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The Solow model under localized technical change∗

Mehdi Senouci†

June 27, 2024

Abstract

Textbook growth models typically fail to account for the absence of global convergence in income per capita, for

the growth effects of the investment rate, and for the existence of large swings in the labor share over the medium run.

In this paper, I set a Solow model animated by a form of localized technical change. I assume that productivity growth

is an increasing function of the capital-output ratio. I prove that the model has a globally stable balanced growth path.

If technical change is locally biased, then the growth rate is a strictly increasing function of the saving rate, and the

labor share slowly tends to zero along any balanced growth path.

Keywords: Solow model, biased technical change, steady growth theorem, convergence, labor share.

JEL codes: O33, O40.

Introduction

Production is the process of turning inputs into output and is usually represented mathematically by a production

function, and technical change consists of an alteration of the production function. General equilibrium theory has

prompted economists to restrict to so-called ‘neoclassical production functions’, i.e. functions increasing in each ar-

gument, constant-returns-to-scale and concave. As a consequence, every form of technical change that turns one

neoclassical production function into another is also compatible with competitive equilibrium. However, textbook

models take quite a specific assumption according to which one so-called ‘core’ production function F is altered only

by factor-augmenting technical change, meaning that if date-t inputs are
�

X 1
t , . . . , X n

t

�

then realized production is

Yt = Ft

�

X 1
t , . . . , X n

t

�

= F
�

A1
t X 1

t , . . . , An
t X n

t

�

for some factor-specific productivity indexes
�

A1
t , . . . , An

t

�

. Of course, not all

alterations of production functions can be represented that way.

The benefits and costs of modeling technical change as factor-augmenting are well understood. Benefits include

(i ) theoretical consistency with competitive market equilibrium,1 (i i ) straightforward analytical treatment, (i i i ) com-

patibility with balanced growth under purely-labor-augmenting technical change,2 and (i v ) straightforward projec-

tion on national production data, assuming pure and perfect competition, through growth accounting (Solow (1956,

1957)).

∗This work was funded by the TECHNOFIRMS ANR grant. I am grateful to Chad Jones for bringing me to the economics of the convex hull. I

thank seminar participants at CEPS (ENS Paris–Saclay) as well as Jakob Growiec, Hubert Kempf, Vladimir Matveenko, Jonathan Temple and David

Weil for fruitful discussions, comments and suggestions. Any remaining errors are mine.
†Université Paris-Saclay/CentraleSupelec/Laboratoire Genie Industriel & RITM (contact: mehdi.senouci@centralesupelec.fr).
1If function

�

X 1, . . . , X n
�

7→ F
�

X 1, . . . , X n
�

is a neoclassical production function, then so is function
�

X 1, . . . , X n
�

7→ F
�

A1X 1, . . . , An X n
�

for any
�

A1, . . . , An
�

.
2A balanced growth path (BGP) is defined as a growth path where all real variables have constant growth rates.
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Costs include a certain lack of flexibility. For instance, in a two-input framework, any positive productivity-index

shock increases the marginal productivity of both inputs, although possibly unequally, making technical change un-

able to yield large redistributive consequences when modeled as factor-augmenting (Acemoglu (2010)). Furthermore,

within this framework, balanced growth requires technical change to be purely labor-augmenting,3 ruling out other

directions of technical change as incompatible with the Kaldor facts.4 The assumption of the existence of a fixed

core production function also entails a seemingly arbitrary dichotomy: Why wouldn’t technical change alter the core

production function itself?

In response to these limitations, some scholars have developed alternative views and models of technical change.

Some approaches remain within the traditional framework and assume that technical change somehow alters the core

production function. Thus, Blanchard (1997, p. 114), Zuleta (2008), Zuleta and Young (2013), Peretto and Seater (2013)

and Senouci (2014) assume that technical change alters the capital exponent of some Cobb-Douglas production func-

tion; and Kemnitz and Knoblach (2020) present a model where endogenous technical change alters the elasticity of

substitution of the core production function.5 While they provide new flexibility, these approaches to technical change

are most often incompatible with balanced growth.

Other scholars have developed a more sophisticated framework of production and technical change, the ‘task

model’,6 greatly expanding possible macroeconomic consequences of technical change and also able to bring deeper

understanding of its labor-market consequences. On the other hand, task models are typically significantly more com-

plex than factor-augmenting technical change models, making them hardly a substitute for the textbook framework.

