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Entrepreneurial motivation and business performance:
evidence from a French Microfinance Institution

Renaud Bourlès ·Anastasia Cozarenco

Abstract This article examines the link between
entrepreneurial motivation and business performance
in the French microfinance context. Using hand-
collected data on business microcredits from a Micro-
finance Institution (MFI), we provide an indirect mea-
sure of entrepreneurial success through loan repay-
ment performance. Controlling for the endogeneity of
entrepreneurial motivation in a bivariate probit model,
we find that “necessity entrepreneurs” are more likely
to have difficulty repaying their microcredits than
“opportunity entrepreneurs”. However, type of moti-
vation does not appear to make a difference to business
survival. We test for the robustness of our results using
parametric duration models and show that necessity
entrepreneurs experience difficulties in loan repay-
ment earlier than their opportunity counterparts, cor-
roborating our initial findings. Our results are also
robust to a sharper analysis of motivation, focusing
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1 Introduction

The microcredit is an innovative way to address finan-
cial and social exclusion. Microcredits are particularly
small loans to poor individuals who cannot easily
access mainstream financial markets. We distinguish
between two main categories of microcredit, busi-
ness and personal loans.1 Business microcredits are
intended for business start-up and development, to fos-
ter self-employment. Personal loans target personal
and family development projects. In this paper, we
use a hand-collected data set on business microcredits
from a French Microfinance Institution (MFI) to study
the relationship between entrepreneurial motivation
and business performance, in terms of loan repayment
and business survival.

1Sometimes, microfinance institutions do not differentiate
between two types of products, since the boundary between the
business and the household is not clearly drawn.
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It is widely recognized that entrepreneurship gen-
erates economic growth (Reynolds et al. 2005;
Audretsch and Thurik 2001). In the European Union
in 2012, almost 93% of all businesses were micro-
enterprises (employing fewer than 10 people). Micro-
enterprises made the second highest contribution in
terms of employment and value added, after large firms
(employing more than 250 people) (Eurostat 2015).

Considerable research effort has been directed toward
identifying the determinants of entrepreneurial per-
formance. One important aspect of this research is dis-
tinguishing among different typologies of entrepreneurs
(Wennekers and Thurik 1999). Entrepreneurial
typologies can, for instance, be defined accord-
ing to owners’ motivation. Since 2001, the Global
Entrepreneurship Monitor (GEM) distinguishes
between two different types of entrepreneurial moti-
vation, translating into necessity and opportunity
entrepreneurship. According to the GEM survey, in
2016 three-quarter of entrepreneurs report opportunis-
tic motivation, while one-quarter say they are acting
out of necessity. However, there is great heterogeneity
across countries, with developed countries having
a larger proportion of opportunity entrepreneurs
(Reynolds et al. 2005).

Distinguishing between these two types is impor-
tant, both from theoretical and practical standpoints
(Block and Wagner 2010). Opportunity entrepreneurs
start a business voluntarily, to take advantage of new
opportunities (Kirkwood 2009), for more indepen-
dence or self-fulfillment (Taylor 1996; Dalborg and
Wincent 2015). In contrast, necessity entrepreneurs
get involved in a business because they have diffi-
culties remaining in the paid job market (Gilad and
Levine 1986; Bergmann and Sternberg 2007). They
can be described as requirement-based (Block and
Sandner 2009) or against-their-will (Korunka et al.
2003) entrepreneurs. According to the existing litera-
ture, there are significant differences between the two
types of entrepreneurs. First, in terms of individual
characteristics, necessity entrepreneurs are generally
older (Wagner 2005; Bhola et al. 2006; Block and
Sandner 2009; Block and Wagner 2010), either less
(Bhola et al. 2006) or equally (Block and Sand-
ner 2009) educated and less likely to have a parent
involved in entrepreneurship (Wagner 2005; Bhola
et al. 2006).

Recently, literature has tried to go beyond this
dichotomy. The last GEM report in 2016 defines

improvement-driven-opportunity (IDO) entrepreneurs
as those seeking to improve their situation regard-
ing independence or income. It reports four times
more IDO than necessity entrepreneurs in the more
advanced economies. Stephan et al. (2015) distin-
guish among four types of motivation: autonomy,
challenge, family-related, and financial. They find that
businesses driven by autonomy or family-related moti-
vation are more likely to survive. We follow this new
strand of literature by looking more deeply into the
effect of unemployment (on the necessity side) and
non-pecuniary benefits from success (on the opportu-
nity side).

There are different ways to assess entrepreneurial
performance. Existing studies have mainly focused
on such measures of performance as business sur-
vival, employment or turnover growth. Using growth
as a sign of performance is particularly tricky, since a
meaningful proportion of entrepreneurs choose not to
grow (Jaouen and Lasch 2015). But many micro start-
ups require access to credit to get going.2 Therefore,
loan repayment is a reasonable alternative measure of
business performance, that is not affected by individ-
ual choice not to grow. Interestingly, to the best of our
knowledge, none of the existing studies have focused
on the loan repayment performance of different types
of micro-entrepreneurs. We fill this gap by investigat-
ing whether necessity entrepreneurs are different from
their opportunity counterparts in terms of loan repay-
ment. To link our findings with the existing literature,
we will perform parallel business survival analysis,
exploring whether necessity entrepreneurs are more
likely than opportunity entrepreneurs to close their
businesses, as some previous studies suggest (Millán
et al. 2012; Oberschachtsiek 2012; Andersson and
Wadensjo 2007), or whether there is no significant
difference between them (Block and Sandner 2009).

Microfinance is a new and relatively under-
researched domain in the entrepreneurship literature
(Newman et al. 2014). Despite strong enthusiasm
among the proponents of the microcredit, the evi-
dence regarding its impact has so far been mixed

2In France in the first semester of 2002, almost 36% of all
business start-ups were (partly) financed by commercial bank
loans (source: authors’ own computations using data from the
French National Institute of Statistics and Economic Stud-
ies). Furthermore, commercial banks are the main providers of
small-business finance, according to Berger and Udell (2002).
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(Armendáriz and Morduch 2010). Findings from a
number of rigorous studies based on randomized con-
trolled trials on the statistical impact of the micro-
credit are inconclusive (Banerjee et al. 2015). How-
ever, Newman et al. (2014), performing a qualitative
study, argue that microcredits can generate sound
entrepreneurial activity and improved business out-
comes. As suggested by Esther Duflo, the micro-
finance industry now needs to distinguish between
necessity and opportunity entrepreneurs, in order to
provide them with appropriate services (Duflo 2010).

The literature on microfinance in Europe is scarce,
mainly because the industry is relatively young and
there is not yet a clear distinction between microcre-
dits and other types of loans (European Commission
2012). Moreover, MFIs in Europe serve a niche mar-
ket.3 The major financial product is the microcredit,
with a special focus on the business microcredit.4

According to Bendig et al. (2012), the five main
goals of MFIs in Europe are job creation, promotion
of micro- and small enterprises, financial and social
inclusion and, to a lesser extent, the empowerment of
particular target groups (women, migrants, etc.).

