crowded parking lot and it appears that another driver wants my parking
space, then I will make sure to take my time pulling out of the parking space.

3. I hope that elected officials are successful in their efforts to improve my community even if I opposed
their election. (reverse scored)

4. If my neighbor complained that I was playing my music too loud, then I might turn up the music
even louder just to irritate him or her, even if meant I could get fined.

5. If I had the opportunity, then I would gladly pay a small sum of money to see a classmate who I do
not like fail his or her final exam.

6. There have been times when I was willing to suffer some small harm so that I could punish someone
else who deserved it.

7. I would rather no one get extra credit in a class if it meant that others would receive more credit
than me.

8. If I opposed the election of an official, then I would be glad to see him or her fail even if their failure
hurt my community.

9. I would be willing to take a punch if it meant that someone I did not like would receive two punches.

10. I would be willing to pay more for some goods and services if other people I did not like had to pay
even more.

11. If I was one of the last students in a classroom taking an exam and I noticed that the instructor
looked impatient, I would be sure to take my time finishing the exam just to irritate him or her.

12. If my neighbor complained about the appearance of my front yard, I would be tempted to make it
look worse just to annoy him or her.

13. I would take on extra work at my job if it meant that one of my co-workers who I did not like would
also have to do extra work.

14. I would be happy receiving extra credit in a class even if other students received more points than
me. (reverse scored)

15. Part of me enjoys seeing the people I do not like fail even if their failure hurts me in some way.

16. If I am checking out at a store and I feel like the person in line behind me is rushing me, then I will
sometimes slow down and take exra time to pay.

17. It is sometimes worth a little suffering on my part to see others receive the punishment they deserve.
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C Non-parametric analysis

C.1 Non-parametric results on the randomization of risk preferences and
other-regarding preferences across treatments

Figure 4: Gneezy Potters risk preferences distributions by treatment

Figure 4 presents the distributions of investment choices in the Gneezy-Potters test across the three
treatments. Kruskal-Wallis test does not reject the null hypothesis that these outcomes come from the
same distribution (p = 0.661).

C.2 Non-parametric support for Result 1: conditional cooperation

Kruskal-Wallis test is used to check if conditional contributions across treatments come from the same
distribution. We replicate the results of the parametric F -test with a one slight difference: the p associated
with the average contribution of other members equal to 1 becomes weakly significant. Altogether, we
reject the null hypothesis that the conditional contributions come from the same distribution for three
values of the other players’ average contribution: the value of 1 (p = 0.055), the value of 2 (p = 0.030) and
the value of 4 (p = 0.034); neither result remains significant once we apply the Bonferroni correction for
multiple comparisons. These results hold after excluding pure free-riders from the analyzed sample (with
p = 0.062, p = 0.024, and p = 0.019, respectively).
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Figure 5: Distributions of unconditional contributions by treatment

C.3 Non-parametric support for Result 2: unconditional contributions and
beliefs

Figure 5 shows the distributions of unconditional contributions across the three treatments. Kruskal-
Wallis test does not reject the null hypothesis that these outcomes come from the same distribution (p =

0.519).

Figure 6 presents the distributions of beliefs about the group members’ average contribution to the
public good. Kruskal-Wallis test does not reject the null hypothesis that these outcomes come from the
same distribution (p = 0.484).

Spearman’s correlation coefficients for these two variables are all significant at the 1% level and given
as follows. Baseline treatment: 0.531; HetR treatment: 0.584; HomR treatment: 0.677.

C.4 Non-parametric support for Result 3: round 1 and round 10 contributions

For the repeated VCM game, Kruskal-Wallis test does not reject the null hypothesis that the contributions
in the repeated VCM game are drawn from the same distribution in round 1 (p = 0.316, individual contri-
bution used as an independent observation unit) and in round 10 (p = 0.665, group average contribution
used as an independent observation unit).

C.5 Non-parametric support for Result 4: average group contributions

Kruskal-Wallis test rejects the null hypothesis that the average group contributions in the repeated VCM
game come from the same distribution (p = 0.015). Pairwise comparisons based on ranksum tests yield
the following results. Comparing the baseline treatment and the HetR treatment, we do not reject the null
hypothesis that the average group contributions come from the same distributions (p = 0.137). However,
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Figure 6: Distributions of beliefs by treatment

the distribution of the average group contributions in the HomR treatment is (weakly) significantly different
than in either of the remaining treatments (baseline: p = 0.008, HetR: p = 0.077).
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D Additional tobit regressions

Table 6: Unconditional contributions, beliefs and individual characteristics: tobit regressions

Dep. variable: Beliefs Uncond. contribution
Model: M1 M2 M3 M4 M5 M6 M7 M8 M9
Treatment: Base HetR HomR Base HetR HomR Base HetR HomR
Intercept 4.404a 3.715a 4.305a 0.929 2.277b 1.740 -3.968 -1.717 -5.517

(0.516) (0.529) (0.554) (1.353) (1.024) (1.569) (1.760) (1.204) (1.6541)
Beliefs — — — — — 1.158a 1.056a 1.718a

(0.287) (0.213) (0.257)
1[Prosocial] -0.028 0.304 -0.025 1.527 0.632 2.770c 1.429 0.378 2.573b

(0.432) (0.469) (0.526) (1.104) (0.910) (1.441) (0.973) (0.766) (1.001)
GP score 0.000 0.018b 0.004 0.025 0.026 0.023 0.022 0.008 0.016

