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Nous cherchons à savoir si la finance influence l'impact des institutions du marché du travail sur le chômage. A partir d'un échantillon de 18 pays de l'OCDE entre 1980 et 2004, nous estimons un modèle VAR en panel. Nous vérifions si les causalités des variables du marché du travail (niveau de réglementation, densité syndicale, degré de coordination des négociations salariales) vers le chômage sont affectées par l'introduction dans l'estimation de variables financières (capitalisation du marché des actions, crédit intermédié, concentration bancaire). En Australie, en Belgique, en Italie, au Japon et en Espagne, la prise en compte de facteurs financiers diminue le bénéfice de la flexibilisation du marché du travail ou la rend néfaste à l'emploi. En Autriche, au Canada, en Finlande et au Portugal, les variables financières diminuent ses effects négatifs ou la rendent bénéfique pour l'emploi. En Irlande et aux Pays-Bas, les deux effets prévalent, selon l'institution du marché du travail étudiée.

Introduction

The dramatic increase in unemployment rates due to the recent financial crisis in a large number of countries provides an additional clue that finance significantly affects employment performance. According to the new-Keynesian view, imperfections within the financial system (such as adjustment costs and information asymmetries) play a crucial role in firms' labour demand and in employment fluctuations. [START_REF] Greenwald | Financial market imperfection and business cycles[END_REF] and [START_REF] Arnold | Financial market imperfections, labour market imperfections and business cycles[END_REF] show that financial constraints induced by information asymmetries make firms' labour demand dependent on their balance-sheet position. As a consequence, employment fluctuates according to the financial pressures that firms face. These theoretical arguments are confirmed by firm-level econometric investigations. [START_REF] Sharpe | Financial market imperfections, firm leverage and the cyclicity of employment[END_REF] documents that the sensitivity of American firms' labour demand to sales increases with their leverage ratio. Using a set of British firms, [START_REF] Nickell | Employment determination in British industry: Investigation using micro-data[END_REF] show that employment decreases with firms' leverage ratio and increases with their market capitalization while [START_REF] Nickell | How does financial pressure affect firms?[END_REF] establish that employment falls with the ratio of interest payment to cash-flow. Moreover, [START_REF] Caggese | Financing constraint and fixed-term employment contract[END_REF] obtain that financial constraints influence firms' employment policy and the mix between permanent and temporary employment. Finally, [START_REF] Acemoglu | Credit market imperfections and persistent unemployment[END_REF] examines how financial factors affect employment through their impact on firms' creation. Financial constraint harms employment because it hinders the emergence of new innovating firms, which create jobs. The author observes that, since the 60's, the employment rates of firms dependent on external finance has been higher in Europe than in the United States, arguing that this is due to the stronger regulation of European financial systems1 .

Financial factors are not the only drivers of unemployment. A large literature pays particular attention to labour market institutions as crucial determinants of employment performance. In [START_REF] Nickell | Unemployment and labour market rigidities: Europe versus North America[END_REF], [START_REF] Siebert | Labour market rigidities: At the root of unemployment in Europe[END_REF] and [START_REF] Layard | Labour market institutions and economic performance[END_REF], strong labour market regulation, unemployment protection, wage taxation and union action are considered as factors of rigidity and unemployment2 . Moreover, interactions among labour market arrangements are also shown to affect employment performance [START_REF] Nickell | Beveridge Curve, Unemployment and Wages in the OECD from the 60s to the 90s[END_REF], [START_REF] Nickell | Unemployment in the OECD. What do we know?[END_REF]) 3 .

These contributions on the determinants of unemployment have been recently enriched by fruitful developments which point out the existence of complex interactions between financial factors and labour market institutions. Beyond their effect on the design of the political system [START_REF] Pagano | The political economy of corporate governance[END_REF]), the nature of the legal framework [START_REF] Ergrungor | Market-vs. bank-based financial systems: Do rights and regulations really matter?[END_REF], [START_REF] Botero | The regulation of labour[END_REF]) or the distribution of financial wealth (Perroti & Von Thadden (2006)), interactions between finance and labour market arrangements also influence job creation.

First, labour market devices are not neutral with respect to the way finance affects unemployment. While theoretical models by [START_REF] Rendon | Job creation under liquidity constraints: The Spanish case[END_REF] and [START_REF] Belke | Institutions and structural unemployment: Do capital market imperfections matter?[END_REF] conclude that weaker labour market institutions mitigate the favourable effect of financial development on employment, [START_REF] Koskela | Profit sharing, credit market imperfections and equilibrium unemployment[END_REF] obtain that they amplify the positive effect of intensified banking competition. Using a data set of 18 OECD countries between 1980and 2004[START_REF] Gatti | Unemployment and finance: how do financial and labour market factors interact?[END_REF] propose an empirical investigation of these issues. They establish that increased market capitalization as well as decreased banking concentration reduce unemployment if the level of labour market regulation, union density and coordination in wage bargaining is low. Moreover, increasing intermediated credit and banking concentration is beneficial for employment when the degree of labour market regulation, union density and wage coordination is high.

Symmetrically, financial factors also influence the relationship between labour market arrangements and unemployment. On the one hand, [START_REF] Rendon | Job creation under liquidity constraints: The Spanish case[END_REF] obtains that financial development reduces the positive effect of labour market flexibilization on employment performance. On the other hand, [START_REF] Wasmer | The macroconomics of labour and credit market imperfections[END_REF] find that fiercer competition in the credit market may exacerbate it. Conducting dynamic panel estimations, Gatti & al. (2011) do not provide strong evidence supporting any of these theoretical predictions. But conclusions may be different in a countryspecific framework. For instance, finance may mitigate the effect of labour market flexibilization in some countries while it may exacerbate it in some others.

The goal of this paper is precisely to examine this issue by testing for Granger-causalities from labour market variables to unemployment in order to check whether these causalities are affected by financial variables for each country of the sample. We estimate a panel Vector AutoRegressive (VAR) model using the same data as Gatti & al. (2011). We implement the panel-data approach of [START_REF] Kónya | Exports and growth: Granger-causality analysis on OECD countries with a panel approach[END_REF], based on Seemingly Unrelated Regressions (SUR) system and Wald tests with country specific bootstrap critical values. In the specific framework we use, we allow for crosscountry correlation, without the need of pretesting for unit roots and cointegration (as in [START_REF] Phillips | Fully modified least squares and vector autoregression[END_REF]).