Therefore, microfinance is often viewed in Europe
as a social policy aimed at encouraging self-
employment as a way out of unemployment (“push”
reasons). In particular, poor individuals facing low-
paid employment are more likely to start a business
out of necessity, to meet basic human needs (Naudé
2010). Jaouen and Lasch (2015) argue that the subsis-
tence type of entrepreneur is specific to micro-firms,
the main target of MFIs. At the same time, traditional
banks are reluctant to finance micro-entrepreneurs
willing to start a business for “pull” reasons but lack-
ing any initial capital or credit history. These riskier
projects are typical of MFI clients. Consequently,
using a data set from an MFI to study entrepreneurial
motivation is particularly relevant. We expect our data

3Reed et al. (2014) report that MFIs in the industrialized
world represent 4.4% of total MFIs reporting to the Microcre-
dit Summit Campaign, serving less then 3% of microfinance
clients.
4The European Commission defines the microcredit as a loan of
up to EUR 25,000 tailored for micro-enterprises employing less
than 10 people (91% of all European firms), and unemployed or
inactive people who want to go into self-employment but do not
have access to traditional banking services.

set to be balanced in terms of the proportions of
necessity and opportunity entrepreneurs.5

The European Union subsidizes business microcre-
dit, seen as a stimulus to entrepreneurial initiatives
that will combat unemployment. This is not surprising,
since subsidies are crucial for MFIs, especially during
their start-up phase (Hudon and Traça 2011). Histor-
ically, even major MFIs in developing countries have
widely benefited from direct or indirect subsidies (see
Morduch (1999) for the Grameen Bank case). More-
over, lack of subsidies can result in socially harmful
trade-offs (D’Espallier et al. 2013).6

In France, where the state actively promotes
entrepreneurship as a way out of unemployment,
microfinance is perceived as a valuable tool. As most
of the European MFIs, French MFIs are subsidized.
These subsidies often take the form of loan guarantees
(Bourlès and Cozarenco 2014).7 In this context, study-
ing the performance of MFI clients is crucial in terms
of policy implications. Block and Sandner (2009) con-
test the suggestion that necessity entrepreneurs are
less desirable from an economic standpoint, as in Acs
and Varga (2005) for instance. Insofar as they do not
exhibit unequal survival rates, Millán et al. (2012) and
Block and Sandner (2009) argue that public support to
initially unemployed or necessity entrepreneurs is jus-
tified. However, these studies do not look at the quality
of the surviving businesses. In this paper, we use an
indirect strategy to infer business success through the
loan repayment behavior of micro-borrowers from a
French MFI. This paper is novel in addressing the link
between entrepreneurial motivation and performance
in the microfinance context.

The rest of the paper proceeds as follows. In the
next section, we sketch the theoretical mechanisms
linking entrepreneurial motivation and business per-
formance and formulate the empirical hypotheses to

5Kariv and Coleman (2015) show that both types of
entrepreneurs are likely to request small loans.
6Still, the abundance of subsidies may explain the scarcity
of complementary financial products such as microsavings
(Cozarenco et al. 2016).
7At the European level, the European Investment Fund offers
guarantees to microfinance providers through the Employment
and Social Innovation (EaSI) Guarantee Instrument. The guar-
antee rate is up to 80%. At the national level, France Active
Guarantee (FAG) offers guarantees up to 70% of the amount of
business microcredits and Fonds de Cohésion Sociale and Car-
itas up to 50% of the amount of personal microcredits. For all
these initiatives, cap loss rates apply.
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be tested. In Section 3, our data set and the descriptive
statistics are introduced. In Section 4, we present the
econometric model and results. We study an alterna-
tive measure of business performance based on dura-
tion models in Section 5. Finally, we discuss policy
implications and conclude.

2 Theoretical framework and hypotheses

In this section, we analyze the link between
entrepreneurial motivation and business performance
from a theoretical point of view. To do so, we first
examine the key differences between necessity and
opportunity entrepreneurs. We argue that these differ-
ences mainly lie in the non-pecuniary benefits from
entrepreneurship and external (employment) opportu-
nities (i.e., the opportunity cost of entrepreneurship),
leading to an ambiguous effect of entrepreneurial
motivation on business performance.

Several empirical papers point out the non-
pecuniary benefits from entrepreneurship (or self-
employment). Hamilton (2000) notably shows that the
difference in earnings between employed and self-
employed individuals cannot be explained by self-
selection. In the same vein, Benz and Frey (2008)
show that pay (or material) differences cannot fully
explain the discrepancies in job satisfaction between
the two groups (this was also highlighted by Blanch-
flower 2000).

These non-pecuniary benefits seem to be linked to
independence, autonomy, or skill utilization (see Tay-
lor 1996; Hundley 2001; Benz and Frey 2008; Lange
2012).8 From a theoretical point of view, such benefits
can be related to the concept of intrinsic motivation
introduced by Benabou and Tirole (2003). From our
perspective, in line with the above discussion, these
non-pecuniary benefits should be rather limited for
necessity entrepreneurs, who are by definition mainly
driven by monetary motives. At least, they should
be stronger for opportunity entrepreneurs, for whom
entrepreneurship is clearly a choice.

This difference is expected to lead to better per-
formance for opportunity entrepreneurs. However, this
has to be balanced with the fact that they also enjoy
better external opportunities. As previously pointed

8It can also be linked to the notion of passion, which may
be related to entrepreneurial motivation (Dalborg and Wincent
2015).

out, opportunity entrepreneurs appear to be better edu-
cated (Bhola et al. 2006) and also to benefit from
better (or more) alternative employment opportunities
(Bergmann and Sternberg 2007). As a result, busi-
nesses founded by opportunity entrepreneurs could
close earlier, as they might be offered better job oppor-
tunities or expect higher returns for remaining in
business.

Therefore, on the one hand, businesses run
by opportunity entrepreneurs should perform better
because of higher (intrinsic) motivation; but, on the
other hand, they could close more often because of
higher opportunity cost of entrepreneurship.9

However, the negative effect of external oppor-
tunity on business survival should not necessarily
translate into lower loan repayment. Indeed, in case
of business closure due to a better outside option,
entrepreneurs are likely to continue repaying their
loans, to maintain a good credit history. Therefore,
the negative effect of external opportunity should be
greater on business survival than on credit repay-
ment.10 This leads us to formulate two complementary
hypotheses regarding our two measures of business
performance.

Hypothesis 1 Necessity (or employment-driven)
entrepreneurs uncover more difficulties in repaying
their loans.

Hypothesis 2 The effect of entrepreneurial motiva-
tion is stronger on loan repayment than on business
survival.

If any, the effect of entrepreneurial motivation on
loan repayment might also be due to less preparation
for venture launching (Block et al. 2015).11 In this

9To that extent, the theoretical predictions concerning the link
between entrepreneurial motivation and business performance
seem to be ambiguous. We formalize this argument in the
working paper version of this paper (Bourlès and Cozarenco
2017), in which we adapt the canonical model of Tirole (2006)
to account for microcredit specificity and differences between
necessity and opportunity entrepreneurs. We show that the prob-
ability of success of a business increases in the entrepreneurs’
non-pecuniary benefit from success and decreases in their exter-
nal opportunity. This result suggests an ambiguous effect of
entrepreneurial motivation on business survival.
10This can moreover be combined with bootstrapping by the
necessity entrepreneurs (Jonsson and Lindbergh 2013).
11We thank an anonymous referee for pointing out this issue.
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case, the differences in loan repayment would be con-
centrated at the beginning of the credit history. This
forms our third hypothesis.

Hypothesis 3 If the disparities between opportunity
and necessity entrepreneurs are mostly due to differ-
ences in business project preparation, the effect of
entrepreneurial motivation on loan repayment should
decrease along the credit history.

We test these hypotheses using a bivariate probit
model in Section 4 and check the robustness of our
results using duration models in Section 5.

3 Methodology

3.1 Institutional background and data

Our sample contains micro-firms started by the clients
of a French MFI, created in 2006 and operating in
the Provence-Alpes-Côte-d’Azur (PACA) region as a
non-profit non-governmental organization (NGO). It
was created at the initiative of a commercial bank
under its corporate social responsibility policy. Its tar-
get clients are individuals who have difficulty access-
ing credit from mainstream banks. The MFI does not
require any collateral or guarantees from its clients.
Each entrepreneur can apply only once for a microcre-
dit. The MFI aims for financial inclusion of all bor-
rowers after granting the first microcredit.12 It oper-
ates in collaboration with public organizations which
provide business development services and follow-up
at different stages. We focus exclusively on business
microcredits in our analysis.

