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Abstract

We use data from thErajectoires et Originesurvey to analyze ethnic gaps in education
and labor-market outcomes between second-generationgrants and their French
native counterpartsOur three main findings underscore the importantdamily
background in explaining lifelong ethnic inequa&ldi First, second-generation
immigrants are on average less likely to experieztigcation success than their native
counterparts, with theducation gap mainly being rooted in ethnic diffiees in family
backgrounds. Second, while second-generation inamigrhave on average a lower
probability of employment and lower wages timatives bothgaps are mainly explained
by the differences in educatiohhird, we find considerable heterogeneity acetbsic

groups.
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1. Introduction

In recent years, a number of European countries Raperienced unprecedented flows of
immigrants, mostly from Africa and the Middle Eashese recent immigration flows raise
important questions about the economic assimilasiammigrants. To what extent are OECD
countries able to absorb these flows of immigrarts@ do differences in market outcomes

depend on where the immigrants came from?

An extensive literature has attempted to providees@nswers to these questions by
examining the differences between natives and imanig in terms of employment (see, among
others, Bevelander and Nielsen, 2001, for Swedku &d Kahn, 2005, for the US; and Meurs
and Pailhé, 2010, and Aeberhardt et al. 2010agrbFifance), earnings (see, among others,
Chiswick 1978, Borjas, 1995, and Altonji and BladR99, for the US; Constant and Massey
2003, for Germany; Longva and Raaum, 2003, for Ngtvand Aeberhardt and Pouget, 2010,
and Aeberhardt et al. 2010a,b, for France) andatthumal attainment (see, among others, Card,
DiNardo and Estes, 2000, for the US; Gang and Zimmaan, 2000, and Casey and Dustmann,
2008, for German; Van Ours and Veenman, 2003 hi®MNetherlands; Algan et al., 2010, for
French, German and British evidence; Dustmann ditd, @011, for evidence from OECD

countries).

Most of this work finds that immigrants areless likely to be employedi,) earn on
average significantly less than do natives @nd perform worse at school than natives.
However the existing literature also stressesttiege ethnic gaps fall over time. For instance,
some work reveals that second-generation childezfopn better academically than the first-
generation counterparts, and as well or even bitéer natives (Rong and Grant, 1992; Kao

and Tienda, 1995; Chiswick and DebBurman, 2004aAlgt al. 2010; Dustmann et al, 2010;



and Dustmann, 2012)Empirical evidence also indicates that the youtigerlage at arrival the
better are language fluency and educational atemtr(see, for instance, Bleakly and Chin,
2010; Domingues Dos Santos and Wolff, 204 There is also strong support for the differences
in parental educational attainment between nat&ed immigrants being to an extent
reproduced in the next generation (see, amonggt@diswick, 1977, Borjas, 1993, and Card
et al. 2008, for the US; Gang and Zimmerman, 2@@0Germany; Van Ours and Veenman,
2001, for the Netherlands; and Domingues Dos SamtddVolff, 2011, for France). It has also
been shown that the socio-economic integratiommohigrants differs by ethnic groupor
instance, in France, immigrants from the Maghrdbes@rom greater unemployment than do
other ethnic groups (e.g. Meurs et al., 2006; Meund Pailhé, 2010). Other work finds that
Muslim immigrants integrate less and more slowlgntldo non-Muslims, suggesting that
Muslim immigrants face greater difficulties in atiag within their host countries than other
immigrant groups (see Bisin et al. 2008 for the & Constant et al. 2006 for Germany).
Regarding educational attainment, some US resestiolws that Asians outperform other
groups, while Hispanic students do less well comgdo Asians and non-Hispanic Whites
(Hirschman and Wong, 1986; Arias, 1986; Lee andgRrd®88). Using data on immigrants
living in France, Mitrut and Wolff (2014) find nafterence in the education of children of
Muslim and non-Muslim immigrants, but observe marthin-family inequality in children’s

educational achievements among Muslims relativetoMuslims.

! For instance, Dustmann et al (2010) find that evhilinority groups start off with lower achievementcomes
at school entry, they tend to outperform white iBhitchildren by age 16.

2 Using the British school census, Dustmann et2811Q) compare the educational outcomes of childirem

ethnic minority groups and native children from #ges of 5 up to 16. Improved English languagei@ssfcy is
the most important factor explaining why ethnic arities improve relative to their British counterfza
Furthermore, language proficiency also affectsalantegration (see Bleakly and Chin, 2010).
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We here contribute to this existing literature Bgmining both educational and labor-
market inequalities between natives and secondrgioe immigrants in France. Our

contribution to the existing literature is threefol

First, we investigate ethnic gaps over the lifeley@his contrasts with previous work
that focussed either on labor-market outcomes ocatnal attainment in isolation. We begin
by examining the determinants of educational atteimt and the ethnic education gap,
underlining the central role of family backgrouradg. parental education, family income and
family structure) as the key determinants of edooatWe then examine the determinants of
employment and wages, shedding light on the empdoyrand wage gaps between French
nativesand second-generation immigraftsmphasizing the effect of particular ethnic group
membership. Taking this sequential approach, wesasthe effects of ethnic groups through
three main channels: educational attainment, emmpdoy and wages. Possible endogeneity and
selection issues do however need to be addressedTiiere may be a potential selection bias
in the estimation of wages due to wages only bebwgrved for those in workVe control for
this selection biaasing a Heckman two-step procedure. In additiotimneses of employment
and wages may suffer from endogeneity bias astpamatory education variable may be
correlated with the error term. While previous wdrks attempted to control either for the
selection bias or the endogeneity bias, we hereusatdor both by estimating a bivariate probit
model that consists of two simultaneous equationg, for the binary outcome “failure in

education” and another for “being employed” follah®y the Mincer equation.

3 Note that, for convenience, we consider as nativeg those respondents whose parents were bothvoitin
French nationality, although from a legal pointvadw, immigrants’ descendants born in France ase Btench
natives as a result of the Frerjak solis



Second, we investigate the heterogeneity acrossrelit ethnic minority groups of
second-generation immigrants in France. This cetdgravith most previous work that has
concentrated mostly on one ethnic group only. Adicay to Chiswick (1988), there are at least
three main factors to explain why ethnic groups mndéfer in their level of educational
attainment. A first reason is that some ethnic gsomay be over-represented among lower-
class individuals (Dos Santos and Wolff, 2011).sTisi consistent with Becker (1972) and
Becker and Tomes (1986), who show that an interg¢ioeal correlation in education may
result from better-off parents being more likelyinwest in the education of their children,
ceteris paribus. Immigrants from some ethnic groupls poor social backgrounds may then
provide less human and financial capital for thecadion of their children. Second, some
communities may have a greater “taste” for schgotiman others due to cultural, religious
differences, which may lead some ethnic groupsnt@st more in the schooling of their
descendants (Chiswick, 1988, Dos Santos and WAflff1, and Fryer and Torelli, 2010, for an
empirical analysis of ethnic identities and ‘Actinyhite’). Third, members of some
communities may be (un)consciously discriminatealrag} with regard to access to schooling
and their choice of educational track (Losen anfie@; 2002; Dos Santos and Wolff, 2011).
For instance teachers may have lower expectategerding non-native students (Fryer and
Levitt, 2004). Furthermore some communities maycgrdte that the return to their investment
in education will be lower due to discriminatiorhiigh may incite them to invest less in human

capital (Altonji and Blank, 1999).