The paper is organized as follows. Section 2 presents the theoretical and empirical background of our study. Section 3 is devoted to the econometric investigation. Section 4 proposes some extensions to our analysis. Section 5 concludes.

Theoretical and empirical background

In this section, we present the theoretical and empirical background of our investigation.

Theoretical literature

Rendon ( 2001) provides a theoretical model where labour market flexibilization, through a reduction in adjustment costs (i.e., firing and hiring costs) fosters job creation. Financial development also promotes employment. As their access to external finance is improved, firms can more easily finance labour adjustment costs. Their hiring policy thus becomes less dependent on internal resources and they adjust their employment level more rapidly. Consequently, when the level of financial development is high, removing labour market adjustment costs has weak effect on employment since firing or hiring costs can be financed by security issuance. On the contrary, if financial development is low, labour market flexibilization becomes particularly effective since firms' ability to finance labour market adjustement costs is reduced. [START_REF] Wasmer | The macroconomics of labour and credit market imperfections[END_REF] concentrate on the effect of credit market concentration. Lower competition in labour and/or credit markets reduces markets' liquidity and agents' matching costs. Firms and workers match less easily on the labour market, as well as firms and banks on the credit market, yielding negative effects on employment. The model exhibits general-equilibrium interactions between credit and labour markets. More frictions in the credit market reduces the number of lenders such that it becomes more difficult for firms to match with a funder. This discourages the entry of firms, which in turn makes it less likely for workers to get a job. The detrimental effect of increased liquidity in the labour market is thus exacerbated by imperfections in the credit market.

The theoretical literature thus shows that finance is not neutral as regards the way labour market institutions affect employment performance. The goal of this paper is to check the empirical relevance of this view.

Empirical literature

Using annual firm-level data for 10 European countries over the period [START_REF] Sharpe | Financial market imperfections, firm leverage and the cyclicity of employment[END_REF]-2000[START_REF] Calcagnini | Financial and labor market imperfections and investment[END_REF] investigate how interactions between financial and labour market factors affect investment. Using the system Generalized Method of Moments (GMM) to estimate a dynamic panel-data model, in which the investment ratio is explained by the level of firm liquidity, the intensity of labour market regulation as well as a term that captures interactions between both variables. They find that the liquidity ratio has a positive impact on firms' investment while the degree of labour market regulation has a negative impact. More interestingly, the sign of the coefficient for the interaction between capital and labour market variables appears significant and negative. The authors then conclude that interactions among both financial and labour market imperfections contribute to lower investment. However, the paper does not provide any clear evidence as regards the way interactions between financial and labour market variables affect employment performance.

This issue of unemployment is explicitly explored by Gatti & al. (2011). On a sample of 18 OECD countries over the period 1980-2004, they also resort to GMM techniques. The level of unemployment is explained by financial variables (stock market capitalization, intermediated credit and banking concentration), labour market factors (labour market regulation, union density and coordination in wage bargaining) as well as a term that captures interactions between both financial and labour market variables. They show that the impact of financial variables on unemployment strongly depends on the labour market context. More especially, increased market capitalization and reduced banking concentration curb unemployment if the level of labour market regulation, union density and coordination in wage bargaining is low. Moreover, raising intermediated credit and banking concentration promotes employment when the degree of labour market regulation, union density and wage coordination is high. However, the effect of labour variables turns out to be weakly affected by financial factors. Then, Gatti & al. (2011) test for Granger-causalities from financial factors to unemployment for each country of their data set. Their panel VAR approach confirms their GMM results. No causality appears from financial variables to unemployment when the labour market context in not taken into account. However, when labour market devices are accounted for, the paper documents significant causalities from financial variables to unemployment in many countries of the data set. Moreover, the signs of causalities are mainly consistent with GMM results. But the authors do not investigate Granger-causalities from labour market institutions to unemployment nor whether they could be affected by financial indicators.

The goal of our paper is to fill this gap. Panel VAR estimations should allow us to refine the findings obtained by Gatti & al. (2011) using GMM techniques: while financial factors do not influence the relationship between labour market institutions and unemployment from an aggregate point of view, they may have an impact when adopting a country-specific approach.

Econometric investigation

This section is devoted to the econometric analysis. The first subsection focuses on data and the econometric methodology while the second subsection presents our results.

Data and econometric methodology

Following Gatti & al. (2011), we use a panel that includes annual data for 18 OECD countries (Australia, Austria, Belgium, Canada, Denmark, Finland, France, Germany, Ireland, Italy, Japan, Netherlands, Norway, Portugal, Spain, Sweden, United Kingdom and United States) which covers the period 1980-2004.

To conduct our panel VAR analysis, we consider three categories of variables. First, U is the standardized rate of unemployment taken from the OECD.

Second, LAB is a set of five variables accounting for labour market institutions. LM R is the measure of employment protection legislation built by Amable, Demmou & Gatti (2011) 4 . It is a time-series variable between 0 (for the lowest level of employment protection) to 3 (for the highest level of protection). COORD evaluates the degree of coordination in wage bargaining. Taken from [START_REF] Nickell | Unemployment in the OECD. What do we know?[END_REF], this variable ranges from 0 to 3 with higher scores corresponding to higher coordination. U N ION is the degree of union density, calculated by the OECD as the proportion of union members among workers. In Section 4, we extent our analysis to two additional LAB variables, both provided by the OECD. The first one, denoted W EDGE, stands for the tax wedge while the second one, REP LACE, measures the replacement rate for unemployment benefit respectively. The higher these five indicators, the tighter labour market institutions.

Finally, F IN denotes a set of three financial indicators, all taken from the Demircüç-Kunt & Levine (2001) data set. The two first variables account for financial development. CAP I is a ratio of stock market capitalization to GDP. CREDIT is a ratio of intermediated credit, measured by the claims to the private sector by financial intermediaries (deposit money banks, insurance companies, private pensions, pooled investment schemes and development banks) to GDP. The third indicator, CON C, measures the degree of concentration of the banking sector. It is defined as the ratio of the three largest banks' asset to total banking sector assets. Note that this ratio is only available over the period 1990-2004. The list of these variables is reported in Table A.1 in Appendix. Table A.2, also included in Appendix, provides summary statistics for each of them.