Most of the MFI’s clients are (long-term) unem-
ployed, have low education and income levels, and
are starting a business for the first time. Many
of the clients are becoming self-employed to avoid
unemployment and/or poverty. Therefore, we expect
to observe a relatively large proportion of neces-
sity entrepreneurs in our sample compared to previ-
ous studies (see Block and Sandner 2009, Table 6
for studies in the German context where necessity
entrepreneurs represent between 6.7 and 45.5%). In
this context, it is particularly relevant to investigate

12As a consequence, the MFI does not provide dynamic incen-
tives through progressive lending (Armendáriz and Morduch
2010).
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the performance of both types of entrepreneurs (neces-
sity and opportunity) in terms of loan repayment and
business survival.

We provide the descriptive statistics (for the full
sample and for the sample split by entrepreneurial
motivation) of all the variables used in the analysis
in Table 1. The average loan granted in our sam-
ple is EUR 8250 (median loan size is EUR 7000).
The average project size is kEUR 33.93 which is
large for a new venture by any standards (opportunity
entrepreneurs undertake larger projects than neces-
sity entrepreneurs). The median project size is kEUR
20.68, suggesting that the distribution of project size is
highly right skewed compared to the loans’ size. This
might be due to the specificity of the French regulation
which capes microcredits offered by licensed MFIs at
EUR 10,000.

The difference between the project size and the
microcredit size is generally financed through co-
financing schemes with traditional banks (Cozarenco
and Szafarz 2016), honor loans13 or personal invest-
ment. It is worth reminding that micro-borrowers are
underserved by traditional banks, mostly because of
informational asymmetries due to the lack of col-
lateral or credit history. MFIs mitigate informational
asymmetries through their lending technology based
on closer monitoring and follow-up (Armendáriz
and Morduch 2000). This gives rise to partnerships
between banks and MFIs (Cozarenco 2015). Co-
financing is one type of these partnerships and is
profitable both for the bank and the MFI (Cozarenco
and Szafarz 2016).

The average duration of a microcredit is 52 months
(repayments take place monthly) and the average
annual interest rate is 4.4%. The interest rate is fixed
by the MFI and does not vary according to personal
or project characteristics, which is a specific feature
of microfinance worldwide. These figures are in line
with the overall French microfinance industry. The
European Microfinance Network reports an average
business microcredit duration of 48 months (seven
responding MFIs) and an average annual interest rate
of 4.5% (four responding MFIs). This duration is
mainly explained by the (quasi)absence of progres-
sive lending in France. Micro-borrowers are gener-
ally expected to graduate to traditional banking after

13The so-called honor loans are subsidized personal loans
granted by the French government to start or buy out a business.
Their size varies between EUR 2000 and 50,000.

their first microcredit. Similarly, the low interest rate
reflects a highly social orientation of MFIs in France,
and could partially be explained by the presence of
direct and indirect subsidies.

Our data set is built using several sources. It
includes five different types of information:

1. Individual and business characteristics.
2. Repayment history within the MFI.
3. Business survival status and date of closure when

applicable.
4. Information on entrepreneurial motivation.
5. Data on business cycles at PACA-region level by

sector of activity and unemployment rates at the
employment zone level.

Individual and business characteristics and repayment
history were provided directly by the MFI. Infor-
mation on repayment histories was last updated in
January 2016.

Information on business survival was collected
and updated in March 2016 from the French web-
site www.societe.com, containing general information
about both closed and active French firms. Interest-
ingly, the 3-year survival rate in our sample is 83%,
whereas it is 68% for the PACA region, according to
national statistics.14 Similarly, the 5-year survival rate
is higher in our sample (66 versus 55% for PACA
region).

Further, to differentiate between types of
entrepreneur (necessity or opportunity), we conducted
a survey among the clients of the MFI. Of the 574
granted loans (between April 2008 and April 2012),
294 micro-entrepreneurs agreed to participate in the
survey, a 51% response rate. A combination of web
(20% of respondents) and telephone (80% of respon-
dents) survey methods were used to collect data on
entrepreneurial motivation between July 1st 2012 and
September 15, 2012.

To distinguish necessity from opportunity
entrepreneurs, we asked participants the following
question “Overall, did you create your business to
seize an opportunity, or by necessity, to create your
own job?”. Ninety-five percent of respondents could
classify themselves in one of the two categories.
This trend is consistent with survey data from GEM
(Reynolds et al. 2005). One hundred forty-three

14The 3-year survival rate for businesses created in 2010 in
PACA region. Source: the French National Institute of Statistics
and Economic Studies website, accessed on June 14, 2016.
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(49%) replied that they had started their business
by necessity, to create their own job. We term these
respondents necessity entrepreneurs. One hundred
thirty-four (46%) declared that they had started a
business to seize an opportunity. We term these
respondents opportunity entrepreneurs. Finally, 17
(5%) declared both types of motivation. We exclude
these 5% of respondents from our analysis, since
their motivations are not clearly differentiated. Unsur-
prisingly, the proportion of necessity entrepreneurs
among the respondents in our data set is considerably
larger than in existing studies. As mentioned before,
this bias toward necessity entrepreneurship in our data
set is useful for comparison, and is explained by the
context of microfinance in France. The microcredit is
viewed here as a tool for public policy encouraging self-
employment, especially for unemployed individuals.

Finally, the data on business cycles and unemploy-
ment rates was collected from the French National
Institute of Statistics and Economic Studies (INSEE).

3.2 Dependent variables

The dependent variables in our analysis represent dif-
ferent measures of entrepreneurial success. In our
baseline model, we use two main measures of perfor-
mance. The first dependent variable, Repaying, is a
dummy taking value one if a client has strictly less
than three late payments in his or her credit history
as of January 2016. These late payments can be either
outstanding or repaid at the time of analysis. This def-
inition is close to that used by the MFI for written-off
loans, corresponding to loans with three or more con-
secutive late payments. We do not focus exclusively
on consecutive late payments, since it is not our aim
to capture exclusively written-off loans. Our aim is
to capture problematic borrowers, who have difficulty
paying their debts. Fifty-seven percent of our sample
had less than three late payments in their credit his-
tory at the time of the analysis. The difference between
necessity and opportunity entrepreneurs is a priori
non-significant in that respect.

The second performance measure is the dummy
variable Closed, taking value one if the business is
closed as of March 2016. Forty-three percent of busi-
nesses in our sample closed during the observation
period. As for the first performance measure, descrip-
tive statistics do not reveal any differences regarding
entrepreneurial motivation.

3.3 Explanatory variables

The main explanatory variable is the Necessity

dummy (see Table 1 for definition). As expected,
more than 50% of our sample identify themselves as
necessity entrepreneurs. The second most important
variable, which we use as an instrument (see next
section), is Avoid unemployment . It is a dummy
variable taking value one if respondents answered “To
avoid unemployment” to the question “What was your
main reason for business start-up?”, multiple answers
being possible. Other possible answers to this ques-
tion include the following: to fulfill a life project or
dream, to increase personal revenue, to have more
independence, to benefit from subsidies for business
start-up, or others. Interestingly, only 32% of respon-
dents answered Avoid unemployment to this ques-
tion, meaning that not all necessity entrepreneurs take
up self-employment in order to avoid unemployment.
Still, as expected, it entails a considerable difference
between the two types of entrepreneurs: 55% of neces-
sity entrepreneurs stated to have started a business to
avoid unemployment, against only 9% of opportunity
entrepreneurs.