Our last contribution is the use of an originaladsét from the Frenchrajectoires et
Origines(TeO) survey that provides rich information on thmily and social background of

second-generation immigrants in France to invesigiéferences in educational and labor-

“Note that our data do not allow us to isolate tifece of each of these motives.
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market outcomes between native and other ethnigpgtolhis data set has only rarely been
used in other French work on ethnic gaps in botltation and labor-market outcomes between
second-generation immigrants. There are a numh&asbns to focus on French immigration.
First, France is traditionally considered as a tguof immigration. For instance, France was
the country with the largest share of migrants98Q after the US, and since the middle of the
1970s the share of immigrants in the populationrbasined relatively stable with about 25%
of the population having some immigration backgwudrom the first, second, and third
generation by the early 2000s (Algan et al., 2Weherhardt et al., 2010). Another important
feature of French immigration is its diversity, lvihe ethnic composition of migrants becoming
increasingly diverse over recent decades (e.g.rAlgal., 2012). French immigration is also
mostly characterized by low-skilled immigrants, ahidiffers from other countries such as
Canada, the United Kingdom or Australia (Dustmama Glitz, 2011)For instance, the living
standards of individuals with immigrant parent&rance are on average 14% lower than those
of natives; this may be potentially a source osten, as shown by the French riots that occurred
in 2005 in many poor suburbs of large cities wharmigrants were over-represented (e.g.

Lombardo and Pujol, 2011; Aeberhardt et al., 2610).

Despite these numerous reasons to investigate Hrrenmigration, the empirical
analysis of the ethnic gaps in both educationalratient and labor-market outcomes in France
is surprisingly sparse. This contrasts sharply Withvast literature on racial discrimination and
the social integration of immigrants in a numbeotbfer countries (see Altonji and Blank, 1999,
and Borjas, 1999, for surveys). One likely explamais that, up until recently, information

regarding ethnicity was not collected in Frenclveyrdata. The French egalitarian ideal, which

5 In November 2005, a wave of violence swept throtighsuburbs of a number of French cities. Facéld this
sudden rise in tension, some commentators unddrliltmg-standing integration problems, including
discrimination against minorities and the lack @ jopportunities in the suburbs that are mainlyyteed by
immigrants.



rejects any form of categorization into ethnic greuis often evoked to explain this lack of
ethnic information and the reluctance of publidhauities to provide information on ethnicity.

A few notable exceptions are the recent contrilmstiof Laine and Okba (2005), Meurs et al.
(2006), Dustmann et al. (2008), Aeberhardt and Bo(2010), Aeberhardt et al. (2010a, b),
Belzil and Poinas (2010), Algan et al. (2010), Doguies Dos Santos and Wolff (2011),

Brinbaum et al. (2012) and Akguc¢ and Ferrer (20I5)s work has shown that the educational
attainment and labor-market outcomes of immigraatigs are generally worse than those of

natives.

Brinbaum et al. (2012) also use TeO data to loaketifferences in education between
natives, second-generation immigrants, and immtgrahose education in France began at the
primary-school level. Our approach differs from ithkeas we focus on lifelong ethnic
inequalities and ask how educational differencasdiate into employment and wage gaps. In
a recent paper, Akguc and Ferrer (2015) also imyadst ethnic gaps in labor-market outcomes
using the TeO datas®gnd find that first-generation immigrants are ledacated than natives
and that there is a significant wage gap. Howeavemhere focus our attention on the comparison
between second-generation immigrants and nativeghwallows us to compare individuals

who have all gone through the French educatioresyst

Our analysis is also related to the seminal papefeberhardt and Pouget (2010) and
Aeberhardt et al(2010a). Aeberhardt and Pouget (2010) analyzeomaltiorigin wage
differentials in France, and find that these mos#flect differences in the type of jobs
individuals take up, according to their experiermgkground and educatiétising data from
the “Formation Qualification Professionnellsurvey, Aeberhardt et al. (2010a) investigate the

wage and employment gaps between French natived-@mth workers with at least one

6 We only became aware of this contribution aftartsig to write our paper.
" A similar empirical analysis offmploi en Contintidata confirms these findings (see Aeberhardt.e2@10b.
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African parent. They conclude that the unexplaipedion of the employment decomposition
is much larger than that of the wage decompositiabor-market discrimination in France is
found to be more frequent at the hiring stage thagarnings. Our paper is also related to that
of Belzil and Poinas (2010), who estimate a dynamadel of schooling choices and early
access to permanent employment contracts in Frdgiag data from the “Generation 98”
survey, Belzil and Poinas (2010) investigate th#edknces between second-generation
immigrants and their French-native counterpart®ims of access to permanent employment
contracts. Education is found to be the main dateant of permanent-employment
differentials. After controlling for education amdher observed characteristics, ethnic origin
explains less than 6% of this employment gap. Haneawa contrast to Belzil and Poinas (2010)
who only consider permanent employment contracteerearly career, we heaésofocus on

the determinants of wages.

This existing work has controlled either for thelegeneity of education or for sample
selection (Sloane et al. 1999; Aeberhardt et 8102, b; and Akgu¢ and Ferrer, 2015). We are
different as we investigate the ethnic gaps ovetife cycle and attempt to account for both
selection and endogeneity bias&¥e also investigate differences across various sub-
populations of second-generation immigrants (Néfiican, Sub-Saharan African, Turkish,
Asian, Eastern European, Northern European anch8ouEuropean), while most of the above
work has concentrated on one ethnic group onlyifstance Aeberhardt et al. (2010) consider

second-generation African immigrants compared eméhn natives.

We will below show thati) second-generation immigrants are on averagdikedg to
experience education success than their Frenchenadunterparts, and that this education gap
seems to be mainly rooted in ethnic differencefamily backgroundsii) second-generation
immigrants are on average less likely to be empmloged receive lower wages than French

natives;iii) a large part of the labor-market differences leetmvFrench natives and second-
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generation immigrants can be attributed to diffeesnin education; and) there is considerable
heterogeneity between ethnic groups both in terfnreslocational attainment and labor-market

outcomes, which is also mainly driven by differengesocial and familial background.

The remainder of the paper is organized as foll@&estion 2 presents the TeO survey
and our sub-sample analysis, and Section 3 thesept® our main findings. Last, Section 4

discusses and concludes.

2. The dataset and methodology

2.1. Presentation of the data set

We use the data set TeDrajectoires et Origines: Enquéte sur la diversdés
populations de Frange collected jointly by INED Ifistitut National des FEtudes
Démographiquésand INSEE Ipstitut National de la Statistique et des Etudesrtomiques
between 2008 and 2009. This is a unique Frencheguon ethnicity. It provides rich
information on a variety of socio-demographic andig-economic variables for individuals
belonging to different groups of the French popafatwvho differ in their origins, as well as
information on their family members. It covers Fekmespondents (those whose parents were
born French: natives), descendants of immigranecofsd-generation immigrants), and
immigrants (first-generation immigrants) from a ety of origins. The survey contains
additional information about migratory history, atfé family and social context during both
childhood and adulthood. TeO also provides valuablermation on current educational
attainment, labor-force participation and earnifigee variables can be broadly organized into

three main groups: family and social backgroundgpis’ statuses and education, siblings, and
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marital life);® socio-economic outcomes (education, employmeunthaasing); and migratory

history and ethnic belonging (ties to the home tgumeligion, languages, and ethnic identity).