(0.007) (0.009) (0.008) (0.019) (0.017) (0.024) (0.017) (0.014) (0.017)
N (total/left-/right-censored) 72/0/1 68/0/1 72/0/0 72/20/6 68/11/5 72/18/12 72/20/6 68/11/5 72/18/12
Prob > χ2 0.997 0.103 0.177 0.192 0.231 0.113 0.000 0.000 0.000

Note. Estimates from double-censored tobit regressions. a/b/c indicate statistical significance at the 1%/5%/10% level.
Dependent variables are: player’s beliefs about other group members’ average contribution to the public good (M1-M3), and
player’s unconditional contribution to the public good (M4-M9). In all the models, the set of explanatory variables includes
individual characteristics: 1[Prosocial] (dummy variable set to 1 if an individual’s type in the SVO task is prosocial, and 0
otherwise), and the Gneezy-Potters test score (GP score). In addition, models M7-M9 also include individual’s beliefs about
other group members’ average contribution to the public good as an independent variable.
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Table 7: The patterns of cooperation over time and across treatments: tobit regressions
Tobit

Dep. variable: contribution in round t
Model: M1 M2 M3 M4
Observations: t = 1 t = 10 t ∈ {1; 10} t ∈ {1; 10}
Intercept (β0) 3.056a -4.856a -0.271 2.963a

(0.568) (1.391) (0.612) (0.535)
1[HomR] (β1) 1.171 1.226 2.734a 1.226

(0.799) (1.856) (0.953) (0.835)
1[HetR] (β2) 0.397 0.225 0.995 0.428

(0.806) (2.012) (0.808) (0.656)
1[round2− 3] (β3) -1.353b

(0.633)
1[round4− 5] (β4) -2.583a

(0.687)
1[round6− 7](β5) -4.145a

(0.892)
1[round8− 9] (β6) -5.232a

(0.985)
1[round10] (β7) -6.010a

(1.080)
1[round2− 3]× 1[HomR] (β8) 1.864b

(0.792)
1[round4− 5]× 1[HomR] (β9) 1.672

(1.071)
1[round6− 7]× 1[HomR] (β10) 2.337c

(1.279)
1[round8− 9]× 1[HomR] (β11) 1.726

(1.391)
1[round10]× 1[HomR] (β12) -0.241

(1.626)
1[round2− 3]× 1[HetR] (β13) 0.264

(0.769)
1[round4− 5]× 1[HetR] (β14) 0.646

(0.880)
1[round6− 7]× 1[HetR] (β15) 1.056

(1.151)
1[round8− 9]× 1[HetR] (β16) 0.986

(1.205)
1[round10]× 1[HetR] (β17) -0.270

(1.530)
N (total/left-/right-censored) 212/49/24 212/154/6 2120/930/138 2120/930/138
Prob > F 0.330 0.793 0.022 < 0.001

Note. Estimates from double-censored tobit regressions. a/b/c indicate statistical significance at the 1%/5%/10% level. In
all models, the set of explanatory variables includes treatment dummies. In M4, it also includes (pairwise) round dummies
and their interactions with treatment dummies. In M2-M4, residuals are clustered at the group level (53 clusters), standard
errors are computed using the leave-one-out jackknife procedure.
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Table 8: Present contributions and random MPCR in the past: tobit regressions
Dep. variable: contribution in round t

Model: M1 M2 M3 M4
Treatment: HetR HetR HomR HomR
Intercept 1.241c 0.221 3.724b 3.220

0.681) (1.214) (1.634) (2.508)
1[ᾱt−1] 0.453 0.174 -0.660 -1.006

(0.379) (0.888) (0.954) (1.487)
Freq(ᾱ)(1;t−2) (γ2) — 0.064 — 0.612

(1.376) (2.530)
1[ᾱt−1]× Freq(ᾱ)(1;t−2) — 0.912 — 0.195

(1.498) (2.956)
Round (dummy variables):
3 -0.800 — -0.320 —

(0.588) (0.574)
4 -0.922 -0.091 -1.175 -0.786

(0.599) (0.496) (0.763) (0.726)
5 -1.396 -0.599 -2.292b -1.957c

(0.669) (0.529) (0.937) (0.973)
6 -1.965 -1.159 -2.321b -1.984c

(0.800) (0.753) (0.828) (1.020)
7 -2.440b -1.670c -3.317a -2.984b

(0.920) (0.885) (0.948) (1.193)
8 -3.395a -2.635a -3.882a -3.518a

(1.035) (0.870) (0.931) (1.189)
9 -3.247a -2.460a -5.349a -4.973a

(0.845) (0.521) (1.326) (1.673)
10 -5.179a -4.466a -7.622a -7.294a

(1.072) (0.747) (1.499) (1.844)
1[Prosocial] 3.082a 3.100a 1.574 1.636

(0.570) (0.668) (1.427) (1.479)
GP score 0.002 0.002 0.018 0.016

(0.010) (0.011) (0.015) (0.015)
N (total/left-/right-censored) 612/280/23) 544/264/20) 648/248/75 576/236/61
Prob > F 0.000 0.000 0.002 0.012

Note. Estimates from double-censored tobit regressions. a/b/c indicate statistical significance at the 1%/5%/10% level.
Observations come from rounds 3-10 in M1 and M3, and from rounds 4-10 in M2 and M4. Residuals are clustered at the
group level (17 clusters in HetR, 18 clusters in HomR), standard errors are computed using the leave-one-out jackknife
procedure.
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