Our approach consists in testing for Granger-causalities from labour market variables (LAB) to unemployment (U ). Our goal is to explore whether (and how) these causalities are affected by financial variables (F IN ) for each country of our data set. To do this, we use the recent bootstrap panel causality test developed by [START_REF] Kónya | Exports and growth: Granger-causality analysis on OECD countries with a panel approach[END_REF], which is based on the following bivariate (here composed of unemployment, U and one labour market indicator, LAB) or trivariate (here U , LAB and one financial indicator F IN ) finite-order vector autoregressive models, with the variables taken in level:

           U i,t = α 1,i + p1 j=1 β 1,i,j U i,t-j + p2 j=1 γ 1,i,j LAB i,t-j + ε 1,i,t t = 1, ..., T i = 1, ..., N (1a) (1) LAB it = α 2,i + p1 j=1 β 2,i,j U i,t-j + p2 j=1 γ 2,i,j LAB i,t-j + ε 2,i,t t = 1, ..., T i = 1, ..., N (1b) and            U i,t = α 1,i + p1 j=1 β 1,i,j U i,t-j + p2 j=1 γ 1,i,j LAB i,t-j + p3 j=1 η 1,i,j F IN i,t-j + ε 1,i,t t = 1, ..., T i = 1, ..., N (2a) (2) LAB i,t = α 2,i + p1 j=1 β 2,i,j U i,t-j + p2 j=1 γ 2,i,j LAB i,t-j + p3 j=1 η 2,i,j F IN i,t-j + ε 2,i,t t = 1, ..., T i = 1, ..., N (2b)
, where the index i (i = 1, ..., N ) is the country, the index t (t = 1, ..., T ) the period, j the lag, and p 1i , p 2i , p 3i the longest lags in the system. The error terms ε 1,i,t , and ε 2,i,t are supposed to be white-noise and may be correlated with each other for a given country.

Systems (1) and ( 2) are estimated by the Seemingly Unrelated Regressions (SUR) procedure (since possible links may exist among individual regressions via contemporaneous correlation within equations ( 1a) and (1b) of system (1); and within equations ( 2a) and (2b) of system (2)). Then Wald tests for Granger-causality are performed with country specific bootstrap critical values generated by simulations. With respect to system (1) for instance, in country i there exists a one-way Granger-causality running from LAB to U if in the first equation, not all γ 1,i are zero but in the second, all β 2,i are zero; there is a one-way Granger-causality from U to LAB if in the first equation, all are γ 1,i zero but in the second, not all β 2,i are zero; there is a two-way Granger-causality between U to LAB if neither all γ 1,i nor all β 2,i are zero; and there is no Granger-causality between U to LAB if all γ 1,i and β 2,i are zero 5 . This procedure has several advantages. Firstly, it does not assume that the panel is homogeneous, so that it allows to test for Granger-causality on each individual panel member separately. However, since contemporaneous correlation is allowed across countries, it makes it possible to exploit the extra information provided by the panel data setting and therefore country-specific bootstrap critical values are generated. Secondly, this panel approach generalises the methodology developed by [START_REF] Phillips | Fully modified least squares and vector autoregression[END_REF] 6 that tests for non-causality in level VARs. In a time-series context, it does not require pretesting for unit roots and cointegration, though it still requires the specification of the lag structure (which is determined here using the Akaike Information Criterion (AIC) and the Schwarz Information Criterion (SIC)). This is an important feature since unit-root and cointegration tests generally suffer from low power, and different tests often lead to contradictory outcomes. Thirdly, this panel Granger-causality approach allows to detect for how many and for which members of the panel there exists a one-way Granger-causality, a two-way Granger-causality or no Granger-causality.

Finally, our econometric approach can be summarised as follows. For each country of our sample we first estimate three bivariate panel VAR models, each including one labour market variable (labour market regulation, union density and wage coordination successively) and unemployment. We then estimate nine trivariate panel VAR models, each including one labour market variable, one financial variable (market capitalization, intermediated credit or concentration) and unemployment. Comparing bivariate and trivariate estimations will allow us to check whether introducing a financial variable in the VAR model affects the causality (or the absence of causality) from labour market factors to unemployment.

Results

Results of panel VAR estimates are reported in Tables 1, 2 and 3. Table 1 summarizes Grangercausality tests from labour market regulation (LM REG) to unemployment while Tables 2 and3 relate to Granger-causalities from union density (U N ION ) to unemployment and from wage coordination (COORD) to unemployment respectively. In each table, Part A reports the results for the bivariate VAR model estimations while Part B, Part C and Part D present the results for the trivariate VAR model estimations, including stock market capitalization (CAP I), intermediated credit (CREDIT ) and banking concentration (CON C) respectively. 6 As it is now well known, testing for non-causality is addressed in a time-series setting, in particular by [START_REF] Phillips | Fully modified least squares and vector autoregression[END_REF] in the context of a level VAR estimated using the Fully Modified (FM) estimator, as well as by [START_REF] Toda | Statistical inference in vector autoregressions with possibly integrated processes[END_REF] who suggest augmenting the VAR by the maximal order of integration for the process being examined. The former method provides some very interesting results as far as asymptotic inference is concerned. The most important one is that statistical inference in this framework can be conducted by means of standard asymptotics. In this case, no unit root limit theory is required. Normal and mixed normal limit theory is applied to the stationary and non-stationary components of the VAR respectively. This implies that optimal inference in level VARs and Wald test for non-causality can be obtained without prior knowledge of the number of unit roots or the order of cointegration rank in the system, and without the use of reduced rank Johansen-type regressions (which are subject to pretesting bias, since tests for cointegration ranks are extremely sensitive to the values of the nuisance parameters). The approach by [START_REF] Toda | Statistical inference in vector autoregressions with possibly integrated processes[END_REF] also results in a standard Wald statistic for non-causality restrictions, although it requires some pretesting for determining the lag length of the VAR.

Tables 1 to 3 reveal interesting facts. To start with, it is worth noting that, except in a very few countries, there exists no robust causality from labour market variables to unemployment in bivariate models (Part A of Tables 1 to 3). This is in line with [START_REF] Amable | The effect of employment protection and product market regulation on labour market performance: substitution or complementarity?[END_REF] and Gatti & al. (2011). This is also consistent with [START_REF] Baker | Labour market institutions and unemployment: a critical assessment of cross-country evidence[END_REF], who moderate the view that labour market institutions, notably labour protection and union density, has played a crucial role as regards labour market performance in OECD countries since the 80ies. However, when the estimated model contains one financial variable (Parts B, C and D of Tables 1 to 3), causalities between labour market factors and unemployment arise in many countries. This lends some support to the view that finance crucially influences the impact of labour market arrangements on unemployment. Moreover, comparing Tables 1, 2 and 3 suggests that financial factors particularly matter as regards the impact of wage coordination on employment.