9

2.2. Sample procedur e representativeness and non-responses

The survey includes 21,761 observations on eithemdh-born natives, first-generation
immigrants (born abroad and arrived in France @espoint in their life) and second-generation
immigrants (born in France, but who have at least foreign-born parent). The immigrant
population is overrepresented in the database anghtg are used throughout the analysis to
produce nationally-representative estimates. Tineegus carried out over a two-year period,
but individuals are interviewed only once. Thisherefore not panel data. Following previous
work, we focus our attention on French natives sexbnd-generation immigrants. Including
first-generation immigrants is potentially probldroas it does not allow fareteris paribus
comparisons across groups, given that the firseigion in general did not go through the
French education system. We also drop studentsetived and the self-employed from the

data analysi&® Finally we drop individuals with missing values foages or labor-force status.

8 Note that we have to be careful in interpretingrtiie of parents’ education as the diplomas of native parents
are not always comparable to those of French nptivents. Ideally, one way to control for suchetiéihces would

be to consider third-generation immigrants. Unfoately this information was not available in théati@se.

9 We acknowledge that the answers given by partitiptm retrospective questions may not be reliabhés
guestion of the reliability of self-reported schiaglis a general issue in the literature. Resegesterally finds
the reliability of self-reported education to be@ab90% (Miller et al. 1995; Ashenfelter and Rouk#98; Angrist
and Krueger, 1991). For instance Angrist and Krugd®91) conclude that the reliability of self-refsul
schooling is 85-90 percent. Griliches (1977) noles measurement errors in schooling would leadbtenward
bias in the OLS estimates of the returns to schgolHowever, this bias may be partially offset byassible
upward ability bias (Card, 2001).

10 We exclude the self-employed as we cannot intredbem in our two-step Heckman procedure to measure
wage discrimination. By definition, the self-empdalyare their “own boss” and have no reason to idigtate
against themselves in terms of wages. However vs@graze that some individuals may choose self-eympémnt
because they are discriminated against by emplolengertheless, in our dataset it seems thatghist the case
since we find no significant differences in selffdayment rates between natives and second-generatio
immigrants. The self-employed represent 6.24% obdsd-generation immigrants and 6.57% of nativesirilar
concern regards discouraged workers who are naidered here. Although we can identify them inghevey,
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Our final sample comprises 7939 individuals inchgdi2737 natives and 5202 second-
generation immigrants. To investigate the differences across ethnic ggpwe separate our
final sample of second-generation immigrants irdges subgroups: North African (1422),
Sub-Saharan African (481), Turkish (248), Asianl(2%outhern European (2147), Northern
European (351) and Eastern European (26@Jhen both parents are immigrants, but from two

different areas, we retain the father’s origin.

2.3. Econometric models, methodology and variables of interest

Our econometric models investigate the determinaits educational attainment
(captured by either the highest diploma obtainedschooling failure/success), ang
employment andii) hourly wages for both second-generation immigrarid their French

native counterparts.

We first present the determinants of educatiortairanent, and then those of employment. In
a third step, after having investigated the etlemployment gap, we turn to the ethnic wage
gap using Mincer wage equations (Mincer, 1974) fiWgeestimate each labor-market outcome
in isolation, and then account for selection. Selection into work will potentially bias the
estimation of wage equations. We control for thia @ two-step Heckman procedure
(Heckman, 1979). To identify the model we requiedestion variables that affect the

probability of employment but not wages directlye\Wse standard instruments suchnasital

they are not included in our analysis due to tHgestive aspect of their status. Furthermore, vy represent
1.52% of the second-generation and 5.76% of thgenatactive population.

11 Following the French Republican egalitarian pritejpmigrants’ children are not usually visible iational
statistics. This was dealt with in the TeO survggitnss-checking with the 2007 French census aral tegisters
to identify first-generation immigrants’ childrem (particular from birth certificates).

12 \We define the European sub-groups as follows: f&sntEurope comprises ltaly (36.46% of this sulug)p
Portugal (32.67%), Spain (30.19%) and Greece (0)6R#rthern Europe Germany (43.02%), Belgium (320643
United Kingdom (9.40%), Netherlands (3.42%), Irela(8.42%), Austria (3.13%), Luxembourg (2.28%),
Denmark (1.71%) and Sweden (1.14%); Eastern Ewopiins the remainder of the European continertioSd-
generation immigrants from America, Oceania anddiéidEast countries are dropped due to small cadksi
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status (single man, single woman, working or nomking spouse) and the presence of at least
one child(Aeberhardt et al., 2010a) that affect the probigbaf employment but not earnings.
Finally, the fourth step attempts to account fathlibe selection and endogeneity biases at the
same time. We may also have endogeneity bias a®thedation between education and labor-
market outcomes (employment, earnings) may difl@mfthe true causal effect of education.
For instance, the education variable in the Mingage equation may be correlated with the
error term, which will lead to an endogeneity pesbl A number of authors have pointed out
that the earnings differential may also reflectadéntial ability between groups: individuals
with higher wages may also have a comparative adgarin schooling? Failure to control for
this correlation may yield an upward-biased estamatt the effect of education on labor
outcomes (Card, 2001). The most widely-used metbhastimate the true return to schooling
when ability is not observed is instrumental vdeal(IV) (see Card, 2001 for an extensive
review of IV estimates of the return to schoolitg)We control for both selection and
endogeneity biases by estimating a bivariate pnoloitiel that consists of two simultaneous
equations, one for the binary outcome “failuredn@ation” and another for “being employed”.
Estimation by maximum likelihood yields the Inverddls ratio that is then included in the

wage equations (Cutillo and Di Pietro, 2005; Jaas Sari, 2015).

13 This assumption is known as the signaling or séreghypothesis (Arrow, 1973; Spence, 1974). Fetaince,
suppose that some individuals with low unobsendgtity receive lower earnings. If these individuale more
likely to be undereducated, the error in the irdlinl’'s occupational selection process will be datesl with the
error term in the wage equation. There is thus gedeity bias in the relationship between schodding earnings,
as ability is not taken into account and is therefmcluded in the error term. Ideally, we shoutthtrol for
individual ability in the estimates. Unfortunateiy,most cases we cannot observe this.

1V can suffer from a number of drawbacks. First,dstimates may be relatively imprecise, makingfftodlt
to establish the size of the ability bias in OL8meates (see Card, 2001 for a discussion of thistpdn the words
of Card (2001), “no individual study is likely teehlecisive in the debate over the magnitude oftgluiases in
OLS estimates of the return to schooling” (p. 1137$econd limitation is the restrictive conditioms the choice
of the instrument, which should significantly pretdeducation but not be correlated with any otheexdninants
of the dependent variable such as ability for imsta(the exclusion restriction).