To go beyond the necessity-opportunity dichotomy,
we also analyze the impact of answering “to fulfill a
life project or dream” to this question. We then define
the dummyFulfill dream (taking value one if respon-
dents answered “to fulfill a life project or dream”) that
proxies the notion of non-pecuniary benefits discussed
in the previous section. Forty-two percent of the
respondents stated that they have started a business in
order to fulfill a life project or dream. As expected, the
difference is statistically significant between neces-
sity and opportunity entrepreneurs. However, the gap
(29% for necessity entrepreneurs and 56% for oppor-
tunity entrepreneurs) is sensitively smaller than for
the Avoid unemployment dummy. These descriptive
statistics illustrate the complexity of the definition
of entrepreneurial motivation and appeal for going
beyond this dichotomy.15

Other control variables include age, the square of
age,16 gender, education level, household income, a
dummy variable for long-term unemployment, size of

15We thank an anonymous referee for pointing out this issue.
16Taylor (1996) suggests a non-linear effect of age on self-
employed earnings.
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the project, having other debts, start-up, activity sec-
tors, and limited liability company dummies. Most of
the respondents are start-ups. This is consistent with
Shahriar et al. (2016) who argue that not-for-profit
MFIs are more likely to finance business start-ups than
for-profit ones.

According to Millán et al. (2012), the inclusion
of “macroeconomic sources of variance” consider-
ably improves the quality of outcomes attributable
to individual effects. Hence, we additionally control
for quarterly rates of increase in business failures (as
a measure of economic health) and in new business
start-ups (as a measure of competition) at the time
the loan is granted (as well as one and two quar-
ters later) for each micro-enterprise in our sample,
according to its sector of activity. Data for business
cycles exclusively cover the French PACA Region,
the region where the MFI providing data operates
(Source: INSEE). In line with Taylor (1996), we
also control for the unemployment rate in borrower’s
employment zone (which roughly corresponds to the
town or the city of residence) at the moment of credit
disbursement (source: INSEE).

See Table 1 for the definitions of all the variables
used in our empirical analysis. Finally, to explore
the differences between opportunity and necessity
entrepreneurs, we present the results of a simple
probit regression in Table 2, where the dependent
variable is the dummy Necessity. We find that neces-
sity entrepreneurs are more likely to take up self-
employment in order to avoid unemployment, tend
to be older and come from poorer households. These
findings are in line with Block and Sandner (2009).
We also reveal that necessity entrepreneurs are less
likely to set up limited liability companies, meaning
that they are more likely to set up sole proprietorships.

4 Model estimation and results

In this paper, we are interested in the effect of
entrepreneurial motivation on repayment performance
and business survival. As explained in the previ-
ous section, the main explanatory variable here is
Necessity. However, this variable can be endoge-
nously determined. For instance, ex-ante necessity
entrepreneurs can shift to opportunity status over time.
Jayawarna et al. (2013) argue that entrepreneurial
motivation is not static and is influenced by career,

Table 2 Determinants of entrepreneurial motivation

Dependent variable:

necessity dummy

Explanatory variables:

Avoid unemployment 1.57*** (0.21)

Age 0.15* (0.08)

Age2 − 0.002* (0.001)

Male 0.22 (0.20)

Education − 0.00 (0.10)

HH income − 0.21** (0.08)

Unemployed more 6 − 0.17 (0.19)

Project size − 0.00 (0.00)

Personal investment 0.01 (0.27)

Other debts − 0.14 (0.19)

Start-up 0.04 (0.26)

Trade 0.34 (0.23)

Services 0.06 (0.27)

Food and accommodation 0.22 (0.33)

LLC − 0.67*** (0.20)

Unemployment rate 0.01 (0.04)

Constant − 3.10* (1.60)

Observations 275

Standard errors in parentheses

***p < 0.01, **p < 0.05, *p < 0.1

household and business life. In our case, this dynamic
aspect of motivation is particularly important, since
we do not observe motivation at the time of business
start-up. Instead, we observe entrepreneurial motiva-
tion at the time of the survey, which corresponds to
different stages in the life of the businesses, ranging
from start-ups to well-established firms. Economet-
rically, the unobserved changes in individual life-
courses correspond to the problem of omitted vari-
ables. To deal with this caveat, we use a bivariate
probit model appropriate to binary endogenous vari-
ables (see Wooldridge 2010, pp. 594–599).17 Using
a simple probit equation which does not account
for the endogeneity of the Necessity dummy would
lead to inconclusive results (Block et al. 2011). The
instrument we use to correct for the endogeneity
of the Necessity variable is the dummy variable
Avoid unemployment . This variable does not have

17Mimicking a two-step procedure would not lead to consistent
parameter estimations, according to Wooldridge (2010).
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the dynamic nature highlighted by Jayawarna et al.
(2013).

Our bivariate probit model writes as follows:

yi = 1[αiNecessity + z1β1i + e1i] (1)

Necessity = 1[zβ2 + e2] (2)

where (e1i , e2) are independent of z and distributed
as bivariate normal with mean zero, unit variance,
and ρi = Corr(e1i , e2). If ρi �= 0, then estimat-
ing Eq. 1 using a simple probit model would not
lead to consistent estimators of parameters αi and β1i .
We will use the LR test to test the null hypothesis
ρi = 0. This is appropriate to test for exogene-
ity of binary variables, as suggested by Wooldridge
(2010). Variable yi is the dependent variable, repre-
senting the performance of the entrepreneur, with i ∈
{Repaying, Closed}. As mentioned before, we use
two measures of entrepreneurial performance, the first
being the dummy variable Repaying and the second
being the dummy variable Closed.

The vector z1 includes the constant term and all the
explanatory variables defined in Table 1, except the
variable Avoid unemployment . The latter is used as
an instrument in our model and is only included in
vector z, which also includes vector z1.

Our data will support Hypothesis 1—that necessity
entrepreneurs uncover more difficulties in repaying
their loans—if αRepaying < 0. Similarly, hypoth-
esis 2—that the effect of entrepreneurial motiva-
tion is stronger on loan repayment than on business
survival—will be supported if αRepaying < αClosed .

We moreover test Hypothesis 3—according to
which disparities between necessity and opportunity
entrepreneurs are mainly due to the lack of business
project preparation—by re-estimating our model for
yRepaying after excluding observations with at least
three late payments along the first 24 months of the
loan history (we exclude observations gradually every
3 months). Our results will support Hypothesis 3 if the
marginal effects of the Necessity dummy decrease
(in absolute value) or become insignificant when early
repayment issues are ignored.

We present the results of the estimation of the
bivariate probit model in Table 3. Columns (1) and
(2) report the results for loan repayment estimations
and columns (3) and (4) report the results for business
survival. Business cycles are included in columns (2)
and (4).

In terms of loan repayment, we find a negative
effect of necessity motivation on the likelihood of hav-
ing less than three late payments (αRepaying < 0). This
result suggests that necessity entrepreneurs are signif-
icantly more likely to have difficulty with loan repay-
ment. Hypothesis 1 is thus supported by our regression
results. While our paper is innovative in exploiting
the relationship between entrepreneurial motivation
and loan repayment, this result corroborates previous
studies finding that necessity entrepreneurs undertake
less profitable projects (Block and Wagner 2010) or
are unwilling to grow (Jaouen and Lasch 2015). This
result is also in line with Andersson and Wadensjo
(2007), who find that initially unemployed or inactive
entrepreneurs earn lower incomes than entrepreneurs
who were initially wage-earners.