Let us now analyze the coefficients reported in Tables 1 to 3 in detail. In a first group of countries, accounting for financial variables mitigates the positive impact of increased labour market flexibility on employment7 . In Ireland, weaker labour market regulation decreases unemployment (Part A of Table 1) but this relationship vanishes when the level of stock market capitalization or the degree of banking concentration is introduced in the estimation (Parts B and D of Table 1). In Belgium, weaker wage coordination also reduces unemployment (Part A of Table 3) but this beneficial effect does no arise anymore when stock market capitalization and intermediated credit are accounted for (Parts B and C of Table 3).

In some countries, accounting for financial factors even makes labour market flexibilization harmful to unemployment. This observation is in line with a few papers which, in opposition to most of the literature on labour market institutions, point out the benefits of labour protection [START_REF] Bentolila | Firing costs and labour demand: How bad is eurosclerosis?[END_REF], [START_REF] Fella | Efficiency wage and efficient redundancy pay[END_REF]). Part C of Table 1 shows that in Ireland, a decline in labour market protection turns out to bring negative effects on employment due to the introduction of intermediated credit in the model. In Italy, introducing the level of market capitalization in the estimation also makes labour market flexibilization harmful for employment (Part B of Table 1) while it has no effect in the bivariate model (Part A of Table 1). The same phenomenon is observed in Netherlands as regards the effect of weaker union density (Part A and Part B of Table 2). Moreover, Parts A, B and C of Table 3 report that in Australia, Japan and Spain, less coordinated wage bargaining damages employment performance when stock market capitalisation or intermediated credit are introduced in the model. This harmful impact of weaker coordination is documented in the empirical literature [START_REF] Nickell | Unemployment and labour market rigidities: Europe versus North America[END_REF], [START_REF] Nickell | Beveridge Curve, Unemployment and Wages in the OECD from the 60s to the 90s[END_REF]). It is also in line with the theoretical argument that coordination works as a wage moderation device [START_REF] Calmsfors | Bargaining structure, corporatism and macroeconomic performance[END_REF]): when the labour market becomes less coordinated, this moderation effect is weakened and employment is reduced. Finally, in Finland, when banking concentration is introduced in the estimation, weaker labour market regulation increases unemployment (Part D of Table 1) while it has no significant impact in the bivariate model (Part A of Table 1).

In a second set of countries, the introduction of financial variables results in a positive effect of labour market flexibilisation on employment. In Canada and Portugal, decreased union density has no effect on unemployment (Part A of Table 2) but it turns out to be favourable to employment when one accounts for the level of stock market capitalization or intermediated credit (Parts B and C of Table 2). Similarly, in Netherlands, reduced wage coordination does not affect employment (Part A of Table 3) but when taking intermediated credit into account, it contributes to curb unemployment (Part C of Table 3). Finally, Parts D of Table 2 andTable 3 report that in Sweden, decreased union density and reduced wage coordination respectively are made beneficial to employment when taking into account the level of concentration in the banking sector8 . Combined with the result obtained above for Finland, this suggests that in Scandinavian countries, the structure of the banking market plays a particularly important role as regards interactions with labour market institutions9 .

Moreover, there exist some countries in which the introduction of financial variables does not amplify the positive effect of labour market flexibilisation on employment but, at least, contributes to curb its harmful effects. This is the case for Austria, in which reduced union density and wage coordination have no effect when market capitalization and intermediated credit are introduced in the estimation (Parts B and C of Tables 2 and3 respectively) while they have a negative impact on employment in the bivariate model (Part A of Tables 2 and3 respectively). Similarly, in Ireland, the detrimental effect of reduced wage coordination on employment (Part A of Table 3) disappears due to the introduction of stock market capitalization (Part B of Table 3) and intermediated credit (Part C of Table 3) 10 .

Taken together, these findings corroborate the idea that finance significantly affects the relationship between labour market institutions and unemployment. In some countries, financial factors mitigate the favourable impact of increased labour market flexibility or even make it harmful to employment. In some others, they make labour market flexibilization beneficial to employment or curbs its unfavourable effect. This diversity among countries may explain why aggregate estimations by Gatti & al. (2011) do not provide any clear-cut support to the theoretical argument that finance affects the relationship between labour market variables and unemployment. 

Extensions

In this section, we propose two extensions to our analysis. Inspired by the literature on labour market institutions [START_REF] Nickell | Unemployment in the OECD. What do we know?[END_REF], [START_REF] Nickell | Unemployment and labour market rigidities: Europe versus North America[END_REF], [START_REF] Baccaro | Institutional determinants of unemployment in OECD countries: A time-series cross-section analysis (1960-1998)[END_REF] and [START_REF] Amable | The effect of employment protection and product market regulation on labour market performance: substitution or complementarity?[END_REF]), we consider the tax wedge (W EDGE) as well as the gross replacement rate on unemployment (REP LACE) as alternative labour market indicators. We thus estimate two bivariate panel VAR models, including the tax wedge or the gross replacement rate and the unemployment rate. We then estimate six trivariate panel VAR models, each containing the tax wedge or the gross replacement, one financial variable (market capitalization, intermediated credit or banking concentration) and the unemployment rate.

Granger-causality tests from the tax wedge to unemployment and from the replacement rate to unemployment are reported in Tables 4 and5 respectively. As in Tables 1 to 3 Results reported in Tables 4 and5 indicate that in most countries of our data set, there exists no Granger-causality from tax wedge and from the replacement rate to unemployment. This observation is consistent with Amable &al. (2011), andGatti &al. (2011)). This is the case in the bivariate model (Part A of Tables 4 and5). But -and this sharply contrasts with the findings obtained in Section 3 -, this also holds when financial factors are taking into account in the estimation (Parts B to D of Tables 4 and5).