13



3. Results

We here first evaluate the determinants of the a&slue outcomes of different ethnic groups
(Section 3.1), then the ethnic gap in both emplaymaed wages with an attempt to control for

potential selection big$ection 3.2), and last the endogeneity of educatid®ection 3.3.
3.1. The deter minants of the education outcomes of different ethnic groups.
We first present some summary statistics and therducation regressions.
3.1.1. Summary statistics

Table 1 describes the distribution of the respotigemghest qualificatio® Second-
generation immigrants are more likely to leave sthathout any qualifications and conversely
are less likely to have a university degree. Howesehooling performance varies by ethnic
origin. Those of Turkish origin have the worst pemiance, as the fraction with no
gualifications is almost twice that of natives;\ttage also the most likely to have a vocational
gualification. On the contrary, immigrants of Asianigin are the least likely not to have
gualifications, and outperform immigrants of otleeigins and natives in terms of having a
university qualificationThis is consistent with previous work finding thians outperform
other groups in terms of education (Hirschman arahyly 1986; Arias, 1986; Lee and Rong,

1988).
[Table 1: about here]
3.1.2. The Deter minants of Educational Attainment

Table 2 shows the education regression resulteniists of two panels: the left panel refers

to the ordered probit estimation of highest quedifion, and the right panel (which we will

% These figures should be interpreted with cautiooesithe age structure varies widely between etjnaiaps.
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discuss later) probit estimation of schooling feeluNithin each panel, the first column controls
only for demographic variables such as ethnic nrigender and age, while the second column
adds a number of variables related to parentaldrackd We use ordered probits here as
educationSis an ordered categorical variable as follows: @ttucation’ §=0), ‘Junior high
school' &=1), ‘Vocational studies’ $2), ‘High school’ &=3), ‘College’ &4) and
‘University’ (S=5). We assume a continuous latent varigbjecorresponding to the discrete

educational attainment of individuabelonging to ethnic group
5= Bo+ B1 Xy + Pawj + vi. (1)

Given the various categories, we suppose $hat p¢; whenS=0, y; < S* < u, whenS=1,
Uy < S* < us; when S=2, ... angs < §* whenS=5. The differenu parameters correspond to
a set of thresholds which are estimated jointhhwiite coefficients, witlu, being normalized
to zero. Whery is normally distributed, the corresponding modeh istandard ordered probit.

The w; variables are fixed effects for each ethnic grpupith French natives as the omitted

category @grance = 0). The error termy; is assumed to be normally distributed with
parameters (@,). The vectorX; includes the characteristics that are thought ffect
education:demographic variables such as gender, age andgagees,as well as family-
background variables (parents’ education and sao@health difficulties) and family structure

(number of siblings, being the only child, rank amgaiblings, being in a single-parent family).

Regarding family background, a great deal of wods Ishown that family income is an
important determinant of child school success (e and Wolfe, 1995; Plug and

Vijverberg, 2005):° Children from poor families have greater diffiquiin pursuing their

16 Recently, economists have shown that the posiélaionship between parental income and childrect®ol
outcomes may be biased if parental ability is igdoiPlug and Vijverberg (2005) note however that ias may
be overestimated. They appeal to a sample of adaiiédren, which produces genetically-unbiasedreses,
and find that family income still plays a signifidaole.
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education as their parents face credit constrairgaying for their children’s education. As our
data do not contain information on parental income,use the occupation of both the father
and the mother during the individual’'s childhood gmioxy for the household’s financial
situation. Beyond these financial aspecgsarental educatiormay also be an important
determinant of educational attainment in its owghtj suggesting an intergenerational
correlation in education. This correlation may eeflthe genetic transmission of ability to
children, or that of informal human capital andfgrences. It can reasonably be argued that
highly-educated parents will place a greater valneeducation, and may therefore be more
likely to encourage their children to pursue furteducation. Furthermore, educated parents
may also help their children with their schoolwdekg. by having books around the house)
which may reduce the cost of acquiring educatiee fer instance Ermisch and Francesconi,
2001). We also include variables related to parental $auia health difficulties, such as
parents’ problems relating to alcohol, violencemmmey. Last, we account for family structure
by including variables related to the number ofisgs, being the only child, the rank among
siblings, and being in a single-parent family. Tbée of siblings is ambiguous since well-
educated older siblings may produce positive eglé@res for younger children, whereas having
more brothers or sisters might also discourageataurcthrough the scarcity of resources (both
money and time) in larger families (e.g. Blundelak, 1997). Furthermore, some research has
shown that being in a single-parent family durihgdhood has a negative effect on education
(e.g. Haveman and Wolfe, 1995jollowing Belzil and Poinas (2010), we use the bgjh
gualificationas the attainment variable (to be estimated viardered probit); we also estimate

the probability of schooling failure (defined asaumlifications)’

7 Following most existing work, we use ordered probodels to estimate the highest grade attaingd Dreze
and Kingdon, 2001). A possible limitation of thigpaioach is that the errors are supposed to be hmmdastic,
which does not sit comfortably with the possibildf heterogeneous responses that depend on unabkesy
Alternatively, we could run a multinomial choice d&b over the six education levels. However, suckdel®are
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[Table 2: about here]

Column (1) shows that women have better educatiicomes than do men. This is
consistent with previous research on the gendeirgaeducation (see, for instance, Siahaan et
al., 2014). Furthermore, our findings indicate thatsimmon-native groups have worse average
performance than natives. However, there are cereddtk differences across ethnic groups.
For instance, individuals from Sub-Saharan Afridesia and Eastern Europe are not
significantly different from French natives. Howeyéhose from North Africa, Southern
Europe and Turkey have significantly worse educatiotcomes. These results echo those in
existing work. For instance, using the French datalfPassage to Retirement of Immigrants”,
Attias-Donfut and Wolff (2009) find large differees across ethnic groups, with those of
Turkish origin performing worse than other ethmowps. This is found to come from the worse
performance of girls. Introducing a Turkish grouphgler interaction in our analysis confirms
that Turkish girls perform worse (results availahlpon request). Ethnographic and
sociological research on Turkish immigrants in Eehas explained this gender difference in
educational attainment by (i) Turkish families famg endogamous marriages, which often
lead girls to leave school, and (ii) families hayimmbivalent attitudes towards education, as
this is seen as a way of escaping from religiolsesa(see the references in Attias-Donfut and

Wolff, 2009, and Domingues Dos Santos and Wolff,20

The findings in column (2) are rather differenttéfcontrolling for family background, we no
longer find a negative effect of origin on educatiwith second-generation immigrants being

more likely thanFrench natives to have better education outcoriveEsst ethnic-origin

computationally more complex and require the llAgerty, which is not necessarily the case. We coenpar
ordered-probit findings to those from a simple proim “schooling success/failure”. We also run Olb&jered
logit and logit models (available upon requestesthproduce very similar findings.
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coefficients are now significantly positive (excdpt Turkish and Eastern European origins,
which are no different to French natives). Thigagisistent with existing work. For instance
Brinbaum et al. (2012) also find that ethnic origio longer predicts schooling failure after
controlling for family background. In US data (tb@40 and 1970 Censuses, and the 1994-1996
Current Population Surveys), Card et al. (2000mshtimat after controlling for a number of
variables, second-generation immigrants are onageemore educated than the children of
comparable US-born parents. Dustmann et al. (2818)find, in the context of a comparative
analysis, that the test-score gap between childr@m to immigrants and natives falls
substantially in most countries when controls fargmtal characteristics, school and peer

quality, and the language spoken at school aredoted.