In terms of business survival, we find a non-
significant effect of necessity motivation on business
survival, supporting Hypothesis 2. This result is in
line with Block and Sandner (2009). While oppor-
tunity entrepreneurs perform better, enjoying greater
intrinsic benefits from running a business, this positive
effect on effort is counterbalanced by greater external
opportunities. These opportunities may lead to them
closing their business despite better financial perfor-
mance. The coexistence of these two effects may
explain the non-significant effect of entrepreneurial
motivation on business survival.

Concerning the control variables, we note that loan
repayment and business survival are not impacted by
exactly the same set of determinants. We find that
older borrowers are more likely to successfully man-
age their loan repayment,18 but no effect of age on
business closure.

Gender does not significantly impact loan repay-
ment or business survival. The literature does not
reach consensus on this relationship. Our insignificant
effect is in line with Oberschachtsiek (2012), while
others find a negative impact of the male dummy on
business closure (Millán et al. 2012) or repayment
(D’Espallier et al. 2013).

We find a non-significant effect of education on
loan repayment. In contrast, there is a significantly
negative relationship between education and business
closure. This is in line with Millán et al. (2012) and
Bates (1990). The latter study reveals that businesses

18Given the non-linear relationship, the effect would become
negative for individuals older than 80 years old. However, we
do not have such observations in our data set.
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Table 3 Determinants of entrepreneurial performance

Dependent variable:

Repaying Closed

(1) (2) (3) (4)

Explanatory variables:

Necessity − 0.91*** (0.32) − 0.98*** (0.35) 0.13 (0.37) 0.05 (0.37)

Age 0.24*** (0.07) 0.24*** (0.07) 0.01 (0.08) 0.01 (0.08)

Age2 − 0.003*** (0.001) − 0.003*** (0.001) − 0.00 (0.00) − 0.00 (0.00)

Male − 0.20 (0.18) − 0.16 (0.18) − 0.24 (0.18) − 0.25 (0.19)

Education 0.07 (0.09) 0.10 (0.09) − 0.22** (0.09) − 0.22** (0.09)

HH income − 0.04 (0.07) − 0.04 (0.08) 0.05 (0.08) 0.06 (0.08)

Unemployed more 6 − 0.06 (0.16) − 0.03 (0.17) 0.11 (0.17) 0.11 (0.17)

Project size − 0.00 (0.00) − 0.00 (0.00) − 0.00 (0.00) − 0.00 (0.00)

Personal investment 0.30 (0.24) 0.36 (0.25) − 0.34 (0.24) − 0.28 (0.25)

Other debts 0.21 (0.17) 0.34* (0.18) − 0.38** (0.17) − 0.31* (0.18)

Start-up − 0.12 (0.22) − 0.19 (0.23) 0.41* (0.24) 0.40* (0.24)

Trade 0.08 (0.20) 0.09 (0.21) 0.41** (0.21) 0.42** (0.21)

Services 0.30 (0.25) 0.29 (0.25) − 0.29 (0.26) − 0.32 (0.26)

Food and accommodation − 0.27 (0.28) − 0.35 (0.29) 0.67** (0.29) 0.66** (0.30)

LLC − 0.08 (0.20) − 0.10 (0.20) − 0.04 (0.21) − 0.07 (0.21)

ρ 0.61** (0.22) 0.62* (0.24) 0.05 (0.24) 0.08 (0.24)

Constant − 4.32*** (1.47) − 4.69*** (1.53) 0.65 (1.49) 0.50 (1.53)

Business cycles No Yes No Yes

Observations 275 275 275 275

Standard errors in parentheses

***p < 0.01, **p < 0.05, *p < 0.1

started by highly educated owners are more likely to
be viable and long-lasting than those started by less
educated owners.

We find no significant relationship between house-
hold income and loan repayment and business sur-
vival. The literature mainly supports a positive rela-
tionship between initial wealth and business survival,
although insignificant results are also reported.

We find that the size of the project has no signif-
icant impact, in contrast to Oberschachtsiek (2012).
However, that author uses a dummy variable to dis-
tinguish between businesses larger than EUR 25,000,
whereas we use a continuous variable.

Interestingly, having other debts from financing
institutions improves loan repayment performance
(the effect is significant at 10% in column (2)) and
business survival. It is important to mention that the
MFI will only disburse funds if all other co-financing

parties agree to finance the client. Therefore, the effect
is probably due to the screening complementarities
between the MFI and other financing institutions,
which can be commercial banks or other public part-
ners (Cozarenco and Szafarz 2016).19

The start-up dummy is significant at 10% in the
business survival equations, in line with Bates (1990),
who argues that start-ups are less likely to survive
compared to takeovers. Conversely, Oberschachtsiek
(2012) finds that the takeover dummy has no effect on
business closure. Importantly, our data set contains a

19These public partners generally also provide business devel-
opment services, explaining the high correlation we observe
between the provision of business development services and our
“other debts” variable. As the effects of business development
services on our dependent variables are less significant than the
ones of “other debt,” the latter variable seems to be a better
control.
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Table 4 Pearson
correlation coefficient for
Repaying and Closed

dummies

Full sample Necessity entrepreneurs Opportunity entrepreneurs

− 0.31 − 0.35 − 0.23

large proportion of start-up businesses, which are also
the main target of the microcredit.

The trade and food and accommodation sector
dummies have a negative impact on business survival
and no impact on loan repayment (the reference cat-
egory is “other sectors” which include construction,
arts and entertainment among others). The limited lia-
bility company dummy has no impact in either equa-
tion. Results on business cycles are available from the
authors upon request.

Finally, ρ corresponding to the correlation between
the error terms in Eqs. 1 and 2 is only significant for
loan repayment estimation. We conclude that using a
bivariate probit model where the Necessity dummy
is endogeneous is appropriate for loan repayment, as
opposed to a simple probit equation.

Overall, we conclude that our findings are in line
with the existing literature and support hypotheses
1 and 2. Necessity entrepreneurs have significantly
more difficulty repaying their loans, corroborating
previous studies reporting smaller and less profitable
projects and Hypothesis 1. However, their businesses
are just as likely to survive, because opportunity

entrepreneurs tend to seize better external opportuni-
ties, despite higher intrinsic benefits from running a
business, in line with Hypothesis 2.

To better understand the link between loan repay-
ment and business closure, we provide in Table 4 the
Pearson correlation coefficients for the full sample
and for each entrepreneurial typology. As expected,
the two dummies are negatively and significantly cor-
related (at 1%). Interestingly, the correlation is higher
(in absolute terms) for necessity entrepreneurs than
for opportunity entrepreneurs (− 0.35 versus − 0.23,
respectively). These results are in line with our the-
oretical arguments according to which opportunity
entrepreneurs are more likely to reimburse their loans
despite business closure, due to better external oppor-
tunities.

We test our third hypothesis by overlooking the
initial phase of the loans, when differences in busi-
ness preparation are more likely to play a role. More
specifically, we re-estimate the model on subsamples
that exclude the observations with at least three late
payments m months after loan disbursement. We take
different values of m, ranging from 3 to 24 months

Fig. 1 Average partial effects of necessity motivation on loan repayment
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after loan disbursement.20 The average partial effects
of the necessity entrepreneurship dummy (for the
specification in column (2) in Table 3) are presented
in Fig. 1.

We find large average partial effects, ranging from
− 48% when we ignore all observations with at least
three late payments during the first year after loan
disbursement,21 to − 21% when we ignore all obser-
vations with at least three late payments during the
first two years after loan disbursement.22 The effect of
Necessity on loan reimbursement persists in time, as
average partial effects are negative for all subsamples.
Since these effects are not monotonously decreasing
(in absolute value),23 Hypothesis 3 is not supported
by our regression results. Therefore, the disparities
between opportunity and necessity entrepreneurs do
not seem to be mainly driven by differences in busi-
ness project preparation.