In this paper, I generalize the canonical, purely labor-augmenting technical change framework into a localized

technical change approach. Specifically, I assume that the production function is altered by (exogenous) productivity

gains which are not uniform across input mixes. The production function remains strictly concave at all dates, and it

evolves through time in a way that cannot be represented by any form of factor-augmenting technical change. Con-

sistently with existing cross-country literature, I assume that productivity gains are increasing in the capital-output

ratio. I then set up a Solow model animated by localized technical change. It comes out that the model has a unique,

stable balanced growth path where the growth rate is increasing in the saving rate, and along which the labor share

slowly tends to zero.

Thus, technical change relatively localized at high-capital-output (or high capital-labor) ratio techniques accounts

for the absence of global convergence as well as with the robust correlation between the saving/investment rate and

income in cross-section.7

The rest of the paper is organized as follows. Section 1 presents our approach to localized technical change. Sec-

tion 2 sets a Solow model animated by localized technical change and derives the main results. Section 3 concludes.

3I.e., all productivity indexes to be constant except labor’s, see Robinson (1938), Uzawa (1961), Acemoglu (2003), and Jones and Scrim-

geour (2008).
4The factor-augmenting technical change framework has shown limits in the debate on the causes of the global decline of the labor share. For

instance, Karabarbounis and Neiman (2014) have argued that the decline of the labor share can be thought of as the consequence of productivity

growth within the investment-goods sector if capital and labor are strict substitutes at the macroeconomic level. This view has been widely dis-

missed on the ground that most empirical estimates of the elasticity of substitution fall significantly below unity (Chirinko (2008)). All in all, the

fall of the labor share and the stagnation of median real wages in the last decades in the US challenge the representation of technical change as

factor-augmenting.
5On the elasticity of substitution as an engine of growth, see also Klump and de La Grandville (2000). See Temple (2012) for a critique of modeling

technical change as directly affecting the elasticity of substitution.
6See, among others, Zeira (1998), Autor and Acemoglu (2011), Acemoglu and Restrepo (2018), and Growiec (2022).
7On the robust correlation between the investment rate and the growth rate, see De Long and Summers (1991, 1992), Levine and Renelt (1992).

Countless papers have investigated the positive growth effect of human capital accumulation (e.g. schooling).

2



Figure 1: How ft is obtained from functions f0 and λ.

1 A model of localized technical change

In this section, we call (Ft (·, ·))t≥0 some sequence of two-input neoclassical production function,8 and we call ft the

intensive-form production function corresponding to Ft .9

The labor-augmenting technical change (LATC) assumption is that there exists some sequence of positive numbers

At such that for all (K , L ), Ft (K , L ) = F0 (K , At L ). A natural generalization of this framework into a localized technical

change model consists in assuming that the state of technology at t cannot be summarized in one variable (At ), be-

cause productivity gains between dates 0 and t are uneven across the inputs-mix space. For example, productivity

gains might be higher at high capital-labor ratios.However, to specify Ft (K , L ) = F0

�

K , A
�

K
L , t

�

∗ L
�

for some function

A(·, t ) is too general a formula, as it might lead to non-neoclassical production functions. So, first, one wants to restrict

to patterns of localized productivity growth – i.e., functions A
�

K
L , t

�

– such that function (K , L ) 7→ F0

�

K , A
�

K
L , t

�

∗ L
�

is

a neoclassical function.

Then, we also want a specification that might lead to balanced growth. Jones and Scrimgeour (2008) have shown

that the capital-output ratio is constant along any balanced growth path with strictly positive gross investment; hence

we also want to assume that the rate of change of A
�

K
L , t

�

depends only on the capital-output ratio, or:

Ȧ
�

K
L , t

�

A
�

K
L , t

� =λ
�

K

Ft (K , L )

�

=λ
�

k

ft (k )

�

with k = K /L and whereλ(·) is some function representing localized technical change. Ifλ(·) is a constant, and only in

this case, the model lands back on the pure LATC framework. If function λ(·) is increasing, then productivity growth

is higher at higher capital-output ratios.