However, three exceptions can be pointed out. First, Table 4 reveals that, in Ireland, the favourable effect of decreased tax wedge on unemployment (Part A) disappears when accounting for stock market capitalization (Part B), intermediated credit (Part C) or banking concentration (Part D). Hence, in this case, financial factors mitigate the positive effects of stronger labour market flexibility. Second, in Germany, reduced tax wedge has no effect on unemployment in the bivariate model (Part A of Table 4) while it contributes to raise unemployment (Part D of Table 4) when accounting for banking concentration. Finance thus makes labour market flexibilization unfavourable to employment. Finally, in Italy, while there exists no causality from the replacement rate to unemployment in the bivariate model (Part A of Table 5), a lower replacement rate enhances employment when stock market capitalization is introduced in the estimation (Part B of Table 5). Hence, in this country, financial factors make stronger labour market flexibility beneficial for employment.

Finally, although they exhibit some interesting results, the estimations presented in this section provide no striking evidence that finance influences the impact of tax wedge or replacement rate on unemployment. The null is the absence of Granger-causality from REP LACE to U .

Conclusion

The aim of this empirical contribution was to explore whether financial factors (stock market capitalization, intermediated credit and banking concentration) influence the effect of labour market institutions (labour market regulation, union density, degree of wage bargaining, tax wedge and replacement rate) on unemployment. Using a data set of 18 OECD countries over the period 1980-2004, we estimated a panel VAR model. We tested for Granger-causalities from labour market variables to unemployment following the panel-data approach of [START_REF] Kónya | Exports and growth: Granger-causality analysis on OECD countries with a panel approach[END_REF], which is based on SUR systems and Wald tests with country specific bootstrap critical values. This allowed us to check, for each country of our sample, in what extent causalities from labour market arrangements to unemployment are affected by financial variables.

Our investigation provides interesting evidence that finance influences the relationship between labour market arrangements and unemployment in a complex way. It also highlights the great diversity of situations among countries. It is shown that in Australia, Belgium, Finland, Italy, Japan and Spain, accounting for financial arrangements mitigates the favourable impact of labour market flexibilization or even makes it harmful to employment. In Austria, Canada, Sweden and Portugal, it reduces its harmful impact on employment or makes its beneficial. In Ireland and Netherlands, both effects take place, depending on the labour market indicator used. When one considers labour market protection (in Ireland) or union density (in Netherlands), the former effect prevails. Conversely, in both countries, when one considers the degree of coordination in wage bargaining, the latter effect is at play. Another finding is that, in most countries of the data set, there exists no significant causality from replacement rate or tax wedge to unemployment, even when financial variables are introduced in the estimation. However, Ireland, where reduced tax wedge is shown to mitigate the benefits of stronger labour market flexibility, offers an interesting exception to this observation. Taken with our other results, it suggests that Irish employment is particularly sensitive to interactions between labour market institutions and financial factors.

Our paper globally advocates care in analysing the effectiveness of financial policies. Above their direct effect on employment, already documented in earlier literature, they also affect employment performance indirectly, through their interactions with labour market institutions.

In conclusion, our investigation opens up a rich research agenda. It is worth noting that theoretical papers on interactions between labour market and financial arrangements mainly refer to the view that labour market deregulation promotes employment. However, in line with a few earlier papers, our empirical results show that it can also have detrimental effects. The issue of interactions between financial and labour market devices thus appears particularly complex: finance does not only affect the intensity of the relationship between labour market arrangements and unemployment but may also modify its sign. This empirical observation undoubtedly deserves to be theoretically formalised and investigated more deeply.

  , Part A presents the results for the bivariate VAR model estimations while Part B, Part C and Part D provide the results for the trivariate VAR model estimations with stock market capitalization (CAP I), intermediated credit (CREDIT ) and banking concentration (CON C) respectively.

Table 1 :

 1 Granger-causality tests from LM REG to U **, **, * indicate significance at the 1%, 5% and 10% levels, respectively. The null is the absence of Granger-causality from LM REG to U .

	Part D. Trivariate model	(LM REG, U , CON C)	Wald Bootstrap critical values	Stat 1% 5% 10%	-2.374 7.439 6.497 5.687	1.773 47.341 44.115 41.201	1.815 3.201 2.826 2.473	-2.192 7.123 6.244 5.393	0.039 10.668 29.909 9.068	-3.270 * * * 3.066 2.690 2.278	-0.288 7.492 6.819 5.895	-4.212 8.245 7.430 6.392	2.091 11.227 9.946 8.558	1.105 31.880 29.883 26.925	6.414 9.936 8.687 7.448	-1.740 3.895 3.437 2.912	-4.417 7.896 6.930 5.917	2.373 3.223 2.795 2.373	0.703 10.299 8.879 7.790	-1.012 8.098 7.038 5.950	-6.290 14.903 13.414 11.602	0.044 4.316 3.760 3.189
	Part C. Trivariate model	(LM REG, U , CREDIT )	Wald Bootstrap critical values	Stat 1% 5% 10%	-3.798 11.256 10.059 8.803	-2.126 9.318 8.380 7.306	-0.995 10.243 9.045 7.745	-4.608 11.695 10.121 8.830	-2.903 8.678 7.741 6.622	4.372 5.948 5.231 4.473	-1.825 8.216 7.322 6.387	2.774 6.217 5.634 4.860	-1.916 * * * 1.370 1.219 1.041	-1.984 12.236 10.691 8.978	0.919 8.523 7.534 6.553	-1.118 12.356 11.218 9.749	3.454 12.455 11.215 9.980	-1.472 3.986 3.223 2.795	-1.868 9.167 8.143 7.071	-2.157 13.323 11.427 9.736	3.197 8.060 7.186 6.123	1.367 6.587 5.725 5.009
	Part B. Trivariate model	(LM REG, U , CAP I)	Wald Bootstrap critical values	Stat 1% 5% 10%	-3.833 11.104 9.828 9.304	-2.552 11.053 9.792 8.207	-2.928 11.008 9.617 8.360	-1.325 12.481 11.053 9.813	-2.633 10.579 9.414 8.204	7.199 11.313 9.915 8.440	-1.853 8.958 7.687 6.667	4.768 11.409 10.228 8.573	-3.939 13.219 11.705 10.179	-2.088 * * * 1.627 1.480 1.280	0.178 12.758 11.707 10.008	0.115 13.966 12.494 10.807	0.868 9.995 8.805 7.816	-0.897 10.278 9.185 7.860	-2.316 11.548 10.235 8.743	-1.611 13.793 12.199 10.432	3.509 9.451 8.440 7.138	-2.557 9.286 8.400 7.122
	Part A. Bivariate model	(LM REG, U )	Wald Bootstrap critical values	Stat 1% 5% 10%	-4.822 6.937 6.112 5.312	3.298 46.968 43.047 38.487	2.174 4.891 4.250 3.584	-5.958 8.715 7.931 6.676	-1.062 14.236 12.055 10.141	-0.196 3.099 2.688 2.259	-3.728 6.027 5.301 4.545	-7.002 13.793 12.256 10.541	4.517 * * * 2.742 2.389 1.990	3.093 14.443 12.752 10.720	7.756 10.565 9.437 8.054	0.827 8.140 7.108 6.040	-2.536 6.822 6.007 5.145	4.771 6.986 6.141 5.408	-0.972 15.727 13.783 11.960	-4.207 11.787 10.377 9.037	-7.205 19.264 17.067 15.019	1.472 10.246 9.120 7.696
					Australia	Austria	Belgium	Canada	Denmark	Finland	France	Germany	Ireland	Italy	Japan	Netherlands	Norway	Portugal	Spain	Sweden	United Kingdom	United States