5 Alternative measure of entrepreneurial
performance: duration models

As the literature on credit scoring models (Roszbach
2004) indicates, it is not just credit default itself that
is important, but when the default occurs. An early
default is more costly for the bank than a default
occurring towards the end of the loan period. The
survival time of businesses too is now commonly
analyzed in the literature on entrepreneurship (Ober-
schachtsiek 2012). Therefore, to refine our results
we perform a duration analysis on loan repayment
and business survival. However, in this alternative
approach, we are no longer able to deal with the
endogeneity of the Necessity dummy, since instru-
mental variable methods are not advanced enough for
regression analysis of survival time with censoring
(Tchetgen Tchetgen et al. 2015).

20After 24 months, the sample size becomes too small to trigger
robust results.
21This means that the likelihood to experience repayment prob-
lems was 0.48 higher for necessity entrepreneurs than for
opportunity entrepreneurs in the subsample in which we delete
all the observation with at least three late payments during the
first year after credit disbursement.
22The drop at m = 12 corresponds to the subsample in which
we drop the the highest number of observations.
23The 95% confidence interval does not show significant differ-
ence between coefficients.

To get around this, we adopt an alternative
approach using a different definition of entrepreneur-
ship motivation. Instead of using the variable
Necessity, we directly include the variable
Avoid unemployment to proxy (the absence of)
external opportunities. This alternative variable iden-
tifies respondents with push motives, who become
self-employed to avoid unemployment. The main
advantage of this approach is that it is relatively
objective compared to the previous measure. Further-
more, this variable is less likely to be plagued with
endogeneity. Finally, the number of observations used
increases from 276 to 293 due to this change in the
definition of entrepreneurial motivation.

This refinement allows us to go beyond the
opportunity–necessity dichotomy by using a sharper
definition of entrepreneurial motivation. We complete
the analysis of the “avoid unemployment” motive by
focusing on borrowers who declare starting a busi-
ness “to fulfill a life project or dream.” This motive
relates closely to our theoretical mechanism based on
non-pecuniary benefits. We thus alternatively use the
Fulf ill dream dummy (see definition in Table 1)
in place of Avoid unemployment in the duration
models.

5.1 Estimation of survival time

In Fig. 2, we give the survivor function S(t) and
the hazard function h(t), where t represents the time
before the third late payment in the upper panel and
the time before business closure in the lower panel.
For censored observations (borrowers with strictly
less than three late payments in their credit history
and operating businesses), t is the observation period.
The survivor function is the probability of surviving
beyond time t and the hazard function is the probabil-
ity of the failure event occurring within a given time
interval, provided that the subject has survived until
the beginning of that interval, divided by the width of
the interval (Cleves et al. 2010).

We tested for equality of the survivor functions
across necessity and opportunity entrepreneurs using
a log-rank test (see Cleves et al. 2010, pp. 122–
124 for more details). We find a significant (at 10%)
difference between the survivor functions for time
before three late payments in the credit history accord-
ing to borrower motivation. However, no significant
difference is detected for business survival time.
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Fig. 2 Survivor and hazard functions

We use parametric duration models in accelerated
failure-time (AFT) metric.24 Business survival anal-
ysis is close to Oberschachtsiek (2012), who also
uses parametric AFT models for exits from self-
employment for initially unemployed individuals. In
such models, a parametric distribution is assumed for
the expected duration τi , which is a function of the
survival time ti and a vector of explanatory variables
x, which includes theAvoid unemployment dummy,
our main variable of interest:

τi = exp(−xiβ)ti (3)

Therefore, the estimated models take the following
form:

ln(ti) = xiβ + ln(τi) (4)

24We additionally use the Cox proportional hazards model (Cox
1992), which is a semi-parametric model, since the proportion-
ality assumption cannot be rejected in our data (Schoenfeld
1981). This model yields similar results. They are available
from the authors upon request.

where ln(τi) has a distribution determined by what
is assumed about the distribution of τi (Cleves et al.
2010) and vector β contains the parameters to be
estimated. We tested different specifications for the
distribution of τi (exponential, Weibull, lognormal,
and log-logistic). According to the Akaike Informa-
tion Criterion (AIC) and Bayesian Information Cri-
terion (BIC), the best distribution according to the
underlying data is the lognormal distribution where:

τi ∼ lognormal(β0, σ )

One salient feature of the lognormal distribution is that
the hazard function is non-monotonic in time. It is first
increasing and then decreasing. This feature is partic-
ularly relevant for our data, as illustrated in Fig. 2,
for the hazard rate function, which seems to follow
a non-monotonic pattern. Nevertheless, we addition-
ally report the results for Weibull distribution (τi ∼
Weibull(β0, p)), since it allows for a monotonic haz-
ard function, which also seems to be supported by the
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Table 5 Alternative measure of entrepreneurial performance: duration models with Avoid Unemployment explanatory variable

Estimation method: Parametric duration models

Dependent variables: Time to 3rd late payment Time to business closure

Weibull Lognormal Weibull Lognormal

(1) (2) (3) (4)

Explanatory variables:

Avoid unemployment − 0.28* (0.16) − 0.30* (0.18) 0.02 (0.14) 0.02 (0.13)

Age 0.19*** (0.06) 0.16** (0.07) − 0.06 (0.06) − 0.02 (0.06)

Age2 − 0.002*** (0.001) − 0.002** (0.001) 0.00 (0.00) 0.00 (0.00)

Male − 0.20 (0.17) − 0.25 (0.19) 0.15 (0.14) 0.17 (0.13)

Education 0.09 (0.08) 0.16* (0.09) 0.13* (0.07) 0.11 (0.07)

HH income 0.07 (0.07) 0.08 (0.07) − 0.05 (0.06) − 0.04 (0.06)

Unemployed more 6 − 0.01 (0.16) − 0.07 (0.17) − 0.21 (0.13) − 0.21 (0.13)

Project size − 0.00 (0.00) − 0.00 (0.00) 0.00 (0.00) 0.00 (0.00)

Personal investment 0.35 (0.22) 0.60** (0.25) 0.17 (0.18) 0.10 (0.18)

Other debts 0.38** (0.17) 0.33* (0.18) 0.05 (0.14) 0.17 (0.13)

Start-up − 0.41* (0.23) − 0.36 (0.23) − 0.34* (0.18) − 0.43** (0.18)

Trade − 0.08 (0.18) − 0.06 (0.21) − 0.50*** (0.15) − 0.56*** (0.15)

Services 0.24 (0.24) 0.35 (0.26) 0.10 (0.20) 0.06 (0.19)

Food and accommodation − 0.38 (0.26) − 0.28 (0.29) − 0.55*** (0.21) − 0.63*** (0.21)

LLC 0.05 (0.18) 0.04 (0.19) 0.01 (0.14) 0.09 (0.14)

Unemployment rate − 0.00 (0.03) 0.01 (0.03) 0.01 (0.03) 0.01 (0.03)

ln(p) 0.23*** (0.08) 0.45*** (0.07)

ln(σ ) 0.14** (0.07) − 0.17** (0.07)

Constant 3.74*** (1.30) 3.37** (1.45) 8.72*** (1.21) 7.87*** (1.12)

Business cycles Yes Yes Yes Yes

Observations 292 292 292 292

Nb. of failures 126 126 124 124

Standard errors in parentheses

***p < 0.01, **p < 0.05, *p < 0.1

hazard function for necessity entrepreneurs in terms of
business survival (see Fig. 2 the lower right graph).

The parameters β presented in Table 5 illustrate
the relationship between the explanatory variable and
the survival time: a positive coefficient means that the
higher the explanatory variable, the longer before a
third late repayment (columns (1) and (2)) or busi-
ness closure (columns (3) and (4)). Alternatively, the
results can be interpreted in terms of time ratios, so
that for an explanatory variable xj , exp(βj ) is the fac-
tor by which the expected time-to-failure is multiplied
as a result of a one-unit increase in xj (see Cleves et al.
2010, pp. 240–241 for more details).