We can now set our definition of localized technical change. We will consider that the production function avail-

able at date t is given by formula:

∀k > 0,







ft (k ) = e
λ
�

k0
f0(k0)

�

t
f0 (k0)

where k
k0
= e

λ
�

k0
f0(k0)

�

t
(1)

8For all t ≥ 0, Ft is assumed to be a function of [0,+∞)× [0,∞[→ [0,∞), increasing in each argument, constant-returns-to-scale and concave.
9 ft is a function of [0,+∞)→ [0,∞), defined by: ∀k ≥ 0, ft (k ) = Ft (k , 1). ft is increasing and concave (see Moysan and Senouci (2016)).
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Figure 1 represents the construction of function ft from functions f0 and λ. For a given k > 0, to determine the

value of ft (k ) we first need to know what k0 is implicitly determined by the equation k
k0
= e

λ
�

k0
f0(k0)

�

t
. This k0 is the

‘ancestor’ capital-labor ratio of k as seen from date t . Then, ft (k ) is obtained by multiplying f0(k0) by the relevant

growth rate between dates 0 and t, which is e
λ
�

k0
f0(k0)

�

t
.

The equation k
k0
= e

λ
�

k0
f0(k0)

�

t
might not have a closed-form solution, hence ft (k )might not have an analytical for-

mula. However, the mathematical treatment of implicit functions still permit to manipulate function ft .

We will assume that for all t , function ft defined by equation (1) is a neoclassical production function. This prop-

erty is satisfied in a simple case, as we now prove:

Proposition 1. If function f0(·) has everywhere an elasticity of substitution less than or equal to one, and if function λ(·)
is of the form λ

�

k
y

�

= ḡ +θ ln
�

k
y

�

where ḡ is a constant and θ is a strictly positive constant; then function ft (·) defined

in equation (1) is an intensive-form neoclassical production function.

Proof. • Log-differentiating equation k
k0
= e

λ
�

k0
f0(k0)

�

t
with respect to k yields:

∀k , ln k = ln k0+λ
�

k0

f0(k0)

�

t =⇒
1

k
=
∂ k0

∂ k

 

1

k0
+

f0(k0)−k0 f ′0 (k0)
�

f0(k0)
�2 λ′

�

k0

f0 (k0)

�

t

!

(2)

Hence:
∂ k0

∂ k
=

k0

k

1

θ t (1−α0(k0)) +1
(3)

where α0(k0) =
k0 f ′0 (k0)

f0(k0)
∈ (0, 1). Remark that ∂ k0

∂ k > 0.

• We now log-differentiate the formula for ft in (1) and integrate equation (2):

∀k , ln ft (k ) =λ
�

k0

f0(k0)

�

t + ln f0(k0) =⇒
f ′t (k )
ft (k )

=
∂ k0

∂ k

 

f0(k0)−k0 f ′0 (k0)
�

f0(k0)
�2 λ′

�

k0

f0 (k0)

�

t +
f ′0 (k0)
f0(k0)

!

(4)

This proves that f ′t (k )> 0 for all k > 0. Using equation (3), the formula for function λ(·) yields:

f ′t (k ) =
ft (k )

k

θ t (1−α0(k0))+α0(k0)
θ t (1−α0(k0)) +1

(5)

• The definition of the elasticity of substitution associated to f0 is: σ0(k0) = −
f ′0 ( f0−k0 f ′0 )

k0 f0 f ′′0
(k0). Log-differentiating

α0(k0)with respect to k0 yields:
1

α0

∂ α0

∂ k0
=

1

k0
+

f ′′0 (k0)
f ′0 (k0)

−
f ′0 (k0)
f0(k0)

Dropping the arguments of functions α0(k0) andσ0(k0), this last equation reduces to:

∂ α0

∂ k0
=
α0(1−α0)

k0

σ0−1

σ0
(6)

• Log-differentiating equation (5) with respect to k gives:

f ′′t (k )
f ′t (k )

=
f ′t (k )
ft (k )

−
1

k
+
(1−θ t ) ∂ α0

∂ k0

∂ k0
∂ k

θ t (1−α0) +α0
−
−θ t ∂ α0

∂ k0

∂ k0
∂ k

θ t (1−α0) +1

Incorporating equations (3) and (6) proves that:

f ′′t (k )
f ′t (k )

=−
1

k

1−α0

θ t (1−α0) +1
+

1

k

σ0−1

σ0

α0(1−α0)

(θ t (1−α0) +1)2 (θ t (1−α0) +α0)
(7)

The first term is strictly negative. If 0<σ0 ≤ 1, the second term is negative, and so f ′′t (k )< 0 for all k > 0.10
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Figure 2: f0, f1, f5 and f10 for f0(k ) =
�

2
3 +

1
3 k

σ0−1
σ0

�

σ0
σ0−1

forσ0 = 0.2, and with λ
�

k
y

�

= 0.01+0.02 ln k
y .