*

Table 2 :

 2 Granger-causality tests from U N ION to U

	Part D. Trivariate model		Wald Bootstrap critical values	Stat 1% 5% 10%	2.195 8.201 7.186 6.280	-3.215 1.589 1.435 1.244	1.759 5.474 4.816 4.177	5.115 6.570 5.883 4.984	-3.434 5.960 5.315 4.648	0.377 7.649 6.776 5.718	3.232 5.727 5.104 4.345	1.441 10.253 9.164 7.576	0.841 18.979 17.545 15.587	0.786 4.091 3.572 3.051	6.101 7.949 7.109 6.148	-3.030 6.136 5.423 4.649	-1.160 11.335 10.062 8.727	-1.336 5.422 4.798 4.044	2.963 13.373 11.972 10.550	7.235 * * * 6.247 5.627 4.779	5.400 17.496 15.866 13.936	-3.352 6.315 5.541 4.781
	Part C. Trivariate model		Wald Bootstrap critical values	Stat 1% 5% 10%	3.223 7.519 6.673 5.738	-1.128 9.056 7.796 6.784	8.476 23.636 21.462 19.202	6.391 * * * 5.785 5.156 4.386	-0.265 6.954 6.187 5.380	3.138 6.954 6.187 5.380	-2.595 6.035 5.327 4.625	6.099 12.884 11.457 10.017	1.703 30.111 27.726 25.046	-1.454 20.786 18.760 16.858	5.399 14.003 12.349 10.571	1.934 3.246 2.824 2.434	1.572 9.006 7.782 6.763	0.971 5.207 4.476 10.571	-3.519 6.719 5.978 5.003	2.841 3.733 3.321 2.868	3.927 20.145 18.367 16.210	-2.427 8.078 7.154 6.218
	Part B. Trivariate model		Wald Bootstrap critical values	Stat 1% 5% 10%	-0.872 12.930 11.364 10.040	-4.655 6.486 5.599 4.735	9.269 12.752 11.529 10.321	4.214 12.916 11.524 10.074	-3.700 12.132 10.496 8.978	-2.731 8.533 7.158 6.177	-2.350 8.667 7.623 6.566	3.611 18.949 16.986 14.793	-0.486 36.378 33.489 30.191	-5.294 28.173 26.314 23.695	3.386 12.888 11.251 9.506	-9.257 * * 9.379 8.236 7.101	0.182 7.055 6.188 5.232	8.424 * * * 8.160 7.196 6.236	0.570 8.666 7.767 6.537	1.274 4.261 3.773 3.279	5.839 11.521 9.899 8.458	-6.095 9.992 9.133 7.921
	Part A. Bivariate model	(U N ION , U )	Wald Bootstrap critical values	Stat 1% 5% 10%	4.179 6.225 5.425 4.608	-3.701 * * * 3.557 3.068 2.667	2.052 12.078 10.852 9.476	6.714 9.022 8.240 7.067	-1.986 14.580 13.136 10.862	-0.130 7.148 6.314 5.487	-1.668 5.963 5.316 4.554	3.545 13.187 11.880 10.447	3.606 8.268 7.115 6.165	-2.320 32.394 29.712 26.629	7.375 21.138 18.939 16.266	0.212 10.966 9.535 8.112	0.509 12.740 11.260 9.436	-2.061 15.211 13.413 11.517	1.230 16.582 14.950 12.896	9.829 18.065 15.913 13.400	5.916 18.484 16.269 13.808	-2.362 16.266 14.317 12.350
					Australia	Austria	Belgium	Canada	Denmark	Finland	France	Germany	Ireland	Italy	Japan	Netherlands	Norway	Portugal	Spain	Sweden	United Kingdom	United States

(U N ION , U , CAP I) (U N ION , U , CREDIT ) (U N ION , U , CON C)

***, **, * indicate significance at the 1%, 5% and 10% levels, respectively.

The null is the absence of Granger-causality from U N ION to U .

Table 3 :