Our estimation of the determinants of schoolingufai, as shown in the right panel of Table 2
(columns (3) and (4)), produces similar resultee ©hly exceptions are that the coefficients on
Asian and Southern European origin are no longgrifstant in column (4), so that children

from these ethnic groups perform as well as nafivésrms of schooling failure.

Childhood environment thus seems to be a key datanhof education. Parental education
and family income are strongly correlated with drelducation, and having a single parent is
associated with worse education outcomes. The inegatpact of the number of siblings on
education may reveal that families with more sidpitnave fewer available resources per child.
Last, in line with the results of Goux and Maurin (2008)separate room for homework is
positively associated with education outcomes. This be seen as additional evidence on the

importance of educational resources.

These findings then underline the importance offéingily and social background. We
may then wonder whether the ethnic differencesaataally picking up family and social

background. We might conjecture that (some) migdmidren have less favorable family
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backgrounds than do natives, or that family backgdomatters more for migrant children than
for natives. We hence run a number of regressiatis mteractions between respondents’
ethnic origin and family and social background (twemof siblings, separate room, family
structure and parental education). In these reigres$the results of which are available upon
request) none of these interaction variables dtsamificant and robust (to specification
changes) estimated coefficients, suggesting tmailfdbackground has a similar effect across
ethnic groups. The size, structure and resourceleofamily are then equally important in
determining the education outcomes of all ethniougs. We also check whether second-
generation immigrants actually do have less faver&mily and social backgrounds: Table 3
shows that this is the case, which may explain @thypic-origin groups have worse educational
outcomes than do French natives. Ndkthican, Southern European and Turkish parents are
less educated than are French parents. Segemeration immigrants with North African, Sub-
Saharan AfricanEastern Europand Turkish parentslso have fewer opportunities to do their
homework in a separate room. Notably, the numbeEadtern-European children with a
separate room is almost 30 percentage points lthaartheir French counterparts. For the three
other ethnic groups, the difference is at leasteBgntage points. Sub-Saharan and North
African (respectively Asian and Turkish) second-@mation immigrants live in families with
on average two (0.8) siblings more than FrenchlfesmiTable 3 also shows that Sub-Saharan,
Southern and Eastern European origin respondents bveught up less frequently by both
parents in a couple. In particular, the percentig8ub-Saharan individuals reared by both
parents in a couple is 14.6 points lower than tgaré for French natives. This may be a
significant cause of the worse performance of Sabagans, as the probability of schooling
failure is 10.3% higher when the child is broughpthy their mother only (see column 4 in
Table 2). Last, Northern-European immigrants are significantly different from French

natives, except that their parents were more aftencouple relationship.
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[Table 3: about here]

We provide further evidence on the ethnic educagjap, and check whethaatives and
ethnic groups with comparable characteristics guaky likely to succeed in schoolinga a
Blinder-Oaxaca decomposition (Oaxaca, 1973, Blinde974) extended tanon-linear
regressions orschooling failure/succestee for instancéBauer and Sinning, 2008, and
Aeberhardt et al., 2010a, for this decompositionan-linear models, and Chaudhuri and Roy,
2009, for the use of this decomposition in the esnbf schooling}? The main attraction of
the method in Aeberhardt et al. (2010a) is thdbés not involve the estimation of coefficients
for the minority groups, and as there are relayiiew observations on immigrant-origin
groups, separate regressions may yield inaccustimated coefficientsWe decompose the
gross ethnic difference in schooling failure/susdeso a component explained by the different
characteristics of natives and a particular etlgneup and an unexplained component. The
unexplained component is conventionally regardethe literature as the extent of ethnic
discrimination (Oaxaca, 1973, Blinder, 1974). Hoeewn the context of education, it is
probably better to use the term differential treattrrather than discrimination. A number of
factors may appear in the unexplained component, atloof which necessarily reflect
discrimination. Among these factors, parents mdyesaducation differently by ethnic group
(Chiswick, 1988; Dos Santos and Wolff, 2011). Tasidual gap may also result from lower
expectations on the part of parents or teacherartbwon-native students, due to anticipated
labor-market discrimination against non-nativeg/éfrand Levitt, 2004). Finally, the residual
gap may indeed reflect discriminatory treatmenter€his now a growing literature on

discriminatory behavior in education, evaluating tmpact of teachers’ behavior on the gap

18 For computational reasons we consider here sehgpédilure/success rather than education attainment
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between natives and ethnic groups. For instance,(B&05) provides evidence of taste-based
discrimination, noting that the student’s odds ehig seen as inattentive increases significantly
by at least 33 percent when the teacher is not ffmrsame ethnic group. In the same vein,
Ouazad (2014) underlines that teachers give batisessments to pupils of their own ethnic

group?®
The decomposition of the educational gap betweetivaza and second-generation
immigrants from group is given by:
Fij = 11~“i*j>o (2)
F; = Gj.a+ w; +uy (3)

whereF;; is the schooling-failure probability associatedhathe latent variabldy;, G;; is a
vector of the observable determinants of educatmtt@nment, and; is a group fixed effect.

The error termy;; is assumed be normally distributed with paramé&ds. The probability of

schooling failure is:
Prob(F;; = 1) = Prob(F}; > 0) = Prob(u;; > —(Gyj. a + w))) = ®(Gyj. a + w)) (4)
where®d(.) is the standard normal cumulative distributionciion.

Decomposition methods allow us to split the schapfailure gap between two groups into
a part resulting from differences in observablerabiristics such as demographics or family
background and a residual part. The decomposifitreschooling-failure gap between natives

and second-generation immigrants from grpiggiven by:

P These results suggest that the ethnicity of battehcher and the pupil seems to matlefortunately the TeO
survey does not include data on teacher charatitsrislowever one may reasonably assume that tharityaof
teachers belong to the native group.
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E[Fif] - E[Fij] = ch[E(Fif|Gi)] - EGj[E(FiflGi)]

Explained part

+ Eg, [E(Fir|G)] —Eg, [E(F;;|G)] (5)

Residual gap

The explained part consists of the difference betwierench natives’ schooling failure and
that of second-generation immigrants from grguwwhen both groups have similar returns to
characteristics. This part of the educational gmpllts from differences in characteristics only.
On the other hand, the residual gap consists gbdnieof the schooling gap that is attributed to

differences in the return to characteristics.