Proposition 1 proves that one can consistently think about exogenous, steady, localized technical change, while

keeping the production function neoclassical. Figure 2 displays successive production functions obtained by this

method.

2 A Solow model animated by high-k technical change

2.1 Setup

In this section, we set a Solow model where the production function evolves through steady, localized technical change

process. We consider the following model:











yt = ft (kt )

k̇t = s yt − (δ+n )kt

k0 given

(8)

where ft (·) is given by equation (1) for some functions f0(·) andλ(·). We assume that ft (·) is continuously differentiable,

strictly increasing and strictly concave for all t ≥ 0. s ∈ (0, 1], δ > 0 and n > 0 respectively stand for the investment rate,

the instantaneous capital depreciation rate and the population growth rate. This version of the Solow model diverges

from the textbook one only insofar as productivity gains are not uniform across the input mix space.

We now make an important assumption regarding function λ(·).

Assumption 1. λ(·) is increasing, i.e. λ′(x )≥ 0 for all x > 0.

Assumption 1 requires that productivity growth be higher or equal at higher capital-labor ratios, at all dates. This

10Remark that one can easily obtain a formula for the elasticity of substitution of ft from equations (5) and (7). All simplifications done, we obtain:

∀k > 0, σt (k ) =−
f ′t
�

ft −k f ′t
�

k ft f ′′t
(k ) =

�

1−
σ0 −1

σ0

α0

(θ t (1−α0) +1) (θ t (1−α0) +α0)
(k0)

�−1

where k0 is implicitly determined by equation k = k0e
λ
�

k0
f0 (k0 )

�

t
. So if f0 has an elasticity of substitution everywhere < 1, then ft has an elasticity of

substitution everywhere < 1.
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assumption is in line with existing empirical literature11 and is also taken by Basu and Weil (1998), who argue that “we

(...) assume that A∗ increases with K , which captures the idea that technologies have increasingly high potential at

higher levels of development: the maglev train can be improved more than the oxcart” (p.1030). It is also a theoretical

necessity: if λ is locally strictly decreasing somewhere, then after some date τ the production functions defined in (1)

would be strictly decreasing over some interval; hence productivity growth cannot steadily be strictly higher at lower

capital-output ratios.

2.2 Dynamics of k and y

We now investigate the existence of a BGP and its stability in this model. Consider the capital-output ratio xt =
kt
yt

.

Dropping time subscripts, x evolves according to equation:

ẋ

x
=

k̇

k
−

ẏ

y
=

s

x
− (δ+n )−

ẏ

y
(9)

The temporal variations of y are caused by productivity growth and capital accumulation. Considering some small

time interval [t , t +dt ], we have:

yt+dt =
�

1+λ
�

kt

yt

�

dt
�

yt +
�

kt+dt −
�

1+λ
�

kt

yt

�

dt
�

kt

�

f ′t+dt (kt+dt )

Hence:
yt+dt − yt

yt
≡

ẏ

y
=λ

�

kt

yt

�

+

�

k̇

k
−λ

�

kt

yt

�

�

kt f ′t+dt (kt+dt )

yt

At the first order, f ′t+dt (kt+dt ) = f ′t (kt ); so the dynamics of y can be summarized by:

ẏ

y
=λ (x ) +

h s

x
−δ−n −λ (x )

i

α (10)

where α=αt =
kt f ′t (kt )

yt
.

Equations (9) and (10) lead to a non-autonomous differential equation in x :

ẋ = (1−α)x
� s

x
−δ−n −λ(x )

�

(11)

I can now state the main theoretical result on this model:

Theorem 1. Let x ∗ > 0 be the solution to equation: s
x −δ−n −λ(x ) = 0.

– There exists a unique BGP, where kt
yt

is constant at x ∗, and where kt and yt both grow at the constant rate λ (x ∗);

– For any initial condition k0, the growth rates of k and y both tend to λ (x ∗) as time tends to infinity.

Proof.

– If x is constant at x ∗, then k̇
k is constant at gk =

s
x ∗ − δ − n = λ (x ∗). Equation (10) proves that ẏ

y is constant

at g y = λ (x ∗) = gk . Hence, there exists a BGP where k and y grow at the constant rate λ (x ∗), and where the

capital-output ratio is constant at x ∗.