Table 6 presents the same set of results for
the duration models in which motivation is repre-
sented by the Fulf ill dream dummy instead of
Avoid unemployment dummy.

5.2 Results

In terms of duration models, we find that respondents
who gave an Avoid unemployment reason for busi-
ness start-up have a 0.74 times shorter expected time
before third late payment (β = −0.3, exp(β) =
0.74) than those who did not give this reason, accord-
ing to the lognormal model. However, the length of
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Table 6 Alternative measure of entrepreneurial performance: duration models with Fulf ill Dream explanatory variable

Estimation method: Parametric duration models

Dependent variables: Time to 3rd late payment Time to business closure

Weibull Lognormal Weibull Lognormal

(1) (2) (3) (4)

Explanatory variables:

Fulfill a dream 0.37** (0.16) 0.44** (0.17) 0.01 (0.13) 0.05 (0.13)

Age 0.19*** (0.06) 0.17** (0.07) − 0.06 (0.06) − 0.02 (0.06)

Age2 − 0.002*** (0.001) − 0.002** (0.001) 0.00 (0.00) 0.00 (0.00)

Male − 0.18 (0.17) − 0.19 (0.19) 0.15 (0.14) 0.18 (0.13)

Education 0.06 (0.08) 0.14 (0.09) 0.13* (0.07) 0.11 (0.07)

HH income 0.07 (0.07) 0.05 (0.07) − 0.05 (0.06) − 0.04 (0.06)

Unemployed more 6 − 0.04 (0.16) − 0.07 (0.17) − 0.20 (0.13) − 0.20 (0.13)

Project size − 0.00 (0.00) − 0.00 (0.00) 0.00 (0.00) 0.00 (0.00)

Personal investment 0.36 (0.22) 0.58** (0.24) 0.17 (0.18) 0.10 (0.18)

Other debts 0.32* (0.17) 0.30* (0.18) 0.05 (0.14) 0.17 (0.13)

Start-up − 0.44* (0.23) − 0.39* (0.23) − 0.35** (0.17) − 0.44** (0.17)

Trade − 0.11 (0.18) − 0.08 (0.20) − 0.50*** (0.15) − 0.56*** (0.15)

Services 0.16 (0.24) 0.30 (0.26) 0.10 (0.20) 0.06 (0.19)

Food and accommodation − 0.43* (0.26) − 0.32 (0.29) − 0.56*** (0.21) − 0.63*** (0.21)

LLC 0.03 (0.18) 0.05 (0.19) 0.01 (0.14) 0.09 (0.14)

Unemployment rate 0.00 (0.03) 0.01 (0.03) 0.01 (0.03) 0.01 (0.03)

ln(p) 0.24*** (0.08) 0.45*** (0.07)

ln(σ ) 0.14* (0.07) − 0.17** (0.07)

Constant 3.58*** (1.27) 3.10** (1.44) 8.74*** (1.21) 7.87*** (1.11)

Business cycles

Observations 292 292 292 292

Nb. of failures 126 126 124 124

Standard errors in parentheses

***p < 0.01, **p < 0.05, *p < 0.1

business survival is not significantly different across
the two groups. This latter result challenges Ober-
schachtsiek (2012)’s finding of a positive relationship
between “pull” motivation (corresponding to opportu-
nity entrepreneurs) and business survival. Overall, the
results for the duration model corroborate our previous
findings using bivariate probit models and therefore
hypotheses 1 and 2. Necessity entrepreneurs seem to
experience significantly more difficulties with loan
repayment, and these difficulties arise earlier. Yet,

they do not seem to close their businesses more often
or earlier than opportunity entrepreneurs.

A few results concerning other controls are worth
mentioning. One difference from Table 3 consists in
the significant coefficient for education in the lognor-
mal specification for late repayment, suggesting that
a higher level of education increases the time before
third late repayment. The personal investment dummy
also positively impacts the survival in this specifi-
cation. The “start-up” dummy is associated with a
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Table 7 Cost-benefit analysis

Opportunity entrepreneurs Necessity entrepreneurs

Predicted risk

Probability of having ≥ 3 late payments in the credit history 0.27 0.60

(probability of default)

Expected survival time before 3rd late payment 23 17

(nb. of months before default)

Loan characteristics

Average loan size (EUR) 8250 8250

Average interest rate 4.4% 4.4%

Average loan duration (months) 52 52

Returns

Capital return for fully repaid loans (EUR) 8250 8250

Interest return for fully repaid loans (EUR) 827 827

Capital return before 3rd late payment (EUR) 3456 2526

Interest return before 3rd late payment (EUR) 558 441

Expected capital return (EUR) 6935 4814

Expected interest return (EUR) 753 595

Expected gross capital loss (EURs) 1315 3436

Expected guarantee (70% of gross capital loss) (EUR) 921 2405

Expected net capital loss (EUR) 395 1031

shorter time to third late payment in the Weibull spec-
ification, whereas it was not significant in the first two
columns of Table 3. Other debts have no significant
impact on business survival, in contrast to the results
in Table 3.

Finally, we note that the Weibull shape parameter
is significant at 1% level, with ln(p) > 0, meaning
that p > 1 and the Weibull hazard is monotone
increasing in time. σ , which is the lognormal distri-
bution parameter, is also significantly different from
zero at 5% level, suggesting the presence of a non-
monotonic hazard function.

Hypotheses 1 and 2 are also supported by our dura-
tions analysis with the Fulf ill dream dummy (see
Table 6). We find a positive effect (significant at 5%)
of this dummy on the time before third late payment,
supporting Hypothesis 1. In line with our previous
findings and Hypothesis 2, no impact on business
survival is detected. The loadings for other control
variables are robust to this alternative approach which
allows taking into account the multi-dimensional char-
acter of entrepreneurial motivation.

6 Policy implications

In the context of highly subsidized microcredit, it
seems crucial to assess the size of the portfolio sub-
sidy and compare it to the welfare savings over the
loan period. In this section, we provide a computa-
tion of expected returns for each type of entrepreneur
and analyze whether public intervention (through loan
guarantee) justifies the tax payers exposure to the
microcredit market.25 Using the results of Tables 3
and 5, we predict the expected probability of having at
least three late payments and the survival time before
the third late payment for each type of entrepreneur.
We adopt a conservative (and simplifying) approach,
assuming that three late payments in the credit history
are equivalent to loan default. The different elements
for this computation are presented in Table 7.

The predicted probability of having at least three
unpaid installments is equal to 0.27 for opportunity

25We thank an anonymous referee for pointing out this issue.
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entrepreneurs. Using the average partial effect pre-
sented in Fig. 1 for the full sample, this probability
increases to 0.6 for necessity entrepreneurs.26

The average survival time for opportunity
entrepreneurs before the third late payment is equal to
23 months in our data set. Using the results of Table 5
column (2) (lognormal specification), we expect the
survival time for necessity entrepreneurs to be 0.74
times shorter, that is 17 months.

Loan characteristics do not vary significantly with
respect to entrepreneurial typologies. We therefore use
the average values for both types of entrepreneurs. We
assume an average loan size of EUR 8250, at a fixed
interest rate of 4.4% for a period of 52 months.

This allows us to compute the capital and inter-
est return using a decreasing balance amortization
schedule for a loan with the above characteristics. A
borrower who stops repaying 23 months after loan dis-
bursement reimburses EUR 3456 of capital; against
EUR 2526 for a borrower who stops repaying after
17 months. Interest returns before third late payment
are computed in a similar way (see Table 7).