Following Aeberhardt et al. (2010a,b), we use seaxgrhpirical counterparts to carry out this

decompositiorf?
1 a.s
N_fZief F,— EGf[E(FiflGi)] (6)
1 a.s
N_jZiej Fi — Eg, [E(Fij|Gi)] (7)
1 a.s
v, Zies ®(Giap) = Eg |ECFiy| 6] ®)

Equations (6) and (7) are the simple arithmetica&ns of schooling failure levels in groups
f andj. Equation(8) requires thealculation of the coefficients; in a previous regression on
the French native population only, and their agpian to second-generation immigrants from
groupj. Although this method does not produce an exambm@osition, it has been shown to

yield more precise estimates than the usual appr@seberhardt et al., 2010a,b).

20 Note that they first use this method to decomplbsesthnic employment gap, and that we will also do
so in Section 3.2.2 below.
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Table 4 shows the results of these educationadgapmpositions between French natives
and second-generation immigrants. The procedwaepbed both with and without controls for
family background in order to assess the impactsamooling failure. We use the same

covariates as in regressions (3) and (4) in Tapépart for the ethnic-group dummies.
[Table 4: about here]

With no controls for family background, the explkdipart of the educational gap is negative
and the unexplained component is higher than tta ¢alucational gap for all ethnic groups
(except for Asians and Eastern Europeans). Thadenable unexplained component indicates
the presence of differential treatment for thedeiet groups as compared to natives. The
negative explained component shows that the saipsliccess of these ethnic groups should
be higher due to their better characteristics. Eastern Europeans, the educational gap is
explained by both different characteristics (42%l aifferential treatment (58%). Northern
Europeans succeed more than natives, which doeseeot to be explained by their better
characteristics but rather by differential treatmartheir favor, as shown by the unexplained

component that is higher than the total educatigapl

When controlling for family background, the unexpéd part of the educational gap falls for
all ethnic groups, indicating that the family baakgnd is a major determinant of ethnic
differences in schooling failure/success. For Easteuropeans, the residual gap almost
disappears, and for North and Sub-Saharan Africdéims, predicted gap attributed to
characteristics when controlling for family backgnol becomes positive and is larger than the
observed gap. This implies that their return tartblearacteristics is greater than that of natives.
For Turkish and Southern Europeans, the residyedadis but still remains positive, suggesting

the persistence of differential treatment for thetic groups. Finally, Table 4 indicates that
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Northern Europeans continue to succeed signifigantire than natives, after controlling for

family background. However this difference remamsstly unexplained.

3.2. Thedeterminants of labor-market outcomes

We now go one step further and consider the etigaig in labor-market outcomes
(employment and wages). After presenting some sumratatistics, we investigate the
determinants of both employment and wages. We dgttnate employment regressions and
appeal to the methods popularized by Oaxaca (18@8)Blinder (1973) to decompose the
employment gap into a structural part resultingrfrdifferences in observable characteristics
and a residual part resulting from differenceshia teturn to these same characteristics. We
then consider the difference in wages across egroigps. Following Aeberhardt et al. (2010a),
we correct for potential selection bias, as wagesoaly observed for the employed. This

correction is effectedia a two-step Heckman procedure.
3.2.1. Summary statistics

Table 5 presents the descriptive statistics reggrdmployment and hourly wages between
ethnic groups in our samplEhere are considerable employment and wage diitesebhetween
second-generation immigrants and French nativesldo between immigrant groups. Second-
generation immigrants with North-African, Sub-SatmaAfrican or Turkish parents are less
likely to be in employment than are natives ancinex lower wages on averagfeSouthern-
European immigrant descendants have a lower (btutsmmificantly so) probability of

employment but earn on average higher wages. ReatlgrkNorthern-European immigrant

2! For instance, when considering North Africans, wrarn the lowest wages, the average monthly wage
differential amounts to 261 Euros.
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descendants perform better than French nativessamstof both employment and wages. Last,
Table 5 reveals that the children of Asian parsnfter less from lower employment than do

some other immigrant-origin groups.

[Tables 5 and 6: about here]

Table 6 provides additional information on the éthmage gap, and reveals considerable
heterogeneity across ethnic groups. For North aunid-Saharan Africans, the wage gap
increases with both the level of diploma and thkirag in the occupation (from the lowest- to
the highest paid professions). For Turkish, Asiad &outhern Europeans, the wage gap is
significant only for the highest-paid occupationsl@r for those who have a high qualification.
Northern Europeans receive a wage premium, bus#ems to be the case only for employees
and workers. As a whole, this Table also shows Wage inequalities mainly arise in high-
skilled occupations, whereas they are lower fos-Eslled jobs. One possible explanation
evoked in the literature is the potential impactohimum wage legislation on the reduction
of wage and earnings inequalities (see the empaitysis of Aeberhardt, Givord and Marbot,

2012).

3.2.2. Thedeterminants of the ethnic employment gap

To provide more formal evidence of an ethnic emplegnt gap, we run employment

regressions. Let the employment function for indiirli in ethnic group be given by

Lij = 1L’lf]->o (9)

22\Weighted hourly wage means are compared viast.tMée use the Rao and Scott (1984) second-orderation
of the Pearson?test to analyze employment differences. We hensider the 10% significance threshold.
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where L;; is a dummy variable corresponding to employmeéiy,is the associated latent
variable,H;; is a vector of the determinants of employment, @ands a group fixed effect.

The error terme;; is assumed to follow a normal distribution withrgraeters (0,1). The

probability of employment is:
Prob(L;; = 1) = Prob(L; > 0) = Prob(&;; > —(Hij.a + w))) = ®(Hij.a + wp)  (11)
where®(.) is the standard normal cumulative distributionchion.

Table 7 shows the results from weigtfegrobit estimations of employment. To
emphasize the role of education in ethnic employtrgeps, we run estimates with and without

the education variables.
[Table 7: about here]

Column (1) of Table 7 shows the estimated coeflitsevithout controls for education.
Columns (2) and (3) report similar estimates witloatrol for schooling failure and educational
degree respectively. We include a number of indiglccharacteristics and variables reflecting
familial structure. Column (1) shows that Northisém, Sub-Saharan African and Turkish have
a significantly lower probability of employment thao natives. In sharp contrast, Northern-
European descendants perform significantly betian tlo French natives, with an employment
probability that is 8 percentage points higher. Trtsgnificant coefficients on the Asian and
Southern- or Eastern-European variables reflecemployment difference between these
groups and French natives. Controlling for educatiqualification in column (3) renders the

coefficients on the Turkish variable insignificanthe employment-probability gap for

23 We use the pweight command in Statal0 to inclueiglws in our models.
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individuals of North-African origin rather than Feh origin drops from 7.91 to 5.99
percentage points in column (3). The results inlddkthus show that the ethnic employment

gap falls significantly when we control for educati

We provide further evidence on the ethnic employngap via the decomposition method
for non-linear estimates previously presented in Section 3.&iven equation (11), the
employment gap between natives and second-generatimigrants from group can be
decomposed as:

E[Lif] - E[Lij] = Ep, [E(Lilei)] — Ey; [E(Lif|Hi)]

Explained part

+Ey [E(Lif|H)] —Ey, [E(Lij |H)] (12)