11One strand of empirical literature has employed Data Envelopment Analyses (DEAs) to investigate the dynamics of the world production fron-

tier. Kumar and Russell (2002), with a database of 57 countries between 1965 and 1990, found that productivity growth was significantly higher in

richer countries. Henderson and Russell (2005) and Jerzmanowski (2007) share this conclusion. Allen (2012), with 17 countries over 1820-1990,

argues that productivity growth was localized at relatively high capital-labor ratios in the last two centuries.

The empirical results in Acemoglu and Zilibotti (2001), Caselli and Coleman (2006) can be interpreted as evidence of technical change biased

towards high-human-capital techniques. Sunde et al. (2021) find that patience strongly correlates with income per capita at different levels of

aggregation, with the elasticity rising with the level of aggregation. This finding (which the authors attribute to a human capital externality) is also

consistent with high-human-capital technical change.
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Figure 3: The joint determination of the capital-output ratio and the growth rate along the BGP.

– Since λ(·) is increasing, function x 7→ x
�

s
x −δ−n −λ(x )

�

is strictly decreasing; strictly positive for x < x ∗ and

strictly negative for x > x ∗. Hence, for any initial condition, equation (11) proves that xt
t→∞−−−→ x ∗. Because

k̇
k =

s
x −δ−n , k̇

k
t→∞−−−→λ (x ∗). Equation (10) proves that ẏ

y
t→∞−−−→λ (x ∗).

So k and y behave essentially like in a textbook Solow model animated by labor-augmenting technical change,

except that their common growth rate along a BGP is an equilibrium variable determined jointly with the capital-

output ratio. A sufficient condition for a globally stable BGP to emerge is that λ is increasing, i.e. that at each date

productivity growth is higher at higher capital-labor ratios. The capital-output ratio x ∗ and the growth rate λ (x ∗) are

both increasing in s and decreasing in n +δ. In the case where λ is locally constant around x ∗, the parameters do not

influence the growth rate (like in the textbook model). Figure 3 represents the joint determination of the BGP growth

rate and capital-output ratio.

2.3 Dynamics of the factor shares over the BGP

I now turn to another aspect of the model: the behavior of the capital and labor shares along a BGP. Unlike labor-

augmenting technical change, localized technical change distorts the production function across time, hence the fac-

tor shares might not behave like in the textbook model.

Theorem 2. Let’s assume that the initial condition k0 is such that the economy is on its BGP starting at date 0, i.e.

x ∗ = k0/ f0(k0).

– If λ′ (x ∗)> 0, then αt
t→∞−−−→ 1;

– If λ′ (x ∗) = 0, then αt =α0 for all t ≥ 0.

Proof. Along the BGP, kt = k ∗t = k0e λ(x
∗)t and yt = y ∗t = f0(k0)e λ(x

∗)t . Hence, the date-0 ancestor capital-labor ratio of

k ∗t is k0 for all t > 0. Using equations (2) and(4), the capital share at date t along the BGP can be expressed as:

αt ≡
k ∗t f ′t

�

k ∗t
�

k ∗t
=
(1−α0)x ∗λ′ (x ∗) t +α0

(1−α0)x ∗λ′ (x ∗) t +1
(12)

This quantity tends to 1 as time tends to infinity if and only if λ′ (x ∗)> 0. If λ′ (x ∗) = 0, αt is constant at α0.
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Thus, factor shares do have a trend along the BGP in this model if and only if technological change is locally biased,

i.e. if λ′ (x ∗) > 0. In this case, technical change gradually increases the slope of the production function (i.e. the

marginal productivity of capital) which converges to the inverse of the capital-output ratio. In the case where λ′ (x ∗) =

0, the model behaves locally like a Solow model animated by labor-augmenting technical change, and the factor shares

along a BGP are constants that depend only on the shape of f0.

3 Conclusion

The idea that technical change is localized rather than uniform across input mixes dates back to Atkinson and Stiglitz (1969).

In this paper, I have set and solved a Solow model animated by a new form of technical change, whereby productivity

gains are higher at higher capital-labor ratios (or capital-output ratios). To the best of my knowledge, this is the first

attempt to represent localized technical change into a simple, neoclassical growth model with exogenous technical

change.

