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PCA

As in CA and MCA, the total variance of the table is decomposed into proportions in PCA.

There is one minor terminological difference: the dimensions are called principal components.

For each component, the proportion of variance is obtained by dividing the squared standard deviation by the sum of the squared standard deviations.

reminder This is the kind of data that PCA accommodates. For this kind of analysis, the first two components should represent a cumulative percentage of variance that is far above 50%. The more dimensions there are in the input data table, the harder it will be to reach this percentage.

In PCA, the variables and the individuals and categories are plotted separately. The graph of variables serves as a guide to interpret the graph of individuals and categories. 
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This is due to the very large number of NP types that cooccur with the prepositions.
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Here is what the title of each plot means:

• with select="coord 20", only the labels of the twenty individuals that have the most extreme coordinates on the chosen dimensions are plotted; • with select="contrib 20", only the labels of the twenty individuals that have the highest contributions on the chosen dimensions are plotted; 2 • with select="cos2 5", only the labels of the five individuals that have the highest squared-cosine scores on the chosen dimensions are plotted; 3 • with select="dist 20", only the labels of the twenty individuals that are the farthest from the center of gravity of the cloud of data points are plotted.

2 The contribution is a measure of how much an individual contributes to the construction of a component.

3 The squared cosine (cos 2 ) is a measure of how well an individual is projected onto a component.

Multifactorial Exploratory Approaches

Guillaume Desagulier 

>

  plot.PCA(pca.object, select="coord 20") > plot.PCA(pca.object, select="contrib 20") > plot.PCA(pca.object, select="cos2 5") > plot.PCA(pca.object, select="dist 20") 

Table 1 :

 1 A sample data frame(Lacheret-Dujour et al. 2019) We make sure that the first two components are representative.

	corpus sample fPauses fOverlaps fFiller fProm fPI	fPA	subgenre	interactivity	planning type
	D0001	0.26	0.12	0.14	1.79	0.28 1.54 argumentation	interactive	semi-spontaneous
	D0002	0.42	0.11	0.10	1.80	0.33 1.75 argumentation	interactive	semi-spontaneous
	D0003	0.35	0.10	0.03	1.93	0.34 1.76	description	semi-interactive	spontaneous
	D0004	0.28	0.11	0.12	2.29	0.30 1.79	description	interactive	semi-spontaneous
	D0005	0.29	0.07	0.23	1.91	0.22 1.69	description	semi-interactive	spontaneous
	D0006	0.47	0.05	0.26	1.86	0.44 1.94 argumentation	interactive	semi-spontaneous
	. . .	. . .	. . .	. . .	. . .	. . .	. . .	. . .	. . .	. . .

A second kind of PCA is based on loadings (Baayen

2008, Sect. 5.1.1). Loadings are correlations between the original variables and the unit-scaled principal components. The two kinds of PCA are similar: both are meant to normalize the coordinates of the data points. The variant exemplified in this chapter is more flexible because it allows for the introduction of supplementary variables.

cas professionnels missions conseillers ouvriers