Residual gap

Implementing empirical counterparts (AeberhardileP010a,b) yields

1 a.s i

N_fZief Li— Ey, [E(Lif|Hl)] (13)
1 a.s i

v, Zie Li = Ey [ELy | HD] (14)

the simple arithmetic means of employment levelgroupsf (13) and (14), and

1 a.s )

v, Ziej ®(Hi.a) = Eyy [E(Lig|HD)] (15)

the expected employment probability of second-gier immigrants were their

characteristics to be treated in the same wayasetof natives on the labor market.
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Table 8 shows the decomposition resulise procedure is applied both with (right panel)
and without (left panel) controlling for educatiaa evaluate the effect of the latter on

employment accesé.
[Table 8: about here]

Without controlling for education, there is a calesable residual employment gap for
second-generation immigrants from North Africa, Sdharan Africa, Eastern Europe and
Turkey. Controlling for education sharply redudais gap: education is a major determinant of
ethnic employment differences. There nonethelassires a substantial residual gap that may
reflect, amongst many other phenomena, the existehdiscrimination (Section 4 proposes

non-discrimination explanations of this residugb)ga

3.2.3. Wageddifferentials between ethnic groups correcting for selection bias

Having considered the ethnic employment gap, we manu to the ethnic wage

counterpart using a Mincer wage equation (Mincér,4) as follows:
logw(; =By + B1 Xij + Bow; + B3S;; + wyj (16)

Here the dependent varialilegw;; is the log hourly wage of individuain ethnic group, X;;

is a vector of the determinants of market wa@gs,orresponds to years of schooling ard
are a set of ethnic-group dummies. We can alsmati this Mincer equation replacing the
continuous education variable by a dummy for sangdhilure or a series of dummy variables

corresponding to discrete educational levels (Peagoulos and Patrinos, 2002).

24We use the same covariates as in Table 5, apattdathnic group dummies.

25 A number of authors suggest that using dummies redyce measurement error as the errors in reported
schooling are probably mean regressive (see Ca#®,fbr a discussion; also Kane et al, 1997, aagdtrgopoulos
and Patrinos, 2004).
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The Mincer wage equations can be estimated using. Glowever the estimates may suffer
from potential selection bias, as wages are ongeoked for those in employment, who may
have different (un)observable characteristics ®uhemployedFollowing Aeberhardt et al.
(2010a,b), we control for selectionsing the Heckman two-step procedtftelet the

employment function for individualin ethnic group be

where H;; includes some of the characteristicsXf} plus a set of instruments for being

employed. For the model to be identified, we reguwelection variables that affect the
probability of employment, but not wages direcilye use standard instrumentseperhardt
et al., 2010a) such as marital status (single siagle woman, working or non-working spouse)

and the presence of at least one child.

Any correlatiorp between the error terms of our two equations thtoes potential bias.

We estimate the wage equation for the employedghwisi expressed as

_ ¢Hjatwj)
Y P(Hjj.a+wj)

(20)

whereg(.) is the standard normal density distribution fumetid(. ) the standard cumulative
normal distribution and,;; the inverse Mills ratio. We can thus test for stt& bias p # 0)

and correct for it.

26 We appeal to maximum-likelihood estimators, whach known to be more efficient than the originabistep
procedure (Puhani, 2000).
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Table 9 reports wage-equation estimates using tifereht econometric methods: the
right panel (models 1-4) shows simple weighted @&§ression results, while the left panel
(models 5-6) controls for selection bias. In colu(h age has a positive (but non-linear, as
shown by the negative age-squared coefficient)cefbm wages. The negative and highly
significant coefficients on “North-African” and “®uSaharan African” origin in column (1)
indicate a significant ethnic wage gap. Consistétit previous work, we also see a significant

gender gap in wages.
[Table 9: about here]

Unsurprisingly, models (2) and (3) show that edoceis an important determinant of
wages. Controlling for educational qualificatiomliamn 3), the ethnic wage gap persists but is
less significant and smaller in size. Turkish arigttracts a positive coefficient in column (3)
when controlling for education, and Asian and Eeapsecond-generation immigrants have

similar wages to French natives.

Columns (4)-(6) are analogous to columns (1)-(3)doutrol for selection bia® The
“Sub-Saharan African” variable is no longer sigrafit here, while the “North-African” origin
variable is less significant in column (4) tharcalumn (1) (and after controlling for education
in columns (5) and (6) becomes insignificant). lRa urkish second-generation immigrants

benefit from a wage premium relative to nativesratontrolling for education.

27 Controlling for occupation allows us to capturey atcupational particularity; however, it may letdan
underestimate of discrimination if access to cartaicupations is itself discriminatory.

28 That the inverse Mills ratio is insignificant inme estimates does not necessarily imply that ikere selection
bias within each ethnic group. This is due to thledion bias being different in both extent antlurebetween
natives and second-generation immigrants. Whenuweaagressions for each subgroup, we obtain a itie

that is significantly positive for natives and siggantly negative for second-generation immigramtlich is why
we observe an insignificant Mills ratio in the whedlample estimation.
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Overall, these results show that, with the exceptibthose of Turkish origin, ethnic
wage gaps completely disappear after controllimgpbtith selection bias and education. These
findings add to the previous results of Aeberhadial. (2010a,b) and shed light on the

heterogeneity between different immigrant types.

We further investigate the ethnic wage gap viadeomposition method in Aeberhardt
et al. (2010aj° This counterfactual approach, inspired by standacbmposition techniques
(Oaxaca, 1973; Blinder, 1973), only requires th@aregtion of wages for French natives. We
use two simple counterfactuals to decompose thes\gag between French nativiesnd the

second-generation groyip

P v [ ®WH@p) 5 ~ A PH@p)

Wj — ZLEJ (Z—itb(Hi.af)) (Xl.ﬁf + Pf. O-f.q)(Hi.af)) (21)
. Li A ~ A PWHiAf)

W = Ve (z_L) (Xi. Br + Py 05 (Hi_af) (22)

The first counterfactual; corresponds to the average wage that an indivitiaad

groupj could earn were he to be selected and paid isdime way as those in the French native

group. The second counterfactudl” represents the average wage that an employed diodilvi

from groupj could expect were he to be paid in the same wé&yersch natives.

2% Despite the advantages of the Blinder-Oaxaca apprdhis method may have some limitations. We themk
anonymous referee for this helpful remark. A fissthat the wage gap is estimated around the malaie vf the
total population and thus provides no informatidrow the distribution of earnings differences (elgnkins,
1994). A second is that the relationship betweearastteristics and earnings is not necessarily flirfeay.
Heckman, Lochner and Todd, 2003). Another is thatdy under-estimate labor-market discriminationnioy
taking into account feedback effects from labordeadiscrimination on individual characteristic®aikaca 1973,
p.708): some individual characteristics such asdwapital may themselves reflect discriminatiomx&xra,
1973, Grimshaw et al. 2002). Individuals may alseest less in human capital if they anticipate loveturns,
which themselves show current discrimination (Ghians et al. 2002). Discrimination may also be bldrby
omitted-variable bias, making it difficult to idéfyt accurately. Finally, the Blinder-Oaxaca appfoatoes not
restrict the comparison to comparable individualsich likely upwardly biases the unexplained pafjedence
estimate (e.g. Barsky et. al. 2002).