It comes out that this model has a stable BGP and complies with the first, second and fourth Kaldor (1961) facts.

The saving/investment rate has positive growth effects over real GDP per capita, and not only level effects, despite the

production function being strictly concave at each date, hence it also reproduces the sixth fact, contrary to textbook

growth models. It predicts a rise in the marginal product of capital and a decrease in the labor share along a BGP if and

only if technical change is locally biased. If productivity gains are assumed to be constant above some capital-output

threshold, the model reproduces the six stylized facts as well as the existence of convergence clubs.

The approach to technical change presented in this paper generalizes the textbook, purely labor-augmenting tech-

nical change framework. It pertains to the literature on local vs. global production functions.12 By assuming steady

and non-uniform technical change at the local production function level, a simple Solow model gains enough flexi-

bility to account for the absence of global non-convergence.

References

[1] D. ACEMOGLU (2003) “Labor- and Capital-Augmenting Technical Change,” Journal of the European Economic As-

sociation, Vol. 1, No. 1 (Mar.), pp. 1–37.

[2] D. ACEMOGLU (2010) “When Does Labor Scarcity Encourage Innovation?,” Journal of Political Economy, Vol. 118,

No. 6 (Dec.), pp. 1037–1078.

[3] D. ACEMOGLU and P. RESTREPO (2018) “The Race between Man and Machine: Implications of Technology for

Growth, Factor Shares, and Employment,” American Economic Review, Vol. 108, No. 6 (Jun.), pp. 1488–1542.

[4] D. ACEMOGLU and F. ZILIBOTTI (2001) “Productivity Differences,” Quarterly Journal of Economics, Vol. 116, No. 2

(May), pp. 563–606.

[5] R C. ALLEN (2012)“Technology and the Great Divergence: Global Economic Development Since 1820,” Explo-

rations in Economic History, Vol. 49, No. 1 (Jan.), pp. 1–16.

[6] A. B. ATKINSON and J. E. STIGLITZ (1969) “A New View of Technological Change,” Economic Journal, Vol. 79, No.

315 (Sep.), pp. 573–578.

[7] D. AUTOR and D. ACEMOGLU (2011) “Skills, Tasks and Technologies: Implications for Employment and Earnings,”

In Handbook of Labor Economics, Vol. 4B (O. Ashenfelter D. Card, eds.), pp. 1043–1171; Amsterdam: Elsevier.

[8] S. BASU and D. N. WEIL (1998) “Appropriate Technology and Growth”, Quarterly Journal of Economics, Vol. 113,

No. 4 (Nov.), pp. 1025-1054.

12See, among others, Jones (2005) and Growiec (2018).

8



[9] O. J. BLANCHARD (1997) “The Medium Run,” Brookings Papers on Economic Activity, Vol. 28, No. 2, pp. 89–158.

[10] F. CASELLI and W. J. COLEMAN (2006) “The World Technology Frontier,” American Economic Review, Vol. 96, No. 3

(Jun.), pp. 499–522.

[11] R. S. CHIRINKO (2008) “σ: The Long and Short of It,” Journal of Macroeconomics,, Vol. 30, No. 2 (Jun.), pp. 671–686.

30, 671-686.

[12] J. B. DELONG and L. H. SUMMERS (1991) “Equipment Investment and Economic Growth” Quarterly Journal of

Economics, Vol. 106, No. 2 (May), pp. 445–502.

[13] J. B. DELONG and L. H. SUMMERS (1992) “Equipment Investment and Economic Growth: How Strong Is the

Nexus?” Brookings Papers on Economic Activity, Vol. 23, No. 2, pp. 157–211.

[14] J. GROWIEC (2018) “Factor-Specific Technology Choice,” Journal of Mathematical Economics, Vol. 77 (Aug.), pp. 1–

14.

[15] J. GROWIEC (2022) “Automation, Partial and Full,” Macroeconomic Dynamics, Vol. 26, No. 7 (Oct.), pp. 1731–1755.

[16] D. J. HENDERSON and R. R.RUSSELL (2005) “Human Capital and Convergence: A Production-Frontier Approach,”

International Economic Review, Vol. 46, No. 4 (Nov.),pp. 1167–1205.

[17] M. JERMANOWSKI (2007) “Total Factor Productivity Differences: Appropriate Technology vs. Efficiency,” European

Economic Review, Vol. 51, No. 8 (Nov.), pp. 2080–2110.