The MFI providing data receives 70% of the capi-
tal loss through a publicly subsidized program. It thus
ends up with an expected net (after guarantee) capi-
tal loss of EUR 395 for opportunity entrepreneurs and
EUR 1031 for necessity entrepreneurs.

We note that these net losses are almost entirely
covered by the expected interest returns. Since the
expected interest return is higher than the expected net
capital loss for opportunity entrepreneurs, Table 7 pro-
vides evidence for cross-subsidization (Armendáriz
and Szafarz 2011) where positive returns generated by
opportunity entrepreneurs can be used to compensate
for losses generated by necessity entrepreneurs.

We can now compare the expected size of the
subsidy with the welfare benefits saved over the
loan period. According to the French employment
agency, unemployed individuals receive on average
a monthly allowance equal to EUR 1160 during
a period of 13 months (De Visme 2016; Delvaux
2016). Obviously, accounting only for the costs of

26These probabilities of default appear particularly large, espe-
cially for the microfinance industry where MFIs generally boast
very high repayment rates (Armendáriz and Morduch 2010).
However, they are generated by our conservative approach
assuming that all the borrowers experiencing repayment prob-
lems will actually not repay their loan. It is worth reminding
that in our sample 43% of individuals had at least three unpaid
installments in their credit history.

default, subsidization of both opportunity and neces-
sity entrepreneurs makes perfect sense (according to
Table 7 the expected cost of loan guarantee amounts
respectively to EUR 921 and EUR 2405).

In this analysis, we focus exclusively on the cost
of risk, neglecting other costs (such as financial and
operating costs) key to MFIs. Accounting for these
additional costs (which obviously do not vary with
respect to the type of entrepreneurial motivation)
would provide a more realistic estimation of the costs
per borrower incurred by MFIs.27

MFIs receive many subsidies on top of loan guar-
antee. These can take the form of direct subsidies, soft
loans from public institutions or commercial banks,
subsidization of business development services which
are generally provided by external entities or volun-
teers (Botti et al. 2016), etc. The subsidization of
business development services (and other types on
non-financial services) is particularly important, since
they can be designed according to entrepreneurial
typologies. A more rigorous cost benefit analysis for
MFIs in Europe (taking into account all the aspects
discussed above) is crucial for the promotion and the
development of the industry and should be a priority
for further research. Still, our results suggest that the
difference in expected costs of loan guarantee between
opportunity and necessity entrepreneurs represent less
than 1.5 months of unemployment allowance.

7 Conclusion

This article analyzes the link between entrepreneurial
motivation and business performance. Our contribu-
tion to the extant literature is twofold. First, we
analyze entrepreneurial motivation in a particular con-
text: French microfinance. We find that, in our sam-
ple, almost 52% of micro-entrepreneurs are necessity
entrepreneurs. This feature of our data set makes
the analysis of entrepreneurial motivation particularly
relevant, since we have a relatively heterogeneous
data set compared to previous studies (Block and
Sandner 2009). Such heterogeneity is not surpris-
ing, given that microfinance in Europe is a policy

27According to Brabant et al. (2007), the operating cost per
borrower (including the application analysis, credit disburse-
ment and follow-up but excluding non-financial services) varies
between EUR 735 and EUR 500 per year for licensed MFIs in
France.
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tool encouraging self-employment as a way out of
unemployment (Bendig et al. 2012). In line with this
definition, target microfinance clients are expected
to be necessity entrepreneurs. That said, microfi-
nance also plays a more general role, serving the
rejected applicants of mainstream banks. Start-ups
whose founders have limited personal asset to invest
are typically rejected by the mainstream financial
market due to lack of credit history or of sufficient
levels of collateral. Therefore, rejected opportunity
micro-entrepreneurs are just as likely to apply for a
microcredit. Importantly, Duflo (2010) argues that dif-
ferentiating between entrepreneurial motivation is one
of the major challenges for the microfinance sector.

Second, using a hand-collected data set from a
French MFI, containing detailed individual informa-
tion on credit history, we exploit a novel indirect mea-
sure of business performance, namely loan repayment.
Its advantage over previous performance measures
such as employment and turnover growth relies on
the argument that not all entrepreneurs wish to grow
(Jaouen and Lasch 2015). Following this argument,
we interpret difficulty in loan repayment as an indirect
way to measure poor business performance, getting
around the limitation of voluntary unwillingness to
grow. We find that necessity entrepreneurs have sig-
nificantly more difficulty repaying their loans. This
effect persists in time, suggesting that it is not exclu-
sively due to the potential lack of preparation of the
business project by necessity entrepreneurs.

In parallel, we perform a business survival analy-
sis, which is particularly relevant since there is still no
consensus on the relationship between entrepreneurial
motivation and business survival. Our paper finds a
non-significant relationship between necessity moti-
vation and business survival, challenging the recent
finding by Oberschachtsiek (2012) of a negative rela-
tionship. Our theoretical framework, according to
which opportunity entrepreneurs enjoy both higher
external opportunities and larger non-pecuniary ben-
efits from success, provides formal arguments sup-
porting this non-significant relationship. Our find-
ings are robust to a multi-dimensional assessment of
entrepreneurial typologies.

In terms of policy implications, the literature sug-
gests that having received a start-up subsidy decreases
the risk of exiting self-employment (Millán et al.
2012). In France, the microfinance sector benefits
from strong government support in the form of direct

or indirect subsidies (Bendig et al. 2014). Our paper
shows that necessity entrepreneurs are just as likely as
opportunity entrepreneurs to stay in business. Using a
simple cost-benefit computation, we moreover show
that most of the net expected capital losses can be
covered by expected interest returns and that the
expected cost of loan guarantee is low compared to the
welfare savings. From this perspective, the microfi-
nance sector, where necessity micro-entrepreneurs are
overrepresented, is worth subsidizing. However, our
results additionally show that despite equal chances
of surviving, necessity micro-entrepreneurs struggle
to face their financial commitments, most likely due
to the limited growth potential of their businesses
(Jaouen and Lasch 2015). The regulator should be
aware of this caveat when designing programs target-
ing necessity entrepreneurs. One way of tackling this
problem is by subsidizing business development ser-
vices (Bourlès and Cozarenco 2014) which can be
designed according to entrepreneurial motivation.

Owners of businesses that close might continue
to be self-employed in some other firm or become
paid employees, unemployed or inactive (Millán et al.
2012). Using a competing risk model, we could iden-
tify any potential difference in exit state between
opportunity and necessity entrepreneurs. One of the
limitations of our data set is the fact that we do not
observe the exit state when there is business closure.
If necessity entrepreneurs are just as likely as oppor-
tunity entrepreneurs to switch to paid employment,
subsidizing business start-ups through microfinance
makes perfect sense. Further research would be use-
ful to explore whether professional experience (human
capital) acquired through self-employment or the busi-
ness development services provided by most European
MFIs can lead to a stable wage-earning position in the
future.

Another limitation is that we observe entrepreneurial
motivation at the time of the survey, which coin-
cides with different stages in the respondents’ business
life-cycle. This is problematic, since entrepreneurs
are subject to dynamic motivations (Jayawarna et al.
2013). To get around this, we use an alternative mea-
sure of entrepreneurial motivation in the robustness
checks. A more rigorous way to deal with this limita-
tion would be to administer the survey at the time of
loan application. This procedure would also help con-
trol for selection bias (Heckman 1979) by using data
on rejected applicants from the MFI.
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Finally, survival models using the instrumental
variable technique could be implemented to control
for the endogeneity of entrepreneurial motivation. One
step in this direction is provided by Tchetgen Tchet-
gen et al. (2015). However, the technique is still in
development phase and would need adapting.
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