31



The decomposition of the wage gap between Frentles&and the second-generation

groupj is then written as follows

Explained part Selectivity Residual gap

Table 10 presents the ethnic wage gap decompos#guits. The wage gap is expressed
here as the difference in the log hourly wage betwierench natives and second-generation
immigrants. As noted above, we decompose these igépsthree components. The first
corresponds to the proportion explained by the meskecharacteristics of the two groups, the
second the differences between the two groupsmnstef selection, and the third the residual
gap,i.e. the proportion of the gap which is explained reithy observed characteristics nor by
selection. The table shows each component as &mage of the initial raw gap. Again,
controlling for education reduces the residual pat increases the explained part of the wage
gap. Overall, these and our previous findings ssigidpat education differences between ethnic

groups are particularly important in explaining éoyment and wage gaps.

[Table 10: about here]

3.3. Controalling for the endogeneity bias

In the previous section we considered Mincer equaticontrolling for the selection bias.
However, as mentioned above, estimates of detentsirtd labor outcomes (employment and
earnings) may equally suffer from endogeneity bils.account for both biases as in Cutillo
and Di Pietro (2005) and Jones and Sari (2015),estichate in a first step a bivariate probit
model of the binary outcomes “schooling failure’ddibeing employed”For computational

reasons, we focus here on schooling failure instéagtiucational attainment (otherwise we

would need a linear probability model for educagilcattainment, which suffers from a number
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of limitations: see Horrace and Oaxaca, 2006, dadkBet al. 2005)Our bivariate probit model

is as follows:

Ly = aZ';; +w; + &;
where S;; and L;; are the latent variables associated with the pitiha of schooling
success/failure and employment, respectivelff;, a set of individual characteristics
influencing the probability of being employed;;s includes some of the characteristics
included inZ;;;, plus a set of instruments for educational succasdw; is a group-j fixed
effect. In addition, we require some instrumentaiables that influence employment but not
wages, so that these variables appedf;jp but notX;; in equation (16). As mentioned in the
previous sub-section, these variables include alasiatus as well as spouse’s occupation.
Finally, the identification of the model requirdsat Z;;s include at least one instrumental
variable that explains the probability of educasiissuccess but neither the probability of being
employed nor earnings. In other words these ingnial variables should not appear in either
Z;j, or X;;, i.e. the vector of characteristics that are thoughtffeca wages.Our potential
candidates as instrumental variablesjj3 are the presence of a separate room for the child,
the number of siblings (see Angrist and Kruege®1)%andfamily size and/or birth order

(Black et al. 2005§° The error terms;; and¢;; are assumed to be normally distributed.

Maximum likelihood estimation allows to calculabetinverse Mills ratios that will be included

in the second-step wage equations, which are syl

30 Greater family size may negatively affect childammes through resource dilution (Becker, 196@hcaigh
this can be partly offset by larger families hetpito stabilize marriages and thus reduce the piitityabf
education failure. The empirical evidence leansat@a negative correlation between family size eshacation.
This is the case in Black et al. (2005) in datdt@nentire population of Norway. However, this etation turns
insignificant when the authors include indicatasiirth order and use twin births as an instrumé&he authors
also find a negative significant birth-order effeatchild education.
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lOgWij LZ >0= Xijl'ﬁl + CL)J + al.)lijs + az.)lijL (25)

wherel; ;s andj;;, are the Inverse Mills ratios and ta's their coefficients. The results appear
in Table 11. Columns (1) and (2) show the findifgsthe determinants of schooling failure
and employment, respectively, and column (3) thienese for the determinants of wages after

controlling for both selection and endogeneity bias

Overall, these results in Table 11 confirm our pyes findings. Column (1) of Table
11 presents very similar findings to those in catu() of Table 2 on the determinants of
schooling failure. Similarly, column (2) of Tabl& provides similar findings to those in column
(3) of Table 7. Finally, column (3) of Table 11 éoms our previous findings, i.e. that none of
the origin variables is significant except the pwsi and significant Turkish coefficient,
indicating that Turkish second-generation immigsdrgnefit from a wage premium relative to

natives!

[Table 11: about here]

4. Discussion and conclusions

Using data from the Frenclirajectoires et Originesurvey, we have considered the
determinants of the ethnic gaps in educatiad labor-market outcomes between natives and
second-generation immigraniBo our knowledge, this is the only dataset progdaccurate
information on the life-course of second-generatmmigrants in France. We have three main

findings.

31 We also ran separate wage estimates by succkss/faii school (available upon request). Theseatdia wage
premium relative to natives only for Turkish secayaheration immigrants who succeeded at school.
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First, childhood environment is a key determinahteducation. Controlling for family
background knocks out the negative effect of etbnigin on education. This latter even turns
positive, suggesting that the educational achiev¢wighe children of immigrants results from
their parents’ placing great value on educatioe Gi@haan et a2014). This result also echoes
the explanations found in the sociology of educatiterature that immigrants believe more
than natives that education is a vehicle for satiability (see for instance, Kao and Tienda,
1995). As such, they invest more in education. Aaoexplanation is that second-generation
immigrants anticipate that they will be later disunated against on the job market and hence
invest more in education to counteract this po&tnfiuiture discrimination. This sharply
contrasts with the idea thaecond-generation immigrants under-invest in edutdiecause
they suffer from discrimination at school or be@tlsey anticipate lower returns on the labor
market (see for instance the theoretical setugsumdberg and Startz, 1983, and Keane and

Wolpin, 2000)%*?

We also find that education plays a prominent molexplaining both themployment and
wage gaps between French natives and second-genemaimigrants.Although second-
generation immigrants are less likely to be empdiogred receive lower wages than do natives,
we show nonetheless that education plays a mdpinexplaining both themployment and
wage gaps. Controlling for education sharply redube ethnic employment gap. The ethnic
wage gaps disappear after controlling for educadimh selection and endogeneity biases, with

a wage premium for Turkish second-generation imamtg relative to natives.

32 In these models, negative prior beliefs about memlo¢ a particular group may become self-fulfilliing
equilibrium (Lundberg and Startz, 1983). This magw for example if individuals of a particular gpunder-
invest in human capital due to anticipated disanatory treatment and therefore a lower return tecation.
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A third finding is the existence of considerableégnegeneity across ethnic groups in terms
of educational attainment, but also employment aages. These differences seem to be

mainly driven by family background.

Overall, childhood environment is a key determinahtife-course success, as it affects
education which itself affects labor-force outcom@air result on the impact of family
background on educational attainment, which in tarkey for labor-market integration, is in
line with the findings of existing work emphasizititge role of “premarket” factors in adult

earnings outcomes (see Todd and Wolpin, 2007).

Our findings suggest that targeting the educatam \ga family-oriented policies may reduce
ethnic gaps in the labor markétEducation policies such as early-childhood edoaati
kindergarten, homework assistance, and so on, vatths a counterweight to certain aspects
of family background, may help to attenuate edocagjaps. Nevertheless the existence of a
residual ethnic employment gap after controllinggducational attainment suggests that other
unobservable non-education factors such as hiisggichination play a non-negligible role in
ethnic labor-market outcomes. Future researchhelp to further determine the exact effect of

discrimination in determining French labor-marketaomes.
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