[18] C. I. JONES (2005) “The Shape of the Production Function and the Direction of Technical Change,” Quarterly

Journal of Economics, Vol. 120, No. 2 (May), pp. 517–549.

[19] C. I. JONES and D. SCRIMGEOUR (2008) “A New Proof of Uzawa’s Steady-State Growth Theorem,” Review of Eco-

nomics and Statistics, Vol. 90, No. 1 (Feb.), pp. 180–182.

[20] N. KALDOR (1961) “Capital Accumulation and Economic Growth,” in The Theory of Capital (F. A. Lutz & D. C.

Hague, eds.); London: Macmillan, New York: St. Martin’s.

[21] L. KARABARBOUNIS and B. NEIMAN (2014) “The Global Decline of the Labor Share,” Quarterly Journal of Eco-

nomics, Vol. 129, No. 1 (Feb.), pp. 61–103.

[22] A. KEMNITZ and M. KNOBLACH (2020) “Endogenous sigma-augmenting technological change: An R&D-based

approach,” CEPIE Working Papers 02/20, Technische Universität Dresden, Center of Public and International

Economics (CEPIE).

[23] R. KLUMP and O. DE LA GRANDVILLE (2000) “Economic Growth and the Elasticity of Substitution: Two Theorems

and Some Suggestions,” American Economic Review, Vol. 90, No. 1 (Mar.), pp. 282–291.

[24] S. KUMAR and R. R. RUSSELL (2002) “Technological Change, Technological Catch-up, and Capital Deepening:

Relative Contributions to Growth and Convergence,” American Economic Review,, Vol. 92, No. 3 (Jun.), pp. 527–

548.

[25] R. LEVINE and D. RENELT (1992) “A Sensitivity Analysis of Cross-Country Growth Regressions,” American Economic

Review,, Vol. 82, No. 4 (Sep.), pp. 942–963.

[26] G. MOYSAN and M. SENOUCI (2016) “A Note on 2-input Production Functions,” Journal of Mathematical Eco-

nomics, Vol. 67 (Dec.), pp. 80–86.

[27] P. F. PERETTO and J. J. SEATER (2013) “Factor-Eliminating Technical Change,” Journal of Monetary Economics, Vol.

60, No. 4 (May), pp. 459–473.

[28] J. ROBINSON (1938) “The Classification of Inventions,” Review of Economic Studies, Vol. 5, No. 2 (Feb.), pp. 139–

142.

9



[29] M. SENOUCI (2014) “The Habakkuk hypothesis in a neoclassical framework,” HAL working paper No. 01206032.

[30] R. M. SOLOW (1956) “A Contribution to the Theory of Economic Growth,” Quarterly Journal of Economics, Vol. 70,

No. 1. (Feb.), pp. 65–94.

[31] R. M. SOLOW (1957) “Technical Change and the Aggregate Production Function,” Review of Economics and Statis-

tics, Vol. 39, No. 3 (Aug.), pp. 312–320.

[32] U. SUNDE, T. DOHMEN, B. ENKE, A. FALK, D. HUFFMAN and G. MEYERHEIM (2021) “Patience and Comparative

Development,” Review of Economic Studies, Vol. 89, No. 5 (Oct.), pp.2806–2840.

[33] J. TEMPLE (2012) “The Calibration of CES Production Functions,” Journal of Macroeconomics, Vol. 34, No. 2 (Jun.),

pp. 294–303.

[34] H. UZAWA (1961) “Neutral Inventions and the Stability of Growth Equilibrium,” Review of Economic Studies,

Vol. 28, No. 2 (Feb.), pp. 117–124.

[35] J. ZEIRA (1998) “Workers, Machines, and Economic Growth,” Quarterly Journal of Economics, Vol. 113, No. 4 (Nov.),

pp. 1091–1117.

[36] H. ZULETA (2008) “Factor Saving Innovations and Factors Income Shares,” Review of Economic Dynamics, Vol. 11,

No. 4 (Oct.), pp. 836–851.

[37] H. ZULETA and A. T. YOUNG (2013) “Labor Shares in a Model of Induced Innovation,” Structural Change and Eco-

nomic Dynamics, Vol. 24 (Mar.), pp. 112–122.

10


	A model of localized technical change
	A Solow model animated by high-k technical change
	Setup
	Dynamics of k and y
	Dynamics of the factor shares over the BGP

	Conclusion
	References