 3 Granger-causality tests from COORD to U

	Part D. Trivariate model	(COORD, U , CON C)	Wald Bootstrap critical values	Stat 1% 5% 10%	-3.205 6.514 5.738 4.798	-2.695 * * * 2.300 2.023 1.767	3.050 3.958 3.475 2.956	-1.545 5.271 4.629 3.923	0.393 9.544 8.716 7.793	4.051 3.758 3.326 5.627	2.488 7.391 6.542 5.627	-5.701 4.551 4.002 3.481	-4.540 7.233 6.370 5.281	-4.758 14.916 13.400 11.506	-4.330 6.489 5.617 4.868	0.648 5.006 4.483 3.799	0.554 6.164 5.527 4.674	3.269 4.276 3.692 3.175	-4.624 8.242 7.063 6.204	5.615 * * * 5.113 4.576 4.025	-2.053 15.237 13.407 11.568	1.397 4.618 4.160 3.543
	Part C. Trivariate model	(COORD, U , CREDIT )	Wald Bootstrap critical values	Stat 1% 5% 10%	-3.533 * 4.555 3.935 3.335	0.092 7.216 6.373 5.499	6.357 * * * 4.871 4.333 3.736	-0.981 5.723 5.109 4.496	-1.301 7.391 6.542 5.627	2.901 4.150 3.626 3.025	-5.500 19.110 16.673 11.691	-4.772 8.332 7.431 6.439	-4.530 * * * 4.266 3.775 3.276	-4.171 9.543 8.370 7.164	-4.076 * 4.992 4.354 3.704	4.197 * * * 2.835 2.570 2.204	-2.189 6.986 6.262 5.403	2.371 3.796 3.327 3.872	-1.562 4.482 4.036 3.502	-3.406 * 3.908 3.415 2.929	-1.738 13.780 12.129 10.189	-0.331 7.194 6.320 5.511
	Part B. Trivariate model	(COORD, U , CAP I)	Wald Bootstrap critical values	Stat 1% 5% 10%	-2.551 3.200 2.866 2.442	-2.679 4.791 4.248 3.601	1.964 3.275 2.889 2.517	-1.153 2.818 2.463 2.110	0.530 7.356 6.189 5.039	-0.168 4.684 4.080 3.497	0.868 4.378 3.775 3.276	-7.387 9.469 8.376 7.298	-0.969 6.292 5.639 4.806	-2.566 12.808 11.208 9.414	-3.862 * * * 2.216 1.960 1.707	5.179 3.796 3.323 2.872	-0.200 4.127 3.647 3.224	0.185 3.705 3.307 2.829	-6.198 * * 6.533 5.860 5.148	0.624 2.684 2.417 2.102	1.238 16.401 14.175 12.060	-0.854 4.432 3.891 3.346
	Part A. Bivariate model	(COORD, U )	Wald Bootstrap critical values	Stat 1% 5% 10%	0.851 3.993 3.494 3.053	-3.103 * 3.517 3.118 2.656	5.489 * * * 4.472 3.976 3.378	1.139 4.479 4.074 3.511	0.133 13.332 11.642 10.226	2.164 3.422 3.012 2.580	3.125 8.794 7.649 6.438	-7.680 9.731 8.687 7.578	-8.160 * * * 3.455 3.107 2.676	-3.954 12.906 11.522 9.989	-5.702 7.130 6.270 5.245	3.058 7.680 6.798 6.063	-0.717 5.551 4.875 4.067	4.134 6.004 5.330 4.558	-4.370 9.959 8.888 7.825	5.249 7.355 6.595 5.776	-1.167 8.845 7.782 6.528	-1.272 8.662 7.603 6.626
					Australia	Austria	Belgium	Canada	Denmark	Finland	France	Germany	Ireland	Italy	Japan	Netherlands	Norway	Portugal	Spain	Sweden	United Kingdom	United States

***, **, * indicate significance at the 1%, 5% and 10% levels, respectively.

The null is the absence of Granger-causality from COORD to U .

Table 4 :

 4 Granger-causality tests from W EDGE to U **, **, * indicate significance at the 1%, 5% and 10% levels, respectively. The null is the absence of Granger-causality from W EDGE to U .

	Part D. Trivariate model	(W EDGE, U , CON C)	Wald Bootstrap critical values	Stat 1% 5% 10%	-2.381 10.676 9.613 7.972	2.693 3.811 3.207 2.815	-4.125 17.157 16.133 14.185	-1.044 11.356 10.011 8.964	3.808 14.209 12.713 12.155	2.406 7.733 6.714 5.894	-1.112 11.591 10.567 9.489	-8.482 * * * 6.588 5.754 4.972	4.450 8.207 7.254 6.285	1.232 37.900 35.507 32.242	1.578 14.309 12.336 10.174	-2.348 6.934 5.962 5.245	-6.677 10.153 9.349 7.830	-2.514 53.089 48.749 44.507	-6.751 9.616 8.744 7.814	-0.196 9.154 8.159 6.993	-2.152 7.226 6.298 5.586	-2.041 9.029 7.794 6.745
	Part C. Trivariate model	(W EDGE, U , CREDIT )	Wald Bootstrap critical values	Stat 1% 5% 10%	-2.136 11.832 9.841 7.948	2.888 11.353 9.937 8.283	-9.167 26.192 24.059 21.527	-4.045 9.846 8.951 5.227	-5.498 7.695 6.457 5.227	3.066 9.447 7.835 6.982	-1.802 7.259 6.811 6.203	-13.319 6.069 5.541 4.635	3.615 5.493 4.777 4.132	0.786 11.753 10.932 9.826	0.615 12.343 11.296 9.252	-0.535 5.557 4.909 4.106	-2.636 7.852 6.954 6.188	-4.389 30.426 28.116 11.464	-3.374 14.709 13.159 11.464	-2.036 6.642 5.937 4.987	2.081 6.004 5.164 4.601	0.104 10.544 9.155 7.725
	Part B. Trivariate model	(W EDGE, U , CAP I)	Wald Bootstrap critical values	Stat 1% 5% 10%	-1.336 14.292 12.914 10.765	3.240 8.369 7.402 6.092	-2.342 24.637 22.202 19.945	-0.943 8.613 7.907 7.226	3.143 14.073 12.650 10.455	-0.558 9.173 7.993 6.744	2.650 10.490 9.033 7.819	-8.164 15.040 12.738 10.557	-0.761 9.226 8.509 7.138	2.081 13.942 12.691 11.267	0.850 9.888 9.181 7.689	-4.534 12.290 9.110 7.429	-4.324 12.649 11.091 9.446	-1.001 67.723 63.516 57.383	-5.480 8.685 7.889 6.742	1.837 6.658 6.020 5.175	-1.455 9.673 8.709 7.565	-1.816 11.576 10.582 9.421
	Part A. Bivariate model	(W EDGE, U )	Wald Bootstrap critical values	Stat 1% 5% 10%	-3.422 17.905 16.271 14.360	4.261 7.693 6.845 5799	-6.802 33.241 30.611 26.854	-2.729 17.224 15.316 13.087	3.490 17.581 15.044 12.827	1.901 14.603 13.017 11.016	1.941 8.794 7.649 6.438	-9.604 16.006 14.118 12.634	7.088 * * * 5.333 4.660 3.979	1.324 12.906 11.522 9.989	1.200 17.146 15.367 13.182	0.029 12.018 10.713 9.020	-3.369 16.277 14.570 12.531	-2.872 50.487 47.369 43.398	-6.402 16.772 14.896 12.989	1.153 14.944 13.386 11.040	1.300 8.845 7.782 6.528	1.115 15.860 13.765 12.057
					Australia	Austria	Belgium	Canada	Denmark	Finland	France	Germany	Ireland	Italy	Japan	Netherlands	Norway	Portugal	Spain	Sweden	United Kingdom	United States

*

Table 5 :

 5 Granger-causality tests from REP LACE to U

	Trivariate model	(REP LACE, U , CON C)	Wald Bootstrap critical values	Stat 1% 5% 10%	2.502 10.123 8.919 7.733	1.094 6.293 5.652 4.907	2.013 7.361 6.444 5.528	1.872 9.760 8.611 7.308	-3.150 2.751 2.421 2.065	1.475 6.625 5.903 5.111	-0.636 14.982 13.018 11.750	2.135 67.554 62.063 56.445	-1.330 28.943 26.573 24.016	3.692 3.959 3.527 3.005	-7.172 10.764 9.374 8.099	2.027 10.664 9.451 8.333	-2.972 12.720 11.349 9.905	-6.098 8.030 7.111 5.900	-0.162 18.216 16.338 14.390	-4.276 8.070 7.318 6.134	3.536 13.803 12.327 10.679	-3.647 5.373 4.707 4.007
	Trivariate model	(REP LACE, U , CREDIT )	Wald Bootstrap critical values	Stat 1% 5% 10%	1.616 10.356 9.200 8.098	-3.146 9.520 8.510 7.173	9.143 13.978 12.308 10.625	3.857 8.619 7.541 6.395	1.616 5.420 4.729 3.993	-1.721 9.828 8.366 7.432	-1.182 4.673 4.163 3.666	1.916 541.779 513.662 481.866	-1.261 9.762 8.558 7.117	6.913 11.751 10.703 9.015	-6.594 11.751 10.703 9.015	3.218 7.593 6.691 5.669	-2.018 7.616 6.840 5.840	-8.161 13.256 11.759 10.322	1.718 23.395 21.971 20.144	-0.507 6.709 6.007 5.141	4.827 8.535 7.575 6.452	-5.127 9.777 8.549 7.260
	Trivariate model	(REP LACE, U , CAP I)	Wald Bootstrap critical values	Stat 1% 5% 10%	3.197 11.919 10.554 8.996	0.372 8.647 7.600 6.297	-1.175 8.979 7.856 6.705	0.007 12.660 11.366 9.931	-3.524 10.418 9.233 8.021	2.353 7.782 6.907 6.087	-0.097 17.575 15.621 13.947	0.723 5.649 4.861 4.158	-2.024 164.731 153.637 143.084	5.358 * * 5.651 5.053 4.277	-6.865 9.917 8.785 7.388	4.043 15.343 13.809 11.932	-2.888 22.797 20.638 18.410	0.493 9.552 8.576 7.598	-3.285 8.842 7.829 6.802	0.761 7.130 6.317 5.454	3.635 6.324 5.650 4.851	-5.379 9.219 8.141 6.842
	Bivariate model	(REP LACE, U )	Wald Bootstrap critical values	Stat 1% 5% 10%	-0.675 16.116 14.307 12.461	1.508 7.048 6.201 5.181	3.693 15.333 13.470 11.563	5.132 13.414 11.955 10.160	-4.501 14.734 13.143 11.191	1.597 10.125 8.937 7.580	0.275 18.113 15.921 13.568	0.423 7.133 6.465 5.586	-1.535 299.114 281.483 259.673	5.691 9.698 8.530 7.046	-7.510 18.985 16.914 15.039	2.385 16.688 14.903 12.645	-3.872 21.629 19.709 17.011	-7.178 15.028 13.307 11.399	-0.774 16.765 15.028 12.952	-1.291 10.204 8.992 7.792	4.555 17.516 15.686 13.428	-5.403 13.416 12.010 10.585
					Australia	Austria	Belgium	Canada	Denmark	Finland	France	Germany	Ireland	Italy	Japan	Netherlands	Norway	Portugal	Spain	Sweden	United Kingdom	United States

***, **, * indicate significance at the 1%, 5% and 10% levels, respectively.

For similar arguments concerning the impact of venture capital on firms' creation and employment, see[START_REF] Fechs | Capital market institutions and venture capital: Do they affect unemployment and labour demand?[END_REF] and[START_REF] Belke | Venture capital investment and labour market performance: A panel data analysis[END_REF].

For a survey, see[START_REF] Arpaia | Labour market institutions and labour market performance: A survey of the literature[END_REF].

In a similar vein, an abundant literature has been devoted to the interactions between labour market institutions and product market regulation[START_REF] Blanchard | Macroeconomic effects of regulation and deregulation in goods and labour markets[END_REF],[START_REF] Amable | Product market competition, job security and aggregate unemployment[END_REF],[START_REF] Nicoletti | Product market reforms and employment in OECD countries[END_REF],[START_REF] Amable | Labour and product market reforms: Questioning policy complementarity[END_REF],[START_REF] Griffith | Product market reforms, labour market institutions and unemployment[END_REF],[START_REF] Berger | The employment effects of labour and product markets deregulation and their implications for structural reform[END_REF],[START_REF] Fiori | Employment outcomes and the interaction between product and labour market deregulation: Are they substitutes or complements?[END_REF],[START_REF] Kugler | Effects of employment protection and product market regulations on job and workers flows: Evidence from the 1990 Italian reform[END_REF] and[START_REF] Amable | The effect of employment protection and product market regulation on labour market performance: substitution or complementarity?[END_REF]).

This time-series indicator is based on EPL (Employment Protection Legislation) scores obtained from[START_REF] Nickell | Unemployment in the OECD. What do we know?[END_REF] as well as on measures of structural reforms provided by the FRDB Database (the number of reforms passed each year in each country, whether they are directed towards more flexibility as well as whether they apply to all, or a large majority of professional categories, contract typologies etc).

As stressed by[START_REF] Kónya | Exports and growth: Granger-causality analysis on OECD countries with a panel approach[END_REF], this definition implies causality for one period ahead.

Note that our estimates do not allow to check whether the mitigation effect results from a rise or from a decline in financial development or banking concentration.

It is also true that reduced wage coordination becomes harmful to employment when introducing intermediated credit in the estimation (Part C of Table3). But this effect appears less significant than the beneficial effect of introducing banking concentration.

The paper by[START_REF] Koskela | Profit sharing, credit market imperfections and equilibrium unemployment[END_REF] provides an interesting example of the emphasis put on interactions between labour market institutions and banking concentration in Scandinavian countries.

The detrimental effect of reduced wage coordination in the case of Ireland is in line with[START_REF] Baker | Labour market institutions and unemployment: a critical assessment of cross-country evidence[END_REF] who stress the role played by high wage coordination in the Irish employment success since the 1980s.

Appendix